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Abstract 
 
Social marketing employs the marketing mix, including product, price, place and 
promotion, to influence consumers’ behaviour for “social good” (McDermott, Stead, 
& Hastings, 2005), that which benefits individuals, the community and/or the 
broader society (Rothschild, 1999). To date, however, social marketing literature is 
over focussed on purely behavioural products, such as smoking cessation and 
responsible drinking. In contrast, service products instrumental to societal goals, 
such as preventative and curative health services, remain largely unexamined. In 
particular, emerging technology-based service products, such as mental health 
services delivered via mobile phone, have received limited research attention despite 
their efficacy (Whittaker, 2012), reach, accessibility and low cost (Akter & Ray, 
2011). Additional insight into the determinants of consumers’ use of these service 
products is particularly important since their ability to deliver individual and societal 
benefit is dependent upon becoming part of consumers’ service repertoire (Levebvre, 
2009). Consequently, this thesis addressed the following broad research question:  
 
What are the key determinants of consumers’ initial and sustained use of 
technology-based service products instrumental to achieving societal goals? 
 
To begin, the thesis evaluated the theories underpinning the investigation of 
consumers’ use of technology-based service products in commercial marketing 
literature. It was revealed that the attitudinal theories which dominate the domain, 
such as the Technology Acceptance Model (Davis, Bagozzi, & Warsaw, 1989), only 
account for cognitive determinants of this behaviour. Consequently, the Model of 
Goal-Directed Behaviour (MGB) (Perugini & Bagozzi, 2001) was proposed as a 
means to more sufficiently explain consumers’ use of technology-based service 
products on the basis that it also accounts for the effects of desires, anticipated 
emotions and past behaviour. However, since this proposition has not been 
empirically validated, the first sub-research question addressed by this thesis was:  
 
To what extent does the Model of Goal-Directed Behaviour explain consumers’ 
use of technology-based service products? 
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Further, the thesis highlighted that the MGB does not explicitly account for the effect 
of behavioural alternatives on consumers’ performance of a given behaviour, such as 
using technology-based service products. This is a significant shortcoming from a 
social marketing perspective since recognising the inhibitory effect of behavioural 
alternatives (i.e., behavioural competition) on consumers’ performance of target 
behaviours is a fundamental principle of the discipline (Andreasen, 2002). Notably, 
however, social marketing literature neglects to elucidate how behavioural 
competition inhibits consumers’ performance of target behaviour, such as using 
technology-based service products, at the individual level. Consequently, the second 
sub-research question addressed by this thesis was:  
 
How does competition influence consumers’ use of technology-based service 
products? 
 
This thesis employed a three-study, mix-method research program to address these 
questions. The research program examined consumers’ initial and sustained use of 
mental health services delivered via mobile phone (m-wellbeing services), the 
technology-based service product selected to form the research context. M-wellbeing 
services were selected given mental health services are well-suited to technology-
based service delivery (Harrison et al., 2011). Furthermore, they are functional to 
improved mental health for individuals and reduced impact of mental illness on 
society, a global public health concern (Harrison et al., 2011). 
 
Study One qualitatively evaluated the capacity of the MGB to explain consumers’ 
initial use of m-wellbeing services and explored how, and to what extent, 
behavioural competition added to the explanation of this behaviour. It collected data 
from 30 potential users of this service product, through semi-structured depth 
interviews, and analysed this data using inductive and deductive thematic analysis. 
The findings of Study One were subsequently used to revise the MGB to include the 
effect of behavioural competition. Study Two quantitatively tested the revised MGB. 
It collected data from consumer panel members through a web-based survey, 
achieving a final sample size of n = 431. Structural equation modelling was 
conducted to test the structural relationships of the revised MGB. Last, Study Three 
qualitatively evaluated the capacity of the MGB to explain consumers’ sustained use 
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of an m-wellbeing service and explored how, and to what extent, competition 
influenced this behaviour. It collected data from 20 users of this service product 
through semi-structured telephone interviews and analysed this data using inductive 
and deductive thematic analysis. 
 
Combined, the three studies provide support for the MGB’s capacity to explain 
consumers’ initial and sustained use of technology-based service products 
instrumental to achieving societal goals. The results also revealed the important role 
of behavioural competition in determining the performance of these two behaviours. 
It was found that behavioural competition, stemming from behavioural alternatives 
conducive to the same and different personal goals, inhibits the initial and sustained 
use of m-wellbeing services. Further, the results indicate that this inhibitory effect of 
behavioural competition is activated through goal-level processes.  
 
Consequently, this research contributes to extending current understanding in the 
areas of social marketing products, particularly technology-based service products, 
and behavioural competition, which have received limited research attention to date. 
It also contributes to attitudinal theory by extending the explanatory domain of the 
MGB to include behavioural responses toward technology-based service products 
and provides evidence for extending the model to include the effect of behavioural 
competition within this domain. Overall, this thesis provides empirical support for 
pursuing further understanding of the effects of behavioural competition on the 
performance of target behaviour, particularly in social marketing, and incorporating 
this understanding into attitudinal models such as the MGB.  
 
Keywords. Social marketing; Technology-based self-services; Self-service 
technology; Model of Goal-Directed Behaviour; Competition; mHealth; Mobile 
phone; Mental health 
 
iv 
 
Acknowledgments 
 
I offer my sincerest thanks to my supervisors, Professor Judy Drennan, Professor 
Ian Lings and Associate Professor Judy Proudfoot. Your expert guidance, 
commitment and support were invaluable to my research journey. Thank you for 
providing me with the skills, and the courage, necessary to obtain this PhD. In 
particular, I owe a significant debt of gratitude to Professor Judy Drennan, who first 
interviewed me for the Dean’s Honours Program many years ago and who has since 
provided unwavering encouragement in my research endeavours.  
 
I would also like to acknowledge the financial support provided to me by the School 
of Business and the School of Advertising, Marketing, and Public Relations, and 
specifically Professor Robina Xavier. Thank you for enhancing my PhD experience 
with the opportunity to attend conferences and participate in additional research 
training.  
 
Many thanks also go to my fellow PhD candidates, past and present, for their 
wisdom and understanding. A special thank you to Dr Tim Donnet, Dr Dominique 
Greer, (soon to be Dr) Cameron Mackay, Dr Samantha Murdy, (soon to be Dr) 
Joy Parkinson, and Dr Nadia Zainuddin. Our coffee dates punctuated the long 
days in the office with laughter.   
 
I am also eternally grateful to my family and friends. Thank you to my friends, 
particularly Tullie Sinclair and Jeanne-Marie Lawson, who stuck with me even 
when I was buried in the PhD. To my family, I find it difficult to express how 
indebted I am to you for your love, support and enthusiasm. My three sets of parents, 
Ernst and Ilza Strauss, Dr Frans and Retha Wessels, Ian and Wendy Schuster, 
and my siblings, Carla Wessels and Thean Moolman.  
 
Finally, I would like to thank my husband, Dr Daniel Schuster. It was a long 
journey we embarked on together, but made sweet for having you there alongside 
me. 
  
v 
 
Statement of Original Authorship 
 
The work contained in this thesis has not been previously submitted to meet 
requirements for an award at this or any other higher education institution. To the 
best of my knowledge and belief, the thesis contains no material previously 
published or written by another person except where due reference is made. 
 
 
Signature:   
 
 
Date:  22 August, 2013 
 
  
vi 
 
Publications from this Thesis 
 
Schuster, L., Drennan, J., & Lings, I. (2013). Consumer acceptance of m-wellbeing 
services: A social marketing perspective. European Journal of Marketing, 
47(9). Advance online publication.  
Schuster, L. (in press). Maintaining behavioural change in social marketing: 
Exploring drivers of repeat use of services instrumental to social goals. In K. 
Kubacki & S. Rundle-Thiele (Eds.), Contemporary issues in social marketing. 
United Kingdom: Cambridge Scholars Publishing.  
Schuster, L., & Drennan, J. (2012, June). Delving deeper into self-help maintenance 
behaviour. Paper Presented at the International Social Marketing Conference, 
Brisbane, Australia. (Best Doctorial Paper).  
Schuster, L., & Drennan, J. (2011, November). Addressing barriers to help-seeking 
behaviour through m-mental health services: A social marketing perspective. 
Paper Presented at the Australian & New Zealand Marketing Academy 
Conference, Perth, Australia. (Best Paper in Social Marketing Track).  
Schuster, L., Drennan, J., & Lings, I. (2011, April). Consumer adoption of m-
interventions in mental health. Paper Presented at the World Social Marketing 
Conference, Dublin, Ireland. 
  
vii 
 
Contents 
 
Abstract ......................................................................................................................... i 
Acknowledgments ....................................................................................................... iv 
Statement of Original Authorship ................................................................................ v 
Publications from this Thesis ...................................................................................... vi 
List of Tables.............................................................................................................. xii 
List of Figures ........................................................................................................... xiv 
List of Appendices ..................................................................................................... xv 
List of Abbreviations................................................................................................. xvi 
Chapter 1: Introduction ................................................................................................ 1 
1.1 Research Rationale ............................................................................................. 1 
1.2 Research Aim ..................................................................................................... 5 
1.3 Research Design ................................................................................................. 5 
1.3.1 Research context ......................................................................................... 5 
1.3.2 Research program........................................................................................ 6 
1.4 Contributions to Theory and Practice ................................................................ 7 
1.4.1 Theoretical implications of the research ..................................................... 7 
1.4.2 Practical implications of the research ......................................................... 8 
1.5 Structure of the Thesis ....................................................................................... 9 
1.6 Conclusion ....................................................................................................... 11 
Chapter 2: Literature Review ..................................................................................... 13 
2.1 Principles of Social Marketing underpinning the Research ............................. 14 
2.1.1 Social marketing is derived, yet distinct, from commercial marketing .... 14 
2.1.2 Social marketing influences target behaviours functional to societal goals
 ............................................................................................................................ 16 
2.1.3 Social marketing influences target behaviours at the individual level ...... 17 
viii 
 
2.1.4 Social marketing faces competition when influencing target behaviours 17 
2.1.5 Social marketing approaches to influencing target behaviours are 
informed by relevant theory ............................................................................... 20 
2.1.6 Social marketing approaches to influencing target behaviours are 
informed by formative research ......................................................................... 20 
2.2 Technology-Based Service Products in Social Marketing............................... 21 
2.2.1 Behaviour is not the only product in social marketing ............................. 21 
2.2.2 Technology-based service products in social marketing .......................... 24 
2.3 Technology-Based Service Products in Commercial Marketing ..................... 26 
2.3.1 Overview of technology-based self-services ............................................ 27 
2.3.2 Attitudinal theory and consumers’ adoption of technology-based self-
services ............................................................................................................... 28 
2.3.3 Attitudinal theory and consumers’ sustained use of technology-based self-
services ............................................................................................................... 37 
2.4 Evaluation of Current Understanding of Consumers’ Behavioural Responses 
toward Technology-Based Service Products ......................................................... 41 
2.4.1 Attitudinal theories underpinning current understanding of consumers’ 
behavioural responses toward technology-based self-services .......................... 41 
2.4.2 Limitations of the attitudinal theories underpinning current understanding 
of consumers’ behavioural responses to technology-based self-services .......... 44 
2.5 Proposing an Alternative Approach to Explaining Consumers’ Behavioural 
Responses to Technology-Based Service Products ............................................... 46 
2.5.1 Addressing the limitations of previous attitudinal approaches: Model of 
Goal-Directed Behaviour ................................................................................... 47 
2.5.2 Overview of the Model of Goal-Directed Behaviour ............................... 48 
2.5.3 Limitations of the Model of Goal-Directed Behaviour............................. 52 
2.6 Research Questions .......................................................................................... 53 
2.6.1 Summary of key gaps in the literature ...................................................... 54 
2.6.2 Research questions .................................................................................... 57 
ix 
 
2.7 Conclusion ....................................................................................................... 59 
Chapter 3: Justification of the Research Context and Design .................................... 61 
3.1 Research Context ............................................................................................. 61 
3.1.1 Mental health and social marketing .......................................................... 62 
3.1.2 Self-help mental health services delivered via mobile phone ................... 63 
3.1.3 Young adults as the target audience of self-help mental health services 
delivered via mobile phone ................................................................................ 65 
3.2 Research Design ............................................................................................... 67 
3.2.1 Paradigmatic perspective of the research .................................................. 67 
3.2.2 Overall research program .......................................................................... 68 
3.2.3 Study One: Consumers’ acceptance of m-wellbeing services .................. 70 
3.2.4 Study Two: The effect of behavioural competition on consumer 
acceptance of m-wellbeing services ................................................................... 73 
3.2.5 Study Three: Consumers’ sustained use of m-wellbeing services ............ 75 
3.3 Conclusion ....................................................................................................... 77 
Chapter 4: A Study of Consumer Acceptance of M-Wellbeing Services .................. 79 
4.1 Introduction ...................................................................................................... 79 
4.2 Literature Review ............................................................................................. 81 
4.3 Method ............................................................................................................. 83 
4.4 Findings and Discussion .................................................................................. 87 
4.5 Implications of the Findings .......................................................................... 106 
4.6 Limitations and Conclusion ........................................................................... 109 
Chapter 5: A Study of the Effect of Behavioural Competition on Consumer 
Acceptance of M-Wellbeing Services ...................................................................... 115 
5.1 Introduction .................................................................................................... 115 
5.2 Development of Hypotheses .......................................................................... 117 
5.3 Method ........................................................................................................... 120 
5.4 Analysis .......................................................................................................... 122 
x 
 
5.5 Discussion ...................................................................................................... 135 
5.6 Implications.................................................................................................... 137 
5.7 Limitations and Conclusion ........................................................................... 138 
Chapter 6: A Study of the Sustained Use of an M-Wellbeing Service .................... 157 
6.1 Introduction .................................................................................................... 157 
6.2 Literature Review........................................................................................... 159 
6.3 Method ........................................................................................................... 161 
6.4 Findings and Discussion ................................................................................ 164 
6.5 Implications.................................................................................................... 183 
6.6 Limitations and Conclusion ........................................................................... 186 
Chapter 7: Discussion and Conclusion .................................................................... 193 
7.1 Revisiting the Research Purpose and Design ................................................. 193 
7.2 Addressing Research Question 1 ................................................................... 195 
7.2.1 Negative and positive anticipated emotions ........................................... 196 
7.2.2 Perceived behavioural control................................................................. 197 
7.2.3 Subjective norms ..................................................................................... 199 
7.3 Addressing Research Question 2 ................................................................... 200 
7.4 Addressing the Overall Research Question: A Summary .............................. 204 
7.4.1 Summary of findings in relation to the determinants of consumers’ initial 
use of technology-based service products........................................................ 204 
7.4.2 Summary of findings in relation to consumers’ sustained use of 
technology-based service products .................................................................. 206 
7.5 Implications for Theory ................................................................................. 207 
7.5.1 Contributions to attitudinal theory .......................................................... 208 
7.5.2 Contributions to social marketing literature ........................................... 209 
7.5.3 Contributions to commercial marketing literature .................................. 211 
7.6 Implications for Practice ................................................................................ 212 
7.6.1 Broad implications for social marketing programs ................................. 212 
xi 
 
7.6.2 Specific implications for practitioners within mental health .................. 213 
7.7 Limitations ..................................................................................................... 214 
7.8 Directions for Future Research ...................................................................... 215 
7.9 Conclusion ..................................................................................................... 217 
Reference List .......................................................................................................... 219 
 
  
xii 
 
List of Tables 
 
Table 1. Social Marketing Mix .................................................................................. 22 
Table 2. Summary of Determinants of Consumer Acceptance of Technology-Based 
Self-Services .............................................................................................................. 31 
Table 3. Summary of Determinants of Consumer Acceptance of Mobile Services .. 35 
Table 4. Summary of the Determinants of Consumers' Sustained Use of Technology-
Based Self-Services ................................................................................................... 39 
Table 5. Summary of Determinants of Consumers' Sustained Use of Mobile Services
.................................................................................................................................... 40 
Table 6. Mixed-Method Research Design ................................................................. 70 
Table 7. Synopsis of the Negative Anticipated Emotions Thematic Category .......... 89 
Table 8. Synopsis of the Positive Anticipated Emotions Thematic Category ........... 90 
Table 9. Synopsis of the Subjective Norms Thematic Category ............................... 91 
Table 10. Synopsis of the Technology Self-Efficacy Thematic Category (by Degree)
.................................................................................................................................... 93 
Table 11. Synopsis of the Technology Self-Efficacy Thematic Category (by Impact)
.................................................................................................................................... 94 
Table 12. Synopsis of the Monetary Cost Thematic Category .................................. 98 
Table 13. Synopsis of the Time Cost Thematic Category ....................................... 100 
Table 14. Synopsis of the Need for Interaction Thematic Category ........................ 101 
Table 15. Synopsis of the Need for Control Thematic Category ............................. 102 
Table 16. Synopsis of the Behavioural Competition Thematic Category ............... 104 
Table 17. Geographical Profile of the Sample ......................................................... 124 
Table 18. Occupational Profile of the Sample ......................................................... 125 
Table 19. Mental Health Profile of the Sample ....................................................... 125 
Table 20. Summary of Measurement Model Fit ...................................................... 128 
Table 21. Assessment of the Reliability and Validity of the Measurement Model . 128 
Table 22. Assessment of Discriminant Validity ...................................................... 129 
Table 23. Direct and Indirect Effects on Intention within the Revised Model of Goal-
Directed Behaviour .................................................................................................. 131 
Table 24. Summary of the Hypothesis Testing Results ........................................... 132 
Table 25. Percentage of Shared Variance ................................................................ 133 
xiii 
 
Table 26. Results of the Likelihood Ratio Tests ...................................................... 134 
Table 27. Synopsis of the Subjective Norms Thematic Category ........................... 166 
Table 28. Comparison of Respondents’ Maintenance Self-Efficacy Pre and Post 
Experience ................................................................................................................ 171 
Table 29. Time/Effort Expenditure and Service Continuance ................................. 173 
Table 30. Synopsis of the Time/Effort Expenditure Thematic Category ................. 174 
Table 31. Perceived Usefulness of the Service and Service Continuance ............... 175 
Table 32. Synopsis of the Perceived Usefulness Thematic Category ...................... 176 
Table 33. Synopsis of the Perceived Ease of Use Thematic Category .................... 177 
Table 34. Synopsis of the Perceived Ease of Access Thematic Category ............... 178 
Table 35. Synopsis of the Past Behaviour Thematic Category ................................ 179 
Table 36. Frequency of Service Use and Service Continuance ............................... 180 
Table 37. Synopsis of the Self-Motivation Thematic Category ............................... 181 
  
xiv 
 
List of Figures 
 
Figure 1. Summary of Thesis Structure ..................................................................... 10 
Figure 2. Theory of Reasoned Action (Fishbein & Ajzen, 1975) .............................. 42 
Figure 3. Technology Acceptance Model (Davis et al., 1989) .................................. 43 
Figure 4. Theory of Planned Behaviour (Ajzen, 1991) ............................................. 43 
Figure 5. Model of Goal-Directed Behaviour (Perugini & Bagozzi, 2001) .............. 49 
Figure 6. Model of Goal-Directed Behaviour (Perugini & Bagozzi, 2001) .............. 83 
Figure 7. Adaption of Goal Systems Theory (Kruglanski et al., 2002) ................... 120 
Figure 8. Revised Model of Goal-Directed Behaviour ............................................ 130 
Figure 9. Model of Goal-Directed Behaviour (Perugini & Bagozzi, 2001) ............ 161 
Figure 10. Adaption of Goal Systems Theory (Kruglanski et al., 2002) ................. 202 
 
  
xv 
 
List of Appendices 
 
Appendix 1. Interview Questions for Study One ..................................................... 111 
Appendix 2. NVivo Codebook Excerpt: Tree Node Structure for Perceived 
Behavioural Control ................................................................................................. 113 
Appendix 3. Summary of Survey Items ................................................................... 140 
Appendix 4. Web Survey Introduction .................................................................... 142 
Appendix 5. Assessment of Univariate and Multivariate Normality ....................... 145 
Appendix 6. Test of Multicollinearity of Composite Factors .................................. 146 
Appendix 7. Bivariate Correlations between Composite Factors ............................ 147 
Appendix 8. Standardised Factor Loadings for the Final Measurement Model ...... 148 
Appendix 9. Squared Multiple Correlations for the Final Measurement Model ..... 149 
Appendix 10. Post-Hoc Analysis: Hierarchical Linear Regression Analysis .......... 150 
Appendix 11. The Effect of Behavioural Competition on Intention and Behavioural 
Desire: Controlling for the Effects of the Model of Goal-Directed Behaviour 
Predictors ................................................................................................................. 151 
Appendix 12. The Effect of Goal Desire on Intention and Behavioural Desire: 
Controlling for the Effects of the Model of Goal-Directed Behaviour Predictors ... 152 
Appendix 13. The Effect of Behavioural Competition on Intention and Behavioural 
Desire: Controlling for the Effects of the Model of Goal-Directed Behaviour 
Predictors and Goal Desire ...................................................................................... 153 
Appendix 14. The Effect of Goal on Intention and Behavioural Desire: Controlling 
for the Effects of the Model of Goal-Directed Behaviour Predictors and Behavioural 
Competition .............................................................................................................. 154 
Appendix 15. Direct, Indirect and Total Effects of the Revised Model of Goal-
Directed Behaviour Predictors on Intention ............................................................. 155 
Appendix 16. Interview Questions for Study Three ................................................ 187 
Appendix 17. Emails to Participants ........................................................................ 189 
Appendix 18. Follow-up Phone Call Script ............................................................. 191 
Appendix 19. NVivo Codebook Excerpt: Tree Node Structure for Social Influence
 .................................................................................................................................. 192 
 
xvi 
 
List of Abbreviations 
 
Behavioural Competition Anticipated effectiveness relative to behavioural 
competition 
Goal Desire Goal desirability 
IDT Innovation Diffusion Theory  
(see Rogers, 1962) 
MGB Model of Goal-Directed Behaviour  
(see Perugini & Bagozzi, 2001) 
mHealth service Mobile health service  
(health-related service delivered via mobile phone) 
m-service Mobile service  
(information or transaction service delivered via mobile 
phone) 
m-wellbeing service Mobile mental wellbeing service  
(self-help mental health and wellbeing service delivered 
via mobile phone) 
NAE Negative anticipated emotions 
ORQ Overall research question 
PAE  Positive anticipated emotions  
PBC Perceived behavioural control 
RQ1 Sub-research question 1 
RQ2 Sub-research question 2 
TAM Technology Acceptance Model  
(see Davis, Bagozzi, & Warsaw, 1989) 
TBSS 
 
Technology-based self-service  
(consumers produce a service via technology without 
direct involvement from service personnel) 
TPB Theory of Planned Behaviour  
(Ajzen, 1991) 
TRA Theory of Reasoned Action  
(Fishbein & Ajzen, 1975) 
1 
 
Chapter 1: Introduction 
 
This chapter provides an overview of this thesis, which aims to examine the 
determinants of consumers’ use of technology-based service products from a social 
marketing perspective. Specifically, it outlines the rationale for the research in 
Section 1.1. Following this, Section 1.2 summarises the research aims of this thesis. 
Subsequently, Section 1.3 provides an overview of the three-study, mixed-method 
research program developed to address the research questions. The contributions of 
this research to theory and practice are then provided in Section 1.4. Last, this 
chapter provides an overview of the structure of the thesis in Section 1.5.  
 
1.1 Research Rationale 
 
Wiebe (1952) first asked: “Why can't you sell brotherhood and rational thinking like 
you sell soap?” (p. 679). Subsequent to evaluating four social change programs in 
the 1950s, he concluded marketing principles could be employed for the betterment 
of mankind. Kotler and Zaltman (1971) then formally introduced social marketing as 
“the design, implementation, and control of programs calculated to influence the 
acceptability of social ideas and involving considerations of product planning, 
pricing, communication, distribution, and marketing research” (p. 8). Although 
limitations of this approach have been proposed (refer to Gordon, 2011; Peattie & 
Peattie, 2003, 2012; Wood, 2008), social marketing continues to rely upon 
commercial marketing theories, principles and frameworks to influence consumers 
for the “social good” (Dann, 2010), that which benefits individuals, the community 
and/or the broader society according to the leaders, managers and constituents of 
society (Rothschild, 1999). In particular, the marketing mix, comprising product, 
promotion, place and price, remains a cornerstone of social marketing research and 
practice (Luca & Suggs, 2010; Thackeray & McCormack Brown, 2010).  
 
From a marketing mix perspective, a primary objective of social marketing research 
is to develop understanding of consumers’ cognitive, affective and conative 
responses toward social marketing products so that this understanding may be used 
to influence consumers’ appropriation of these products conducive to social good. 
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However, extant research centres on social marketing products that are purely 
behavioural. This is because, typically, the “product” in social marketing is 
conceptualised as a target behaviour functional to improvement in individuals’ 
“personal welfare and that of the society of which they are apart” (Andreasen, 1994, 
p.110). Consequently, social marketing literature focuses on examining the 
determinants of consumers’ adoption of social marketing products such as healthy 
eating (e.g., Dutta & Youn, 1999), responsible drinking (e.g., Deshpande & Rundle-
Thiele, 2011; Fry, 2010), sun safety practices (e.g., McLeod, Insch, & Henry, 2011) 
and environmentally responsible behaviours (e.g., McKenzie-Mohr, Nemiroff, 
Beers, & Desmarais, 1996).  
 
This focus on purely behavioural social marketing products, although undoubtedly 
valuable for the promotion of social good, has led to inadequate understanding of the 
determinants of consumers’ use of service products (e.g., cancer screening services, 
blood donation services and rehabilitation services) in social marketing. Addressing 
this gap in the literature is aligned with the call for a greater focus on non-profit 
services in social marketing research (Wood, 2012). In particular, although some 
research investigates the determinants of consumers’ use of interpersonal service 
products (see Akinci & Healey, 2004; Bryant et al., 1998; Bryant, Forthofer, 
McCormack, Alfonso, & Quinn, 2000; Holdershaw, Gendall, & Wright, 2011; 
Zainuddin, Previte, & Russell-Bennett, 2011), service products delivered via 
technology, termed “technology-based service products” in this thesis (e.g., online 
mental health, diabetes and hypertension management services), have received 
limited research attention to date, although emerging research in the area of serious 
games is promising (see Baranowski, Buday, Thompson, & Baranowski, 2008; 
Connolly, Boyle, MacArthur, Hainey, & Boyle, 2012).  
 
Technology-based service products represent a cost effective (Akter & Ray, 2011) 
and ubiquitously accessible (Lefebvre, 2009) means of improving individual and 
societal welfare. However, their capacity to deliver benefit depends largely upon 
becoming part of consumers’ service repertoire (Lefebvre, 2009). It is therefore 
imperative to understand the determinants of consumers’ use of these service 
products, especially since they are unlikely to be inherently attractive to consumers. 
This is because the individual benefits of using these services tend to be vague and in 
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the distant future (e.g., reduced risk of future heart attack) (see Rothschild, 1999). 
Adequate understanding of the determinants of consumers’ use of technology-based 
service products is therefore likely to be vital for facilitating this behaviour through 
social marketing programs.  
 
Moreover, gaining insight into consumers’ sustained use of technology-based 
service products instrumental to achieving societal goals is also important since 
many of these services require repeat use over time in order to deliver individual and 
societal benefit. Such investigation will contribute to further development of the 
social marketing field since, although many social marketing behaviours must be 
sustained over time to beget social good (Bloom & Novelli, 1981; Hastings, 2007), 
limited research examines the determinants of consumers’ maintenance, rather than 
adoption, of target behaviours (Andreasen, 2003, 2004). Thus, the overall research 
question (ORQ) of this thesis is:  
 
What are the key determinants of consumers’ initial and sustained use of 
technology-based service products instrumental to achieving societal goals? 
 
Investigating consumers’ use of technology-based service products is an established 
field of inquiry in commercial marketing literature (Taylor & Strutton, 2010). The 
attitudinal theories which dominate the domain, including the Theory of Reasoned 
Action (TRA) (Fishbein & Ajzen, 1975), the Technology Acceptance Model (TAM) 
(Davis, Bagozzi, & Warsaw, 1989) and the Theory of Planned Behaviour (TPB) 
(Ajzen, 1991), however, are limited in that they only recognise cognitive 
determinants of this behaviour. The TRA, TAM and TPB do not explicitly account 
for the impact of emotions or habit, which are likely to be important, on consumers’ 
use of technology-based service products (see Bagozzi, 2007). They also fail to 
account for the impact of personal goals, although most behaviours, including using 
technology-based service products, are means to achieving goals rather than ends in 
themselves (Bagozzi, 2007). The Model of Goal-Directed Behaviour (MGB), which 
addresses the aforementioned shortcomings (Perugini & Bagozzi, 2001), is therefore 
proposed as a means to improve understanding of the determinants of consumers’ 
use of technology-based service products. However, since there has been no 
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empirical investigation of this proposition, the first sub-research question (RQ1) of 
this thesis is:  
 
To what extent does the Model of Goal-Directed Behaviour explain consumers’ 
use of technology-based service products? 
 
To address this research question, it is important to determine whether there are key 
determinants of consumers’ use of technology-based service products not currently 
captured by the MGB. Continued inquiry related to broadening and deepening the 
MGB within new behavioural domains is supported by the literature (see Taylor, 
2007). The MGB may be limited by its assumption that consumers’ behavioural 
intentions form in a vacuum, largely unadulterated by the effect of alternatives to the 
behaviour. That is, the social marketing literature suggests that behavioural 
competition, such as that which stems from behavioural alternatives preferred by the 
target audience, is a key determinant of the performance of social marketing 
behaviours (Kotler & Lee, 2008). Consequently, it is important to examine whether 
behavioural competition influences  
 
However, the social marketing literature does not currently provide empirical insight 
into how behavioural competition influences the performance of target behaviour at 
the individual level. It only asserts that behavioural competition must be identified 
and removed (Johnson, Jones, & Iverson, 2009; McDermott, Stead, & Hastings, 
2005; Noble & Basil, 2011), or the target behaviour must be demonstrated to possess 
competitive advantage over behavioural competition (Deshpande & Rundle-Thiele, 
2011), in order to facilitate consumers’ performance of the target behaviour. This is 
an unexpected gap given social marketing research generally focuses on 
understanding determinants of behaviour at the individual level (Collins, Tapp, & 
Pressley, 2010). Consequently, the second sub-research question (RQ2) 
underpinning this thesis is:  
 
How does competition influence consumers’ use of technology-based service 
products? 
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1.2 Research Aim 
 
To summarise, this research aims to build on current understanding of the 
determinants of consumers’ initial adoption and sustained use of technology-based 
service products, particularly those instrumental to achieving societal, as opposed to 
commercial, goals. To accomplish this overall research aim, it will assess the 
capacity of the MGB, which addresses the shortcomings of current attitudinal 
approaches, to explain these two behaviours. The research will also empirically 
examine social marketing’s proposition that behavioural competition influences 
consumers’ performance of target behaviour within the context of consumers’ use of 
technology-based service products instrumental to societal goals. In doing so, the 
research aims to develop an understanding of the mechanism of action of 
behavioural competition at the individual level. Last, it will determine whether 
incorporating the effect of behavioural competition into the MGB improves its 
explanatory power within this domain.  
 
1.3 Research Design 
 
This section provides a brief overview of, and justification for, the research context 
in Section 1.3.1. It also outlines the research program that will be employed to 
address the research questions in Section 1.3.2.  
 
1.3.1 Research context 
 
This research will be situated within social marketing’s primary domain of public 
health (Gordon, 2011). In particular, it will focus on mHealth services, a type of 
technology-based service product encompassing the delivery of health-related 
services via mobile phone (Whittaker, 2012). mHealth services provide real-time 
health advice, personalised support and/or interventions (Whittaker, 2012) and there 
is growing evidence of their efficacy (e.g., Fjeldsoe, Marshall, & Miller, 2009; 
Krishna, Boren, & Balas, 2009) and cost effectiveness (e.g., Akter & Ray, 2011). In 
particular, the research will focus on self-help mental health services delivered via 
mobile phone, termed “m-wellbeing services” in this thesis.  
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M-wellbeing services, as a type of technology-based service product, provide an 
important context for this research for two primary reasons. First, limited social 
marketing research is currently situated within the mental health domain (exceptions 
Andreasen, 2004; Phillipson, Jones, & Wiese, 2009; Thackeray, Keller, Hielbronner, 
& Dellinger, 2011) despite the fact that mental illness represents a foremost global 
public health concern (Harrison et al., 2011) with an estimated annual cost to society 
of $20 billion in Australia alone (Australian Bureau of Statistics [ABS], 2011). 
Second, this societal problem is in part attributable to the failure of those affected to 
seek help from professional mental health services (Harrison et al., 2011), including 
“certified self-management programs” (Rickwood, Dean, Wilson, & Ciarrochi, 2005, 
p. 4) such as m-wellbeing services. Consequently, developing an understanding of 
the determinants of consumers’ use of m-wellbeing services, which can be employed 
to facilitate help-seeking from this source, is functional to reducing the impact of 
mental ill-health on individuals and society.  
 
Moreover, in line with social marketing’s focus on market segmentation and 
targeting (Andreasen, 2002; Dann, 2010; Kotler & Lee, 2008), young adults in 
particular constitute the target audience of this research. This age group possesses 
the highest rate of mental illness and the lowest level of help-seeking from 
professional mental health services (Patel, Flisher, Hetrick, & McGorry, 2007; 
Rickwood et al., 2005). This, in addition to the greater personal, social and economic 
benefits of early intervention (Patel et al., 2007), means that young adults are an 
important target audience in the mental health domain from a social marketing 
perspective (Phillipson et al., 2009). Further, since young people are the most likely 
age group to use mobile phones for activities apart from communication (Mackay & 
Weidlick, 2007), they are ideally positioned to engage with m-wellbeing services. 
Consequently, this research will examine the determinants of young adults’ use of 
m-wellbeing services instrumental to improved mental health.  
 
1.3.2 Research program  
 
A three-study, mixed-method research program will be employed to address the 
research questions in accordance with the post-positivist assumptions which 
underpin this thesis. The first study, Study One, will qualitatively evaluate the 
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MGB’s capacity to explain young adults’ initial adoption of m-wellbeing services 
against the point-of-view of this target audience (RQ1). It will also explore the extent 
to, and the manner in, which behavioural competition influences this behaviour at the 
individual level (RQ2). The insights gained from Study One will subsequently be 
verified and/or falsified by Study Two, which will quantitatively test a revised MGB 
developed on the basis of Study One. Last, Study Three will qualitatively evaluate 
the MGB’s capacity to explain young adults’ sustained use of an m-wellbeing 
service against the point-of-view of this target audience (RQ1). It will also explore 
the extent to, and the manner in, which behavioural competition influences this 
behaviour at the individual level (RQ2). Since m-wellbeing services are not yet 
publically available in Australia, limiting the sample size available and prohibiting a 
quantitative study at this stage, future research is recommended to quantitatively 
confirm the insights gained from Study Three.  
 
1.4 Contributions to Theory and Practice 
 
The contributions of this research to attitudinal theory, as well as social marketing 
and commercial marketing literature, are outlined in Section 1.4.1. The research also 
has the potential to provide actionable insights for marketers working in the area of 
technology-based service products and mHealth services in particular. These 
contributions are expanded upon in Section 1.4.2. 
 
1.4.1 Theoretical implications of the research  
 
First, this research will build on current social marketing understanding of 
consumers’ appropriation of products that are not purely behavioural, which has 
received limited research attention. Namely, it will provide insight into consumers’ 
initial and sustained use of emerging technology-based service products designed to 
improve mental health. In doing so, it will also extend the limited social marketing 
research undertaken within mental health, a rising public health priority owing to its 
growing contribution to the global burden of disease (Collins et al., 2011). Second, 
by investigating consumers’ sustained use of technology-based service products, this 
research contributes to addressing the bias in social marketing literature toward 
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examining only the initial adoption of target behaviours (Andreasen, 2003, 2004). 
Last, by examining the role of behavioural competition in determining consumers’ 
use of technology-based service products instrumental to achieving societal goals, 
this research will also provide empirical insight into the magnitude of behavioural 
competition’s impact on target behaviours and into its mechanism of action, an area 
that has thus far been neglected in social marketing research.  
 
In relation to attitudinal theory, this research will extend the explanatory scope of the 
MGB to include a new category of behaviour. This will be achieved by empirically 
evaluating the model’s ability to explain consumers’ use of technology-based service 
products. Through its mixed-method approach, which encompasses qualitative 
inquiry, this research may also deepen understanding of the MGB predictors and 
how they operate to explain consumers’ use of technology-based service products 
specifically. Furthermore, by investigating the effect of incorporating behavioural 
competition into the model, this research may extend the MGB and improve its 
explanatory power within this behavioural domain.  
 
In relation to commercial marketing theory, this research will provide initial 
evidence of the tenability of a new theoretical approach, the MGB, to explaining 
consumers’ appropriation of emerging technology-based service products. This is in 
line with the call for research employing theories beyond the TAM within this field 
(Williams, Dwivedi, Lal, & Schwartz, 2009). Last, through its mixed-method 
approach, the research will make a methodological contribution to the commercial 
marketing literature examining technology-based service products currently 
dominated by quantitative, survey methodology (see Williams et al., 2009).  
 
1.4.2 Practical implications of the research  
 
This research is expected to contribute to practice in several ways. Broadly, it will 
provide both social and commercial marketers with improved insight into the factors 
which influence consumers’ initial adoption, as well as sustained use, of technology-
based service products. This knowledge can be used to guide development of these 
services in the future and to encourage their appropriation by consumers. More 
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specifically, the research will provide actionable insights for social marketers 
working in the area of mHealth services, particularly those aimed at the young adult 
market. Last, this research may provide an enhanced understanding of the nature of 
behavioural competition at the individual level, which could be used to underpin 
competitive analyses in social marketing.  
 
1.5 Structure of the Thesis 
 
This thesis comprises six additional chapters. A brief outline for each chapter is 
provided below and summarised in Figure 1. Of note, the results of the three studies 
that comprise the research program are presented in journal article format within 
Chapter 4, Chapter 5 and Chapter 6. This format allows the chapters to showcase the 
results of each study in close proximity to an explanation of the methods employed 
to obtain the results. It also permits the implications to theory and practice, as well as 
the limitations, specific to the results to be presented at the same time.  
 
Chapter 2: Literature Review provides a review of literature across the three fields 
of study related to the overall research question, including service products in social 
marketing, service products in commercial marketing and attitudinal theory. Based 
on this review, the chapter identifies the key research gaps and presents the research 
questions driving this thesis.  
 
Chapter 3: Justification of the Research Context and Design provides 
justification for the context in which the research is situated. It further provides 
justification for the overall research program, comprising a three-study, mixed-
method approach, as well as the specific data collection, sampling and analysis 
methods employed by each study. However, it does not specify how the data was 
collected or analysed for each study; rather, this is presented in the following 
chapters.  
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Figure 1. Summary of Thesis Structure 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Chapter 4: A Study of Consumer Acceptance of M-Wellbeing Services presents 
the qualitative results of Study One, which aimed to develop an in-depth 
understanding of the determinants of young adults’ initial adoption of m-wellbeing 
services, in a journal article format. Consequently, this chapter presents an 
introduction and brief literature review justifying Study One, followed by the 
methods it employed. Next, the chapter provides the results of Study One, as well as 
the implications and limitations specific to those results. 
 
Chapter 1: Introduction 
Provides a brief overview of the research purpose and design 
Chapter 2: Literature Review 
Presents critical analysis of current literature, highlighting the research gaps, and 
outlines the research questions 
Chapter 3: Justification of the Research Context and Design 
Provides justification for the research context selected and the research design 
developed 
Chapter 4: A Study of Consumer Acceptance of M-Wellbeing 
Services 
Presents, in journal article format, the methods, results, contributions and 
limitations specific to Study One 
Chapter 5: A Study of the Effect of Behavioural Competition on 
Consumer Acceptance of M-Wellbeing Services 
Presents, in journal article format, the methods, results, contributions and 
limitations specific to Study Two 
Chapter 6: A Study of the Sustained Use of an M-Wellbeing Service 
Presents, in journal article format, the methods, results, contributions and 
limitations specific to Study Three 
Chapter 7: Discussion and Conclusion 
Addresses the research questions, based on the combined results of the studies, 
and provides the overarching contributions of the research 
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Chapter 5: A Study of the Effect of Behavioural Competition on Consumer 
Acceptance of M-Wellbeing Services presents the quantitative results of Study 
Two, which aimed to test a model of the consumer adoption of m-wellbeing services, 
in a journal article format. Consequently, this chapter presents an introduction and 
literature review justifying Study Two, including its hypotheses. Next, the chapter 
outlines the methods employed by Study Two, followed by its results, as well as the 
implications and limitations specific to those results. 
 
Chapter 6: A Study of the Sustained Use of an M-Wellbeing Service presents the 
qualitative results of Study Three, which aimed to develop an in-depth understanding 
of the determinants of young adults’ sustained use of m-wellbeing services, in a 
journal article format. Consequently, this chapter presents an introduction and brief 
literature review justifying Study Three, followed by the methods it employed, its 
results, as well as the implications and limitations specific to those results. 
 
Chapter 7: Discussion and Conclusion concludes this thesis by addressing the 
research questions outlined in Chapter 2 by drawing on the key findings of Study 
One (Chapter 4), Study Two (Chapter 5) and Study Three (Chapter 6). This chapter 
also provides the overall theoretical and practical contributions of this research, as 
well as the limitations of the overall research design. Finally, it presents suggestions 
for future research.  
 
1.6 Conclusion 
 
In summary, this chapter provided an overview of this thesis. First, it presented the 
research questions and aims. Next, the chapter provided justification for the research 
context and an overview of the research program developed to address the research 
questions. Following this, it presented the theoretical and practical contributions of 
this research. Last, it provided an overview of the structure of the thesis, 
commencing with the next chapter, Chapter 2, which evaluates the literature that 
forms the basis of this research investigation and explains, in detail, the research 
gaps and questions driving the research.  
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Chapter 2: Literature Review 
 
This chapter follows on from Chapter 1, which outlined the aims of this research, to 
present a review of the literature pertaining to these aims. To begin, Section 2.1 
presents the position taken by this thesis on the principles of social marketing 
pertinent to this research. Given the assertions presented by this section underpin 
research decisions throughout this thesis, it is necessary to explicitly discuss their 
basis within this section.  
 
Following this introduction, Section 2.2 presents a review of the literature in the area 
of social marketing products. It draws attention to the bias towards investigating 
purely behavioural products in social marketing, to the detriment of developing 
understanding of service products instrumental to achieving societal goals. This 
section focuses particularly on the limited research examining the determinants of 
consumers’ use of service products, specifically emerging technology-based service 
products.  
 
To begin to address this shortcoming in the social marketing literature, Section 2.3 
identifies theories employed by commercial marketing to explain consumers’ 
behavioural responses toward technology-based service products. Following this, 
consistent with the call for critical evaluation of commercial marketing theory prior 
to its adaption and adoption to social marketing, Section 2.4 critically evaluates the 
theories identified in Section 2.3.  
 
Subsequent to the critical evaluation in Section 2.4, Section 2.5 proposes the MGB 
as an alternative means of describing the determinants of this type of behaviour on 
the basis that it addresses the limitations of the attitudinal models which dominate 
the commercial marketing literature. It also emphasises key limitations of the MGB 
that will be addressed by the research.  
 
Last, a summary of the research gaps identified by this literature review is presented 
in Section 2.6, followed by the research questions developed by this thesis to address 
these gaps.  
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2.1 Principles of Social Marketing underpinning the Research 
 
This section presents the social marketing perspectives and principles adopted by 
this research rather than a complete review of the conceptual foundations of social 
marketing such as which is already provided in the literature (e.g., Andreasen, 2002, 
2003; Grier & Bryant, 2005; McDermott et al., 2005). This ensures that whilst the 
perspectives and principles of social marketing which form the basis of many of the 
research decisions are explicitly examined, the literature review remains concise and 
directly relevant to this thesis. This thesis espouses the perspective that social 
marketing is derived, yet distinct, from commercial marketing and that social 
marketing aims to influence behaviour instrumental to the achievement of societal 
goals through programs which: (1) are informed by formative research and relevant 
theory that describe behavioural determinants at an individual level, and (2) 
recognise the importance of identifying and minimising behavioural competition. 
Further explanation of these points is provided in the sections below.  
 
2.1.1 Social marketing is derived, yet distinct, from commercial marketing 
 
Kotler and Levy (1969) first proposed that marketing is a socially useful activity 
beyond the marketing of commercial products and services. Kotler and Zaltman 
(1971) formally introduced the term “social marketing” as a way to capture the value 
of commercial marketing principles in the promotion of social causes, defining it as 
“the design, implementation and control of programs calculated to influence the 
acceptability of social ideas and involving considerations of product planning, 
pricing, communication, distribution and marketing research” (p. 8). However, 
debate over restricting the scope of social marketing to influencing the “acceptability 
of ideas” ensued (see Andreasen, 1994). This point remained in contention until the 
1990’s, at which time it became generally accepted that the penultimate objective of 
social marketing, as with commercial marketing, is the influencing of behaviour 
(Andreasen, 2002, 2003). Despite this commonality, social marketing is distinct 
from commercial marketing in fundamentally important ways. 
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First, social marketing is distinguished from commercial marketing by its focus on 
behaviours that are functional to addressing societal problems or achieving societal 
goals, rather than producing financial gain (Smith, 2000). This is evidenced in 
Dann’s (2010) recent definition of social marketing as: “the adaptation and adoption 
of commercial marketing activities, institutions and processes as a means to induce 
behavioural change in a targeted audience on a temporary or permanent basis to 
achieve a social goal” (p. 151). The behaviours targeted by social marketing are thus 
typically in the areas of health promotion (e.g., smoking cessation), injury prevention 
(e.g., drinking and driving), environmental protection (e.g., recycling) and 
community mobilisation (e.g., blood donation) (Kotler & Lee, 2008).  
 
The behaviours targeted by social marketing differ notably to commercial marketing 
behaviours in both their complexity and allocation of benefit. Social marketing 
behaviours tend to be complex and difficult to perform relative to the purchasing 
behaviours typically targeted by commercial marketing (Bloom & Novelli, 1981). 
Further, the consumer benefits of social marketing behaviours are often vague and 
uncertain (Rothschild, 1999). They are also typically deferred (Hastings, 2007), only 
accruing to the consumer in the distant future (Rothschild, 1999), and often demand 
repeat performance of the behaviour over time (Bloom & Novelli, 1981; Hastings, 
2007). This generally makes the performance of social marketing behaviours 
inherently unattractive to consumers (Hastings, 2003, 2007; Peattie & Peattie, 2009), 
who are more likely to perform behaviour when immediate self-interest is evident, 
such as generally the case in the purchasing behaviours targeted by commercial 
marketing (Rothschild, 1999, 2010).  
 
Whilst a complete review of the fundamental differences between social and 
commercial marketing extends beyond the scope of this thesis (see Bloom & 
Novelli, 1981; Rothschild, 1999), the examples presented serve to illustrate that 
although social marketing draws from commercial marketing, it is distinguished 
from this discipline. In particular, it is shown that social marketing is differentiated 
by its aim to achieve societal goals and the nature of its target behaviours. This forms 
the basis of the first assumption underlying this thesis: social marketing is closely 
related, yet distinct, from commercial marketing.   
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2.1.2 Social marketing influences target behaviours functional to societal goals 
 
Although the focus of social marketing has been within the behavioural domains 
highlighted previously, the social change framework can be applied to any situation 
in which a socially critical behaviour needs to be accepted, modified, abandoned or 
maintained by a target audience (Andreasen, 2002; Dann, 2010; Kotler, Roberto, & 
Lee, 2002). For example, social marketing has recently been proposed as a means to 
influence consumers’ adoption of consumption reduction behaviours essential to 
more sustainable economies and societies (Peattie & Peattie, 2009) and positive 
financial behaviours functional to cultivating a responsible financial management 
culture (Lee & Miller, 2012). Social marketing can therefore be employed to achieve 
societal goals for “social good”, that which benefits individuals, community and/or 
the broader society according to the leaders, managers and constituents of society 
(Rothschild, 1999), in a variety of behavioural domains (Andreasen, 1994; Dann, 
2007).  
 
Extant social marketing research and practice, however, has largely focussed on 
understanding and facilitating initial adoption of target behaviours (exceptions 
Campbell & Brennan, 2009; Lynch & Jones, 2007; Parkinson, Russell-Bennett, & 
Previte, 2011). This is problematic since in many social domains, it is sustained 
behaviour that is ultimately critical to achieving societal goals (Andreasen, 2003, 
2004). In social marketing’s primary domain of public health (Gordon, 2011) in 
particular, many health behaviours need to be repeated over time in order to be 
effective. Sustained abstinence from smoking, for example, is required for health 
benefit (Feldman & Christensen, 2008). Despite this, the determinants of sustained 
healthy behaviour have received limited research attention (Logie-Maclver, 
Piacentini, & Eadie, 2012). This is a significant gap since it is generally more 
difficult for individuals to perform behaviour repeatedly over time than one-time 
behaviours (Evans, 2006; McKenzie-Mohr, 2000a, 2000b). This thesis therefore 
takes the position that improved understanding of the determinants of the 
maintenance of behaviours instrumental to societal goals, particularly in the public 
health domain, is critical.  
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2.1.3 Social marketing influences target behaviours at the individual level 
 
Social marketing literature and practice emphasises understanding and influencing 
behaviour at the individual level (Collins et al., 2010; Lefebvre, 2011). However, 
continued focus on understanding the determinants of target behaviours at the 
individual level, without consideration of immediate and wider social and contextual 
influences, has been criticised as a myopic approach to social marketing (e.g., 
Collins et al., 2010; Hastings, MacFadyen, & Anderson, 2000; Lefebvre, 2011). This 
argument is founded on the basis that many social marketing behaviours (e.g., 
recycling) are influenced by contextual factors (e.g., availability of recycling 
services) beyond the control of the individual (Collins et al., 2010; Goldberg, 1995; 
Hastings et al., 2000). This has led to the development of ‘upstream’ (Goldberg, 
1995) and ‘midstream’ (Cheng, Kotler, & Lee, 2011) social marketing approaches, 
which focus on influencing decision makers with the ability to address broader social 
and environmental determinants of individuals’ behaviour (e.g., policy makers and 
legislators) (Andreasen, 2003; Donovan & Henley, 2003) and members of the 
community with direct influence over individuals’ behaviour (Cheng et al., 2011) 
respectively. Nevertheless, a fundamental understanding of individuals’ behaviour 
remains critical since all societal goals contingent upon social change necessitate 
that, at some stage, individuals change their own behaviour (Andreasen, 2003). This 
thesis therefore maintains a focus on understanding behaviour at the individual level, 
whilst acknowledging broader social and contextual influences, as recommended by 
Hastings and Donovan (2002) and Smith (2000). 
 
2.1.4 Social marketing faces competition when influencing target behaviours  
 
As a social change approach, social marketing is differentiated from education, as it 
extends beyond describing benefits and increasing awareness, and from law, as it 
focuses on voluntary behaviour change (Rothschild, 1999). Social marketing’s focus 
on influencing voluntary acceptance, modification, rejection and/or maintenance of 
target behaviour affords consumers freedom of choice. Behavioural alternatives, 
derived from consumers’ freedom of choice, thus compete with the behaviours 
targeted by social marketing (Hastings, 2007). As emphasised by Andreasen (2004): 
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“When one is urging someone to take a course of action, there is always 
competition” (p. 69). Accordingly, behavioural competition needs to be minimised 
or removed to facilitate the acceptance, modification, rejection or maintenance of 
target behaviour (Johnson et al., 2009; McDermott et al., 2005; Noble & Basil, 
2011). Alternatively, the target behaviour’s competitive advantage over behavioural 
competition should be developed and/or promoted (Deshpande & Rundle-Thiele, 
2011).  
 
Hastings (2003) distinguishes between inertial competition and purposeful 
competition, consistent with Andreasen’s (2004, p. 69) conceptualisation of 
competition as either inertia or a range of “better things to do”. Inertial competition 
captures consumers’ tendency to maintain existing behaviours, particularly when 
faced with social marketing behaviours that are generally difficult to enact, with 
long-term rather than immediate benefits (Hastings, 2003; Hastings, 2007). This 
could be likened to Kotler and Lee’s (2008) proposition that entrenched behaviours, 
or long-standing existing behaviours, compete with the appropriation of opposing 
social marketing behaviours. On the other hand, purposeful competition is “the 
competition that McDonald’s and Coke present to social marketing of healthy 
eating” (Hastings, 2003, p .8). In short, purposeful competition derives from an 
identifiable entity encouraging behaviours that conflict with the behaviour targeted 
by social marketing. This is consistent with Kotler and Lee’s (2008) suggestion that 
a source of competition in social marketing is organisations and individuals who 
project counter or opposing messages to the desired behaviour. Moreover, Kotler and 
Lee (2008) extend Hastings (2003) conceptualisation by proposing that behavioural 
alternatives preferred by the target audience are another type of behavioural 
competition.  
 
In contrast, Peattie and Peattie (2003) argue against the aforementioned 
conceptualisations of competition, which are grounded in the premise that other 
behaviours constitute the main competitive force in social marketing. The authors 
suggest that this conceptualisation can be likened to a commercial marketer 
contending that their primary competition stems from consumers not adopting their 
product. Peattie and Peattie (2003) put forward a more abstract conceptualisation of 
competition as a “battle of ideas” (p. 375). This battle is said to comprise gaining the 
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adoption of the desired behaviour by attracting the attention of the target audience 
and gaining their acceptance of the social marketing proposition in the face of 
“competing ideas”. These competing ideas are said to originate from four separate 
sources: commercial counter-marketing (commercial firm’s promotion of opposing 
behaviours), social discouragement (social norms that are in opposition to the social 
marketing behaviour), apathy (lack of interest or concern in behaviour change) and 
involuntary declination (involuntary factors preventing behaviour change such as 
addiction). Interestingly, this focus on abstract ideas rather than behaviours seems to 
contradict one of the fundamental principles of social marketing (refer to Section 
2.1.2), specifically, that social marketing’s penultimate objective is the influencing 
of behaviour rather than the “acceptability of ideas” (Andreasen, 2002, 2003).  
 
This thesis reconciles the viewpoints within the literature by taking the position that 
competition in social marketing can occur at several levels of abstraction. As such, it 
is the position of the thesis that competition in social marketing exists and can be 
examined at both the behavioural and more abstract, motivational level. This 
position is consistent with Morris and Clarkson’s (2009) view that competition 
encompasses all the factors that compete for people's attention, ability and 
willingness to adopt a social marketing behaviour. It is also consistent with Noble 
and Basil’s (2011) argument that social marketers need to take a “global view of 
what competition is and the different forms it can take” (p. 137).  
 
Importantly, although extant social marketing literature presents numerous 
conceptualisations and typologies of competition, constructed for the purpose of 
facilitating competitive analysis (see Deshpande & Rundle-Thiele, 2011), the 
manner in which behavioural competition influences consumers performance of 
target behaviour at the individual level, and its impact relative to other individual, 
social and contextual behavioural determinants, has yet to be explored. This is 
surprising given social marketing’s recognition of the importance of understanding 
competition (e.g., Johnson et al., 2009) and its focus on understanding behaviour at 
the individual level (e.g., Collins et al., 2010). Consequently, this thesis argues that 
current social marketing literature provides an incomplete understanding of 
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competition and as such, further research aiming to improve understanding of 
behavioural competition in social marketing is crucial.  
 
2.1.5 Social marketing approaches to influencing target behaviours are 
informed by relevant theory 
 
Social marketing has traditionally adapted or adopted commercial marketing 
theories, principles and processes (Andreasen, 2003; Cheng et al., 2011; Kotler et al., 
2002). However, there is growing criticism of limiting social marketing’s theoretical 
domain in this manner (e.g., Gordon, 2011; Wood, 2008) and concern over the 
appropriateness of such an approach to achieving societal goals (Peattie & Peattie, 
2003, 2012). This has precipitated a call for more critical evaluation of theory and 
principles from commercial marketing prior to their adaption and adoption to social 
marketing (Peattie & Peattie, 2012). It is further argued that instead of maintaining 
strict adherence to commercial marketing theory, social marketing should develop 
and employ theoretical models that specify the most relevant determinants to 
behaviour from areas such as the diffusion of innovations, social networks, political 
economics and social capital (Lefebvre, 2011). This argument is supported by the 
fact that commercial marketing itself draws from many other bodies of knowledge, 
including psychology, sociology, anthropology and communications theory (Kotler 
& Zaltman, 1971). Consequently, it is the position of this thesis that relevant theory, 
which may extend beyond commercial marketing theory, should underpin social 
marketing research and practice.  
 
2.1.6 Social marketing approaches to influencing target behaviours are 
informed by formative research 
 
Social marketing employs formative research, in combination with existing theory, 
to identify behavioural determinants that can be modified through social marketing 
strategy in order to encourage performance of target behaviour (Evans, 2006; 
Lefebvre, 2011). In this way, it is consumer orientated (Andreasen, 2002; Grier & 
Grant, 2005; Lefebvre, 2011; Stead, Gordon, Angus, & McDermott, 2007), 
beginning with an understanding of consumers’ attitudes, perceptions and emotions 
toward target behaviours (Lefebvre, 2011). Formative research procures deeper 
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understanding of a target audience (Grier & Bryant, 2005) and is essential to 
achieving social change (Andreasen, 2002). This is supported by a review of social 
marketing interventions that suggests successful interventions are underpinned by 
more extensive formative research (Stead et al., 2007). Consequently, it is the 
position of this thesis that relevant theory, critically-evaluated against the point-of-
view of the target audience through formative research, should underpin social 
marketing research and practice. 
 
2.2 Technology-Based Service Products in Social Marketing 
 
While the previous section outlines the key assumptions of this thesis with regard to 
social marketing and social marketing research in general, this section reviews extant 
literature in the area of social marketing products in line with the focus of the thesis 
(refer to Chapter 1). In short, Section 2.2.1 presents an overview of the debate over 
the fundamental question of “what are we marketing?” (Lefebvre, 2011, p. 55) in 
social marketing and highlights the gap in understanding that has occurred as a result 
of the focus on purely behavioural products. Specifically, it draws attention to the 
need for additional research into the determinants of consumers’ behavioural 
responses toward service products instrumental to societal goals. Next, Section 2.2.2 
presents an argument for examining consumers’ behavioural responses toward 
technology-based service products in particular.  
 
2.2.1 Behaviour is not the only product in social marketing  
 
Social marketing employs the entire marketing mix, including product, price, place 
and promotion (refer to Table 1), alongside other concepts and techniques, to achieve 
societal goals (Gordon, 2011; McDermott et al., 2005). The marketing mix is widely 
considered central to social marketing research and practice (Andreasen, 1994) and 
serves to differentiate social marketing from competing social change frameworks, 
such as social advertising and health promotion, which rely predominantly on 
communication (Andreasen, 1994, 2002; Smith, 2000). 
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Table 1. Social Marketing Mix 
4Ps Definition 
Product The product in social marketing is conceptualised as the behaviour to be 
promoted (Andreasen, 1994). Product strategy is divided into three 
components: the core product (consumer benefit from behaviour), the actual 
product (desired behaviour) and the augmented product (objects and services 
that support behavioural change) (Kotler & Lee, 2008).  
 
Price Price refers to the cost or sacrifice exchanged for the promised benefits of the 
social marketing product/behaviour (Grier & Bryant, 2005). This cost 
extends beyond monetary cost and includes psychological, cultural, social, 
temporal and physical barriers to the behaviour (Gordon, 2011). 
 
Promotion Promotion refers to the communications used to convey the product benefits, 
price and place components to the target audience (Kotler et al., 2002) 
through personal or impersonal media appropriate to the target audience's 
lifestyle patterns and preferences (Andreasen, 1994). 
 
Place Place is the action channel where the target market will perform the desired 
behaviour and/or receive any associated objects or services (Kotler et al., 
2002).  
 
The legitimacy of the social marketing mix is increasingly challenged, however, on 
the basis of the fundamental differences between commercial and social marketing 
(see Wood, 2008). In particular, there is significant debate surrounding what 
constitutes the “product” being sold in social marketing (see Lefebvre, 2011; Peattie 
& Peattie, 2003). In the commercial world, the product typically includes both 
tangible and intangible attributes designed to provide benefits that satisfy a set of 
consumer needs, wants or desires. There are two independent schools of thought in 
the literature regarding the “product” in social marketing. The dominant school of 
thought views the social marketing product as purely behavioural (e.g., smoking 
cessation), whilst the other school of thought considers the social marketing product 
to comprise goods (e.g., malaria nets) functional to achieving societal goals 
(Lefebvre, 2011).  
 
The dominant track considers the social marketing product to be the target behaviour 
to be promoted (Andreasen, 1994), such as low-risk drinking (Thompson, Heley, 
Oster-Aaland, Stastny, & Crawford, 2013), smoking cessation (Manyiwa & 
Brennan, 2012) and speeding (Martin, Lee, Weeks, & Kaya, 2013). This 
conceptualisation is based on the argument that the target audience is unlikely to be 
buying an actual product in social marketing, but is rather being asked to make a 
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voluntary behaviour change (e.g., Gordon, 2011; Kotler & Lee, 2008; Wood, 2008). 
From this perspective, in social marketing, consumers derive benefit from the 
performance of target behaviour other than the purchasing and consuming of a 
tangible product. The dominance of this purely behavioural focus in social marketing 
literature may explain why there is little existing knowledge about goods and 
services development and distribution in social marketing in general (Benhardt, 
Mayes, Eroglu, & Daniel, 2009). 
 
The alternative track views public health products, which are commodities for the 
treatment or prevention of diseases of public health (Conteh & Hanson, 2003), as the 
social marketing product. From this perspective, social marketing is considered a 
means of distributing and promoting these public health products to at-risk segments 
of the market (e.g., Kikumbih, Hanson, Mills, Mponda, & Schellenberg, 2006). 
Examples of social marketing products within this conceptualisation include 
condoms for HIV prevention, oral rehydration products for diarrheal diseases and 
bed nets for malaria control (Lefebvre, 2011). Interesting, this perspective is more in 
line with the traditional definition of products provided by commercial marketing, 
although the social marketing products are primarily instrumental to societal rather 
than financial goals. This is because they are typically provided at no cost or are 
heavily subsidised as part of the social marketing program (Lefebvre, 2011).  
 
Lefebvre (2011) examines both perspectives on the social marketing product and 
proposes that whilst goods and services can be necessary, they are not sufficient to 
achieve societal goals. Lefebvre (2011) maintains the target behaviour (e.g., safe sex 
practices), although it may be enabled by instrumental goods and services (e.g., 
condoms), is the core social marketing product since it exhibits a more direct link to 
the achievement of societal goals (e.g., reduction of HIV infection). The social 
marketing product is thus conceptualised by Lefebvre (2011) as the target behaviour, 
which may be supported or enabled by a good or service, instrumental to achieving a 
societal goal.  
 
This thesis extends Lefebvre’s (2011) argument by contending that using services 
can constitute the target behaviour directly instrumental to achieving a societal goal. 
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For example, the Road Crew social marketing program successfully reduced alcohol-
related accidents in Dane County, Wisconsin, an area with high rates of drunk 
driving, by persuading the target audience to accept and subsequently adopt a ride 
service after drinking (Grier & Bryant, 2005; Rothschild, Mastin, & Miller, 2006). 
As another example, increasing the adoption of cervical cancer screening services as 
part of the “Don’t just SAY they matter” program reduced the impact of cervical 
cancer in New Zealand (see French, Merritt, & Reynolds, 2011). Moreover, the 
“Love Your Mouth” social marketing program reduced the individual and societal 
impact of mouth cancer in the United Kingdom by influencing individuals at risk 
from oral cancer to adopt a professional screening service (see French et al., 2011).  
 
However, limited research examines the determinants of consumers’ use of services 
instrumental to achieving societal goals relative to research focussing on purely 
behavioural social marketing products (exceptions Akinci & Healey, 2004; Bryant et 
al., 1998; Bryant, Forthofer, McCormack, Alfonso, & Quinn, 2000; Holdershaw, 
Gendall, & Wright, 2011; Zainuddin, Previte, & Russell-Bennett, 2011). This is a 
significant gap in social marketing literature. This is because social marketing, as 
highlighted previously, is defined by its use of formative research, in combination 
with existing theory, to identify behavioural determinants of the performance of 
target behaviours instrumental to the achievement of societal goals (Evans, 2006; 
Lefebvre, 2011). Additional research in this area would also be aligned with the call 
in the social marketing literature for an increased service focus (Wood, 2012). 
 
2.2.2 Technology-based service products in social marketing 
 
This thesis argues that particular attention should be paid to understanding the 
determinants of consumers’ behavioural responses toward service products within 
social marketing’s primary domain of public health. This is because the key societal 
goal of improved personal welfare (Andreasen, 1994), related to the broader societal 
goals of improved population health and reduced burden of disease (Zainuddin et al., 
2011), can be achieved by influencing individuals to adopt and maintain use of 
preventative and curative health services (e.g., Maciosek, Coffield, Flottemesch, 
Edwards, & Solberg, 2010). However, consumers may be inherently resistant to 
using these services, particularly preventative health services, since their benefits are 
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often vague, uncertain and in the distant future (see Rothschild, 1999). This is 
highlighted by low preventative health service utilisation, relative to what is 
necessary to realise the benefits from early detection, across a number of contexts 
including breast, cervical cancer and prostate cancer screening services (Smith, 
Cokkinides, & Brawley, 2009).  
 
Since health services are increasingly delivered via self-service technologies such as 
the internet and mobile phones, consistent with current ideology which supports 
individual responsibility for health and health outcomes (Gallegos, Russell-Bennett, 
& Previte, 2011), this thesis further argues examining the determinants of 
consumers’ use of these technology-based service products would be particularly 
useful. In particular, health-related services delivered via mobile communication 
devices, termed ‘mHealth’ services (Whittaker, 2012), have experienced significant 
growth and investment (Whittaker, 2012). This includes services such as for the self-
management of diabetes (e.g., Kouris et al., 2010), asthma (e.g., Liu et al., 2011) and 
mental illness (e.g., Harrison et al., 2011). To date, however, mHealth research has 
focused on the development of specific applications and on proof of concept studies 
(Mirza, Norris, & Stockdale, 2008). Limited research examines the determinants of 
consumers’ use of these services in either the social marketing (exception Andrews, 
Cacho-Elizondo, Drennan, & Tossan, 2013) or health literature (Whittaker, 2012). 
Addressing this gap is important since it is not enough to develop and provide 
innovative services and goods; consumers must use these products and services for 
them to be effective and thus, conducive to the achievement of societal goals 
(Lefebvre, 2011).  
 
A focus on mHealth services in particular is supported by their efficacy, reach and 
cost effectiveness. First, systematic reviews of mHealth services reveal clinical 
improvements in the majority of studies (Fjeldsoe et al., 2009; Krishna et al., 2009). 
Mobile phones occupy an important role in the private and intimate everyday lives of 
people and are thus suited to a health care frame (Gallegos et al., 2011). They are 
unsurpassed for offering opportunities to engage individuals at the “right” time and 
place (Gallegos et al., 2011; Lefebvre, 2009) and provide instant access to 
information and services (Lefebvre, 2009) that can be tailored in real-time to 
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individuals’ needs (Riley et al., 2011; Whittaker, 2012). Second, the reach of health 
services delivered via this medium increases exponentially given widespread mobile 
phone diffusion (World Bank, 2012). Last, mHealth services represent a cost 
effective service delivery platform given their capacity to automate and improve 
efficiency (Akter & Ray, 2011).  
 
Consequently, this thesis will focus on examining the determinants of consumers’ 
initial adoption and sustained use, in line with the need for additional research 
focussing on the maintenance of target behaviour in social marketing (Andreasen, 
2003, 2004), of mHealth services instrumental to achieving societal goals. To begin, 
the following section reviews commercial marketing literature examining 
determinants of consumers’ adoption and sustained use of services delivered via 
technology.  
 
2.3 Technology-Based Service Products in Commercial Marketing  
 
Whilst the previous section highlights the need for research examining the 
determinants of consumers’ behavioural responses toward technology-based service 
products instrumental to societal goals, this section provides an overview of the 
research investigating technology-based service products instrumental to commercial 
goals, in particular, technology-based self-services. Commercial marketing theory in 
this area may provide insight that can be used to understand consumers’ responses 
toward emerging technology-based service products in health. The focus on 
commercial marketing theory is reasonable since current health behaviour theories 
appear inadequate for understanding consumers’ responses to interactive mobile 
technology enabled interventions (Riley et al., 2011), resulting in a call for research 
employing new theories to advance understanding of mHealth initiatives (Whittaker, 
2012). This approach is also consistent with social marketing’s longstanding reliance 
on commercial marketing theory and understanding of phenomena (e.g., Andreasen, 
2003). 
 
Consequently, this section aims to identify the key theories employed by the 
commercial marketing literature to explain consumers’ behavioural responses toward 
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technology-based self-services, along with the key behavioural determinants 
specified by those theories. To accomplish this aim, this section is divided into two 
sub-sections. First, an overview of technology-based service-services, including 
those delivered via mobile phone, is provided in Section 2.3.1. Subsequently, the key 
theoretical models employed by the research to explain consumers’ initial adoption, 
followed by sustained use, of these services are identified in Sections 2.3.2 and 
Section 2.3.3 respectively.  
 
2.3.1 Overview of technology-based self-services  
 
Investigating the factors instrumental to consumers’ acceptance and adoption of 
technology-based service products, particularly technology-based self-services 
(TBSSs), is an established field in the commercial marketing literature (Taylor & 
Strutton, 2010). Although limited relative to adoption research, the body of research 
examining consumers’ sustained use of TBSSs has also grown owing to evidence 
supporting the proposition that these behaviours are driven by different factors (e.g., 
Hsu, Yen, Chiu, & Chang, 2006; Karahanna, Straub, & Chervany, 1999). TBSS 
involves consumers using self-service technology to perform services without direct 
service employee involvement (Dabholkar, 1994, 1996). They provide organisations 
with the capacity to standardise or customise service delivery, reduce labour costs 
and expand service offerings (Bitner, Browne, & Meuter, 2000; Dabolkar, 1996; Lee 
& Allaway, 2002). However, these services also demand more effort and 
responsibility on the part of the consumer and require learning of new knowledge 
and behaviours (Meuter, Bitner, Ostrom, & Brown, 2005; van Beuningen, de Ruyter, 
Wetzels, & Streukens 2009). Given this, marketers often have to change ingrained 
attitudes, perceptions and expectations of service to influence consumers to accept, 
adopt and sustain use of this convergence of service and technology, necessitating 
the research conducted within this field.  
 
Mobile self-services (m-services) are a type of TBSS where information or 
transaction services are delivered via mobile phones (Sullivan-Mort & Drennan, 
2002). M-services are distinct from other TBSSs in that their self-service technology, 
a mobile device, is the foremost facilitator of the integration of marketplace and 
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marketspace (see Watson, Pitt, Berthon, & Zinkman, 2002). First, mobile phones’ 
ubiquitous time-space specificity (Watson et al., 2002) or information accessibility 
(Balasubraman, Peterson, & Jarvenpaa, 2002; Nysveen, Pedersen, Thorbjørnsen, & 
Berthon, 2005a) provides universal access to services unconstrained by temporal or 
geographical factors. Further, mobile phones’ unique time-space specificity (Watson 
et al., 2002) or information personalisation (Nysveen et al., 2005a) allows delivery of 
information and services customised to the individual, time and place. In part owing 
to these characteristics, there has been exponential growth in m-services 
(Broeckelmann, 2010) and the body of literature investigating the determinants of 
consumers’ acceptance, adoption and, to a lesser extent, sustained use of these 
services (Pihlström & Brush, 2008). 
 
2.3.2 Attitudinal theory and consumers’ adoption of technology-based self-
services  
 
Attitudinal models are predominantly used to explain and predict consumers’ 
acceptance and adoption of TBSSs and m-services. Table 2 and Table 3, which 
provide an inventory of the determinants of consumer acceptance and adoption of 
TBSSs examined by the literature, show that the Theory of Reasoned Action (TRA) 
(Fishbein & Ajzen, 1975), the Technology Acceptance Model (TAM) (Davis et al., 
1989) and the Theory of Planned Behaviour (TPB) (Ajzen, 1991) are widely 
employed. That is, Table 2 and Table 3 show that the behavioural antecedents 
specified by these attitudinal models are the most frequently utilised by extant 
research to explain and predict consumers’ acceptance and adoption of TBSSs and 
m-services. For instance, consumers’ attitude toward TBSS is used to explain 
consumers’ adoption of TBSSs by a total of 11 studies (i.e., Berger, 2009; Curran & 
Meuter, 2005; Curran, Meuter, & Surprenant, 2003; Dabholkar, 1996; Dabholkar & 
Bagozzi, 2002; Dabholkar & Sheng, 2009; Ha & Stoel, 2008; Liljander, Gillberg, 
Gummerus, & van Riel, 2006; Pavlou, 2003; Pavlou & Fygenson, 2006; Weijters, 
Rangarajan, Falk, & Schillewaert, 2007) and m-services by a total of eight studies 
(i.e., Bouwman, Carlsson, Molina-Castillo, & Walden, 2007; Hung, Ku, & Chang, 
2003; Kleijnen, de Ruyter, & Wetzels, 2004b; Nysveen, Pedersen, & Thornbjørnsen, 
2005b, 2005c; Pagani, 2004; Pedersen, 2005; Schierz, Schilke, & Wirtz, 2010; 
Wessels & Drennan, 2010). In line with the TRA, TAM and TPB, the research 
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reviewed generally demonstrates that the more positive consumers’ attitude toward 
the TBSS, the higher their intention to use and actual adoption of the TBSS (e.g., 
Curran et al., 2003; Dabholkar & Bagozzi, 2002; Wessels & Drennan, 2010). Several 
studies also incorporate the effects of individual and service characteristics into this 
attitudinal approach (refer to Table 2 and Table 3); however, only the characteristics 
most frequently shown to influence consumer acceptance and adoption of TBSSs 
and m-services are described in the following sections. 
 
Key determinants of the consumer adoption of TBSS. Six studies showed that 
consumers’ need for interaction with service personnel is a significant determinant of 
their acceptance and adoption of TBSSs (refer to Table 2) (Berger, 2009; Dabholkar, 
1996; Dabholkar & Bagozzi, 2002; Oh, Jeong, & Baloglu, 2011; Meuter et al., 2005; 
Wang, Harris, & Patterson, 2012). Need for interaction represents the importance of 
human interaction to the consumer in service encounters (Dabholkar, 1996; 
Dabhokar & Bagozzi, 2002). It is shown to negatively influence consumers’ attitude 
toward and acceptance of TBSS (e.g., Berger, 2009; Dabholkar & Bagozzi, 2002; 
Meuter et al., 2005). This is consistent with research showing some consumers avoid 
TBSSs because they value interpersonal interaction and relationships in the service 
experience (Meuter, Ostrom, Roundtree, & Bitner, 2000). 
 
In additional to individual characteristics, other studies include the influence of 
service and/or technology attributes on consumers’ acceptance and adoption of 
TBSSs. Six studies showed perceived control, closely related to perceived 
behavioural control in the TPB, is a driver of consumers’ acceptance of TBSSs (refer 
to Table 2) (Collier & Sherrell, 2010; Dabholkar, 1996; Dabholkar & Sheng, 2009; 
Lee & Allaway, 2002; Pavlou & Fygenson, 2006; Wang et al., 2012). Within a 
TBSS context, control refers to consumers’ ability to dictate the pace, nature and 
level of interaction of the service encounter (Collier & Sherrell, 2010). Some of the 
earliest research on TBSS adoption shows consumers select self-service options to 
feel in control (Bateson, 1985; Langeard, Bateson, Lovelock, & Eiglier, 1981) and 
this is confirmed by recent research (Collier & Sherrell, 2010; Dabholkar & Sheng, 
2009; Lee & Allaway, 2002). 
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Another important driver of consumers’ acceptance of TBSSs is the fun/enjoyment 
derived from using the TBSS. Five studies showed that consumers are more likely to 
use a TBSS if they suppose it enjoyable (refer to Table 2) (Dabholkar, 1996; 
Dabholkar & Bagozzi, 2002; Ha & Stoel, 2008; Wang et al., 2012; Weijters et al., 
2007). Enjoyment is thought to stem intrinsically from interacting with TBSS 
through the novelty factor of such options (Dabholkar, 1996), although consumers 
may also derive enjoyment from the ability to produce and consume the service 
flexibly (Dabholkar, Bobbitt, & Lee, 2003). 
 
In contrast to the aforementioned drivers, perceived risk, the consumer’s assessment 
of the likelihood of suffering a loss as a result of using TBSS (Pavlou, 2003), was 
found to be a key inhibitor of TBSS adoption by five studies (refer to Table 2) 
(Curran & Meuter, 2005; Lee & Allaway; Meuter et al., 2005; Pavlou, 2003; Wang 
et al., 2012). This is because consumers attempt to minimise loss and therefore, view 
services with high perceived risk less favourably. The loss could be financial, social, 
psychological and/or time related (Curran & Meuter, 2005). Higher levels of 
perceived risk, relative to interpersonal services, are argued to stem from the distant 
and impersonal nature of TBSS (Pavlou, 2003).  
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Table 2. Summary of Determinants of Consumer Acceptance of Technology-Based Self-Services 
Determinants of TBSS 
Acceptance Total 
Dabholkar 
(1996) 
Lee & 
Allaway 
(2002) 
Dabholkar 
& Bagozzi 
(2002) 
Pavlou 
(2003) 
Curran 
et al. 
(2003) 
Meuter 
et al. 
(2003) 
Curran 
& 
Meuter 
(2005) 
Meuter 
et al. 
(2005) 
Pavlou & 
Fygenson 
(2006) 
Liljander 
et al. 
(2006) 
Weijters 
et al. 
(2007) 
Lin & 
Hsieh 
(2007) 
Ha & 
Stoel 
(2008) 
van 
Beuningen et 
al. (2009) 
Dabholkar 
& Sheng 
(2009) 
Berger 
(2009) 
Collier & 
Sherrell 
(2010) 
Oh et 
al. 
(2011) 
Xue et 
al. 
(2011) 
Wang 
et al. 
(2012) 
Attitude toward TBSS 11 1  1 1 1  1  1 1 1  1  1 1     
service employees 1     1                
technologies 1     1                
Ease of use 9 1  1 1   1  1  1  0   1  1  1 
Usefulness 8    1   1  1  1  1   1  1  1 
Need for Interaction  6 1  1    0 1        1  1  1 
Perceived Value 2  1            1       
Performance 3   1           1       
Fun/Enjoyment 5 1  1        1  1       1 
Self-efficacy  3   1      1     1       
Inherent Novelty Seeking 1   1                  
Self Consciousness 1   1                  
Perceived/expected time 
cost 4 0  1            1  1   1 
Social Anxiety  1   1                  
Technology Anxiety 3      1  1            1 
Support 1                     
Accuracy 1                     
Recovery from Error 1                     
Convenience 1                 1    
Control/Controllability  6 1 1       1      1  1   1 
Trust 4    1     1    1    1    
Technology Readiness 4          1  1    1    1 
 Innovativeness 2          0  1    1     
 Insecurity 1          0  1         
 Discomfort 1          0  1         
 Optimism  2          1  1    0     
Outcome Desirability  1  1                   
Customer Co-Production 
Efficiency 1                   1  
Branch Density  0                   0  
Service Demand 0                   0  
Channel 
Access/Penetration 1                   1  
Customer Relationship 
Characteristics 1                1     
Expected Reliability  1 0          1          
Demographics 4      1  1   1    1      
Expected Service Quality  2 1            1        
Consumer Readiness 1        1             
Role Clarity 1        1             
Motivation  1        1             
Ability 1        1             
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Table 2. Summary of Determinants of Consumer Acceptance of Technology-Based Self-Services Continued... 
Note. Total = Total number of studies which found the specified determinant significantly influenced consumers’ acceptance of technology-based self-services; 1 = Specified determinant 
significantly influenced consumer acceptance at the p < .05 level; 0 = Specified determinant did not significantly influence consumer acceptance at the p > .05 level 
 
Determinants of TBSS 
Acceptance Total 
Dabholkar 
(1996) 
Lee & 
Allaway 
(2002) 
Dabholkar 
& Bagozzi 
(2002) 
Pavlou 
(2003) 
Curran 
et al. 
(2003) 
Meuter 
et al. 
(2003) 
Curran 
& 
Meuter 
(2005) 
Meuter 
et al. 
(2005) 
Pavlou & 
Fygenson 
(2006) 
Liljander 
et al. 
(2006) 
Weijters 
et al. 
(2007) 
Lin & 
Hsieh 
(2007) 
Ha & 
Stoel 
(2008) 
van 
Beuningen et 
al. (2009) 
Dabholkar 
& Sheng 
(2009) 
Berger 
(2009) 
Collier & 
Sherrell 
(2010) 
Oh et 
al. 
(2011) 
Xue et 
al. 
(2011) 
Wang 
et al. 
(2012) 
Innovation 
Characteristics 1        1             
 Compatibility  1        1             
 Relative Advantage 1        1             
 Complexity 2        1            1 
 Observability  1        1             
 Trialability  1        1             
 Perceived Risk  5  1  1   1 1            1 
Inertia  2        1            1 
Previous Experience  3    1    1            1 
Newness 1           1          
Role Engagement 1              1       
Credibility      1          1       
Argument Quality  1              1       
Companion Influence 1                    1 
Satisfaction  2    1        1         
Monetary Resources 1         1            
Perceived Behavioural 
Control  1         1            
Privacy  1         0         1   
Autonomy  1                  1   
Effectiveness 1                  1   
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Key determinants of consumer adoption of mobile services. Although m-services adoption 
research is still relatively sparse compared to general TBSS adoption research (Kang, Lee, & 
Lee, 2012; Park, Snell, Ha, & Chung, 2011), existing studies generally employ the TAM 
(refer to Table 3). The TAM (refer to Figure 3) is an adaption of the TRA to a technology 
acceptance context which specifies two key beliefs, perceived usefulness and perceived ease 
of use, as determinants of the attitude toward and acceptance of technology (Davis et al., 
1989). Fifteen studies showed that the perceived usefulness of m-services drive consumers’ 
attitude toward and acceptance of these services (refer to Table 3) (Chung & Kwon, 2009; 
Hung et al., 2003; Kim, Mirusmonov, & Lee, 2010; Kleijnen et al., 2004b; Lu, Yao, & Yu, 
2005; Luo, Li, Zhang, & Shim, 2010; Mallat, Rossi, Tuunainen, & Oomi, 2009; Nysveen et 
al., 2005b, 2005c; Pagani, 2004; Pedersen, 2005; Schierz et al., 2010; Wang, Lin, & Luarn, 
2006; Wu & Wang, 2005; Wessels & Drennan, 2010; Zhou, 2011). Eleven studies showed 
that the perceived ease of use of m-services drive consumers’ attitude toward and acceptance 
of these services (refer to Table 3) (Chung & Kwon, 2009; Hung et al., 2003; Kim et al., 
2010; Lu et al., 2005; Mallat et al., 2009; Pagani, 2004; Pedersen, 2005; Nysveen et al., 
2005b, 2005c; Schierz et al., 2010; Wang et al., 2006; Wu & Wang, 2005). The literature also 
integrates other determinants into the TAM to improve its explanatory power, with those 
most frequently shown to influence consumers’ acceptance and adoption described next.  
 
Six studies showed subjective norms, drawn from the TRA, are a key determinant of 
consumers’ acceptance of m-services (refer to Table 3) (e.g., Hung et al., 2003; Kleijnen et 
al., 2004b; Lu et al., 2005; Nysveen et al., 2005b, 2005c; Pedersen, 2005; Schierz et al., 
2010). Interestingly, subjective norms are important in determining the consumer acceptance 
of both person-interactive mobile services and machine-interactive services (Nysveen et al., 
2005b). This finding is unexpected since machine-interactive services are anonymous and 
non-public, in contrast to the public social contexts where individuals typically adhere to 
social norms (Ratner & Kahn, 2002).  
 
Moreover, five studies showed perceived behavioural control, drawn from the TPB, is an 
individual characteristic which positively influences consumers’ acceptance of m-services 
(refer to Table 3) (e.g., Hung et al., 2003; Kleijnen, de Ruyter, & Wetzels, 2007; Nysveen et 
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al., 2005b, 2005c; Pederson, 2005). In an m-services context, perceived behavioural control 
depends on consumers’ evaluation of their resources, facilitating conditions such as low cost, 
and experience and skill in using the m-service (Pedersen, 2005).  
 
Last, six studies showed that the extent to which m-services were perceived to be compatible 
with consumers’ lifestyles positively influenced acceptance of m-services (refer to Table 3) 
(Chung & Kwon, 2009; Kleijnen, Wetzels, & de Ruyter, 2004a; Lee, Lee, & Eastwood, 2003; 
Schierz et al., 2010; Wessels & Drennan, 2010; Wu & Wang, 2005). Compatibility, from 
Innovation Diffusion Theory (IDT), is the degree to which consumers perceive innovations to 
be consistent with their needs, values, past experiences, and routines (Rogers, 1962). It is 
conceptualised in an m-service context as “how well consumers believe mobile services can 
be integrated in their daily routine” (Kleijnen et al., 2004b, p. 5).  
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Table 3. Summary of Determinants of Consumer Acceptance of Mobile Services 
Determinants of M-
Services Acceptance Total 
Hung et 
al. (2003) 
Lee et al. 
(2003) 
Kleijnen 
et al. 
(2004a) 
Kleijnen 
et al. 
(2004b) 
Pagani, 
(2004) 
Nysveen 
et al., 
(2005b, 
2005c) 
Wu & 
Wang 
(2005) 
Pedersen 
(2005) 
Lu et al. 
(2005) 
Wang et 
al. (2006) 
Kleijnen 
et al. 
(2007) 
Bouwman 
et al., 
(2007) 
Chung & 
Kwon 
(2009) 
Mallat et 
al. (2009) 
Schierz et 
al. (2010) 
Luo et al. 
(2010) 
Kim et al. 
(2010) 
Wessels & 
Drennan 
(2010) 
Zhou 
(2011) 
Attitude Toward TBSS 9 1   1 1 1  1    1   1   1  
 Positive Attitude  1            1        
 Negative Attitude 1            1        
Ease of Use 11 1   0 1 1 1 1 1 1   1 1 1  1 0  
Usefulness 15 1   1 1 1 1 1 1 1   1 1 1 1 1 1 1 
Subjective Norm 6 1   1  1  1 1      1     
 Interpersonal 2 1       1            
 External 1 0       1            
Expressiveness 1      1              
Enjoyment 1      1              
Perceived Behavioural 
Control 5 1   0  1  1   1         
Self-efficacy 4 1       1  1      1    
Facilitating Conditions 2 0       1     1       
Entertainment 1            1        
Perceived Flexibility 1            1        
Price/Cost 4 0    1  1   1        1  
Speed of Use 3 1    1      1         
Network Externalities 0                    
Personal Innovativeness 2 1        1           
Perceived Security 2            1   1     
Perceived Privacy 0                    
Trust Propensity 2                1   1 
Trust 1                0   1 
Perceived Credibility            1          
Mobile Experience 2             1    1   
Perceived Risk 6  1 1    1    1     1  1  
 Financial 2  1          1        
 Performance 1  1                  
 Psychological 2  1          1        
 Physical  1  1                  
 Time 2  1          1        
 Social  1  1                  
Convenience 1                 1   
Mobility 3              1 1  1   
Reachability  1                 1   
Image 0                    
Promotion 0                    
Use Context 1              1      
Satisfaction 1 1                   
Innovation Attributes 1  1                  
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Table 3. Summary of Determinants of Consumer Acceptance of Mobile Services Continued... 
Determinants of M-
Services Acceptance Total 
Hung et 
al. (2003) 
Lee et al. 
(2003) 
Kleijnen 
et al. 
(2004a) 
Kleijnen 
et al. 
(2004b) 
Pagani, 
(2004) 
Nysveen 
et al., 
(2005b, 
2005c) 
Wu & 
Wang 
(2005) 
Pedersen 
(2005) 
Lu et al. 
(2005) 
Wang et 
al. (2006) 
Kleijnen 
et al. 
(2007) 
Bouwman 
et al., 
(2007) 
Chung & 
Kwon 
(2009) 
Mallet et 
al. (2009) 
Schierz et 
al. (2010) 
Luo et al. 
(2010) 
Kim et al. 
(2010) 
Wessels & 
Drennan 
(2010) 
Zhou 
(2011) 
 Relative Advantage 1  1                
 
 
 Compatibility 6  1 1    1    0  1  1  0 
1 
 
 Trialability  1  1                
 
 
 Observability 1  1                
 
 
 Complexity 2  1 1               
 
 
Previous Experience  1  1                
 
 
Demographics 1      1            
 
 
Self Control  1        1          
 
 
Structural Assurance 1                1  
 
 
Perceived Systems Quality 1    1              
 
 
Perceived Value  1           1       
 
 
Cognitive Effort            1       
 
 
Need for Interaction                   
0 
 
Note. Total = Total number of studies which found the specified determinant significantly influenced consumers’ acceptance of mobile services; 1 = Specified determinant significantly influenced 
consumer acceptance at the p < .05 level; 0 = Specified determinant did not significantly influence consumer acceptance at the p > .05 level 
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2.3.3 Attitudinal theory and consumers’ sustained use of technology-based self-
services 
 
Significantly more research examines consumers’ initial acceptance and adoption of 
TBSSs compared to sustained use of TBSSs (Bhattacherjee & Premkumar, 2004) and 
m-services (Park et al., 2011). However, this field is growing, with three dominant 
approaches evident in the literature: customer satisfaction (e.g., Meuter et al., 2000), 
expectancy disconfirmation theory (e.g., Bhattacherjee, 2001; Kang, Hong, & Lee, 
2009; Liao, Chen, & Yen, 2007) and attitudinal theory (e.g., Hsu et al., 2006; Lin, 
Cheng, & Fang, 2011). In terms of m-services, studies primarily examine the impact 
of perceived value (e.g., Kang et al., 2012; Kuo, Wu, & Deng, 2009; Lin & Wang, 
2006; Philstrom & Brush, 2008) or customer satisfaction (e.g., Lin & Wang, 2006; 
Park et al., 2011; Zhao, Lu, Zhang, & Chau, 2012) on consumers’ sustained use of 
m-services. Although many behavioural antecedents are identified by these 
approaches (refer to Table 4 and Table 5), only those frequently shown to influence 
consumers’ sustained use of TBSSs are described below.  
 
Key determinants of consumers’ sustained use of TBSS. Consistent with 
attitudinal theory, attitude is shown to influence consumers’ service continuance 
intentions by three studies (refer to Table 4) (Hsu et al., 2006; Lee, 2010; Lin et al., 
2011). That is, consumers’ post-use attitude toward the TBSS influences their 
continuance intentions, where post-use attitude is shaped by cognitive beliefs such as 
perceived usefulness and perceived ease of use as specified by the TAM. Subjective 
norms and perceived behavioural control, from the TPB, were also shown to 
significantly influence consumers’ continuance intentions by four studies (refer to 
Table 4) (Chen, Chen, & Chen, 2009; Hsu et al., 2006; Lee, 2010; Liao et al., 2007). 
 
Some studies integrate traditional attitudinal models, such as TAM and TPB, with 
models of customer satisfaction to explain consumers’ sustained use of TBSSs. 
Namely, Bhattacherjee (2001) incorporates perceived usefulness, from the TAM, 
with Expectation Disconfirmation Theory. The study shows consumers’ sustained 
use of a TBSS is determined by their satisfaction with the TBSS, which is influenced 
by the confirmation/disconfirmation of their expectations about its usefulness as a 
result of actually using the TBSS. This result is confirmed by Eriksson and Nilsson 
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(2007), whilst Lee (2010) and Liao et al. (2007) extend Bhattacherjee’s (2001) model 
with the TAM’s other core cognitive belief, perceived ease of use.  
 
Key determinants of consumers’ sustained use of mobile services. Four studies 
show that higher perceived value, including monetary, convenience, emotional or 
social value, leads to greater continuance intentions (refer to Table 5) (Kang et al., 
2012; Kuo et al., 2009; Lin & Wang, 2006; Philstrom & Brush, 2008). Also, similar 
to studies examining consumers’ service continuance intentions toward TBSSs in 
general, studies show consumers’ satisfaction with an m-service positively influences 
their service continuance intentions (Lin & Wang, 2006; Zhao et al., 2012) and their 
interest in future m-services (Park et al., 2011). 
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Table 4. Summary of the Determinants of Consumers' Sustained Use of Technology-Based Self-Services 
Determinants of the Sustained 
Use of TBSS Total 
Bhattacherjee 
(2001) 
Koufaris 
(2002) 
Anderson & 
Srinivasan 
(2003) 
Hsu et al. 
(2006) 
Liao et al. 
(2007) 
Eriksson & 
Nilsson 
(2007) 
Ho & Ko 
(2008) 
Hu et al., 
(2008) 
Chiu et al. 
(2009) 
Chen, Chen 
& Chen 
(2009) 
Chen & 
Chen 
(2009) 
Collier & 
Sherrell 
(2010) 
Lee (2010) 
Liu & 
Forsythe 
(2010) 
Lin et al. 
(2011) 
Attitude 3    1         1  1 
Ease of use 6  0   1  1 1  1   1  1 
Usefulness 9 1 1   1 1 1 1  1   1  1 
Costs saved 1       1         
Self-control 2       1     1    
Customer Readiness 3       1   1 1     
Customer Value  3   1    1     1    
Customer Satisfaction 11 1  1 1 1 1   1 1 1 1 1  1 
Convenience 3   1     1    1    
Trust 3   1      1   1    
Speed 1            1    
Exploration  1            1    
Security  1        1        
Service Quality  1        1        
Previous Experience/Inertia 2   1           1  
Product Risk 1              1  
Innovation Attributes 1              1  
 Relative Advantage 1              1  
 Enjoyment 3  1           1 1  
 Channel Risk 1              1  
Regret 0                
Self-Image Congruity  0                
Subjective Norm 4    1 1     1   1   
Perceived Behavioural Control 5  1  1 1     1   1   
Confirmation/Disconfirmation 4 1   1 1        1   
Concentration  2  1           1   
Purchase Size 1   1             
Note. Total = Total number of studies which found the specified determinant significantly influenced consumers’ sustained use of technology-based self-services; 1 = Specified determinant 
significantly influenced consumers’ service continuance intentions at the p < .05 level; 0 = Specified determinant did not significantly influence consumers’ service continuance intentions at the 
p > .05 level 
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Table 5. Summary of Determinants of Consumers' Sustained Use of Mobile Services 
 
Note. Total = Total number of studies which found the specified determinant significantly influenced consumers’ sustained use of mobile services; 1 = Specified determinant significantly 
influenced consumers’ service continuance intentions at the p < .05 level; 0 = Specified determinant did not significantly influence consumers’ service continuance intentions at the p > .05 level 
 
 
 
Determinants of the Sustained Use 
of M-Services Total 
Lin & 
Wang 
(2006) 
Cyr et al. 
(2006) 
Philstrom 
& Brush 
(2008) 
Kuo et al. 
(2009) 
Park et al. 
(2011) 
Zhao et al. 
(2012) 
Kang et al. 
(2012) 
Perceived Value 4 1  1 1   1 
Monetary Value 1   1     
Emotional Value 1   1     
Convenience Value 1   1     
Utilitarian Value 1     1   
Hedonic Value 1     1   
Trust 1 1       
Customer Satisfaction 3 1    1 1  
Habit 1 1       
Design Aesthetics 2  1     1 
Ease of Use 1  1      
Usefulness 1  1      
Enjoyment  1  1      
Service Quality 2    1  1  
 Interaction Quality 1      1  
 Environment Quality 1      1  
 Outcome Quality 1      1  
Customer Satisfaction  1    1    
Perceive usability  1       1 
Channel Preference 1       1 
Costs 1       1 
Functional Coverage 1       1 
Justice 1      1  
 Interactional Justice 1      1  
 Procedural Justice 1      1  
 Distributive Justice 1      1  
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 2.4 Evaluation of Current Understanding of Consumers’ 
Behavioural Responses toward Technology-Based Service Products  
 
The review of commercial marketing research presented in Section 2.3 reveals that 
attitudinal theory, specifically the TRA, TAM and TPB, is principally employed to 
explain and predict consumer adoption and sustained use of TBSSs, including m-
services. This supports using attitudinal theory to understand and explain consumer 
adoption and sustained use of technology-based service products, such as mHealth 
services, instrumental to achieving societal goals. However, as highlighted 
previously, it is the position of this thesis that relevant theory, which has been 
critically-evaluated, should underpin social marketing research and practice. 
Consequently, the following section, Section 2.4.1, briefly outlines the key attitudinal 
theories employed by the literature and then Section 2.4.2 presents a critical 
evaluation of these theories’ capacity to adequately explain consumer adoption and 
sustained use of TBSSs, particularly the mHealth services forming the focus of this 
thesis.  
 
2.4.1 Attitudinal theories underpinning current understanding of consumers’ 
behavioural responses toward technology-based self-services  
 
Theory of Reasoned Action. The basis of most subsequent attitudinal theory is 
Fishbein and Ajzen’s (1975) TRA (refer to Figure 2), which specifies the 
determinants of consciously intended behaviours. Research shows the TRA 
successfully predicts voluntary behaviour based on the behavioural intention of the 
individual (see Sheppard, Hartwick, & Warsaw, 1988). Behavioural intentions 
“capture the motivational factors that influence a behaviour; they are indicators of 
how hard people are willing to try, of how much effort they are planning to exert, in 
order to perform the behaviour” (Ajzen, 1991, p. 181). In turn, behavioural intention 
is jointly determined by attitude and subjective norms (Fishbein & Ajzen, 1975). The 
TRA proposes that the more positive the attitude and subjective norms toward the 
behaviour, the stronger an individual’s intention to perform the behaviour and 
consequently, the more likely the behaviour will actually be performed. 
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Attitude is a tendency to evaluate or appraise a behaviour favourably or unfavourably 
(Ajzen, 1991). Subjective norms, as conceptualised by the TRA and subsequent 
attitudinal theories, are based on the individual’s perception of whether important 
reference groups support or reject the behaviour (Ajzen, 1991). This 
conceptualisation is aligned with that of injunctive norms, which involve perceptions 
of “what constitutes morally approved or disapproved conduct” (Cialdini, Reno & 
Kallgren, 1990, p. 1015) as opposed to descriptive norms, which involve perceptions 
of “what is commonly done in a given situation” (Schultz, Nolan, Cialdini, 
Goldstein, & Griskevicius, 2007, p. 430).  
 
Figure 2. Theory of Reasoned Action (Fishbein & Ajzen, 1975) 
 
 
 
 
 
 
Technology Acceptance Model. The TAM (refer to Figure 3) was developed with 
the purpose of explaining why individuals accept or reject information technology 
(Davis et al., 1989). It uses the TRA as a theoretical basis for specifying positive 
causal linkages between two key beliefs, perceived usefulness and perceived ease of 
use, and individuals’ intention to use and subsequent adoption of technology (Davis 
et al., 1989). Perceived usefulness is defined by Davis et al. (1989) as the “subjective 
probability that using technology will increase the individual’s performance” (p. 
320). It is determined partly by external variables such as the structure and features 
of the system or technology, as well as perceived ease of use. Perceived ease of use 
is defined as the “degree to which the user expects the target system to be free of 
effort” (Davis et al., 1989, p. 985). The TAM has received extensive empirical 
support (see Lederer, Maupin, Sena, & Zhuang, 2000; Mathieson, 1991; Venkatesh, 
2000).  
  
Beliefs about 
consequences of 
behaviour X 
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concerning 
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beliefs about 
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Intention to 
perform 
behaviour X 
Performance of 
behaviour X 
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Figure 3. Technology Acceptance Model (Davis et al., 1989) 
 
 
 
 
 
 
Theory of Planned Behaviour. The TPB (refer to Figure 4) extends the TRA by 
taking into account the effects of individuals’ perceived behavioural control, in 
addition to attitude and subjective norms, on behaviour not under their complete 
volitional control (Ajzen, 1991). Perceived behavioural control refers to “peoples’ 
perception of the ease or difficulty of performing the behaviour of interest” (Ajzen, 
1991, p.183). It reflects individuals’ belief regarding their access to resources and 
opportunities needed to perform a behaviour (Taylor & Todd, 1995). Perceived 
behavioural control is proposed to influence behaviour indirectly through the 
intention to perform the behaviour and directly to the extent that it gives an accurate 
picture of actual control (Taylor, 2007). However, the relative importance of 
perceived behavioural control in the prediction of behaviour is expected to vary 
(Ajzen, 1991). Specifically, in situations of complete control over the performance of 
the behaviour, intentions alone should be sufficient to predict behaviour (as specified 
by the TRA). However, in situations of lower volitional control, perceived 
behavioural control will positively influence the intention to perform, and actual 
performance of, the behaviour.  
 
Figure 4. Theory of Planned Behaviour (Ajzen, 1991) 
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2.4.2 Limitations of the attitudinal theories underpinning current 
understanding of consumers’ behavioural responses to technology-based self-
services  
 
A key limitation of the TRA is that the target behaviour under examination must be 
under the complete volitional control of the individual (Sheppard et al., 1988). 
Behaviours influenced by external factors, such as behaviours which require 
resources, skills or the cooperation of others, do not meet this requirement. Broadly, 
this suggests that the TRA may not adequately explain social marketing behaviours, 
which are, as previously highlighted, typically influenced by external factors beyond 
the control of the individual (e.g., Collins et al., 2010; Hastings et al., 2000). More 
specifically, it is argued that the TRA is unsuited to explaining consumers’ use of 
technology-based service products since these services demand consumers learn new 
knowledge and behaviours for the purpose of independently producing said services 
through technological platforms (Lee & Allaway, 2002; Meuter et al., 2005; van 
Beuningen et al., 2009). This limitation is especially pertinent in the case of mHealth 
services as health services are quintessential professional services which require 
specialised knowledge to produce (Ostrom & Iacobucci, 1995).  
 
Moreover, whilst parsimony is one of the TAM’s strengths, it is also its primary 
weakness as it limits the model’s usefulness in the examination of complex 
technologies (Bagozzi, 2007; Legris, Ingham & Collerette, 2003; Mathieson, 1991; 
Venkatesh & Davis, 2000). It incorporates only two definitive determinants of 
consumers’ behavioural responses toward technology, perceived usefulness and 
perceived ease of use. The TAM is therefore unlikely to adequately explain 
consumers’ use of complex technology-based service products such as mHealth 
services. It does not, for instance, consider the effects of social variables such as the 
subjective norms of friends, family and important others (Bagozzi, 2007; Mathieson, 
1991). This is important as extant research shows, as previously highlighted, 
subjective norms is a key determinant of consumers’ use of m-services (e.g., Hung et 
al., 2003; Kleijnen et al., 2004a; Nysveen et al., 2005b; Schierz et al., 2010).  
 
The TPB addresses the two aforementioned limitations of the TRA and the TAM by 
taking into account the effects of an individual’s perceived behavioural control, in 
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addition to attitude and subjective norm, on their behavioural intentions toward, and 
performance of, the target behaviour (Ajzen, 1991). Two meta-analyses, of 185 and 
76 studies respectively, found the TPB explains an average of 39% and 41% of 
behavioural intention and 29% and 34% of actual performance of behaviour 
(Armitage & Conner, 2001; Godin & Kok, 1996). Nevertheless, the TPB possesses 
three key limitations that need to be considered and evaluated, particularly in relation 
to this research.  
 
First, the TPB distinguishes between goal intention and behavioural intention and 
deals exclusively with the latter (Abraham & Sheeran, 2003; Sheppard et al., 1988). 
The focus of attitudinal theory in general is restricted to specific target behaviours in 
isolation from the broader motivations which justify their enactment (Perugini & 
Conner, 2000). In other words, these models treat behaviour as the terminal goal and 
fail to consider that many actions are undertaken for the purpose of personal goal 
attainment (Bagozzi, 2007). This is a notable shortcoming with respect to this 
research since consumers’ use of technology-based service products is goal-directed 
(e.g., improved efficiency) (Bagozzi, 2007). Consumers’ adoption and sustained use 
of mHealth services in particular, such as those aimed at supporting smoking 
cessation (see Abroms et al., 2012) or improved mental health (see Harrison et al., 
2011), is likely to be goal-directed. In fact, these behaviours are cited as examples of 
goal-directed behaviours (i.e., coping with stress and reducing smoking), in addition 
to other social marketing behaviours such as exercising and eating healthily (Taylor, 
Bagozzi, & Gaither, 2005).  
 
Second, along with the TRA and the TAM, the TPB recognises only cognitive 
determinants of behaviour through variables such as belief, attitude and intentions 
(Abraham & Sheeran, 2003; Perugini & Bagozzi, 2001; Perugini & Conner, 2000). 
This is another notable shortcoming given the role of emotions is purported to be 
underestimated in current research examining consumers’ behavioural responses 
toward technology-based service products (Bagozzi, 2007). That is, emotions are 
considered instances of attitudes and thus, their effects are not measured beyond 
traditional measures of attitude (Venkatesh et al., 2003). Moreover, it is contended 
that the consumer adoption and sustained use of mHealth services in particular is 
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likely to be influenced by emotions given individuals’ experience of health or ill-
health is partly determined by emotion (Strumberg, 2009).  
 
Last, along with the TRA and the TAM, the TPB does not take into account the 
effects of habitual processes, indicated by the recency and frequency of past 
performance of the behaviour, on sustained performance of behaviour (Perugini & 
Bagozzi, 2001). This is an important limitation given habit is a key determinant of 
the continued performance of established behaviours (e.g., Donovan, 2012). In 
particular, it is an important gap in relation to this research given many behaviours 
targeted by social marketing, including health behaviours such as using mHealth 
services, need to be repeated over time to deliver benefit to the individual and society 
(Andreasen, 2003, 2004) as previously highlighted.  
 
To summarise, although the TRA, TAM and TPB are valuable, for the purpose of 
this research, their sufficiency is uncertain. It is unlikely that these models will 
adequately explain consumers’ behavioural responses toward mHealth services. An 
alternative theoretical approach, which accounts for the effects of goal-related, 
emotional and habitual processes, is therefore warranted. This is supported by the 
call for alternative theoretical approaches to examining consumers’ behavioural 
responses toward technology products in the commercial marketing literature 
(Williams et al., 2009). Employing an alternative approach to the attitudinal models 
currently espoused by the commercial marketing literature is also supported by the 
argument that social marketing research should employ theory that specifies the most 
relevant determinants of behaviour, rather than maintain strict adherence to 
commercial marketing theory (Lefebvre, 2011). 
 
2.5 Proposing an Alternative Approach to Explaining Consumers’ 
Behavioural Responses to Technology-Based Service Products  
 
This section presents an alternative conceptual framework, the MGB, to the 
traditional attitudinal theories identified in the literature in Section 2.3 and evaluated 
in Section 2.4. To begin, Section 2.5.1 outlines how the MGB addresses the 
limitations of the attitudinal models which dominate current investigations of 
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consumers’ behavioural responses toward technology-based service products. Next, 
Section 2.5.2 presents the theoretical underpinnings of the MGB. Last, the key 
shortcomings of the MGB, particularly with respect to explaining the consumer 
adoption and sustained use of technology-based service products, are delineated in 
Section 2.5.3.  
 
2.5.1 Addressing the limitations of previous attitudinal approaches: Model of 
Goal-Directed Behaviour 
 
The Model of Goal-Directed Behaviour (MGB) (Perugini & Bagozzi, 2001) is 
proposed as an alternative conceptual framework for understanding and explaining 
consumers’ adoption and sustained use of technology-based service products, 
particularly mHealth services, given its theoretical and empirical advantages over the 
TRA, TAM and TPB. Taylor (2007) argues that the MGB represents a significant 
step forward in attitudinal models in that it broadens and deepens understanding of 
the determinants of target behaviour by accounting for the effects of desires, 
anticipated emotions and past behaviour. From a theoretical point of view, these 
constructs represent goal-related, emotional and habitual influences on behaviour and 
address the limitations of the TRA, TAM and TPB outlined previously in Section 
2.4.2 Limitations of the attitudinal theories underpinning current understanding of 
consumers’ behavioural responses to technology-based self-services (Bagozzi, 2007; 
Perugini & Bagozzi, 2001).  
 
The MGB addresses the failure of the TRA, TAM and TPB to account for the impact 
of goals on the performance of goal-directed behaviours through its inclusion of goal 
anticipated emotions (refer to Section 2.5.2 for further information about goal 
anticipated emotions). This is important since, as previously mentioned in Section 
2.4.2, consumers’ use of mHealth services is likely to be goal-directed (see Taylor et 
al., 2005). Moreover, through its inclusion of goal anticipated emotions, the MGB 
also addresses the failure of the aforementioned attitudinal theories to account for the 
impact of emotions on consumers’ performance of behaviour. Again, this is 
important since, as previously mentioned in Section 2.4.2, consumers’ use of 
mHealth services is likely to be influenced by emotions given individuals’ 
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experience of health or ill-health is partly determined by emotion (Strumberg, 2009). 
Last, by including the effect of the recency and frequency of past behaviour (refer to 
Section 2.5.2 for further information about recency and frequency of past behaviour), 
the MGB recognises the impact of habit on the performance of future behaviour. 
This addresses another noteable limitation of the TRA, TAM and TPB since, as 
previously mentioned in Section 2.4.2, mHealth services need to be used repeatedly 
over time to deliver benefit to the individual and society (Andreasen, 2003, 2004). 
This provides theoretical support for employing the MGB as the conceptual 
framework for this research.  
 
Empirically, a number of studies show that the MGB accounts for significantly more 
variance in intentions and behaviour compared to the TPB (e.g., Leone, Perugini, & 
Ercolani, 2004; Perugini & Bagozzi, 2001; Perugini & Conner, 2000; Taylor, 2007). 
Perugini and Bagozzi (2004) compared the predictive power of the TPB and the 
MGB in a set of seven studies and found the TPB accounted for 32% of the variance 
in intention and 20% in behaviour, whereas the MGB accounted for 58% of the 
variance in intention and 26% in behaviour. Nevertheless, it is acknowledged that the 
explanatory superiority of the MGB relative to the TPB depends on the behaviours 
being investigated (Richetin et al., 2008). Perugini and Bagozzi (2001) argue that 
whilst the TPB may predict intentions for target behaviours that are performed as 
ends in and of themselves (e.g., exercising for kinaesthetic pleasure) at the same 
level as the MGB, the MGB will provide superior predictive and explanatory power 
when behaviours are means to end-state goals (e.g., exercising to achieve a weight 
loss goal). Given that consumers’ use of mHealth services is likely to be goal-
directed (see Taylor et al., 2005), employing the MGB as the conceptual framework 
for this research is argued to be empirically supported.  
 
2.5.2 Overview of the Model of Goal-Directed Behaviour 
 
The MGB (refer to Figure 5) is supported empirically across several behavioural 
domains, including participation in virtual communities, performing ecological 
behaviours, software learning, weight control, studying, visiting casinos and 
information search behaviours (Bagozzi & Dholakia, 2002; Carrus, Passafaro, & 
Bonnes, 2008; Leone et al., 2004; Perugini & Conner, 2000; Song, Lee, Norman & 
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Han, 2011; Taylor et al., 2005; Taylor, 2007). The MGB deepens the TPB by 
specifying desire as the direct impetus for the intention to perform behaviour. It also 
broadens the TPB by accounting for the effects of goal-anticipated emotions and the 
recency and frequency of past behaviour. The MGB thus extends the TPB by 
incorporating constructs from the theoretical areas of affect, motivation and 
automatic processes (Richetin, Perugini, Adjali, & Hurling, 2008). The following 
sections provide further explanation of the way in which these additional constructs 
operate to influence the performance of behaviour, beginning with behavioural 
desire.  
 
Figure 5. Model of Goal-Directed Behaviour (Perugini & Bagozzi, 2001) 
 
 
 
 
 
 
 
 
 
 
 
 
Behavioural desire. Bagozzi (1992) first suggested attitudes translate into desires 
(e.g. “I want to perform behaviour X”), which then develop into intentions to act 
(e.g., “I intend to perform behaviour X”), in turn directing action. Perugini and 
Bagozzi (2001) argue that although attitude, subjective norms and perceived 
behavioural control provide reasons for acting, they do not possess the explicit 
motivational content needed to induce an intention to act. This is contained within 
the “desire to act”. Behavioural desire is therefore defined as “a state of mind, 
whereby an agent has a personal motivation to perform an action” (Perugini & 
Bagozzi, p.71). The MGB supports this view by specifying desire as the most 
proximal determinant of behavioural intention, in contrast to previous attitudinal 
models which do not distinguish between these two constructs (Perugini & Bagozzi, 
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2004). Perugini and Bagozzi (2004) show desires are, as compared to intentions, less 
performable, less connected to actions and enacted over longer time frames.  
 
The MGB purports positive desire, stemming from appraisals of the target behaviour 
(i.e., attitude, subjective norms, perceived behavioural control) and its referent 
personal goal (i.e., anticipated negative and positive emotions), leads to the intention 
to perform the behaviour. This is supported empirically by the literature (e.g., 
Bagozzi & Dholakia, 2002; Perugini & Bagozzi, 2001; Perugini & Bagozzi, 2004). 
Leone et al. (2004) contend, however, that desire may not always mediate all of the 
effects of behavioural determinants on intention since intention may still be based on 
reasons and beliefs about the behaviour under some circumstances. For example, 
certain behaviours may be intended, not because they are desired, but because they 
are normatively appropriate. In this case, subjective norms may influence 
behavioural intentions directly as well as indirectly through behavioural desire. 
Consequently, it is likely that the structural characteristics of the MGB will differ 
across behaviours and behavioural domains (see Leone et al., 2004).  
 
Goal appraisal and anticipated emotions. It is postulated that purposive behaviours 
are mostly performed as means to achieving personal goals (Perugini & Bagozzi, 
2001; Richetin, Conner, & Perugini, 2011). These goals can vary from concrete 
goals, such as buying clothes, to higher level ends, such as the feeling of well-being 
acquired by wearing new clothes (Dijst, Farag, & Schwanen, 2008). Perugini and 
Bagozzi (2001) argue that behaviour can be better explained and predicted by 
integrating personal goals with the focus on behaviour offered by extant attitudinal 
models. Negative and positive anticipated emotions are conceptualised in the MGB 
with reference to personal goals, not the target behaviour as per the TRA, TAM or 
TPB constructs (Taylor et al., 2005). This is based on the premise that when 
deliberating action, individuals take into account the emotional consequences of goal 
achievement and goal failure, resulting in corresponding negative and positive 
anticipated emotions (Perugini & Bagozzi, 2001). Anticipated emotions entail the 
dynamic self regulatory process of both the prefactual appraisal of future states 
(success and failure) and the emotional evaluation of possible selves (Leone et al., 
2004). They form from an individual’s appraisal of how they would feel after 
achieving or failing to achieve a personal goal. Given this appraisal occurs prior to 
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the performance of the behaviour instrumental to goal pursuit, this thought process is 
analogous to counterfactual thinking (Perugini & Bagozzi, 2001); specifically, a 
form of counterfactual thinking that Gleicher et al. (1995) term ‘prefactual’ thinking.  
 
The MGB specifies positive anticipated emotions, derived from imagined goal 
attainment, and negative anticipated emotions, derived from imagined goal failure, 
positively influence the desire to perform the behaviour instrumental to goal pursuit 
(Perugini & Bagozzi, 2001). It does this on the basis that individuals are motivated to 
make behavioural choices that promote positive affect and avoid negative affect 
(Bagozzi & Dholakia, 2002; Leone et al., 2004). Consequently, based on the 
assumption that the target behaviour is perceived to be instrumental to accomplishing 
a personal goal, these anticipated emotions positively influence the individual’s 
desire and intention to perform the behaviour (Perugini & Bagozzi, 2001). The 
relative effect of positive and negative anticipated emotions, however, has varied 
across empirical studies of the MGB. For example, whilst some studies show only 
positive anticipated emotions (e.g., Bagozzi & Dholakia, 2002; Perugini & Bagozzi, 
2001, Study One) or negative anticipated emotions (Perugini & Bagozzi, 2001, Study 
Two) influence desire, there is also evidence for the significant impact of both types 
of anticipated emotions (e.g., Song et al., 2011; Taylor, 2007). 
 
Frequency and recency of behaviour. By including the effects of frequency and 
recency of past performance of the behaviour, the MGB acknowledges the role of 
automatic and habitual processes in decision making. It is proposed that frequency of 
past behaviour serves as a proxy for the effect of past habit on future behaviour 
(Leone et al., 2004; Perugini & Bagozzi, 2001). Frequency of past behaviour 
represents the performance of the behaviour within a relatively long lapse of time 
(Leone et al., 2004). The MGB also considers the recency of past behaviour, which 
concerns past performance of a behaviour over a short period of time, typically a few 
weeks or days (Leone et al., 2004). Both frequency and recency of behaviour 
positively influence the continued performance of a behaviour (Bagozzi & Dholakia, 
2002; Perugini & Bagozzi, 2001).  
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2.5.3 Limitations of the Model of Goal-Directed Behaviour 
 
Notwithstanding the theoretical and empirical advantages of the MGB, it is important 
to recognise its limitations. Of note, the MGB does not take into account the effects 
of goal desirability, the personal value individuals’ attach to a goal, or goal 
feasibility, the perceived ease or difficulty which with a goal can be achieved 
(Perugini & Conner, 2000). These constructs are purported to be central to 
explaining goal-directed behaviours and have been incorporated into the Extended 
Model of Goal-Directed Behaviour (EMGB) (Perugini & Conner, 2000). However, 
the EMGB has received only limited empirical validation (see Dijst et al., 2008; 
Richetin et al., 2008; Shiu, Hassan, Thompson, & Shaw, 2008). Further, of the 
studies which do examine the EMGB, some have omitted goal feasibility (i.e., Dijst 
et al., 2008), whilst others do not support its effect (i.e., Shiu et al., 2008). 
Consequently, the MGB was selected as the conceptual foundation of this thesis, 
rather than the EMGB, given it is more widely supported (e.g., Bagozzi & Dholakia, 
2002; Carrus et al., 2008; Leone et al., 2004; Perugini & Conner, 2000; Song et al., 
2011; Taylor et al., 2005; Taylor, 2007). 
 
It is also important to recognise the limitations of the MGB related to explaining 
consumers’ behavioural responses toward technology-based service products so that 
they may be addressed. There are two key limitations of the MGB which will be 
addressed by the research. First, Taylor (2007) identifies that the structural 
characteristics of the MGB, particularly with respect to anticipated emotions, vary 
across situations and circumstances, making it difficult to generalise the MGB across 
behavioural domains. This necessitates continued inquiry related to broadening and 
deepening the MGB to improve understanding of behavioural determinants across 
different domains (Taylor, 2007). Extending the explanatory scope of the MGB to 
include the consumer adoption and sustained use of technology-based service 
products and investigating broadening or deepening the model within this context is 
therefore warranted. This position is also consistent with the argument that formative 
research is typically necessary to identify all beliefs relevant to explaining the 
performance of target behaviours in social marketing and the call for future research 
to identify new (or abandoned) concepts that would enhance the predictability of 
attitudes, intentions and behaviours (Donovan, 2012).  
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Moreover, this thesis argues attitudinal theories in general, and the MGB in 
particular, are limited by the assumption that individuals’ intention to perform 
behaviour is formed in isolation from, and without consideration of, behavioural 
alternatives. Attitudinal research generally focuses only on the behaviour which 
underpins the study (Richetin et al., 2011). The proposition that most behaviour is 
not performed in the absence of behavioural alternatives is directly aligned with the 
concept of behavioural competition (Johnson et al., 2009; McDermott et al., 2005), 
which includes the behavioural alternatives the target audience prefers over the ones 
targeted (Kotler & Lee, 2008), in social marketing. It is also aligned with the 
literature’s recognition that consumers must choose between using interpersonal or 
related technology-based services (Meuter et al., 2003) and that their decision is 
more likely to be based on a comparative evaluation of available service delivery 
options than an absolute evaluation of a TBSS (Wang, Harris, & Patterson, 2012). 
Thus, this thesis contends that further research into the impact of accounting for the 
effect of behavioural competition in the MGB, particularly with regards to explaining 
consumers’ adoption and sustained use of technology-based service products, is 
warranted. 
 
2.6 Research Questions  
 
This section presents the research questions of this thesis. First, Section 2.6.1 draws 
from previous sections examining literature from the social marketing (Section 2.1 
and Section 2.2), commercial marketing (Section 2.3) and attitudinal theory (Section 
2.4 and Section 2.5) fields to summarise the key gaps identified across these three 
bodies of research in relation to consumers’ behavioural responses toward 
technology-based service products. Following this, Section 2.6.2 presents the 
research questions, designed to address the gaps identified in Section 2.6.1, which 
will be examined by this thesis.  
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2.6.1 Summary of key gaps in the literature 
 
GAP 1: Limited social marketing research examines the determinants of consumers’ 
maintenance, rather than adoption, of target behaviours instrumental to achieving 
societal goals. 
 
Section 2.1 identified a pervasive research bias in the social marketing literature 
toward examining the determinants of consumers’ adoption, rather than maintenance, 
of behaviours instrumental to societal goals (Andreasen, 2003, 2004). This is notable 
given social marketing behaviours typically require repeat performance over time for 
benefit to accrue to the individual and/or society (Bloom & Novelli, 1981; Hastings, 
2007; Rothschild, 1999). In social marketing’s primary domain of public health 
(Gordon, 2011), for instance, many health behaviours need to be repeated over time 
in order to be effective (e.g., sustained abstinence from smoking). Despite this, 
limited social marketing research examines the drivers of sustained healthy 
behaviour (Logie-Maclver et al., 2012). This is an important gap since it is generally 
more difficult to perform, and therefore facilitate, behaviours which need to be 
repeated over time (Evans, 2006; McKenzie-Mohr, 2000), highlighting the need for 
improved understanding of this type of target behaviour within social marketing.  
 
GAP 2: Limited social marketing research empirically examines the effect of 
behavioural competition on the performance of target behaviours instrumental to 
achieving societal goals. 
 
Section 2.1 also demonstrated that whilst social marketing literature provides 
conceptual understanding of behavioural competition (see Hastings, 2003; Peattie & 
Peattie, 2003), how behavioural competition operates at an individual level to inhibit 
consumers’ performance of target behaviour has yet to be explored. This is surprising 
given social marketing generally focuses on understanding the determinants of 
behaviour at the individual level (e.g., Collins et al., 2010). As it purported that 
removing or minimising behavioural competition is crucial to facilitating consumers’ 
performance of target behaviour in social marketing (e.g., Johnson et al., 2009), an 
incomplete understanding of how behavioural competition influences individuals’ 
performance of target behaviour represents a significant gap in the literature.  
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GAP 3: Limited social marketing research focuses on social marketing products that 
are not purely behavioural.  
 
Section 2.2 identified that the social marketing literature focuses largely on the 
determinants of consumers’ adoption of social marketing products that are purely 
behavioural. That is, target behaviours not contingent upon the adoption of physical 
goods and services, for example, moderate drinking or driving under the speed limit. 
Limited social marketing research investigates the determinants of consumers’ 
adoption of services, an important gap as this can constitute behaviour instrumental 
to achieving a societal goal. Within social marketing’s primary domain of public 
health (Gordon, 2011), in particular, the adoption and sustained use of preventative 
and curative health services is critical to improved individual and social welfare. For 
instance, influencing individuals suffering from mental illness to use a professional 
mental health service is considered central to improved welfare for this target 
audience (e.g., Phillipson et al., 2009).  
 
GAP 4: Limited social marketing research examines the determinants of consumers’ 
use of technology-based service products instrumental to achieving societal goals. 
 
Section 2.2 also highlighted the need to examine the determinants of consumers’ 
behavioural responses toward social marketing service products delivered via 
technology in particular given their efficacy, unique benefits and growing 
prevalence. There is growing support, for example, for the efficacy of mHealth 
services, which are health services delivered via mobile phone (Proudfoot, 2013). 
These services are also cost effective (Akter & Ray, 2011) and have broad reach 
given the proliferation of mobile phones (World Bank, 2012). Nevertheless, limited 
research explores the determinants of consumers’ use of these services from either a 
health (Whittaker, 2012) or social marketing perspective. This is important since 
consumers must use these technology-based service products for them to effectively 
deliver individual and societal benefit (Lefebvre, 2011). Consequently, Section 2.2 
established the focus of this thesis, which is to improve understanding of the 
determinants of consumers’ initial and sustained use of technology-based service 
products, mHealth services in particular, instrumental to achieving societal goals.  
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GAP 5: Traditional attitudinal models are limited in their capacity to explain 
consumers’ use of technology-based service products.  
 
Given social marketing employs theory to identify determinants of target behaviours 
(Evans, 2006), a review of commercial marketing literature investigating the 
determinants of consumers’ use of technology-based service products was 
undertaken in Section 2.3. It revealed this research predominantly employs 
attitudinal models, typically the TRA, TAM and TPB, to explain this behaviour (e.g., 
Curran & Meuter, 2005; Dabholkar & Bagozzi, 2002). However, a critical evaluation 
of these models in Section 2.4 showed they possess several shortcomings which limit 
their capacity to explain consumers’ use of technology-based service products, 
particularly mHealth services. Namely, they fail to account for the impact of personal 
goals on the performance of instrumental behaviours (Perugini & Bagozzi, 2001). 
Furthermore, they focus on cognitive determinants of behaviour (e.g., Abraham & 
Sheeran, 2003), neglecting the influence of emotion (Bagozzi, 2007). Last, they do 
not recognise the impact of habit, an important determinant of sustained performance 
of behaviour (Donovan, 2012). Consequently, Section 2.4 concluded an alternative 
approach to explaining consumers’ use of technology-based service products, and 
mHealth services in particular, is required. This is supported by both the health (see 
Riley et al., 2011) and TBSS literature (see Williams et al., 2009). 
 
GAP 6: While the MGB addresses the limitations of traditional attitudinal models, it 
fails to account for the impact of behavioural competition on behaviours such as the 
use of technology-based service products.  
 
Section 2.5 proposed the MGB as an alternative framework for explaining 
consumers’ use of technology-based service products given it addresses the 
aforementioned limitations of the TRA, TAM and TPB (Bagozzi, 2007; Perugini & 
Bagozzi, 2001). However, Section 2.5 also identified a key limitation of the MGB, 
and attitudinal theory in general, in that it focuses only on the behaviour which 
underpins the study (Richetin et al., 2011). In contrast, social marketing contends 
current and preferred behaviours of consumers are key competitive forces that act 
against the performance of target behaviours (Hastings, 2007; Noble & Basil, 2011). 
For instance, consumers must choose between continuing to use familiar 
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interpersonal services or alternatively, adopting their emerging technology-based 
counterparts (Meuter et al., 2003). Section 2.5 therefore established failing to account 
for the impact of behavioural competition on consumers’ use of technology-based 
service products as a key limitation of the MGB to be addressed by this research.  
 
2.6.2 Research questions 
 
The overall research question (ORQ) of this thesis is:  
  
What are the key determinants of consumers’ initial and sustained use of 
technology-based service products instrumental to achieving societal goals? 
 
This research question provides the broad scope required to address the key gaps 
identified in the literature. First, this thesis will examine the determinants of 
consumers’ initial and sustained use of a technology-based service product (mHealth 
services) instrumental to achieving a societal goal. This represents a further step 
toward improved understanding of consumers’ maintenance of target behaviour in 
social marketing (GAP 1). Second, by examining consumers’ adoption and sustained 
use of mHealth services, it will contribute to improved understanding of consumers’ 
appropriation of social marketing products that are not purely behavioural (GAP 3 
and GAP 4). Further, by employing the MGB in this examination, this thesis will 
address key limitations of previous attitudinal approaches in this field (GAP 5). Last, 
by investigating the impact of behavioural competition on consumers’ adoption and 
sustained use of a technology-based service product, this thesis will provide insight 
into how behavioural competition influences the performance of target behaviour at 
an individual level in social marketing (GAP 2) and the extent to which incorporating 
the effect of behavioural competition into the MGB improves its explanatory power 
(GAP 6).  
 
To address this overall research question, two subordinate research questions have 
been developed.  
 
RQ1: To what extent does the Model of Goal-Directed Behaviour explain 
consumers’ use of technology-based service products? 
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This research will empirically evaluate the capacity of the MGB to explain and 
predict consumers’ adoption and sustained use of mHealth services, a technology-
based service product instrumental to improved health. In doing so, it will provide 
empirical support for the MGB’s explanatory capability within a new behavioural 
domain. This is important given Taylor’s (2007) caution with relation to generalising 
the MGB to new behavioural domains without empirical support. The research 
question also provides scope for this research to explore broadening and deepening 
the MGB, as called for by the literature (Taylor, 2012; Donovan, 2012). This 
approach is aligned with social marketing’s use of formative research, in 
combination with existing theory, to identify behavioural determinants of target 
behaviour (Evans, 2006; Lefebvre, 2011). Consequently, this research aims to 
contribute to improved understanding of the determinants of goal-directed behaviour, 
particularly within the context of technology products and social marketing.  
 
RQ2: How does competition influence consumers’ use of technology-based 
service products? 
 
This thesis will also determine the extent to which integrating the effect of 
behavioural competition into the MGB improves its explanatory power in the context 
of consumers’ use of a technology-based service product. Consequently, it may 
provide initial evidence of the importance of explicitly acknowledging the impact of 
behavioural alternatives on the performance of target behaviour in attitudinal theory. 
Despite recognition of the significance of behavioural competition in both TBSS 
(e.g., Meuter et al., 2003) and social marketing (e.g., Hastings, 2007) literature, there 
exists limited empirical examination of the effect of behavioural competition on the 
performance of behaviour at an individual level. Consequently, this research will also 
contribute to understanding of behavioural competition by exploring how, on an 
individual level, this factor influences consumers’ adoption and sustained use of a 
technology-based service product instrumental to achieving a societal goal.  
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2.7 Conclusion  
 
In conclusion, this chapter commenced by delineating the key assumptions, with 
respect to social marketing, that underpin this thesis. It then presented a review of 
research pertaining to social marketing products, in particular, health services 
delivered via mobile phone technology (mHealth services). In order to build 
understanding of the determinants of consumers’ adoption and sustained use of these 
emerging service products, a review and critical evaluation of the theoretical 
underpinnings of commercial marketing research on TBSSs was undertaken. 
Following this, an alternative theoretical framework, the MGB, was proposed in 
response to the limitations of current attitudinal approaches. Subsequently, the key 
shortcomings of the MGB, particularly with respect to explaining consumers’ 
adoption and sustained use of mHealth services, were outlined. Last, this chapter 
summarised the key gaps in the examined literature and presented the research 
questions developed by this thesis to address these gaps. The next chapter describes 
the research context and broad research design for this thesis, incorporating a multi-
study, mixed-method approach to delivering answers to the research questions.  
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Chapter 3: Justification of the Research Context and Design 
 
In the previous chapter, Chapter 2, the theoretical foundation of the research was 
established. It was determined that this thesis seeks to address the overall research 
question: What are the key determinants of consumers’ initial and sustained use of 
technology-based service products instrumental to achieving societal goals?  
Two sub-questions functional to addressing this overall research question were also 
developed in Chapter 2: To what extent does the Model of Goal-Directed Behaviour 
explain consumers’ use of technology-based service products (RQ1)? and How does 
competition influence consumers’ use of technology-based service products (RQ2)? 
This chapter presents the justification of the research design employed to address 
these research questions.  
 
Section 3.1 begins by situating the research within the context selected. Following 
this, Section 3.2 presents the overall research design, beginning with a discussion of 
its philosophical underpinnings. An overview of the research program, comprising a 
three-study mixed-method design, is subsequently presented. Last, this chapter 
provides the justification for the methodological approach of each of the studies, 
including the data collection, sampling and analytical methods employed. However, 
it does not include an account of the implementation of the research methods. Rather, 
this is provided in the subsequent chapters (Chapters 4, Chapter 5 and Chapter 6), 
which delineate the method and limitations of each of the three studies, their findings 
and the implications of those findings within a journal article format.  
 
3.1 Research Context  
 
The mHealth service selected as the focus of this research is a self-help mental health 
service delivered via mobile phone, termed an ‘m-wellbeing service’ in this thesis. It 
was necessary to select a specific context for this investigation so the broader social 
and contextual influences on the target behaviour, such as the social stigma 
surrounding mental illness and mental health services (Corrigan & Shapiro, 2010), 
could be acknowledged as is called for in extant social marketing literature (see 
Section 2.1.3 in Chapter 2 Literature Review). This approach also permitted the 
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identification and selection of a target audience, specifically young adults, in line 
with the centrality of market segmentation and targeting to social marketing 
(Andreasen, 2002; Dann, 2010; Kotler & Lee, 2008). Further explanation and 
justification of this context is provided in the following sections.  
 
3.1.1 Mental health and social marketing  
 
Mental illness is a global public health concern (Harrison et al., 2011), with the 
annual cost of mental illness to society estimated at $20 billion in Australia alone 
(ABS, 2011). This societal problem is partly attributable to the fact that despite the 
negative impact of mental illness on individuals’ wellbeing (Australian Institute of 
Health and Wellbeing [AIHW], 2008), those affected often fail to seek help from 
professional mental health services (Harrison et al., 2011). Help-seeking in a mental 
health context can be defined as the “behaviour of actively seeking help from other 
people”, where formal help-seeking is from professionals who have appropriate 
training or certified self management programs (Rickwood et al., 2005, p. 4). In 
Australia, for example, only 35% of people who report mental illness also seek 
formal help for the condition (ABS, 2007), despite the 1434 specialised mental 
health care services available nationwide (AIHW, 2012). It should be noted, 
however, that research suggests informal help-seeking from lay sources, such as 
friends, relatives, work colleagues and the internet, may be more common, 
particularly with respect to people with minor mental health problems (refer to 
Oliver, Pearson, Coe, & Gunnell, 2005; Powell & Clarke, 2006).  
 
Nevertheless, lack of formal help-seeking from professional mental health services 
represents a significant problem given the higher risk of serious outcomes such as 
work disability and hospitalisation (Kessler et al., 2003; Yap, Reavley, & Jorm, 
2013). A key challenge in the mental health domain is therefore to increase help-
seeking behaviour of at-risk individuals by encouraging the adoption and sustained 
use of professional mental health services. This is because early detection and 
treatment improves long-term mental health outcomes (Keller et al., 1992) and 
reduces the risk of future episodes of illness (Kroll, Harrington, Jayson, Fraser, & 
Gowers, 1996). Since help-seeking represents a voluntary, modifiable behaviour 
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within social marketing’s primary domain of public health (Gordon, 2011), it is 
surprising that limited social marketing research has been undertaken in this field.  
 
The social marketing literature in the mental health domain is limited to a small 
number of studies (i.e., Andreasen, 2004; Corrigan, 2013; Evans-Lacko, Henderson, 
Thornicroft, & McCrone, 2013; Phillipson et al., 2009; Rochlen & Hoyer, 
2005).Andreasen (2004) conceptualises how a social marketing approach can be 
adapted to address key challenges in the mental health field. Rochelen and Hoyer 
(2005) extend this work by highlighting aspects of the social marketing framework 
suggested by Andreasen (2004) that they consider particularly useful for addressing 
men’s resistance to help-seeking. The studies by Corrigan (2013) and Evans-Lacko 
et al. (2013) focus on the social stigma associated with mental ill-health. Namely, 
Corrigan (2013) outlines five principles of strategic stigma change that should be 
employed by social marketing campaigns and Evan-Lacko et al. (2013) suggest that 
mass media campaigns to reduce the impact of stigma towards individuals with 
mental health problems are cost effective. Only the study by Phillipson et al. (2009) 
focuses on help-seeking behaviour. It demonstrates that communication is only part 
of the strategy needed to promote help-seeking behaviour and that offering relevant, 
quality professional mental health services is the ultimate promotional strategy.  
 
3.1.2 Self-help mental health services delivered via mobile phone  
 
In step with Phillipson et al.’s (2009) finding that the product and place 
characteristics of professional mental health services strongly influence help-seeking 
behaviour , mobile phone technology has recently been appropriated to deliver 
mental health services to overcome some of the barriers to help-seeking from 
professional mental health services (Luxton, McCann, Bush, Mishkind, & Reger, 
2011). These barriers include discomfort with traditional therapy procedures, 
including face-to-face contact with medical professionals, the stigma and 
embarrassment associated with therapeutic activities, privacy concerns, and the cost 
and inconvenience of accessing professional mental health services (Booth et al., 
2004; Gulliver, Griffiths, & Christensen, 2010; Matthews, Doherty, Coyle, & Sharry, 
2008; Yap et al., 2013). M-wellbeing services promise to reduce monetary costs 
associated with help-seeking, improve the convenience of help-seeking and mitigate 
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the negative effect of social stigma on help-seeking since they afford individuals the 
freedom to avoid physically attending clinics (Booth et al., 2004; Luxton et al., 2011; 
Matthews et al., 2008). M-wellbeing services also promise to provide access to 
psychotherapeutic strategies and support where and when needed (Harrison et al., 
2011), without the discomfort that may arise from seeking help from face-to-face 
sources (Booth et al., 2004). Empirical support for m-wellbeing services’ ability to 
negate some of the barriers to help-seeking (e.g., Schuster & Drennan, 2011) and 
their clinical efficacy in the prevention and management of mental health disorders 
(e.g., Harrison et al., 2011; Proudfoot, 2013) is emerging. Consequently, m-
wellbeing services were selected as the context for addressing the research questions 
of this thesis.  
 
Examining the determinants of consumers’ help-seeking in the form of the adoption 
and sustained use of an m-wellbeing service is consistent with social marketing’s 
disciplinary boundaries. That is, it represents a voluntary, modifiable behaviour 
within social marketing’s primary domain of public health (Gordon, 2011) conducive 
to addressing one of the most pressing health concerns worldwide (Matthews et al., 
2008) and achieving key societal related to improved mental health for individuals 
and reduced impact of mental illness on society. Furthermore, in relation to the 
research questions of this thesis, m-wellbeing services epitomise a technology-based 
service product in the form of a mHealth service. They are argued to be particularly 
well-suited to the mobile platform, relative to other health services, given how easily 
self-monitoring and manualised therapies (e.g., cognitive behavioural therapy) lend 
themselves to delivery via this medium (Harrison et al., 2011).  
 
It is also necessary to select a specific service to serve as an illustrative example of 
m-wellbeing services for respondents since the six professionally developed m-
wellbeing services worldwide are not yet publically available (Harrison et al., 2011). 
Broadly, these m-wellbeing services can be categorised into three groups: automated 
services, context-aware services and SMS services (refer to Proudfoot, 2013). 
Automated services, such as myCompass (Harrison et al., 2011), are delivered via a 
downloadable “app” or via the internet on smartphones for the prevention, early 
intervention and treatment of mental health disorders. Context-aware services, such 
as Mobilyze (Burns et al., 2011), have in-built sensors, including GPS and ambient 
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light/movement sensors, which generate information that enables the delivery of real-
time information, support and feedback to service recipients. Last, SMS services, 
such as Mood 24/7 (Foreman, Hall, Bone, Cheng, & Kaplin, 2011) use short text 
messages for mental health promotion and interventions. The service selected for this 
research can be categorised as an automated m-wellbeing service.  
 
Specifically, the service selected for this research is a self-management service for 
improved mental health that initial clinical research suggests is effective (Harrison et 
al., 2011). The m-wellbeing service comprises a real-time mood monitoring 
component, for the purpose of reflection and the identification of triggers to negative 
mood states, and access to online self-help cognitive behavioural therapy modules as 
well as a personal diary. It also sends short positive messages to service recipients, as 
well as reminders to use the service, via SMS. Although this m-wellbeing service is 
designed for use by anyone over 18 years old, experiencing mild-to-moderate stress, 
anxiety and/or depression, the specific target audience selected for the purpose of this 
research is outlined in the next section.  
 
3.1.3 Young adults as the target audience of self-help mental health services 
delivered via mobile phone 
 
Market segmentation and targeting is considered integral to social marketing 
(Andreasen, 2002; Dann, 2010; Deshpande & Rundle-Thiele, 2011), which aims to 
influence behaviour in priority segments of the population (Lefebvre, 2011; 
McKenzie-Mohr & Smith, 1999). Nevertheless, the literature’s predominantly 
panoptic approach to market segmentation, where target audiences (e.g., smokers, 
heavy drinkers) are viewed as homogeneous groups, has been criticised (e.g., Raval 
& Subramanian, 2004; Walsh, Hassan, Shiu, Andrews, & Hastings, 2010). Studies 
suggest distinct clusters, with diverse attitudes toward and beliefs about target 
behaviours, exist within broader target group definitions such as “smokers” (e.g., 
Straughan & Roberts, 1999; Walsh et al., 2010). Consequently, it is necessary to 
define a specific target audience for this research within the target population of m-
wellbeing services.  
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Young adults were selected as the target audience for this research for two reasons. 
First, mental illness is a leading cause of morbidity among young adults given the 
highest prevalence of mental illness and lowest level of help-seeking are evident in 
this age group (Cunningham, Donovan, & March, 2007; Patel et al., 2007). Further, 
young adults tend to seek help from informal sources, such as friends and family 
members, rather than professional sources of help (refer to Rickwood, Deane, & 
Wilson, 2007; Yap et al., 2013; Yorm, Wright, & Morgan, 2007). Young adults are 
also the most likely age group to discontinue service use prematurely (Edlund, 
Wang, Berglund, Katz, Lin, & Kessler, 2002; Wang, 2007), which limits treatment 
effectiveness (Goldenberg, 2002; Wang, 2007) and wastes limited mental health 
resources (Hatchett, Han, & Cooker, 2002). This, in addition to the greater personal, 
social and economic benefits of early intervention (Patel et al., 2007), means that 
young adults are an important target audience in the mental health domain 
(Phillipson et al., 2009).  
 
Second, m-wellbeing services possess the potential to engage young adults, who can 
find it difficult to engage with available face-to-face mental health services (Offer, 
Howard, Schonert, & Ostrov, 1991). Mobile phones are a preferred medium of 
communication for this age group (International Centre for Media & the Public 
Agenda [ICMPA], 2013) and provide young people with feelings of connectedness 
(Quinn & Oldmeadow, 2013). They are the most likely age group to own a mobile 
phone (Pew Research Centre, 2013) and have incorporated mobile phone use into 
their lifestyle (Australian Media and Communications Authority [ACMA], 2011a). 
They are also the most likely age group to use mobile phones for activities apart from 
communication (Mackay & Weidlich, 2007). This suggests that young adults’ 
involvement with their mobile phones could extend beyond communication to using 
their mobile phone as a source of mental health help in the ‘palm of their hand’.  
 
The potential of mobile phone based mental health services as a source of help for 
young adults is also supported by the growth in this target audience’s use of 
technology, specifically the internet, for mental health information and support 
(Burns, Davenport, Durkin, Luscombe, & Hickie, 2010; Horgan & Sweeney, 2010). 
This growth has been attributed to the fact that, through the internet, young adults 
can access a variety of information anonymously and privately, without geographical 
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constraints (Christensen & Griffiths, 2000), leading to feelings of empowerment and 
confidence with respect to exploring sensitive issues (Burns, Morey, Lagelée, 
Mackenzie, & Nicholas, 2007). However, notably, there has been slower than 
expected uptake of professionally developed internet-based mental health services, 
despite these services’ clinical effectiveness (Christensen, Reynolds, Griffiths, 2011). 
This highlights the importance of research investigating the determinants of the 
initial and sustained use of such technology-based service products (Christensen et 
al., 2011), providing further support for this study.  
 
3.2 Research Design 
 
The previous section established that this thesis will examine the determinants of 
young adults’ adoption and sustained use of an m-wellbeing service functional to 
improved mental health. This section provides justification for the research design 
and methodology employed in this examination. First, Section 3.2.1 outlines the 
philosophical assumptions that underpin the research design. This is followed by an 
overview of the overall research program, which comprised a three-study, mixed-
method design, in Section 3.2.2. Subsequently, the data collection method, the 
sampling design and the analysis procedures employed for each of the three studies, 
along with justification for their selection, is provided. However, as previously 
mentioned, this section does not delineate how the methods were operationalised. 
This is presented, along with the results of each study in journal article format, 
within Chapter 4, Chapter 5 and Chapter 6.  
 
3.2.1 Paradigmatic perspective of the research   
 
Despite the fact that the positivist research paradigm has dominated in social science 
research for many years (Grbich, 2007), a shift in perspective, which acknowledges 
the value of all the paradigms (Marshall & Rossman, 2006), permitted this study to 
be conducted within the paradigm best suited to the research aim. The research 
questions, which aim to broaden and deepen existing theoretical knowledge, aligned 
with the post-positivist paradigm (Guba & Lincoln, 2005). That is, the research 
questions are in accordance with the post-positivist ontology of critical realism, 
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which acknowledges the existence of an objective reality, but holds that it can only 
be imperfectly captured and understood (Guba & Lincoln, 2005; Lincoln & Guba, 
2000), thus necessitating the continuous development and improvement of theory 
describing phenomena.  
 
The study design was shaped by a modified objectivist epistemological perspective, 
which views research findings as provisionally true until they are falsified by 
subsequent research (Guba & Lincoln, 2005). In line with this perspective, the 
research investigated the tenability of the MGB, and a proposed extension of the 
model, within the context of explaining consumers’ use of technology-based service 
products instrumental to achieving societal goals. This is consistent with the 
modified objectivist view of knowledge, which recognises that research which 
falsifies/verifies and/or builds on prior knowledge can move the researcher closer to 
the truth (Aronson, Harre, & Way, 1995) and conforms to the post-positivist notion 
of “knowledge accumulation through accretion” (Guba & Lincoln, 2005, p. 194). 
 
Last, this study employed a mixed-method approach combining both qualitative and 
quantitative data collection as is acceptable within the post-positivist paradigm 
(Guba & Lincoln, 2005). This choice of methodology was based on the modified 
objectivist view that research findings are “probably true”, in contrast with the 
objectivist view that findings generated by rigorous quantitative methods are 
“absolutely true” (Guba & Lincoln, 2005, p. 194). A mixed-method approach draws 
from the strengths and minimises the weaknesses of both quantitative and qualitative 
methods (Johnson & Onweugbuzie, 2004), enhancing the validity of the conclusions 
generated by the research (e.g., Brannen, 1992; Singleton & Straits, 2005).  
 
3.2.2 Overall research program 
 
A three-study mixed-method research design was employed to address the research 
questions, consistent with Baum’s (1995) argument that a range of tools, including 
qualitative and quantitative methods, are required to investigate complex, 
multidimensional research problems. An outline of this design is presented in Table 
6. Mixed-method data collection strategies “combine elements of one method, such 
as structured surveys, with elements of other methods, such as unstructured 
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interviews, in either a sequential or simultaneous manner” (Axinn & Pearce, 2006, p. 
1). A mixed-method research design has the advantage of complementarity, which 
allows the researcher to gain a more complete understanding of the research problem 
(Bryman, 2008). For example, qualitative research provides contextual understanding 
which can be coupled with externally valid findings generated by quantitative 
research (Bryman, 2008). In this way, varying the data collection approach can 
provide information from one approach not identified in another and ensure potential 
bias is not replicated (Axinn & Pearce, 2006).  
 
Specifically, this research employed a sequential mixed-method design (see Hesse-
Biber, 2010). Study One aimed to develop an in-depth understanding of the 
determinants of consumers’ initial use (i.e., adoption) of a technology-based service 
product, specifically, m-wellbeing services as highlighted in Section 3.1.2. In 
particular, it aimed to qualitatively evaluate the MGB’s ability to explain consumers’ 
adoption of m-wellbeing services against the point-of-view of the target audience 
(RQ1), young adults (refer to Section 3.1.3), and to explore the manner in which 
behavioural competition influences this behaviour at the individual level (RQ2).  
 
Subsequently, insights gained from Study One were used to develop a revised MGB, 
including the effect of behavioural competition. Study Two aimed to quantitatively 
test the revised MGB to determine the extent to which the MGB explains consumers’ 
adoption of m-wellbeing services and whether incorporating the impact of 
behavioural competition significantly improves its capacity to explain this behaviour. 
This approach is consistent with the proposition that mixed-methods often aid in the 
development of a research project, specifically, “results from one method… help 
develop or inform the other method” (Greene, Caracelli, & Graham, 1989, p. 259).  
Study Three aimed to develop an in-depth understanding of the determinants of 
consumers’ sustained use of an m-wellbeing service by qualitatively evaluating the 
MGB against the point-of-view of the target audience (RQ1) and exploring the 
manner in which behavioural competition influences this behaviour at the individual 
level (RQ2). A confirmatory quantitative study, to validate the qualitative findings of 
Study Three, was not feasible since professional m-wellbeing services are not yet 
publically available in Australia, severely limiting the sample size for statistical 
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testing. Future research is therefore recommended to quantitatively confirm the 
insights gained from Study Three.  
 
Table 6. Mixed-Method Research Design 
Study Objective Research Questions Methods 
Study One: 
Qualitative  
To develop an in-depth 
understanding of the 
determinants of 
consumers’ initial use 
(i.e., adoption) of m-
wellbeing services.  
RQ1  
RQ 2 
Data Collection: Semi-
structured depth interviews 
Sampling: Purposive sampling  
Data Analysis: Thematic 
analysis  
Study Two: 
Quantitative  
To integrate insights from 
Study One into a revised 
MGB and to 
quantitatively test the 
proposed model of 
consumer adoption of m-
wellbeing services. 
RQ1  
RQ 2 
Data Collection: Web-based 
survey 
Sampling: Purposive sampling  
Data Analysis: Structural 
equation modelling 
Study Three: 
Qualitative  
To develop an in-depth 
understanding of the 
determinants of 
consumers’ sustained use 
of an m-wellbeing 
service. 
RQ1  
RQ 2 
Data Collection: Semi-
structured telephone 
interviews 
Sampling: Purposive sampling  
Data Analysis: Thematic 
analysis 
 
3.2.3 Study One: Consumers’ acceptance of m-wellbeing services 
 
As highlighted previously, Study One aimed to develop an in-depth understanding of 
the determinants of young adults’ adoption of m-wellbeing services. However, to 
prevent bias from the post-rationalisation of their decision to use the service, young 
adults currently participating in clinical trials of m-wellbeing services were excluded 
from this study. Rather, consistent with the approach of extant research investigating 
consumers’ behavioural responses to TBSS (e.g., Collier & Sherrell, 2010; 
Dabholkar & Sheng, 2009; Ha & Stoel, 2009), the determinants of potential users’ 
acceptance of, or intention to use, m-wellbeing services were examined. This 
approach is also in line with the fundamental proposition of attitudinal theory (such 
as the TRA, TAM, TPB and the MGB), which underpins this research, that 
behavioural intentions are the proximal determinant and single best predictor of 
behaviour (Sutton, 1998).  
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Study One qualitatively evaluated the MGB’s capacity to explain young adults’ 
acceptance of m-wellbeing services and explored the impact of behavioural 
competition on this behavioural response. A qualitative methodological approach is 
consistent with the objectives of Study One, given qualitative research aims to “gain 
an understanding of underlying reasons and motivations” (Malhotra, Hall, Shaw, & 
Oppenheim, 2004, p. 137) and can be used to develop models that explain 
behaviours (Hair, Bush, & Ortinau, 2003). It is further supported by the fact that, 
although the literature suggests the MGB may be appropriate to explain consumer 
acceptance and adoption of technology products (Bagozzi, 2007), this proposition 
has not been empirically examined. A qualitative approach therefore ensures future 
conclusive studies do not begin with inadequate understanding of the research issues 
(Zikmund, Ward, Lowe, & Winzar, 2007). It is also in line with the call for non-
quantitative methodological approaches to examining consumer responses to 
technology products (Williams et al., 2009).  
 
Interviews as the data collection method. Interviews are a common method of 
qualitative data collection (Hesse-Biber & Leavy, 2006). Interviews are described as 
“a construction site of knowledge”, where two or more individuals discuss a “theme 
of interest” (Kvale & Brinkmann, 2009, p. 2). The two primary interview methods in 
qualitative research, focus groups and individual depth interviews (Malhotra et al., 
2004), are very similar and can be equally effective (Crabtree, Yanoshik, Miller, & 
O’Connor, 1993). However, interviews have the advantage of providing more in-
depth information (Morgan, 1997), since the focus of depth interviews is to generate 
rich detailed answers from a respondent’s point-of-view (Bryman, 2001), without the 
influence and potential biases introduced by peers (Mariampolski, 2001). Depth 
interviews were therefore employed by this research to facilitate free exchange of 
information that may not have been possible in focus groups given the sensitive 
nature of the research (Hesse-Biber & Leavy, 2006; Malhotra et al., 2004) and to 
assess the MGB’s ability to explain young adults’ acceptance of m-wellbeing 
services against their point of view (RQ1). This method also facilitated exploration 
of the manner in which behavioural competition influences this behavioural response 
at the individual level (RQ2) since depth interviews provide the opportunity to 
explore key issues (Malhotra, Hall, Shaw, & Oppenheim, 2006; Miller & Crabtree, 
2004) and to probe and uncover complex motivations (Miller & Crabtree, 2004). 
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This study was conducted using standardised open-ended interviews, also known as 
semi-structured depth interviews (Wengraf, 2001), where the researcher outlines the 
exact wording and sequence of most questions in advance (Patton, 2002). This 
method was selected to evaluate effectively the MGB’s ability to explain the 
consumer acceptance of m-wellbeing services against the point-of-view of the target 
audience. That is, whilst the MGB served as a guiding basis for the interview 
questions, there was also a need for the flexible structure of semi-structured 
interviews (Flick, 2006) to identify and explore any prominent determinants not 
delineated by the MGB, including behavioural competition. However, it is 
acknowledged that this flexibility can introduce bias into the data since the addition 
of spontaneous questions means that not all respondents are asked the same questions 
in the same sequence (Harris & Brown, 2010). Another potential source of bias in 
semi-structured interviews is that, due to the interpersonal nature of the interview, 
participants may respond in ways they deem socially desirable (Kaplan, Hilton, Park-
Tanjasiri, & Perez-Stable, 2001; Yin, 2009). Although other research suggests that 
this risk is similar to that in self-administered questionnaires (Durant & Carey, 
2000). Nevertheless, despite these limitations, the semi-structured interview enables 
the collection of data grounded in the experience of the respondent, as well as data 
guided by existing theory (Galletta, 2013), and was therefore suited to addressing the 
research questions of this thesis.  
 
Target population. Potential users of m-wellbeing services were interviewed for this 
study. In line with the target audience of this thesis (refer to Section 3.1.3), these 
potential users were young adults, aged 18-25 years, who identified with feeling 
stressed, worried or low at times. This target population definition made it possible to 
include only information rich individuals in the study, which is important given the 
typically small sample size of qualitative studies (Zikmund & Babin, 2007).  
 
Purposive sampling design. Purposive sampling was used to recruit respondents 
primarily through press releases encouraging individuals meeting the aforementioned 
criteria to volunteer. Purposive sampling refers to any sample selection procedure 
where a researcher consciously selects a sample that he or she considers to be most 
appropriate for the research (Wilson, 2003; Zikmund, 2003). It is useful for 
naturalistic enquiry (Lincoln & Guba, 1985) and was appropriate given the study did 
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not aim for statistical generalisation, but rather to develop an in-depth understanding 
of a phenomenon (Singleton & Straits, 2005).  
 
Thematic analysis. The data for Study One was analysed using thematic analysis, 
which is a method for “identifying, analysing and reporting patterns (themes) within 
data” (Braun & Clarke, 2006, p. 78). Thematic analysis is free from any particular 
theoretical or epistemological position (Braun & Clarke, 2006), as opposed to 
methods such as grounded theory, which is connected to the theory of symbolic 
interactionism (Glaser & Strauss, 1967) and the constructivist paradigm (Charmaz, 
2006). Consequently, it is “a flexible and useful research tool” (Braun & Clarke, 
2006, p. 78) appropriate for this research, which employed the MGB as a theoretical 
framework and was conducted within a post-positivist paradigm. Thematic analysis 
is also useful for “thick description” of data and for generating unanticipated insights 
(Braun & Clarke, 2006, p. 97). It was therefore suited to describing the extent to 
which the MGB explains consumers’ use of technology-based service products 
(RQ1) and the exploration of how competition influences this behaviour (RQ2).  
 
Nevertheless, thematic analysis is not without shortcomings. It does not allow the 
researcher to make claims about language use, or the fine-grained functionality of 
talk (Braun & Clark, 2006). Since this was not the intent to the research, however, 
this limitation did not preclude employing this technique to analyse the data from 
Study One. Further, thematic analysis possesses limited interpretative power beyond 
mere description if it is not used within an existing theoretical framework (Braun & 
Clark, 2006). This limitation was mitigated through the use of well established 
theoretical frameworks, such as the MGB, to anchor analytic claims within the 
research. Consequently, despite its limitations, thematic analysis was considered 
appropriate for this research. 
 
3.2.4 Study Two: The effect of behavioural competition on consumer acceptance 
of m-wellbeing services 
 
Quantitative research was used in Study Two to test the validity of a revised MGB 
proposed on the basis of the qualitative findings of Study One. Within a mixed-
method research design, quantitative research is useful for establishing the 
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generalisability of qualitative results (Hesse-Biber, 2010). That is, whilst qualitative 
findings are not generalisable due to the subjective nature and smaller sample sizes 
of qualitative research, quantitative findings can be generalisable given the relative 
objectivity of the researcher, the larger sample size and validity of measures used 
(Zikmund & Babin, 2007).  
 
Surveys as the data collection method. The survey method was selected to test the 
revised MGB’s hypotheses in Study Two since questionnaires are an efficient 
method of quantitative data collection when the hypotheses and variables of interest 
of the research are clearly defined (Sekaran, 2000). It is also suited to the 
examination of inter-relationships among many variables (Czaja & Blair, 2005), such 
as comprised the revised MGB presented by the study. Specifically, a web-based, 
self-administered survey was employed to collect data. Research shows measures 
generally retain their psychometric properties across electronic and paper modes of 
survey administration (Roberts, 2007) and mail and web surveys produce equivalent 
results (Boyer, Olson, Clantone, & Jackson, 2002; Deutskens, de Ruyter, & Wetzels, 
2006). However, web surveys have the key advantages of cost savings, faster data 
collection, efficient data management, flexibility and usability, and limited coding 
errors (Corbanoglu, Warde, & Moreo, 2001; Lumsden, 2007; Ray & Tabor, 2003; 
van Selm & Jankowski, 2006). Although they also have lower response rates (Lozar 
Manfreda, Bosnjak, Berzelak, Haas, & Vehovar, 2008) and higher break-off rates 
relative to other survey types (Peytchev, 2009). Nonetheless, the web-based survey 
method was selected given the empirical support for the equivalence of responses 
and measures between offline and web surveys, and the additional advantages 
offered by the latter method.  
 
Target population. In line with the target audience of this thesis (refer to Section 
3.1.3), data was collected from young adults, aged 18-30 years old, across Australia. 
The qualifying age bracket for Study Two (18-30 years old) was broadened from 
Study One (18-25 years old) given the purpose of this study was to improve the 
generalisability of the findings from Study One. In line with this purpose, no other 
selection criteria were employed; however, the extent to which respondents’ desired 
to maintain or improve their mental wellbeing was controlled for in the revised MGB 
tested by this study.  
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Non-probability sampling design. Respondents were recruited from a permission-
based pre-recruited online consumer panel. This sampling technique is well 
established in marketing (Neslin, Novak, Baker, & Hoffman, 2009). Pre-recruited 
panels are, generally speaking, groups of individuals who have agreed in advance to 
participate in a series of surveys (Fricker, 2008). This represents a non-probability 
sampling method as members are included in the consumer panel on an opt-in basis 
(Couper, 2000). A non-probability sampling method was practical for this study 
given the benefits of lower time and monetary costs compared to probability 
sampling methods (Evans & Mathur, 2005; Zikmund et al., 2007) and higher 
response rates owing to the fact that panel members have pre-committed to respond 
(Neslin et al., 2009). 
 
Structural equation modelling. Structural equation modelling (SEM) was used to 
analyse the quantitative data collected by the web-based survey. This method uses a 
combination of multiple regression tools and factor analyses to estimate causal 
relationships between variables (Malhotra et al., 2006). SEM is used to test specified 
propositions about the relationships between constructs (Raykov & Marcoulides, 
2000) and is therefore appropriate for testing the hypothesised structure of the 
revised MGB that formed the basis of Study Two. SEM has several advantages over 
regression modelling, an alternative multivariate technique suitable for testing the 
proposed model. These benefits included more flexible assumptions and the use of 
confirmatory factor analysis to reduce measurement error, as well as the ability to 
test the overall model (Marcoulides & Schumacker, 2001) including the mediating 
variable (i.e., behaviour desire) and the error terms of the variables (Bryne, 2001; 
Kaplan, 2009; Raykov & Marcoulides, 2000).  
 
3.2.5 Study Three: Consumers’ sustained use of m-wellbeing services 
 
As highlighted previously, Study Three aimed to develop an in-depth understanding 
of the determinants of young adults’ sustained use of an m-wellbeing service. Since 
Study Three sought to develop an in-depth understanding of a complex phenomenon, 
it employed a qualitative methodology as per the suggestion of Creswell (2007). 
Study Three qualitatively evaluated the MGB’s ability to explain young adults’ 
sustained use of an m-wellbeing service and explored the impact of behavioural 
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competition on this behaviour. This was appropriate since limited research 
investigates the determinants of consumers’ maintenance of behaviour, compared to 
acceptance and adoption of behaviour, in social marketing (Andreasen, 2003, 2004) 
and TBSS research (Bhattacherjee & Premkumar, 2004). This lends the study to a 
qualitative research design whereby the aim is to investigate “little-understood 
phenomena” (Marshall & Rossman, 2006, p. 34).  
 
Telephone interviews as the data collection method. Semi-structured depth 
interviews were the qualitative research method used to collect data for Study Three 
for the same reasons as delineated in Section 3.2.3 for Study One. This method was 
further indicated by its ability to collect data spanning all time frames, including past, 
present and future (Hair et al., 2003). Depth interviews have been described as a 
method in which “speakers collaborate to produce retrospective (and prospective) 
accounts of their past or future actions, experiences, feelings and thoughts” (Rapley, 
2004, p. 16). This allowed the retrospective investigation of the determinants of 
young adults’ sustained use of an m-wellbeing service.  
 
The semi-structured depth interviews were conducted via telephone. Telephone 
interviews (and their associated anonymity) are effective when asking sensitive 
questions (Berg, 2009) or when respondents are geographically dispersed (Cachia & 
Millward, 2011). These two factors largely contributed to the selection of this 
method for Study Three. Further, Cachia and Millward (2011) argue that, although 
few qualitative studies utilise this means of data collection, it is particularly suited to 
semi-structured interviews since telephone conversations naturally follow an agenda 
driven format and can provide rich data. This is supported by Sturges and Hanrahan 
(2004), who found no difference in the length of transcripts and the type and depth of 
responses in a study which compared face-to-face and telephone interviews.  
 
Target population and sampling design. Study Three recruited respondents 
participating in a national clinical trial of an m-wellbeing service in Australia. The 
target population for the clinical trial of the m-wellbeing service were individuals 
who: (1) have mild to moderate depression, anxiety or stress, (2) possess an internet-
enabled mobile phone, (3) are able to read and write English, (4) are between the age 
of 18 and 75, and (5) live in Australia. The clinical trial recruited respondents from 
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an associated mental health clinic and its website, through advertisements 
disseminated through community groups and large organisations, and from an 
associated university via student flyers. The participants that agreed to be contacted 
for further research formed the sampling frame for Study Three. 
 
From this sampling frame, purposive sampling was used to recruit respondents, 
resulting in a sample which the researcher regards as “reflective” of the target 
population of interest (Miller & Crabtree, 2004). In line with the aim of the study and 
its target audience (refer to Section 3.1.3), service recipients 18-25 years of age were 
invited to participate in the research. Furthermore, in response to Orleans (2000) 
argument that that in general, more attention is devoted to the study of factors 
associated with maintenance failures than to those associated with maintenance 
successes, both types of respondents were invited to participate in the research; that 
is, those young adults that sustained service use for the period prescribed by the 
service provider and those that did not.  
 
Thematic analysis. Thematic analysis was used to analyse the data collected in 
Study Three, consistent with the analytical procedure employed by Study One given 
the structural and methodological similarities of these two studies. A detailed 
delineation of the reasoning for this analytical technique has thus been previously 
presented in Section 3.2.3. 
 
3.3 Conclusion  
 
This chapter has outlined the research design employed by this thesis. The chapter 
first justified the context selected for this research. Following this, the philosophical 
position of the research was presented. Next, it described the research methodology 
of the three studies within the research design, focussing on the justification for the 
data collection, sampling and analysis methods selected. The next three chapters 
describe how these methods were implemented and also present their results. That is, 
the next three chapters are presented in article form and comprise a delineation of 
results of the three studies outlined in this chapter, along with how the results were 
obtained through the research methods.  
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Chapter 4: A Study of Consumer Acceptance of M-
Wellbeing Services 
 
Following on from the last chapter, which presented the justification for the research 
context and design of this thesis, this chapter presents the results of Study One, 
which aimed to develop an in-depth understanding of consumers’ acceptance of m-
wellbeing services. As previously mentioned, this chapter is organised as a journal 
article. Consequently, it presents an introduction and brief literature review justifying 
this study in Section 4.1 and Section 4.2, followed by the methods it employed in 
Section 4.3. Last, the chapter provides the results of Study One in Section 4.4, as 
well as the implications (Section 4.5) and limitations (Section 4.6) specific to those 
results. 
 
4.1 Introduction 
 
Technology is transforming services (Meuter et al., 2005). Technology-based self-
services (TBSS), for example, allow consumers to use technology to perform a 
service without any direct service employee involvement (Meuter et al., 2003). 
Whilst TBSSs have traditionally replaced only routine aspects of interpersonal 
service delivery, requiring little customisation and limited contact time (Forbes, 
2008), recent technological developments have led to the complete digitalisation of 
complex professional services with credence qualities. Professional health services, 
for example, are increasingly delivered via mobile phones. These services are termed 
“mHealth” services (Whittaker, 2012) and include services for the self-management 
of diabetes (e.g., Kouris et al., 2010), asthma (e.g., Liu et al., 2011) and mental 
illness (e.g., Harrison et al., 2011).  
 
Professional services’ transition from interpersonal service delivery to remote 
delivery via self-service technology is likely to necessitate that marketers change 
consumers’ ingrained attitudes and expectations of service in order to facilitate the 
adoption of these emerging TBSSs. This is because professional services are 
traditionally highly relational to the extent that the service product has previously 
been inseparable from the service provider (Johnson & Zinkman, 1991). Professional 
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services also require consumers to co-produce service outcomes (Hausman, 2003) 
and are subsequently higher involvement than other service types (McColl-Kennedy 
& Fetter, 2001). Further, they require specialised knowledge to produce, making it 
difficult for consumers to evaluate them even after use (Ostrom & Iacobucci, 1995), 
and tend to be “highly customised, process-orientated, with relatively long contact 
time” (Silvestro, Fitzgerald, Johnston, & Voss, 1992, p. 73). Despite these 
fundamental differences in the type of service delivered via self-service technology, 
TBSS options for professional services, in particular mHealth services, have received 
limited research attention (exception Andrews et al., 2013).  
 
Addressing this gap is especially important from a social marketing perspective as 
health-related societal goals can be contingent upon the acceptance and adoption of 
mHealth services. This is because the capacity of these services to deliver individual 
and societal benefit is directly dependent on their widespread appropriation by at-risk 
target audiences (Lefebvre, 2009). This study therefore employs the Model of Goal-
Directed Behaviour (MGB), which overcomes the shortcomings of traditional 
attitudinal models (Perugini & Bagozzi, 2001), to examine the consumer acceptance 
of TBSS options for professional services instrumental to achieving societal, as 
opposed to commercial, goals. Namely, it examines the determinants of consumers’ 
acceptance of mHealth services functional to improved mental health. 
 
The study will therefore contribute to social marketing literature by extending 
understanding of the determinants of consumers’ acceptance of technology-based 
service products instrumental to achieving societal goals. It will also broaden the 
theoretical base of current TBSS acceptance research by using the MGB to overcome 
the limitations of previous attitudinal approaches within this field. In doing so, the 
research will provide preliminary evidence of the MGB’s capacity to explain 
consumers’ acceptance of emerging professional services delivered via technology. 
Last, this research will provide social marketers and health professionals with insight 
into factors likely to influence the consumer acceptance of technology-based 
professional health services. This is important given organisations have to invest 
significant resources to develop these services (Curran et al., 2003) and their success 
is largely dependent on becoming part of consumers’ service repertoire (Lefebvre, 
2009).  
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In the following, a review of current literature pertinent to the study is provided. 
Next, the methodology of the research is presented. The paper ends with a discussion 
of the results and their theoretical and managerial implications. 
 
4.2 Literature Review 
 
Technology-Based Self-Services in Social Marketing  
Social marketing employs the marketing mix to achieve societal goals (McDermott et 
al., 2005). Influencing consumers to accept and subsequently adopt service products 
can be instrumental to this undertaking. In social marketing’s primary domain of 
public health, for instance, improved individual and societal welfare can be achieved 
by influencing target audiences to accept and adopt health services. For example, to 
improve the welfare of low-income families, social marketers increased acceptance 
and use of the Special Supplemental Nutrition Program (see Grier & Bryant, 2005).  
Self-service technology is increasingly employed in the public health sector to 
deliver health services. Self-help mental health services delivered via mobile phone, 
for example, are emerging as a clinically effective alternative to face-to-face mental 
health services with significant reach and cost benefits (Harrison et al., 2011). Other 
health services, including those aimed at binge drinking, smoking and weight 
management, have also transitioned to a TBSS format (see Cugelman, Thelwall, & 
Dawes, 2011). Despite this, limited research to date examines consumers’ acceptance 
of these professional TBSSs (exception Andrews et al., 2013). As highlighted 
previously, this indicates a significant gap in the social marketing literature since 
adoption of these services can be vital to achieving societal goals related to improved 
welfare. 
 
Conceptual Framework  
Extant research has predominantly employed attitudinal models to explain 
consumers’ acceptance of TBSSs (e.g., Curran & Meuter, 2005; Dabholkar & 
Bagozzi, 2002), particularly the Theory of Reasoned Action (TRA) (Fishbein & 
Ajzen, 1975), Technology Acceptance Model (TAM) (Davis et al., 1989) and Theory 
of Planned Behaviour (TPB) (Ajzen, 1991). The TRA and TPB are general 
attitudinal models discussed extensively in marketing and psychology literature (see 
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Armitage & Conner, 2001; Sheppard et al., 1988). The TAM is an adaption of the 
TRA to a technology adoption context. It introduces perceived usefulness and 
perceived ease of use as determinants of the attitude toward, and acceptance of, 
technology (Davis et al., 1989). Additional determinants, such as convenience, need 
for interaction and fun/enjoyment, have also been identified (e.g., Collier & Sherrell, 
2010; Curran & Meuter, 2005; Dabholkar & Bagozzi, 2002). 
 
However, this study proposes the Model of Goal-Directed Behaviour (MGB) 
(Perugini & Bagozzi, 2001) captures the added complexity of consumer acceptance 
of TBSS options for professional services since it includes the impact of goal-related 
and emotional processes, unlike the TRA, TPB and TAM (Bagozzi, 2007). Applying 
the MGB to explaining consumer acceptance of TBSS in general is supported by 
Bagozzi (2007), who argues that the role of emotions is underestimated in current 
literature. It is further contended that it is suited to the examination of consumer 
acceptance of professional TBSSs in particular. The MGB recognises that most high 
involvement behaviours, such as co-producing professional services (Hausman, 
2003; McColl-Kennedy and Fetter, 2001), are means to achieving goals or outcomes. 
It also explicitly accounts for the impact of prefactual appraisals of outcomes, which 
are less concrete in professional services (Ostrom & Iacobucci, 1995), on consumers’ 
behavioural intentions.  
 
The MGB deepens the TPB by specifying desire as the direct impetus for intentions 
(refer to Figure 6). Desire transforms the motivation to act embedded in attitudes, 
anticipated emotions, subjective norms and perceived behavioural control into the 
intention to perform a behaviour. The MGB also broadens the TPB by including a 
focus on personal goals through anticipated emotions. This is based on the premise 
that individuals, when deliberating action, consider the emotional consequences of 
goal achievement/failure. They imagine the positive emotions experienced in the 
event of goal attainment and the negative emotions experienced in the event of goal 
failure and these anticipated emotions positively influence acceptance and adoption 
of the behaviour instrumental to goal achievement. Last, by including recency and 
frequency of past behaviour, the MGB captures the effect of habit on sustained 
performance of behaviour. However, when examining first-time behaviours, such as 
the adoption of a recently emerged TBSS, frequency and recency of past behaviour 
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are less relevant given consumers have not previously performed the behaviour. 
These constructs were subsequently excluded from the study.  
 
Figure 6. Model of Goal-Directed Behaviour (Perugini & Bagozzi, 2001) 
 
 
 
 
 
 
 
 
 
 
 
Note. Constructs and relationships depicted by dotted lines were not examined by this study.  
 
4.3 Method 
 
Research Context 
Self-help mental health services delivered via mobile phone (m-wellbeing services) 
were selected as the focus of this study given psychotherapy is an exemplar 
professional service. It is high involvement, highly relational and difficult to evaluate 
without specialised knowledge and skills. Further, mental health is one of the most 
pressing health concerns worldwide, and both social marketing (e.g., Phillipson et al., 
2009) and psychology research (e.g., Eaton et al., 2011) emphasise the need to 
encourage help-seeking for this condition through the acceptance, and adoption, of 
professional mental health services to address this problem.  
 
Depth Interviews 
To examine the determinants of consumer acceptance of m-wellbeing services 
instrumental to improved mental health, semi-structured depth interviews were 
conducted by a trained interviewer at a health clinic at times most convenient for 
respondents. In knowledge-attitude-behaviour models such as the MGB, qualitative 
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formative research is usually necessary to identify and assess all of the relevant 
beliefs with regard to the target behaviour (Donovan, 2012). This method allows 
both “model-building and model-testing, both theory construction and theory 
verification” (Wengraf, 2001, p. 4). All interviews were audio recorded and ranged 
between 30 to 80 minutes, averaging 55 minutes, consistent with the 
recommendation of Wilson (2003) and Flick (2006).  
 
Interviews commenced with general discussion to build rapport and minimise any 
power imbalance between interviewer and respondent, which is vital in sensitive 
contexts (Liamputtong, 2007). Following this, respondents were shown an 
introductory video explaining an m-wellbeing service currently under trial in 
Australia. Respondents were not provided with any additional information about m-
wellbeing services. The m-wellbeing service targets individuals over 18 years with 
mild-to-moderate stress, anxiety or depression. It is entirely automated and allows 
recipients to track their mood over time, access online self-help modules based on 
cognitive behavioural therapy, and write in a mood diary. These components of the 
service are accessed via mobile internet and are not provided in the form of a mobile 
phone application or “app”. A review of the key points of discussion concluded the 
interview, followed by an opportunity for respondents to clarify the interviewer’s 
interpretation of their responses. Respondents received a $30 gift voucher for their 
participation.  
 
Development of Interview Protocol  
In line with a modified objectivist epistemology, the study used Perugini and 
Bagozzi’s (2001) operationalisation of the MGB constructs as a basis for developing 
the questions of the interview protocol (refer to Appendix 1). This involved 
translating “research-language” into interview questions that were consistent with the 
dialect (e.g., style and language) of the young adult target population in accordance 
with Wengraf (2001, p. 64). The interview protocol was piloted with two members of 
the target population and the sequencing and structure of the MGB questions were 
changed based on feedback. For instance, the sequencing of questions were altered 
so that they followed a “sequence schedule” rather than a theoretically “logical 
schedule” (see Wengraf, 2001, p. 64).  
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Two open-ended questions exploring motivators and inhibitors to consumers’ 
acceptance of m-wellbeing services preceded the MGB questions. They were: (1) 
“What would influence whether you would use a mobile phone mental wellbeing 
service or not?” and (2) “Imagine using a mobile phone mental wellbeing program, 
what do you think would be the most important features of such a service for you?” 
These were included at the start of the interview to avoid potential order effects. 
Probing questions were developed during the interview for the purposes of increasing 
the detail of responses, for clarification of meaning and also for facilitating 
explanation as suggested by Schatzman and Strauss (1973). 
 
Sample Description 
We collected data from potential users of m-wellbeing services; in particular, young 
adults aged 18-25 years with self-reported mild to medium stress, anxiety or 
depression. Young adults represent an important target audience from a social 
marketing perspective (see Phillipson et al., 2009) since mental illness is a leading 
cause of morbidity among this age group owing to the high prevalence of mental 
illness and low levels of help-seeking from professional mental health services (Patel 
et al., 2007). Young people participating in clinical trials of m-wellbeing services 
(this type of service is not currently available to the public in Australia) were 
excluded to prevent bias from post-rationalisation of their decision to use the service. 
This is consistent with the approach of extant research (e.g., Ha & Stoel, 2009).  
 
Purposive sampling was used to recruit respondents primarily through a press release 
requesting that young people who identified with feeling stressed, worried or low, 
volunteer. Additional respondents were recruited through snowball sampling. 
Bernard and Ryan (2010) suggest that this method is appropriate given the target 
population is uniquely defined and hard to reach. Data saturation was reached at 30 
interviews, when no new themes emerged and the MGB categories showed depth in 
their dimensions (Corbin & Strauss, 2008).  
 
The final sample included 20 females and 10 males currently living in the Brisbane 
region, all aged between 18-24 years old, who self-reported feeling stressed, worried 
or low. The bias towards female respondents may be due to young men being 
reluctant to volunteer as they are also the most reluctant group to seek help in 
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Australia (Rickwood et al., 2007). Fourteen respondents were students, while the rest 
of the respondents’ occupations ranged from administrative officer to business 
analyst. This student ratio (47%) is slightly lower than the Australian national 
average of 63% of young people in some form of education (Australian Government, 
2006).  
 
Analytical Procedure 
In preparation for data analysis, the interview recordings were professionally 
transcribed and then checked against the original audio recording for accuracy. 
Thematic analysis was performed on the data employing a hybrid approach, 
combining inductive and deductive thematic analysis (see Fereday & Muir-
Cochrane, 2006). This incorporated both data-driven inductive coding, to identify 
additional determinants of consumer acceptance, and a deductive a priori template of 
codes approach, with codes derived from the MGB constructs. The data was coded 
manually by the researcher in QSR NVivo 9, a qualitative data management tool. 
Storing the inductive and deductive codes and themes/categories developed by the 
researcher (refer to Appendix 2) in NVivo was important to allow for easy retrieval 
of coded text. 
 
Thematic analysis was conducted generally in accordance with Braun and Clarke 
(2006). To identify themes relevant to explaining young adults’ acceptance of m-
wellbeing services, open and in vivo coding of the data formed the foundation of first 
cycle coding. This was followed by pattern coding to collate or group codes on the 
basis of similarity and/or correspondence (Braun & Clarke, 2006; Saldana, 2009). To 
confirm the MGB constructs, provisional coding was first undertaken based on a 
priori codes developed from the MGB. This type of coding is appropriate for 
qualitative studies that corroborate previous research (Miles & Huberman, 1994). 
Following this, open and axial coding were employed to illuminate the dimensions of 
the a priori codes, specifically with relation to their conditions and causes. 
Magnitude coding was also used to indicate weight, intensity or importance of 
responses.  
 
Thematic analysis was used to provide a rich description of the data set (although 
focussed on themes derived from the MGB), rather than a detailed account of one 
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particular aspect (e.g., a latent theme). Consequently, theme prevalence was 
determined based on the number of different respondents who articulated responses 
consistent with the identified theme, which is acceptable according to Braun and 
Clarke (2006). However, Braun and Clarke (2006) also note that “keyness” of a 
theme is not necessarily dependent on quantifiable measures, but rather on whether it 
captures something important in relation to the overall research question. This is also 
reflected in the analysis and findings section.  
 
The analysis was conducted by a single researcher. Consequently, inter-rater 
reliability checks were not employed, which is common in thematic analytic research 
(Marks & Yardley, 2004). However, a “reality check” was implemented to minimise 
bias. Namely, to initially validate findings, the interviewer/coder checked his/her 
interpretation of the responses with the participants themselves at the end of the 
interview as per the suggestion of Saldana (2009).  
 
4.4 Findings and Discussion 
 
Acceptance of M-Wellbeing Services  
Respondents were relatively evenly divided between those who reported desiring or 
intending to use the m-wellbeing service (11) and those that did not (14). Five 
respondents did not clearly indicate positive or negative acceptance of the m-
wellbeing service. This finding is unexpected given evidence of young adults’ 
preference for, and extensive use of, TBSSs (e.g., Dena & Thakur, 2006). The 
following sections delineate our findings as to respondents’ reasons for acceptance or 
non-acceptance of the m-wellbeing service.  
 
“I really want to use it now” (F, 141). 
 
“At this stage I don’t feel I need it—I don’t think I’d use the program. And in 
the future if I felt I needed it—as I said, I’d want to see some evidence before I 
sort of went towards it” (M, 30).  
 
 
 
                                                 
1 Coded as: (Male/Female, Respondent Number) 
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Goals and Anticipated Emotions 
The majority of respondents (23) stated they would not use an m-wellbeing service 
unless it was conducive to a desired outcome or personal goal. This supports 
Bagozzi’s (2007) proposition that consumer behaviours toward technology is goal 
driven. Respondents’ personal goals included more concrete goals, such as 
identifying triggers to stress (F, 7) and getting to sleep quickly in the evening (F, 29), 
through to more abstract goals, such as enhancing quality of life (F, 22) and 
becoming a better person (M, 20). This is consistent with research showing 
individuals tend to form goals at different levels of abstraction (Emmons, 1992).  
 
“It would be good to know that you’re going to get something out of it. If I 
know I’m going to get something out of it, I’ll do it. If I know that I’m not going 
to get anything out of it, I will seldom use it” (M, 11).  
 
“I would like it to give me an outcome that I want, like not being stressed” (M, 
25).  
 
On the other hand, seven respondents reported their intention to use an m-wellbeing 
service would not be driven by any particular goal. This was generally because they 
could not set a specific, measurable and timely goal for their mental health, as they 
could for their career or managing their weight for example. This suggests that these 
respondents may have a tendency to frame their goals in very concrete and specific, 
rather than broad and abstract, terms (Emmons, 1992). As a result, these respondents 
were not able to construct a mental wellbeing goal.  
 
“That sort of goal, ‘I want to feel better’, it’s a bit too vague for me. If I was to 
have a goal it would be—I don’t know—my sort of goals are career-orientated. 
Not really, you know, emotionally-orientated. So I have a goal, say, ‘I’m going 
to go to New York by 2012’. I’ve got my place I want to go, I’ve got my 
timeframe and it’s something that’s achievable” (F, 27).  
 
“It’s a subjective thing, more subjective compared to physical [wellbeing] 
because with physical [wellbeing]—there’s a statistic that can show like how 
much weight you have lost. So that’s the thing you can keep track of, whereas 
psychological, is like a mental thing, so you cannot put it in [terms of] statistics 
or words” (M, 9).  
 
“I wouldn’t see it as a goal that because of this, I’m going to get this out of it, 
um, because it’s an ongoing thing. It’s not as though you’ll ever get to the end 
point... I don’t see that a mental health program would have such an almost 
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tangible goal there. So I wouldn’t say it’s something that’s goal-driven” (M, 
11). 
 
In contrast to the MGB, only eight respondents reported negative anticipated 
emotions would influence their acceptance of m-wellbeing services, whilst 12 
respondents reported that they would not (refer to Table 7). Some of the former 
respondents imagined that they would feel disappointed or despondent in the case of 
goal failure and that this would attenuate their desire to use the m-wellbeing service. 
One respondent, for instance, states: “I would have been like, well this isn’t going to 
work... then why am I going to start [using the m-wellbeing service]?” (F, 7). For the 
latter respondents, the anonymity and lower monetary costs associated with the m-
wellbeing service relative to face-to-face mental health services seemed to attenuate 
the negative consequences associated with goal failure, such as public 
embarrassment and monetary loss. This may have reduced the perceived impact of 
negative anticipated emotions on their acceptance of the service.  
 
Table 7. Synopsis of the Negative Anticipated Emotions Thematic Category  
Impact Sources Illustrative Quotes 
High 8 “I guess it’s disappointment. I don’t want to be disappointed. Like 
go into it thinking, ‘Yay’, and then you know, ‘Okay, it’s not for 
me’” (F, 22).  
 
Moderate 2 “I’m not sure about the negative feelings ‘cause I try not to think 
about them” (M, 6).  
 
Low 12 “If it’s just the fact that I’m messaging an automated response, I’m 
sort of doing it myself and it doesn’t have to be face-to-face, there 
are not many costs, no one has to know I’m doing it. All this sort of 
balances it out. So signing up, there’s few consequences and 
there’s not as much of a risk” (F, 19).  
 
“It’s worth a shot. Like, what have you got to lose? Did it work for 
you? Be happy. If it doesn’t work, well, you’re where you were” (F, 
21). 
Note. Impact = impact of negative anticipated emotions on desire or intention to use m-
wellbeing services; Sources = number of different respondents identified in the category. 
 
However, in line with the MGB, seven respondents reported positive anticipated 
emotions, as a consequence of prefactually considering goal achievement, would 
have a significant effect on their acceptance of m-wellbeing services, whereas five 
respondents reported that they would not (refer to Table 8). Respondents envisioned 
feeling proud and empowered by using the m-wellbeing service to manage or 
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improve their mental wellbeing. One respondent, for example, states: “You would 
feel proud that you helped yourself, that you figured it out, that you figured yourself 
out, that you understand yourself more” (F, 17).  
 
Table 8. Synopsis of the Positive Anticipated Emotions Thematic Category  
Impact Sources Illustrative Quotes 
High 7 “I think the positive feelings would definitely influence me ‘cause 
once I know that this service is going to help me…I’ll be willing 
to—like it increases my desire to try that service out” (M, 6).  
 
Moderate 3 “I think I’d probably set goals that aren’t too out there. I’m more of 
a person who’ll set a small goal, if I reach that, set the next goal, 
reach that, I’ll set the next goal. So I avoid those negative things 
because they’re always things I can achieve” (M, 11).  
 
Low 5 “Yeah, I’m very achievement orientated, but I don’t know. I don’t 
think I’d anticipate. I don’t think I’d start it because I think I’d be 
happy if I achieved the outcome” (M, 30).  
Note. Impact = impact of positive anticipated emotions on desire or intention to use m-
wellbeing services; Sources = number of different respondents identified in the category. 
 
This study provides some evidence of the impact of both negative and positive 
anticipated emotions on consumers’ acceptance of m-wellbeing services. However, 
many respondents found it difficult to prefactually evaluate goal achievement or goal 
failure in the mental health context where personal goals are relatively abstract. This 
is consistent with the proposition that the more abstract the goal, the less clear the 
outcomes acceptable as instances of goal attainment or indicative of goal failure 
(Emmons, 1992). High goal abstraction may therefore have made it difficult for 
some respondents’ to consider how they would respond emotionally to goal 
achievement/failure and to determine whether this would influence their acceptance 
of m-wellbeing services. This raises the question of whether anticipated emotions 
would play a dominant role in explaining the consumer acceptance of TBSS options 
for professional services in general, since their service outcomes are typically 
difficult to evaluate (Ostrom & Iacobucci, 1995), making their emotional outcomes 
vague.  
 
Subjective Norms  
Many respondents (55%) reported that the opinions, perceptions and attitudes of 
those in immediate social proximity (e.g., friends, family and co-workers) would 
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have limited impact on their acceptance of m-wellbeing services (refer to Table 9). 
This finding is inconsistent with the MGB, which specifies that social norms 
influence behavioural desire and intentions (Perugini & Bagozzi, 2001). Although 
this result is unexpected, respondents explain this lack of regard for key reference 
group’s opinions on the basis that the m-wellbeing service is produced and consumed 
anonymously via a private technological platform. This is consistent with research 
showing individuals adhere more stringently to social norms when their behaviour is 
identifiable (Ratner & Kahn, 2002) and that normative pressure has a stronger effect 
on consumers’ acceptance of person-interactive, rather than machine-interactive, 
mobile services (Nysveen et al., 2005b). Overall, this finding provides initial 
evidence that subjective norms may not be a strong determinant of consumers’ 
acceptance of m-wellbeing services specifically and TBSSs consumed privately more 
generally, although further research is needed to test this proposition.  
 
Table 9. Synopsis of the Subjective Norms Thematic Category  
Impact Sources Illustrative Quotes 
High 5 “The big factor there would be the perception that my family 
has. If they were positive, I would definitely sign up. If they were 
negative, I would definitely not sign up” (F, 19). 
 
Moderate 8 “Um, I’m going to say like 50/50 ‘cause if I'm actually in a 
social kind of like environment, if my friends tell me, ‘Oh, 
you’re depressed, you need help,’ then possibly I’m going to use 
it” (F, 4). 
 
Low 17 “Um ..., not very much I don’t think. Because I don’t really see 
it as something that you would need to tell them [family, friends, 
and important others]... It wouldn’t have a direct affect on the 
people that are closest around me” (M, 25).  
Note. Impact = impact of subjective norms on desire or intention to use m-wellbeing 
services; Sources = number of different respondents identified in the category. 
 
The anonymity associated with m-wellbeing services also appears to reduce broader 
social influence, specifically, the public stigma associated with mental illness and 
mental health services (Corrigan & Shapiro, 2010), on respondents’ intention to seek 
help. Technological service delivery allows service recipients to circumvent any 
interpersonal interaction with health professionals and others in the clinical setting 
(e.g., other service recipients) and thus, service recipients have complete control over 
who shares in the knowledge that they are seeking help. In this way, m-wellbeing 
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services address “fear of stigma”, a key barrier to help-seeking for young adults 
(Rickwood et al., 2005). 
 
“The main benefit I guess is that you’re de-identified. No one has to know that 
you’re doing it; it’s completely up to you. So I guess you don’t have the 
stigma” (F, 10).  
 
“If you’re seeing someone it might come up eventually that you’re seeing 
someone. Then of course there are just little negative things about, ‘Are they 
seeing someone? What’s wrong with them?’ Whereas if it’s on your mobile, 
then no one really has to know” (M, 12).  
 
Perceived Behavioural Control  
Overall, findings suggest that perceived behavioural control does influence 
respondents’ acceptance of m-wellbeing services. This is consistent with the MGB 
and with extant research showing perceived behavioural control is a significant 
determinant of consumers’ intentions to use TBSS (e.g., Dabholkar & Bagozzi, 2002; 
Meuter et al., 2005; Nysveen et al., 2005b; van Beuningen et al., 2009). The 
following sections outline the impact of respondents’ self-efficacy in relation to 
using m-wellbeing services, as well as the facilitating conditions or situational 
factors that influence respondents’ behavioural control perceptions. First, the impact 
of respondents’ confidence in their ability to use the m-wellbeing service is 
discussed. Following this, the extent to which situational factors, particularly 
monetary and time costs, influence acceptance is presented. This is in line with the 
perspective that perceived behavioural control encompasses both self-efficacy and 
perceived controllability (Hagger & Chatzisarantis, 2005; Taylor & Todd, 1995).  
 
Technology, co-production and maintenance self-efficacy. Most respondents (22) 
possessed high levels of self-efficacy in relation to using the self-service technology, 
a mobile phone, to deliver the mental health service (refer to Table 10), termed 
“technology self-efficacy” in this study. They were confident in their ability to access 
the service on their mobile phone (e.g., online or by downloading a mobile phone 
application), learn how to use and navigate the technological interface of the service, 
and resolve any technological issues. These high levels of technology self-efficacy 
may be attributable to these young adults’ previous experience with using mobile 
phones. 
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Table 10. Synopsis of the Technology Self-Efficacy Thematic Category (by Degree) 
Degree  Sources  Illustrative Quotes 
High 22 “I taught myself to write websites and everything like that, so for 
me, using a program and learning how to use a program is not an 
issue at all. Um, and for our age group, the 18 – 25 year olds, I 
don’t see it being an issue” (F, 10).  
 
“New programs - you quickly have to get your head around it. It’s 
just one of those skills that I picked up… so I think I would be able 
to pick it up very quickly…” (M, 11).  
 
Moderate 7 “I think I’m probably in the middle. Like, I’m not great at it, but 
I’ve still got general skills and find it pretty easy to find my way 
around. So I think I could pick it up fairly easily” (F, 2). 
 
“As long as it’s user-friendly I’d say. For me, I’m dealing with 
computer stuff almost every day, so it’s not really a big deal for 
me” (M, 9). 
 
Low 1 “I’m not going to lie, I’m not very technical. (laughing). So that 
would be a drawback. I would be like, oh, God, this is going to be 
a tricky one” (F, 9).  
Note. Degree = degree to which respondents reported possessing technology self-efficacy; 
Sources = number of different respondents identified in the category. 
 
In line with extant research showing previous experience influences self-efficacy 
(Meuter et al., 2005), 17 respondents reported their familiarity with using their 
mobile phone for producing and consuming other services enhanced their confidence 
in their ability to use their mobile phone to deliver m-wellbeing services (refer to 
Table 11). These respondents considered themselves technically competent due to 
their familiarity with the various functions on their mobile phones. Of note, however, 
even respondents with no previous experience expressed confidence in their ability to 
quite easily adapt to mobile phone service delivery.  
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Table 11. Synopsis of the Technology Self-Efficacy Thematic Category (by Impact) 
Impact Sources  Illustrative Quotes 
High 17 “The more technology adept you are, the more likely you are to 
use that technology ‘cause you understand it. You’re not 
intimidated by the new software. Whereas, I suppose if you don’t 
actually use services online that often, you probably wouldn’t be. 
I think I would be less likely to use it and just go with the norm, as 
opposed to… it’s very new age using everything on your mobile” 
(F, 2).  
 
“Yeah, I think so, ‘cause you’re just so used to banking on the 
internet and checking the weather... You’d be comfortable with 
using something that you use in other contexts” (M, 5).  
 
Low 6 “But in the sense of me not using one before, I’d still give it a go, 
definitely. Yeah, so I would use it, but if it’s difficult I’d probably 
just give up” (F, 22).  
 
 “Probably not because I can usually pick things like that up 
really quickly. Yeah, it might be a problem for people who are a 
bit older” (F, 24). 
Note. Impact = impact of previous experience on technology self-efficacy and the desire or 
intention to use m-wellbeing services; Sources = number of different respondents identified 
in the category. 
 
In contrast to generally high levels of technology self-efficacy, several respondents 
(13) expressed doubt with regards to their ability to adequately perform their role as 
co-producer of the service, termed “co-production self-efficacy” in this study. The 
data also suggests that this may influence their acceptance of m-wellbeing services. 
Respondents raised concerns about their lack of mental health expertise, together 
with the absence of guidance from a health professional. For example, some 
respondents’ (9) anticipated intentionally or unintentionally causing service failure, 
through means such as not following the recommendations of the service and/or 
unintentionally misleading the service as a result of misunderstanding or lack of 
insight.  
 
“I’d be worried that I’d play it up or play it down. I would be worried about 
the accuracy of myself inputting it... because I don't really trust myself with my 
own perception of what my problems are” (F, 16).  
 
“Yeah, it needs to be clear… easily understood. Because that would be a 
drawback if there’s nobody to explain, I guess is what I mean. Like if you just 
have the information, but maybe you don’t understand what the information 
actually is trying to tell you, you don’t have that person that can explain if you 
don’t understand” (F, 1).  
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“Cause you’re actually unsure of what you are doing. Nobody actually checks 
up on you to make sure that you’re good to go” (F, 4). 
 
“...If I was to use it in reality I probably wouldn’t follow the instructions as 
closely as if someone was telling me face-to-face… I’d probably dismiss some 
of it” (M, 5) 
 
Evidence of this self doubt manifests further in respondents’ negative perceptions of 
“self-diagnosis”. One respondent, for instance, highlights: “I think it’s almost a bit 
self-diagnosis-y. It can be scary when you jump on Google and you’re like, ‘I’ve got 
these symptoms; I have got cancer’” (F, 16). Overall, these respondents felt they 
were not equipped with the skills required to adequately fulfil their role as a high 
involvement co-producer of an m-wellbeing service. These results suggest that the 
credence qualities of the TBSS, specifically the specialised knowledge needed to 
produce a professional service (Ostrom & Iacobucci, 1995), are tempering young 
adults’ confidence in their ability to co-produce m-wellbeing services. 
 
Respondents’ high levels of self-efficacy in relation to using a mobile phone for 
service delivery, together with low levels of self-efficacy in relation to performing 
the required tasks of the mental health service, form a paradox of concurrent self-
doubt and self-confidence with respect to using m-wellbeing services. This finding 
suggests that it may be useful to distinguish between the two aforementioned 
components of self-efficacy when examining consumers’ acceptance of TBSSs high 
in credence qualities: technology self-efficacy, related to using technology to access 
and deliver the service, and co-production self-efficacy, related to the ability to co-
produce the service through technology without service employee involvement. This 
finding also provides initial evidence that the approach taken by the literature to self-
efficacy, which views the service product and service delivery constituents of TBSS 
as entirely integrated (e.g., Dabholkar & Bagozzi, 2002; Meuter et al., 2005), may 
not adequately explain consumers’ acceptance of TBSS for professional services.  
 
Moreover, half of the young adults in the study also expressed doubt concerning their 
ability to maintain co-production of m-wellbeing services over time, while at the 
same time recognising that this would limit service benefit. This appears consistent 
with the conceptualisation of maintenance self-efficacy in health literature as the 
perceived capability to maintain a newly adopted behaviour (Luszczynska & 
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Schwarzer, 2003). These respondents felt they lacked sufficient self-motivation to 
continue using m-wellbeing services over time without external motivation, such as 
provided by health professionals or other service personnel. Consequently, they 
expected limited benefit from these services, which negatively impacted their 
acceptance of m-wellbeing services. This is consistent with health research showing 
that maintenance self-efficacy has a positive relationship with the adoption of health 
behaviour (e.g., Luszczynska & Schwarzer, 2003; Scholtz, Sniehotta, & Schwarzer, 
2005; Sniehotta, Scholz, & Schwarzer, 2005).  
 
“I would worry from the beginning whether I would keep using it. Maybe if 
there was something in it for me every time I updated, I’m not sure how you 
would arrange that, but if I got some sort of reward for doing so, then I could 
keep motivated” (M, 20).  
 
“I think that if you were going to do it once a day - you’d get a gauge, but if 
you really want to see a difference you might do it say, morning and night. So 
once a day would be the minimum to see a difference - I don’t know if I’d 
actually uphold that once a day, but it would be a minimum to see a 
difference” (F, 19).  
 
“If you’re not, um, someone who takes initiative… you aren’t as likely to be 
motivated to continue with that service as suggested. Whereas if you go to see 
the person face-to-face and schedule sessions, you’re much more likely to feel 
obligated to meet the requirements” (F, 1).  
 
This finding suggests respondents’ confidence in their ability to continue using m-
wellbeing services over time influences their acceptance of these services since their 
benefits are not realised immediately, as in the case of several professional services 
(e.g., law and education services). This finding provides initial evidence that existing 
models of TBSS acceptance (e.g., Curran & Meuter, 2005; Dabholkar & Bagozzi, 
2002; Nysveen et al., 2005b), which do not account for the effect of maintenance 
self-efficacy, may not be sufficient in the context of TBSS options for professional 
services since professional services are characterised by their need for “relatively 
long contact time” (Silvestro et al., 1992, p. 73). It also suggests that the initiation 
and maintenance of behaviour are not disconnected processes when the benefits of 
the behaviour are not easily discernible and immediately available, as in the case of 
social marketing behaviours in general (Kotler & Lee, 2008; Rothschild, 
1999).Consequently, it suggests future social marketing research should investigate 
the interrelationships’ between adopting and maintaining behaviour.  
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Influence of monetary and time cost on perceived controllability. Monetary cost 
appears to influence respondents’ perceived control over using m-wellbeing services 
in this study. Respondents were able to construct monetary cost expectations, even 
though m-wellbeing services are not yet publicly available in Australia, relative to 
related services, for instance, face-to-face mental health services. This is consistent 
with adaptation level theory, where consumers possess internal reference prices and 
make comparisons with these prices instead of having perfect information about 
prices (Grewal, Monroe, & Krishnan, 1998). Specifically, 11 respondents considered 
reduced monetary cost compared to face-to-face services an influential benefit of m-
wellbeing services, one that improved the ease with which they could seek help.  
 
“It would be of benefit to me personally and I think it would be for other 
people as well. Because I know that—a few people that I’ve talked to, they 
want to seek help in regards to mental illness, but they have trouble affording 
$150 per hour to see a psychologist” (F, 24).  
 
“I think if you’ve got the time and I think money would be a factor too, because 
the doctor costs, you know... So if this is something that’s cheaper that you can 
actually end up getting better health because of using it, then I would agree 
with it (F, 2).  
 
A relatively large proportion of respondents (15) freely elicited monetary cost as an 
important determinant of their acceptance of m-wellbeing services, supporting 
previous research (e.g., Wu & Wang, 2005). The data suggests that offering m-
wellbeing services at very low or no monetary cost to young adults would increase 
their perceived control over the behaviour and consequently, their intention to seek 
help from this source (refer to Table 12). Seventeen respondents stated that they 
would require the service to be low cost, whilst only four respondents would be 
willing or able to accept a moderate cost for the service. According to the data, this 
finding may be attributable to the influence of low cost commercial m-services (e.g., 
mobile phone applications or Apps) on respondents’ cost expectations.  
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Table 12. Synopsis of the Monetary Cost Thematic Category  
Monetary 
Cost 
Sources  Illustrative Quotes 
Moderate 4 “Probably moderate. The key to it is, [the cheaper it is] the less 
you trust it, so they don’t really have the specialisation or 
experience. But the more expensive it is, the more I can’t afford it. 
So it would have to be somewhere in the middle” (F, 19). 
 
“Cost would have more of an impact I think than time to go 
through it. If I was certain that I needed it. Again, I think need is 
the most important thing. So cost, it would be a factor that would 
stop me from using it, but if I felt I needed it, I guess I would pay 
what needed to be paid - as long as it’s cheaper than a face-to-face 
sort of therapy” (M, 30).  
 
Low 17 “People are looking for free stuff these days, so obviously, if it was 
free, it would be great. I wouldn’t spend upwards of five dollars on 
it if it was for my phone... I have an iPhone and there are a lot of 
apps out there that are five dollars... Five dollars comes from an 
app that you’re expecting to be really well done, backed up by 
professionals and that gets the job done” (M, 25).  
 
“Just comparing it to other programs, other apps on... iPhone App 
Store. If it’s going to cost me money and I’m not sure about it, I 
probably won’t use it. I wouldn’t download it” (F, 11).  
Note. Monetary Cost = anticipated price of m-wellbeing services; Sources = number of 
different respondents identified in the category. 
 
The data also suggests, however, that offering m-wellbeing services at no monetary 
cost may negatively influence consumers’ perceptions of service quality and 
credibility. Monetary cost served as a cue for the quality of the service, with a lower 
service cost indicating lower service quality or credibility, for some respondents. 
However, this perception was combated if it was known to be a government 
sponsored service or developed by a mental health organisation. The credibility of 
the government or the mental health organisation served as a substitute for higher 
monetary cost as an observable indicator of the quality of the service. This is 
consistent with research showing that when consumers appraise professional services 
with credence qualities, which are difficult to evaluate even after use, they employ 
extrinsic cues to infer service quality (Zeithaml, 1988). 
 
“I mean you can get anything, games and all sorts of things for free. If it’s just 
another thing you can just get on your phone for free ... I guess it wouldn’t 
seem such a high quality thing” (F,13).  
 
“I believe everything – well the price is proportional to the quality of your 
product... Yeah, because obviously if something was that proficient and 
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professional people wouldn’t, like I mean in the world today, they wouldn’t be 
giving out for free (M, 6). 
 
“I view health as like a government-funded kind of thing and normally if the 
government is doing something then it has its own credibility attached to it... 
I’m thinking if its run by health professionals, if it’s been established with 
government backing, then I think the sense of credibility’s already embedded in 
that. So, it depends on who’s running it, I think, more than how much it costs” 
(F, 26).  
 
As with monetary cost, several respondents anticipated a reduced time cost of m-
wellbeing services relative to face-to-face mental health services. They also 
considered this a major benefit of this TBSS, which positively influenced the ease of 
help-seeking from this source. For example, one respondents states, “I think the 
benefit of m-mental health services is we don’t all have time to go and see these 
people [health professionals]” (F, 7). Eighteen respondents stated the time cost of m-
wellbeing services would have to be low in order for them to be able to, and 
therefore intend to, use the service, citing other activities competing for their time or 
short attention span as reasons. This finding is consistent with extant research 
showing that high perceived waiting time negatively influences consumers’ 
intentions to use self-service technology (Collier & Sherrell, 2010; Dabholkar & 
Bagozzi, 2002). This finding suggests the perceived time cost of m-wellbeing 
services influences respondents’ perceived control over help-seeking from this 
source and consequently, their acceptance of m-wellbeing services (refer to Table 
13). Together with the findings presented in relation to anticipated monetary cost, it 
appears that the perceived controllability of help-seeking from m-wellbeing services 
may be greater than from face-to-face mental health services.  
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Table 13. Synopsis of the Time Cost Thematic Category 
Time 
Cost 
Sources  Illustrative Quotes 
Moderate 4 “I suppose it would be a fair bit, but if it’s on your mobile then, 
again, you can do it at your own pace... but it wouldn’t take me 
away from it if it did take up a fair bit of time... I’d be willing to, if 
it’s helping, I’d be willing to sit down and do it, even if it’s just 
during lunch break or whatever” (M, 12).  
 
“I think you need to put in work to get results. So I would perceive 
that the more work you put in the better the results... I would 
expect that it would involve a bit of time. I’m not sure exactly how 
many minutes or hours would need to be put in each week, but I 
would’ve thought the more you put in, the more you get out” (M, 
30). 
 
Low 18 “I guess whether you have the time use this type of technology... 
You know, if you’ve been at work, it’s been really some busy, 
stressful day, you just want to go home, you want to have a 
shower, you want to sleep. You don’t necessarily want to go 
through and fill out, you know, the survey or use this technology, 
when all you want to do is just go to bed and get up for work 
tomorrow” (M, 8).  
 
“Well I think ten minutes is reasonable. So I think if it’s in that ten 
minutes [range], I would use it. But if it’s something that’s going 
to take up half an hour of a day, then that would be something I’d 
be less willing to use because it’s got to be something that can be 
adaptable to people with a busy lifestyle I think” (F, 29).  
Note. Time Cost = anticipated time cost of using m-wellbeing services; Sources = number of 
different respondents identified in the category. 
 
Attitude toward M-Wellbeing Services  
Overall, there is evidence to suggest that respondents’ attitude toward m-wellbeing 
services influences their acceptance of the service. This is consistent with previous 
research which shows that the more positive consumers’ attitude toward the TBSS, 
the greater their intention to use the TBSS (Curran & Meuter, 2005; Curran et al., 
2003; Dabholkar & Bagozzi, 2002). Three key factors appear to influence 
respondents’ negative or positive evaluation of the m-wellbeing service: need for 
interaction, need for control and respondents’ perception of how well the service fits 
their lifestyle. 
 
Need for interaction. The responses of 24 young adults in this study reveal the 
influence of need for interaction with service personnel on their evaluation of m-
wellbeing services (refer to Table 14.). This finding is consistent with extant research 
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(e.g., Curran & Meuter, 2005). Some respondents (6) regarded the lack of personal 
interaction a benefit of m-wellbeing services, which supports other research showing 
some consumers seek out self-services in order to avoid interpersonal interaction 
(Meuter et al., 2000). This low need for interaction may stem from the personal 
nature of, and social stigma associated with, mental health (Corrigan & Shapiro, 
2010). Others (13), however, held relationships and interpersonal interactions in high 
regard and viewed the lack of interpersonal interaction in m-wellbeing services as a 
disadvantage. These respondents sought the “connection” and “personal touch” of 
interpersonal service. This suggests whilst TBSS removes the discomfort of face-to-
face interaction for some; it may be a significant drawback for others who value the 
personal interaction characteristic of professional services (Johnson & Zinkman, 
1991; Ostrom & Iacobucci, 1995).  
 
Table 14. Synopsis of the Need for Interaction Thematic Category  
Degree Sources  Illustrative Quotes 
High 13 “I suppose the main drawback would be it lacks a real personal 
connection. I guess if you are experiencing depression and you’ve 
been isolating yourself from other people, even having contact with 
your doctor, psychologist or just anyone in the community, it can 
sort of just make you feel a little bit better” (F, 24).  
 
“The support and showing that there’s someone out there that’s 
willing to help, which is often a very good thing with mental illness... 
It’s not just this faceless kind of thing” (M, 8). 
 
Moderate 5 “It’s good to self-motivate and everything, but it can help to have 
that personal touch of a human... I just kind of said it’s a negative, 
but I suppose it can be a positive as well. Not having to see someone 
face-to-face. Because going to see someone can be the most stressful 
thing about it. To go see another person and say to them face-to-
face, ‘I’m having problems’” (M, 12). 
 
Low 6 “To actually go and meet someone face-to-face would probably be 
more difficult than going online…I can do it in the privacy of my 
own home, in my own time. No one is going to pass judgment; no 
one is going to look at me” (F, 10).  
 
“I’d be someone who would sort of be embarrassed going to see 
someone and having to admit to someone apart from myself that I 
need help” (F, 1). 
Note. Degree = degree to which respondents exhibited need for interaction with service 
personnel; Sources = number of different respondents identified in the category. 
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Need for control. The extent to which respondents feel a need for control over the 
process of help-seeking appears to influence their evaluation of m-wellbeing 
services. The respondents (9) who exhibited a need for control viewed the autonomy 
of self-help services positively (refer to Table 15). This supports research showing 
consumers select self-service options to feel in control (Bateson, 1985; Langeard et 
al., 1981). These respondents believed m-wellbeing services would offer them 
control over the therapeutic process without making them feel guilty or 
uncomfortable about exercising that control. Nonetheless, there is evidence to 
suggest that other respondents prefer to defer control to an external party (e.g., health 
professional) and have a negative view of the autonomy of m-wellbeing services. 
The data also highlights the possibility that the severity of respondents’ mental ill-
health may impact the extent to which they desire control. One respondent proposes 
that experiencing higher levels of stress, anxiety or depression lowers desire for 
control and consequently, the likelihood of using m-wellbeing services:  
 
“And if it’s more of a severe mental health problem, someone who’s reached 
the lowest point of the low with depression that they can get —the last thing 
they’re thinking of doing is picking up their mobile phone... They think 
‘Someone get out here and pull me out of it’” (F, 10).  
 
Table 15. Synopsis of the Need for Control Thematic Category  
Degree Sources  Illustrative Quotes 
High 9 “I like it to be at my own pace I suppose; I can do it how I want to do 
it. Yeah, that’s probably the main thing [motivator to use m-wellbeing 
service]” (M, 12). 
 
“There’s no one that you feel uncomfortable with or you don’t know 
telling you what to do, what your problem is” (M, 30).  
 
Low 2 “So if you’re really down, are you going to think about getting on your 
phone ...? Sometimes having someone tell you what to do is easier than 
you finding your own way out of a ditch. When you’re in a dark place, 
it’s often hard to get out of it by yourself” (F, 17).  
 
“I like having someone tell me… ‘You’re overreacting, you’re not 
overreacting, you’re under-reacting,’ because I don't really trust 
myself with my own perception of what my problems are... I like having 
someone to tell me whether this is serious or this is not serious, 
because... I usually get it wrong” (F, 16). 
Note. Degree = degree to which respondents exhibited a need for control; Sources = number 
of different respondents identified in the category. 
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Compatibility with life. Most respondents (27) reported m-wellbeing services’ 
convenience positively influenced their evaluation of help-seeking from this source. 
Sixteen respondents valued having m-wellbeing services available in “the palm of 
their hand”, as this meant they did not have to deviate from their normal activities to 
book appointments and/or travel to clinics. In other words, respondents considered 
help-seeking from m-wellbeing services convenient since it could be done when and 
where it suited. Convenience has been previously described as a key benefit of TBSS 
(e.g., Ha & Stoel, 2009; Meuter et al., 2003). The availability of the service at the 
“right time”, when needed by respondents, also added to its compatibility with life. 
This suggests that m-wellbeing services offer the benefit of seamless integration into 
the life and lifestyle of young adults and that this is viewed positively by this target 
audience. 
 
“Coping strategies are very useful at times. And I think if you can just pull out 
your phone and access them straight up, it’d be great. I’d definitely do that, for 
sure” (F, 22). 
 
“I know for me, say, my emotional health, the times it hits me the worst are 
things like at nine or ten pm at night, so I’m not really in the vicinity of health 
professionals... I wouldn’t have easy access to those services anyway, so the 
benefit of technology I would see is that it is always there... because I know the 
times I feel the lowest or most stressed are not so much sociable hours, 
between the hours of nine and five, it’s the 9pms at night, the 6ams in the 
morning” (M, 11).  
 
Behavioural Competition 
Many respondents’ (19) evaluation of m-wellbeing services relative to face-to-face 
mental health services influenced their acceptance of the TBSS (refer to Table 16). 
As summarised by one respondent, “[The m-wellbeing service] would have to 
overcome sort of competing with traditional therapy” (M, 30). This is consistent with 
Goal Systems Theory (Kruglanski et al., 2002), which posits that individuals’ 
generally possess several behavioural means to achieving goals and that inhibitory 
links exist between these parallel or alternate behavioural means. Half the 
respondents in this study did not anticipate m-wellbeing services to be as effective as 
traditional face-to-face mental health services, and this deterred their acceptance of 
these services. That is, these respondents expected that help-seeking from a face-to-
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face mental health service, as opposed to an m-wellbeing service, would be more 
conducive to achieving their mental health goal. One respondent, for example, states:  
 
“Maybe just not really thinking it’s going to change much, that it may not 
really reach a goal and it’s just going to be a waste of time. Now I’ve wasted 
six months, where I could’ve been speaking to someone and actually working 
through my problems. So that would definitely impact on my decision to use 
this program” (F, 10). 
 
One reason for face-to-face mental health services anticipated advantage over m-
wellbeing services appears to be technology snobbery, a phenomenon whereby the 
perceived utility of the TBSS is negated solely by its delivery via familiar self-
service technology (i.e., mobile phone). One respondent suggests technology 
snobbery may stem from the hedonic nature of services currently accessed via 
mobile phone, “I mean if you’re using the phone for games and stuff—doing that 
[mental health] program, it’s going to not seem as important as it should” (F, 19). 
Respondents also anticipated the provision of irrelevant or generic information, and a 
lack of interactivity and customisation, relative to face-to-face mental health 
services. This further diminished m-wellbeing services’ perceived capacity to 
maintain or improve mental wellbeing relative to face-to-face mental health services.  
 
Table 16. Synopsis of the Behavioural Competition Thematic Category 
Degree Sources  Illustrative Quotes 
Low  15  “In the long run there is only so much a computer can do for you. 
Computers don’t have emotions so they don’t kind of understand as 
such what you are going through...And, you know, they can offer 
advice, but it will be generic. Everyone gets this advice, so it 
wouldn’t be as good. I’d prefer to actually go in and talk to 
somebody who can give me personalised advice” (F, 23). 
  
“There’s benefits from actually seeing someone; they can actually 
see if you’re struggling or not and if you need extra help, extra 
motivation. I guess when it’s just a computer thing, you don’t get 
that” (F, 13).  
 
Medium 
 
4 “I really like the mood-tracker that you talked about... I think it 
would be really beneficial ‘cause if you can log how you feel every 
day... that way it would be accurate as well. I don’t think it would 
be accurate if you’re looking back [with a health professional] 
‘cause it gets modified by things that have happened” (F, 22).  
Note. Degree = degree of M-wellbeing services’ perceived effectiveness relative to 
behavioural competition; Sources = number of different respondents identified in the 
category. 
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The idea that consumers compare alternatives conducive to a particular goal or 
outcome, prior to choosing to accept and adopt a particular alternative is generally 
consistent with the notion of competition. TBSS literature acknowledges competition 
in so far as it recognises consumers must choose between interpersonal and 
technology-based encounters (Meuter et al., 2003). Although social marketing 
recognises purposeful competition between alternative behaviours (Andreasen, 2004; 
Hastings, 2003), current conceptualisations of purposive competition are not 
inclusive of competition between behaviours conducive to the same goal. Hastings 
(2003), for example, defines purposeful competition as “the competition that 
McDonald’s and Coke present to social marketing of healthy eating” (p .8). 
Competition is defined only relative to behavioural alternatives instrumental to 
conflicting goals. For example, a typical goal for eating healthily may be to improve 
health, where as a typical goal for eating McDonalds may be to save time. This 
conceptualisation does not include the type of competition which arises between 
alternatives that achieve the same goal, for instance, the competition between 
technology-based or face-to-face wellness services. Consequently, the results suggest 
an extension of the current conceptualisation of competition in social marketing may 
be warranted.  
 
Goal Desire 
Thirteen respondents reported they would not intend to use an m-wellbeing service 
unless mental wellbeing was an important personal goal. This seems to be 
conceptually similar to “goal desirability”, which is “the valence of an action’s end 
state” (Liberman & Trope, 1998, p. 7). Perugini and Conner (2000) show that goal 
desirability influences consumers’ acceptance of behaviour in the Extended Model of 
Goal-Directed Behaviour (EMGB), consistent with this study’s findings. Goal 
desirability seems to comprise two components in this context: (1) recognition of the 
need to establish a mental wellbeing goal and (2) the importance of that goal. 
Further, it appears that recognising a need for and setting a goal toward improved 
mental wellbeing is necessary, but not sufficient to encourage respondents’ 
acceptance of m-wellbeing services. It is the priority or importance of that goal 
which drives acceptance of m-wellbeing services as per the EMGB.  
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“If I myself wanted to recognise I have these problems and I want to deal with 
it, then it would be beneficial. If I’m aware of the problem and I know that 
fixing the problem is really important to me, then I will be more likely go to use 
it. So it’s hard to get people to recognise they have the problem, but it’s even 
harder to let them realise how important it is for this problem to get fixed. 
Provided that the problem is important to me, I would get it fixed” (M, 9).  
 
That’s right, even if you are aware of it you may not really be kind of inclined 
to go out there and actually do something about it (M, 8).  
  
“It’s actually going, I’ve realised that I should be doing it and then you hit a 
point where you go, ‘It’s not should be, I need to do this now for my own 
mental health. I need to do this to help me get better and help me get through 
these things’” (F, 10).  
 
Moreover, the data suggest the extent to which mental wellbeing is a priority goal 
may be a function of the discrepancy between individuals’ actual and desired mental 
state at a particular point in time. A higher discrepancy, which is perceivable through 
“massive highs and massive lows” (M, 11), seems to elevate the desirability of 
mental wellbeing as a personal goal.  
 
 “I know for my emotional health you kind of notice it when it is out of whack 
and you don’t notice it normally. You’d need some sort of catalyst for me to go 
out and seek it, because I don’t actively monitor my mental health. I live life 
and I don’t think about it until I’m stressed or worried or things aren’t going 
well. Massive highs and massive lows in a short period of time; that’s when I 
think about it” (M, 11). 
 
4.5 Implications of the Findings 
 
Theoretical Implications 
This study provides preliminary support for the MGB’s capacity to explain 
consumers’ acceptance of TBSS options for professional services, although further 
quantitative research is needed to confirm this finding. The study also reveals two 
key points of departure from extant literature examining non-professional TBSSs. 
First, respondents distinguished between their confidence in their ability to perform 
the tasks necessary to co-produce the mental health service and their confidence in 
their ability to use a technological platform to deliver the service. Previously, these 
two factors have been undifferentiated (e.g., Dabholkar & Bagozzi, 2002; Meuter et 
al., 2005). It appears the extensive knowledge required to perform professional 
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services (Ostrom & Iacobucci, 1995), combined with consumers increased 
involvement in the co-production process, means both technology self-efficacy and 
co-production self-efficacy may be important determinants of consumer acceptance 
of TBSS options for professional services. Second, this study suggests maintenance 
self-efficacy, individuals’ confidence in their ability to maintain use of the service 
over the time necessary to receive its benefits, influenced respondents’ acceptance of 
m-wellbeing services. This finding may be linked to the tendency of mental health 
services to provide less immediate benefits, in line with other professional services 
such as education, requiring sustained use of the service over time. Consequently, it 
appears maintenance self-efficacy may be an important determinant of consumer 
acceptance of TBSS options for professional services, which are characterised by 
“relatively long contact time” (Silvestro et al., 1992, p. 73).  
 
Further, this study provides insight into the determinants of consumers’ acceptance 
of technology-based service products instrumental to societal goals, an under-
researched area in social marketing. It also illustrates the effect of a previously 
neglected element of competition in social marketing. Hastings (2003) defines 
purposeful competition as that which occurs between alternatives that achieve 
conflicting goals, for example, eating fast food versus eating healthily. Our findings 
suggest competition also exists between alternatives that achieve the same goal as 
proposed in Goal Systems Theory (see Kruglanski et al., 2002). That is, the data 
suggest respondents’ evaluation of the anticipated effectiveness of m-wellbeing 
services, relative to face-to-face mental health services, in securing improved mental 
health influenced their acceptance of the TBSS. Future research examining this type 
of competition will be particularly important in contexts where it is vital for 
consumers to select a particular behaviour to achieve a goal, such as when not all 
alternatives are positive (e.g., fad diets versus healthy eating as means of weight 
management). 
 
Last, this study extends understanding of goal-directed behaviour. It further explores 
the interplay between goals and their behavioural means by providing empirical 
evidence for the existence of an inhibitory link, or competition, between behavioural 
alternatives that are instrumental to the same goal, as proposed by Goal Systems 
Theory (Kruglanski et al., 2002). The findings also suggest this competition 
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influences consumers’ intention to perform behaviour. This has not been considered 
by the bulk of attitudinal research, including the MGB (Richetin et al., 2011). Future 
research should therefore investigate the effect of accounting for this competitive 
influence on the explanatory power of the MGB. The research also suggests 
anticipated emotions may not play a significant role in explaining consumers’ 
acceptance of behaviours linked to abstract goals. Respondents experienced 
difficulty envisioning the outcomes constituting goal achievement or failure, given 
the abstractness of mental health goals, and this may have reduced the perceived 
impact of anticipated emotions on their acceptance of m-wellbeing services. Thus, 
future research could compare the explanatory power of the MGB across abstract and 
concrete goal contexts to further investigate this finding.  
 
Practical Implications 
This research is directly relevant to social marketers working in a mHealth context, 
where it can be used to understand and encourage young adults’ acceptance of m-
wellbeing services specifically. The study suggests social marketers should build 
young adults’ confidence in their ability to (1) co-produce the service without help 
from a health professional and (2) sustain its use over time. The findings also suggest 
that the life compatibility of m-wellbeing services, including their convenience and 
instant availability during times of need, should be promoted as a key benefit of the 
service. Last, the research indicates a need to build and promote the efficacy of m-
wellbeing services, as young adults’ appear concerned that these services are not as 
effective as their interpersonal counterparts.  
 
More broadly, this study provides preliminary evidence that consumers’ acceptance 
of TBSS options for professional services is driven by different factors as compared 
to traditional TBSSs. This is relevant to marketers working in professional service 
industries, where these services, such as law and accountancy services, are becoming 
increasing digitised. The findings suggest it is important to build consumers’ 
confidence in their ability to co-produce the service, not only their confidence in 
using technology, given the knowledge rich nature of professional services. 
Consumer expectations of service efficacy relative to interpersonal services will also 
need to be managed as consumers may be unconvinced of technology’s ability to 
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successfully capture the specialised knowledge required to produce the credence 
service.  
 
4.6 Limitations and Conclusion 
 
This study provides qualitative evidence of key determinants of consumer acceptance 
of an emerging TBSS, high in credence qualities, instrumental to achieving a societal 
goal. Future research is needed to improve the generalisability of the exploratory 
findings presented in this paper, within the mental health domain and across other 
social and commercial technology-based service products. This is particularly 
important given some research reports higher rates of social desirability bias in depth 
interviews compared to self-administered questionnaires in relation to sensitive 
issues (e.g., Kaplan et al., 2001), although this is contested by other research (e.g., 
Durant & Carey, 2000). Findings are also limited to the cultural context in which the 
study was undertaken. Further research should therefore be conducted across 
different cultural contexts to account for differences in social norms and other 
beliefs.  
 
Other limitations of the research include that it does not examine actual usage 
behaviour, although there is substantial empirical support for the causal link between 
intention and behaviour (e.g., Venkatesh & Davis, 2000; Venkatesh & Morris, 2000). 
Non-response bias may also have affected the study as it could be argued that 
individuals who recognised their mild-to-medium stress, anxiety and/or depression, 
and volunteered to participate, may be significantly different to individuals who did 
not recognise their mild-to-medium stress, anxiety and/or depression (see Fricker, 
2008). Although this limitation is justifiable given the need for “information-rich” 
respondents in qualitative studies with small sample sizes (Zikmund & Babin, 2007), 
further quantitative research should recruit more inclusive samples.  
 
In conclusion, despite the scope and limitations of this study, it provides preliminary 
findings which future research can build upon to develop an improved understanding 
of why consumers adopt or reject increasingly complex technology-based service 
products instrumental to either commercial or societal goals. In particular, this 
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research draws attention to the potential importance of behavioural competition in 
influencing consumers’ acceptance of m-wellbeing services for improved mental 
health. Consequently, this research highlights the need for future research examining 
the impact of behavioural competition on consumers’ performance of target 
behaviours, an area of investigation which has received little attention to date in 
either the TBSS literature or the social marketing literature. 
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Appendix 1. Interview Questions for Study One 
MGB 
Constructs 
MGB Conceptualisation and 
Measures  
Interview Questions 
Past 
Behaviour 
When a behaviour is well-practised 
in a constant environment, frequency 
of past behaviour reflects habit 
strength and has therefore a direct 
effect on future behaviour (Perugini 
& Bagozzi, 2001).  
 
Measured by: ‘How often did you do 
[] during the past year in order to []’. 
How often do you use mobile 
phone services, other than for 
calling or text messaging? 
(Pt) For example, mobile phone 
banking, GPS services, or social 
networking services.  
(Pb) Do you think this would affect, 
or not affect, your decision to use a 
mobile phone mental wellbeing 
service? 
Subjective 
Norm (SN) 
SN “is based on the person’s 
perception of whether important 
reference groups support or reject 
the behaviour” (Ajzen, 1991, p. 
183).  
 
Measured by: ‘List the three most 
important persons for you and 
indicate how much each of them 
would approve or disapprove of you 
doing [] in order to achieve []’ 
To what extent would your friends, 
family, or important others affect, 
or not affect, whether you would 
use a mobile phone mental 
wellbeing service? 
Perceived 
Behavioural 
Control 
(PBC) 
PBC refers to “peoples’ perception 
of the ease or difficulty of 
performing the behaviour of 
interest” (Ajzen, 1991, p. 183).  
 
Measured by: ‘How much control do 
you have over [] in order to achieve 
[]’. 
‘For me to [] in order to achieve [] is 
difficult to easy (on 11 point scale)’.  
‘If I wanted to, it would be easy to 
difficult (on 11 point scale) for me to 
do [] in order to achieve []’. 
Can you describe how confident 
you feel that you could use a 
mobile phone mental wellbeing 
service? 
(Pb) What are your thoughts about 
whether this would affect your 
decision to use such as service or 
not? 
Desire Desire is “the desire to perform the 
behaviour that is subjectively felt to 
be instrumental for goal attainment” 
(Richetin et al., 2008).  
 
Measured by: ‘I desire to [] in order 
to achieve’ (11 point scale from false 
to true).  
To what extent do you desire or 
want to use a mobile phone mental 
wellbeing service or not? 
(Pb) So if you really wanted or 
desired to use the service, what 
would encourage you to, or stop 
you from, intending to use the 
service?  
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Appendix 1. Interview Questions for Study One Continued... 
MGB 
Constructs 
MGB Conceptualisation and 
Measures  
Interview Questions 
Anticipated 
Emotions 
Positive emotional responses formed 
when individuals prefactually 
consider goal achievement (Perugini 
and Bagozzi, 2001).  
 
Measured by: ‘If I succeed to 
achieve my goal of [], I would feel 
[excited, delighted, happy, glad, 
satisfied, proud, self assured]’.  
 
Negative emotional responses 
formed when individuals 
prefactually consider goal failure 
(Perugini and Bagozzi, 2001).  
 
Measured by: ‘If I do not succeed to 
achieve my goal of [], I would feel 
[angry, frustrated, guilty, ashamed, 
sad, disappointed, depressed, 
worried, uncomfortable, and 
fearful]’.  
Do you think you would have a 
particular goal in mind that you 
would like to achieve by using the 
service?  
(Pb) [If yes] What do you think 
would be your goal in using the 
service? 
(Pb) [If no] Why not? 
 
Would thinking about achieving or 
failing to achieve this goal affect 
your desire or intention to use the 
service or not? 
(Pt) For example, some people 
worry about not achieving a goal, 
while others think about how good 
they would feel if they did achieve 
their goal.  
 
Attitude  Attitude is a disposition like 
tendency to respond to or evaluate a 
behaviour favourably or 
unfavourably (Perugini and Bagozzi, 
2001).  
 
Measured by: ‘I think that to keep to 
a diet in order to lose weight [stay at 
the same weight] during the next 
four weeks is [useful-useless; 
effective-ineffective; advantageous-
disadvantageous; stupid-intelligent; 
punishing-rewarding; foolish-wise; 
unpleasant-pleasant; joyless-joyful; 
boring-exciting; unattractive-
attractive; enjoyable- not enjoyable].  
What are your thoughts and/or 
feelings about using a service 
delivered via technology to manage 
or improve your mental wellbeing? 
 
Intention  Behavioural intentions “capture the 
motivational factors that influence a 
behaviour; they are indicators of 
how hard people are willing to try, 
of how much effort they are 
planning to exert, in order to 
perform the behaviour” (Ajzen, 
1991, p. 181).  
 
Measured by: ‘I am planning to [] in 
order to achieve []’ (7 point scale 
from very likely to very unlikely).  
To what degree do you intend to 
use a mobile phone mental 
wellbeing service or not? 
(Pb) So if you intend to sign up for 
the service, what would encourage 
you to, or stop you from, actually 
using the service? 
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Perceived 
Behavioural 
Control 
1.Controllability  
1.1 Monetary 
Cost 
1.2 Time Cost 
2.Self-Efficacy 
2.1 Initiation 
Self-Efficacy 
2.1.1 Co-
production Self-
Efficacy 
2.1.2 
Technology 
Self-Efficacy 2.2 Maintenance 
Self-Efficacy 
Appendix 2. NVivo Codebook Excerpt: Tree Node Structure for Perceived 
Behavioural Control 
  
 
 
 
 
 
 
 
Theme/Code/Node Description Example Excerpts  
Perceived 
Behavioural 
Control 
Relates to the perceived ease or 
difficulty of using m-wellbeing 
services. Involves consumers’ belief 
regarding the accessibility of 
resources and opportunities needed 
to use m-wellbeing services. 
Inclusive of both controllability and 
self-efficacy components.  
“I would try it out ... Just 
‘cause it does seem a lot 
easier to do via technology 
especially” (F, 1). 
1. Controllability  Relates to consumers' perceived 
control over using m-wellbeing 
services. Typically relates to 
external, environmental conditions 
such as time, technology and money. 
Inclusive of its impact on 
consumers' intention to use the 
service. 
“Being able to do it in your 
own time when you feel you 
have time, I think that’s a 
good thing” (F, 10).  
 
 
1.1 Monetary Cost Relates to the perceived level of 
monetary cost associated with using 
m-wellbeing services. Inclusive of 
its impact on consumers' intention to 
use the service. 
“So cost, it would be a factor 
that would stop me from using 
it, but if I felt I needed it, I 
guess I would pay… as long 
as it’s cheaper than a face-to-
face sort of therapy” (M, 30). 
1.2 Time Cost Relates to consumers' expectations 
of the amount of time and effort 
(non-monetary cost) associated with 
using m-wellbeing services. 
Inclusive of its impact on 
consumers' intention to use the 
service. 
That’s why you’re using it, 
because you don’t have the 
time to go see a counsellor. 
So it’s time efficient; you can 
do it in your downtime (F, 7).  
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Appendix 2. NVivo Codebook Excerpt: Tree Node Structure for Perceived 
Behavioural Control Continued… 
Theme/Code/Node Description Example Excerpts  
2. Self-Efficacy Relates to the extent to which 
consumers' are confident in their 
ability to use m-wellbeing 
services. Inclusive of its impact 
on consumers' intention to use 
the service. 
“I’m confident that I could use 
it. Learn how to use it. But in 
terms of keeping up with it and 
like, using it constantly, I don’t 
think I could do that” (F, 15). 
 
2.1 Initiation Self-
Efficacy 
Relates to consumers’ conviction 
that they can start using the m-
wellbeing service. Inclusive of its 
impact on consumers' intention to 
use the service. 
“I’d kind of expect that I’d be 
able to use it if I signed up to it” 
(M, 11).  
 
 
2.1.1 Co-
Production Self-
Efficacy 
Relates to consumers' conviction 
that they are able to perform the 
m-wellbeing service without 
assistance from a health 
professional. Inclusive of its 
impact consumers' intention to 
use the service. 
“They’re [health professional] 
not there to see you and analyse 
you in the flesh. So your 
symptoms or whatever you put 
into the mobile phone, it might 
not be an accurate 
representation… what you put 
into your phone to what you’re 
actually feeling” (F, 27).  
2.1.2 Technology 
Self-Efficacy  
Relates to consumers' conviction 
that they are able to use their 
mobile phones to deliver the m-
wellbeing service. Inclusive of its 
impact consumers' intention to 
use the service. 
“I’m pretty good with 
technology, so, I find it easy… 
I’d have no problem trying to use 
it” (M, 12).  
2.2 Maintenance 
Self-Efficacy 
Relates to consumers' conviction 
that they are able to continue 
using the m-wellbeing service to 
produce the desired 
outcomes/achieve their mental 
health goal. Inclusive of its 
impact on consumers' intention to 
use the service. 
“It takes a lot of initiative and 
you have to be in it 100% 
because it’s easy to put it off and 
not do it properly or, you know, 
to drop out because you don’t 
have that one-on-one support” 
(F, 7). 
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Chapter 5: A Study of the Effect of Behavioural 
Competition on Consumer Acceptance of M-Wellbeing 
Services 
 
The last chapter presented the results of Study One, which aimed to develop an in-
depth understanding of consumers’ acceptance of m-wellbeing services. Namely, it 
presented qualitative support for the MGB’s capacity to explain consumers’ 
acceptance of m-wellbeing services and highlighted the role of behavioural 
competition in determining this behaviour. This chapter presents the results of Study 
Two, which aimed to quantitatively confirm the findings of Study One. Again, these 
results are presented in journal article format. Consequently, this chapter presents a 
brief introduction to the study in Section 5.1, followed by the research hypotheses in 
Section 5.2 and the methods employed to test these hypotheses in Section 5.3. It then 
outlines the results of Study Two in Section 5.4, followed by a discussion of these 
results in Section 5.5. Last, it presents the implications (Section 5.6) and limitations 
(Section 5.7) specific to this study. 
 
5.1 Introduction 
 
Extant literature largely employs attitudinal theories as a basis for explaining 
consumers’ intention to use (acceptance of) technology-based service products 
functional to commercial (e.g., Curran & Meuter, 2005) and societal goals (e.g., 
Andrews et al., 2013). However, the impact of behavioural alternatives on the 
acceptance of technology-based service products is not accounted for by these 
attitudinal theories, which only consider the behaviour underpinning the study 
(Richetin et al., 2011). This is an important gap as these services do not exist within a 
vacuum. Consumers must, at the very least, choose between using technology-based 
service products or their alternative, interpersonal counterparts (Meuter et al., 2003). 
It is therefore unlikely that consumers’ intentions toward using technology-based 
service products are unadulterated by considerations of behavioural alternatives. This 
research aims to address this shortcoming by incorporating the influence of 
behavioural alternatives into the Model of Goal-Directed Behaviour (MGB) 
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(Perugini & Bagozzi, 2011) to explain consumers’ acceptance of technology-based 
service products, specifically, mental health services delivered via mobile phone (m-
wellbeing services).  
 
Study One (refer to Chapter 4) provides qualitative support for the inhibitory 
influence of behavioural alternatives, also conducive to improved mental health, on 
consumers’ acceptance of m-wellbeing services. This effect is termed “behavioural 
competition” in the study, consistent with social marketing’s description of 
behaviours which compete with a target behaviour of interest (see Hastings, 2007). 
In broad terms, it constitutes the inhibitory influence of behavioural alternatives on 
the performance of a specified target behaviour. Building on the findings of Study 
One, this study will quantitatively determine whether integrating the effect of 
behavioural competition into the MGB significantly improves the capacity of this 
attitudinal theory to explain consumers’ acceptance of m-wellbeing services.  
 
This research will therefore contribute to improved understanding of the 
determinants of consumers’ acceptance of technology-based service products, 
particularly those instrumental to achieving societal goals. It aims to provide further 
empirical support for broadening the MGB to include the effect of behavioural 
competition. In doing so, the research will also contribute to social marketing 
literature, as limited research empirically examines the impact of behavioural 
competition, at the individual level, on behaviours instrumental to societal goals. 
Last, it will provide an actionable framework for social marketers’ working within 
mHealth, a growing field encompassing the delivery of health services via mobile 
phone (Lefebvre, 2009; Proudfoot, 2013), for encouraging consumer acceptance of 
these efficacious and cost effective services (Fjeldsoe et al., 2009; Krishna et al., 
2009).  
 
The following section delineates the hypotheses of this study. Next, the methodology 
of the research is presented. The paper ends with a discussion of the results and their 
theoretical and practical implications. 
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5.2 Development of Hypotheses 
 
Attitudinal theories, such as the Technology Acceptance Model (TAM) (Davis et al., 
1989) and the Theory of Planned Behaviour (TPB) (Ajzen, 1991), dominate the 
literature examining consumers’ behavioural responses toward technology-based 
service products (e.g., Curran & Meuter, 2005; Dabholkar & Bagozzi, 2002). 
However, these models are limited in that they fail to recognise that most behaviour, 
including using technology-based service products, is enacted for the purpose of 
personal goal attainment (Bagozzi, 2007). They also do not account for the influence 
of emotions on intentions to perform behaviour (Bagozzi, 2007). The MGB was 
therefore selected as the basis of this study given it addresses these shortcomings 
(Bagozzi & Perugini, 2001). 
 
The MGB specifies that desire transforms the reasons to act delineated by the TPB 
into the intention to perform the behaviour. This is because although attitude, 
subjective norms and perceived behavioural control provide reasons for acting, they 
do not possess the explicit motivational content needed to induce an intention to act; 
rather, this is contained within the “desire to act” (Perugini & Bagozzi, 2001). Desire 
to act is thus “a state of mind, whereby an agent has a personal motivation to perform 
an action” (Perugini & Bagozzi, 2004, p.71), that mediates the effects of the TPB 
predictors on behavioural intention. Consequently, in line with the MGB, it is 
hypothesised:  
 
H1: Behavioural desire mediates the effect of reasons to act on intention to 
use m-wellbeing services.  
H2: Behavioural desire positively influences intention to use m-wellbeing 
services.  
 
The reasons to act specified by the TPB are discussed extensively in the literature 
(see Armitage & Conner, 2001). Briefly, attitude is an individual’s tendency to 
evaluate or appraise a behaviour favourably or unfavourably, whilst subjective norms 
are based on an individual’s perception of whether important reference groups 
support the behaviour (Ajzen, 1991). Perceived behavioural control refers to the 
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perceived ease or difficulty of performing the behaviour (Ajzen, 1991). In line with 
the TPB and the MGB, it is therefore hypothesised:  
 
H3: Attitude positively influences the desire to use m-wellbeing services.  
H4: Subjective norm positively influences the desire to use m-wellbeing 
services.  
H5: Perceived behavioural control positively influences the desire to use m-
wellbeing services.  
 
The MGB also includes the effects of anticipated emotions with the reasons to act 
specified by the TPB (Taylor, 2007) on the basis that purposive behaviours are 
generally functional to personal goal achievement (Perugini & Conner, 2000; 
Richetin et al., 2011). According to the MGB, anticipated emotions occur when 
individuals imagine the positive emotions they would experience in the event of goal 
attainment and the negative emotions they would experience in the event of goal 
failure. In the case of consumer acceptance of m-wellbeing services, for instance, 
consumers would anticipate the positive and negative emotions arising from 
achieving or failing to achieve, respectively, a goal associated with maintaining or 
improving their mental health and wellbeing. The MGB specifies anticipated affect 
influences behavioural desire since people are motivated to make behavioural 
choices promoting positive affect and avoiding negative affect (Bagozzi & Dholakia, 
2002). Therefore, based on the assumption that the target behaviour is perceived to 
be instrumental to accomplishing the personal goal, these anticipated emotions 
positively influence the individual’s intention to perform the target behaviour 
through behavioural desire (Perugini & Bagozzi, 2001). In line with the MGB, it is 
therefore hypothesised:  
 
H6: Positive anticipated emotions positively influence the desire to use m-
wellbeing services.  
H7: Negative anticipated emotions positively influence the desire to use m-
wellbeing services.  
 
Study One (see Chapter 4) provides qualitative evidence of the importance of goal 
desirability and behavioural competition in explaining consumers’ acceptance of m-
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wellbeing services. The study showed respondents’ intention to use m-wellbeing 
services was influenced by the extent to which mental wellbeing was an important 
personal goal, that is, the extent to which respondents perceived a need to manage or 
improve their mental wellbeing and the extent to which this need was prioritised. 
This is conceptually similar to “goal desirability” as delineated in the Extended 
Model of Goal-Directed Behaviour (EMGB) (Perugini & Conner, 2000), where goal 
desirability is “the valence of an action’s end state” (Liberman & Trope, 1998, p. 7). 
Including goal desirability in the MGB also has the effect of controlling for varying 
levels of perceived need for the service, related to the extent to which individuals’ 
are experiencing mental ill-health (Mojtabai, Olfsen, & Mechanic, 2002). Since 
Perugini and Conner (2000) demonstrate goal desirability positively influences 
behavioural desire, it is hypothesised:  
 
H8: Goal desirability positively influences the desire to use m-wellbeing 
services.  
 
Study One (see Chapter 4) also indicated respondents’ evaluation of m-wellbeing 
services’ anticipated effectiveness relative to face-to-face mental health services 
inhibited their acceptance of the technology-based service product, with greater 
anticipated effectiveness of other mental health services inhibiting the intention to 
use m-wellbeing services. The proposition that behaviours conducive to the same 
goal inhibit one another’s performance, termed “behavioural competition” by Study 
One, is consistent with Goal Systems Theory (Kruglanski et al., 2002) as previously 
highlighted. This theory proposes that goal systems consist of networks where goals 
are associated with their corresponding means of attainment, which can be 
behaviours, and that inhibitory links connect these parallel means (refer to Figure 7). 
The theory therefore supports an inhibitory link between using an m-wellbeing 
service and using a face-to-face mental health service, as both behaviours are 
associated with the goal of maintaining or improving mental wellbeing.  
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Figure 7. Adaption of Goal Systems Theory (Kruglanski et al., 2002) 
 
 
 
 
 
 
 
 
Note. Horizontal arrows indicate an inhibitory association; Vertical arrows indicate a facilitatory association. 
 
As previously highlighted, Study One (see Chapter 4) suggests individuals’ 
evaluation of the anticipated effectiveness of a target behaviour (i.e., using an m-
wellbeing service) in securing goal attainment (i.e., maintaining or improving mental 
wellbeing), relative to competing behavioural alternatives (e.g., seeing a psychologist 
or general practitioner), positively impacts on their intention to perform said 
behaviour. This research will thus quantitatively test this assertion that behavioural 
competition impacts individuals’ intention to engage in a target behaviour to the 
extent that the target behaviour is perceived as less or more conducive to the 
achievement of the referent personal goal. That is, it will test whether the anticipated 
effectiveness of using an m-wellbeing service, relative to behavioural competition, 
positively influences individuals’ desire and intention to perform the behaviour. 
Consequently, it is hypothesised: 
 
H9: The anticipated effectiveness of m-wellbeing services relative to 
behavioural competitors positively influences the desire to use an m-
wellbeing service. 
 
5.3 Method 
 
Target Population  
To test the research hypotheses, data was collected from young adults, aged 18-30 
years old. It was collected primarily through a pre-recruited consumer panel, 
administered by a professional market research firm, and by advertising on mental 
Goal A 
Improved 
Mental 
Health 
Behaviour 2 
Talk to 
friends 
Behaviour 3 
See a 
psychologist  
Behaviour 4 
Use m-
wellbeing 
service 
Behaviour 1 
See a 
general 
practitioner 
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health organisations’ social media sites. Young adults were selected as the target 
population for this research since they are likely to be potential users of m-wellbeing 
services for two reasons. First, young adults have the highest prevalence of mental 
illness (Patel et al., 2007) and second, mobile phones are a preferred medium of 
communication for this age group (Harrison et al., 2011). Mental health status was 
not used to filter respondents in this study on the basis that very low through to very 
high levels of mental ill-health does not by definition preclude individuals from 
desiring to maintain or improve their mental wellbeing. These respondents cannot, 
therefore, be confidently excluded as potential users of m-wellbeing services. 
Instead, the extent to which respondents’ desire to maintain or improve their mental 
wellbeing was controlled for in the proposed model through goal desirability. 
 
Instrument Development and Data Collection 
The study employed a web-based survey comprising items adapted from pre-
validated measurement scales by Perugini and Bagozzi (2001) (MGB items), 
Perugini and Conner (2001) (Goal Desirability items), Hammond, McDonald, Fong, 
and Borland (2004) and Lam (2006) [Behavioural Competition items] (refer to 
Appendix 3). The survey, on average, took respondents approximately 13 minutes to 
complete. Responses to items were captured on a seven-point Likert scale. The MGB 
items were shortened to reduce attrition from the web-based survey as recommended 
by Peytchev (2009). Items were randomised where possible to avoid artificially 
inflating reliability measures (Goodhue, 1998). However, items noticeably related 
(i.e., comprising the same stem question) were grouped together to avoid respondent 
confusion artificially lowering reliability measures (Davis & Venkatesh, 1996). This 
is because intermixing questions from different constructs force respondents to 
constantly shift from construct to construct, which can confuse and frustrate them, 
impeding their ability to accurately retrieve cognitions (Davis & Venkatesh, 1996). 
Since this can interject error into questions, lowering reliability measures (Davis & 
Venkatesh, 1996), items clearly measuring the same construct were grouped 
together. Given the sensitive nature of the research context, the survey commenced 
with easier, more general questions so as to increase respondents’ confidence 
(Lumsden, 2007). Items were divided across pages to encourage survey pacing 
(Malhotra, 2008) and decrease the likelihood of respondents missing information by 
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scrolling (Lunsdem, 2007). A simple survey layout was used to minimise survey 
download time and abandonment (Dillman, 2007).  
 
To assess the survey design (e.g., length and sequencing of survey) and items (e.g., 
format and validity), the survey was pre-tested via an informal expert review with 
three researchers not associated with the research, but familiar with survey design. It 
was also piloted with 50 undergraduate students, who are representative of the target 
population, young adults, as recommended by Anderson and Gerbing (1991). 
Diagrams illustrating the use of an m-wellbeing service were introduced into the 
survey as feedback suggested the service was difficult to conceptualise given it is not 
yet publically available in Australia (refer to Appendix 4). The order and wording of 
some items were also altered. For example, the qualifying clause, “within the next 
four weeks”, was added to items assessing consumers’ intentions toward using m-
wellbeing services to improve respondent comprehension and further differentiate 
the behavioural desire and intention to use the service. This change is consistent with 
the argument that intentions are enacted over shorter time frames than desires 
(Perugini & Bagozzi, 2004).  
 
Analysis 
The data were analysed using structural equation modelling (SEM). Model 
estimation was based on the Maximum Likelihood Bootstrap (ML Bootstrap) method 
in AMOS version 18. The two-stage SEM approach proposed by Anderson and 
Gerbing (1988) was employed. First, the measurement model was examined for 
discriminate and convergent validity, and reliability. Following this, the hypotheses 
were tested through a full structural model.  
 
5.4 Analysis 
 
Data Cleaning 
To deal with respondent satisficing, using quick completion time as a proxy 
(Malhotra, 2008), cases with a survey completion time of six minutes or less were 
removed from the data set, in addition to cases where respondents did not meet the 
age inclusion criteria. This reduced the sample size from 560 to 445. The frequencies 
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and measures of central tendency of the categorical and numerical variables revealed 
no out-of-range responses or data entry errors.  
 
Assessment of normality. Statistical tests of univariate normality, Kolmogorov-
Smirnov and Shapiro-Wilk, reveal significant departure from normality for all of the 
variables tested at the p < .05 (two-tailed) level. However, since most univariate 
skewness and kurtosis values ranged between −1.0 to +1.0, signifying minimal 
overall effect on the data (Muthén & Kaplan, 1985), no transformations of the 
variables were undertaken. Box and whisker plots revealed univariate outliers in 
several variables. However, the univariate outliers were not removed since the 
mathematical and 5% trimmed means of the variables were similar, indicating the 
outliers have minimal effect on the data at the univariate level (Pallant, 2007). 
 
The measurement model’s multivariate kurtosis coefficient was 591.168 and the C.R. 
value, the normalised estimate of multivariate kurtosis (Mardia, 1970), was 86.274. 
This indicates the data is significantly not multivariate normal as per the cut-off of 
+/- 5 (Bentler, 2005; Bryne, 2010). An examination of multivariate outliers, as 
defined by their Mahalanobis Distance (D2) from the centroid, revealed several 
multivariate outliers with p1 and p2 values < 0.001. The twelve multivariate outliers 
with the highest D2 values were removed, reducing the sample size to 431. This 
resulted in a reduced multivariate kurtosis coefficient of 492.578 and C.R. value of 
70.906 (refer to Appendix 5), but did not achieve multivariate normality. Given the 
remaining outliers exhibited similar D2 values, deleting all offending cases was 
rendered unfeasible since this would result in an unreasonable reduction in sample 
size. Since larger sample sizes tend to negate the effects of non-normality (Hair, 
Black, Babin, Anderson, & Tatham, 2006) and data transformation can make the 
model difficult to interpret (and still fail to result in normality) (Wang & Wang, 
2010), the variables were retained in their original form. However, the “bootstrap 
procedure” was employed to account for the presence of multivariate non-normality 
(see Bryne, 2001; Schumacker & Lomax, 2004).  
 
Test of multicollinearity. The correlation coefficient matrix revealed no correlations 
between individual observed variables > .90 (Hair et al., 2006), suggesting that there 
is no substantive collinearity problem in the data. To test for multicollinearity, a 
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hierarchical linear regression (comprising composite variables) was conducted in 
SPSS version 19 with collinearity diagnostics. The tolerance values of all variables 
exceeded 0.1 and the VIF values were all less than 10 (refer to Appendix 6), 
suggesting that there is no substantive multicollinearity problem in the data (Hair, 
Black, Babin, & Anderson, 2010). This is further supported by the bivariate 
correlations between the composite variables (refer to Appendix 7), which are all 
below the threshold of .7 (Hair et al., 2010).  
 
Sample Description 
After data cleaning, a final sample size of 431 was achieved, meeting the minimum 
requirement (n = 200) for SEM (Kline, 2005). Chi-square tests for independence 
revealed the consumer panel and social media samples were equivalent in terms of 
age and gender profile. The distribution of respondents across states appears similar 
to the population (refer to Table 17) owing to the quota sampling employed by the 
market research firm.  
 
Table 17. Geographical Profile of the Sample  
 
Population at end 
June 2012 
Population 
Percentage 
Sample 
Percentage 
Residence ‘000 % % 
New South Wales 7290.3 32.14 28.20 
Victoria 5623.5 24.79 23.90 
Queensland 4560.1 20.10 28.20 
South Australia 1654.8 7.30 7.60 
Western Australia 2430.3 10.71 6.40 
Tasmania 512 2.26 3.00 
Northern Territory 234.8 1.04 0.90 
Australian Capital Territory 374.7 1.65 1.80 
Australia 22683.6 100.00 100.00 
Source: Australian Bureau of Statistics (2012a) 
 
The sample was slightly skewed towards females, with 56.4% female respondents; 
however, the sex ratio of the Australian population is also slightly skewed towards 
females (51%) (ABS, 2012a). Respondents’ occupation and educational attainment 
levels were also similar to the national profile. The sample comprised 63.5% young 
adults with a higher than school qualification, similar to the national average of 59% 
(ABS, 2012b). However, the sample exhibited a higher proportion of full-time 
employees and a lower percentage of full-time students (refer to Table 18); although 
this is anticipated given the national statistics are based on 15-24 year olds only.  
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Table 18. Occupational Profile of the Sample  
 National Statistics Sample Statistics 
Occupation % % 
Employed Full-time  31 38.5 
Employed Part-time 28 29.2 
Studying Full-time 49 35.8 
Not working and not studying 11 14.2 
Source: Australian Bureau of Statistics (2010) 
 
Respondents exhibited a relatively strong desire to maintain or improve their mental 
wellbeing (M = 5.24, SD = 1.374). In contrast, they were less inclined to desire (M = 
3.84, SD = 1.610) or intend (M = 3.60, SD = 1.687) to use an m-wellbeing service. A 
large proportion of respondents scored normally on the Depression, Anxiety and 
Stress Scale (DASS 21) as highlighted by Table 19. DASS 21 is a 21 item self-report 
questionnaire designed to measure the severity of a range of symptoms common to 
depression, anxiety and stress (Henry & Crawford, 2005). However, it should be 
noted that DASS is not designed as a comprehensive diagnostic tool and does not 
replace a clinical interview (Henry & Crawford, 2005).  
 
Table 19. Mental Health Profile of the Sample 
DASS Severity Rating Depression Anxiety Stress 
 % % % 
Normal 45 47.1 54.3 
Mild 11.1 5.1 10.7 
Moderate 17.6 15.1 16.2 
Severe 8.1 9.5 12.5 
Extremely Severe 18.1 23.2 6.3 
 
Measurement Model 
In the two-stage procedure of SEM, the measurement model is tested prior to the 
structural model using Confirmatory Factor Analysis (CFA). The ML Bootstrap 
procedure, based on 500 bootstrap samples and a 95% bias-corrected confidence 
interval, was performed on the measurement model given data non-normality as per 
the recommendation of Bryne (2001). The hypothesised measurement model 
included 50 observed variables reflecting nine latent factors: Intention, Behavioural 
Desire, Goal Desirability (Goal Desire), Anticipated Effectiveness relative to 
Behavioural Competition (Behavioural Competition), Positive Anticipated Emotions 
(PAE), Negative Anticipated Emotions (NAE), Perceived Behavioural Control 
(PBC), Subjective Norms and Attitude.  
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The chi-square statistic (χ2) and two additional absolute or global fit indices (SRMR 
and RMSEA), together with two incremental fit indices (CFI and TLI) and a 
parsimony index (χ2/df), were used to assess model fit as per the argument that 
multiple fit indices should be employed to determine model tenability (Markland, 
2007). The χ2 tests the exact-fit hypothesis, or the prediction that there are no 
discrepancies between the sample covariance matrix and the covariance matrix 
predicted by the model (Kline, 2011). The root-mean-square error of approximation 
(RMSEA) measures average lack of fit per degree of freedom (Wang & Wang, 2010) 
and the standardised root-mean-square residual (SRMR) measures the mean absolute 
correlation residual, the overall difference between the observed and predicted 
correlations (Kline, 2011). The comparative fit index (CFI) compares the specified 
model with the null model, which assumes zero covariances among the observed 
variables (Wang & Wang, 2010). The Tucker-Lewis index (TLI) is a variant of the 
CFI, but also takes into account the degrees of freedom of the model (Raykov & 
Marcoulides, 2006). Last, a measure of parsimonious fit, the normed chi-square 
(χ2/df) is the ratio of the χ2 relative to the degrees of freedom of the model 
(Schumacker & Lomax, 2004). 
 
This measurement model demonstrated acceptable, but not good or close, fit to the 
data (refer to Table 20): χ2 (1130, n = 431) = 3042.207, Bollen-Stine p < .05; χ2/df = 
2.692; CFI = .914; TLI = .907; RMSEA = .063; and SRMR = .0548. The χ2 is large 
and significant (Bollen-Stine p < .05), signifying the model is not a perfect fit to the 
data. However, since χ2 is highly sensitive to sample size and deviations from 
normality (Bagozzi, 1981; Byrne, 2001), it was not used to reject the model given 
this study’s large sample size (n = 431) and significantly multivariate non-normal 
data. In fact, in models such as this, with greater than 30 observed variables (n ≥ 
250), significant χ2 values are expected (Hair et al., 2010). The χ2/df is < 3, indicating 
acceptable, but not parsimonious, fit (Kline, 2005). The RMSEA is < .07 (Hair et al., 
2010) and the 90% confidence intervals range between 0 and .08, indicating 
acceptable fit (Wang & Wang, 2010). The SRMR is < .08, indicating reasonable fit 
(Hu & Bentler, 1999; Kline, 2005), and the CFI and TLI both exceed .90, indicating 
acceptable model fit given model complexity and sample size (Hair et al., 2010). 
Overall, these results suggest that the covariance matrix was reproduced in the data 
well in parts, but that changes to the model may be warranted. 
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Respecification of the Measurement Model 
 As the measurement model does not demonstrate close fit with the data, it was 
respecified to improve model fit on statistical and theoretical grounds. Model fit was 
re-evaluated after each modification as recommended by MacCullum, Roznowski 
and Necowitz (1992). Path estimates (Λ < .70, p > .05) (Hair et al., 2010), 
standardised residuals (+/- 1.96) (Schumacker & Lomax, 2004), squared multiple 
correlations (R2 < .50) (Kline, 2011) and modification indices (M.I. > 10) (Wang & 
Wang, 2010) were used to identify areas of model strain. Overall, three of six items 
from the Behavioural Competition scale, one of eight items from the PAE scale, 
three of nine items from the NAE scale, two of ten items from the Attitude scale and 
one of four items from the Subjective Norms scale were deleted (refer to Appendix 
3). This is comparable to the structure of the MGB’s measurement model, with the 
exception that Perugini and Bagozzi (2001) parcelled the scale items prior to 
estimating the model. However, items were not parcelled in this analysis since 
parcelling does not yield as stringent a test of a model as analyses based on the 
individual items (Bandalos, 2002) and can result in biased estimates of model 
parameters (Bandalos, 2002; Hall, Snell, & Singer Foust, 1999).   
The respecified measurement model demonstrated close fit with the data (refer to 
Table 20), although the χ2 is still significant [χ2 (704, n = 431) = 1337.522, Bollen-
Stine p < .05; χ2/df = 1.900; CFI = .964; TLI = .960; RMSEA = .046; and SRMR = 
.0395]. This is based on the assertion that if a majority of the fit indices indicate an 
acceptable model, then the model is supported by the data (Schumacker & Lomax, 
2010). The χ2/df is < 2, indicating parsimonious fit (Kline, 2005). The RMSEA is < 
.05 and the 90% confidence intervals range between 0 and .08, indicating close fit 
(Browne & Cudeck, 1993). The SRMR is < .05 (Schumacker & Lomax, 2010), and 
the CFI and TLI both exceed .95 (Hu & Bentler, 1998, 1999), also indicating good fit 
with the data. Further, the standardised factor loadings were all significant (Λ ≥ 70, p 
< .05) (refer to Appendix 8) and all the observed variables’ squared multiple 
correlations (R2) exceed .50 (Kline, 2005) (refer to Appendix 9). 
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Table 20. Summary of Measurement Model Fit 
Model χ2 χ2/df Bollen-
Stine  
p 
SRMR RMSEA CFI  TLI Λ, p < .05 Bias-
Corrected 
95% CI 
Specified 
Model  
3042.207 2.692 p = .002 .0548 .063 LL: 
.060 UL: 
.065 
.914 .907 All Λ ≥ 
.50, p < .05  
CI’s do not 
contain 0, p < 
.05 
Respecified 
Model  
1337.522 1.900 p = .002 .0395 .046 
LL: .042 
UL: .049 
.964 .960 All Λ ≥ 
.70,  
p < .05 
CI’s do not 
contain 0,  
p < .05 
Note. SRMR = standardised root mean residual; RMSEA = root mean square error of approximation; LL = lower 
limit of 90% confidence interval; UL = upper limit of 90% confidence interval; CFI = comparative fit index; TLI 
= Tucker-Lewis index; CI = confidence interval. 
 
Reliability and validity of the respecified measurement model. To establish 
internal consistency reliability, Cronbach’s Alpha (ά) coefficients were calculated in 
SPSS and composite reliabilities (CR) were calculated from the CFA analysis in 
AMOS (refer to Table 21). All Cronbach’s Alpha coefficients exceeded .70 
(Nunnally & Bernstein, 1994). CR values for each factor also exceeded the 
recommended threshold of .70 (Hair et al., 2010). This demonstrates the items 
reflecting the latent factors are internally consistent. The standardised factor loadings 
of the respecified measurement model are significant (p < .05) and exceed .50 (refer 
to Appendix 8), and average variance extracted (AVE) values for each factor exceed 
.50, indicating convergent validity (Hair et al., 2010) (refer to Table 20). The 
maximum shared squared variances (MSV) and the average shared squared variances 
(ASV) were both less than the AVE values (refer to Table 20), indicating 
discriminant validity (Hair et al., 2010).  
 
Table 21. Assessment of the Reliability and Validity of the Measurement Model  
Latent Factors ά CR AVE MSV ASV 
Intention .974 .975 .906 .513 .153 
Negative Anticipated Emotions .935 .935 .708 .058 .013 
Attitude .954 .954 .724 .271 .123 
Positive Anticipated Emotions .973 .973 .838 .210 .116 
Behavioural Competition .805 .809 .585 .220 .072 
Subjective Norms .890 .895 .741 .284 .168 
Goal Desirability  .939 .941 .841 .196 .092 
Behavioural Desire .959 .959 .886 .513 .212 
Perceived Behavioural Control .851 .859 .671 .260 .103 
 Note. ά = Cronbach’s Alpha coefficient; CR = composite reliability coefficient; AVE = average variance 
extracted; MSV = maximum shared squared variance; ASV = average shared squared variance. 
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Discriminant validity was further investigated using the procedure of Fornell and 
Larcker (1981). Since the squared correlation between each pair of latent factors was 
less than the AVE for each of the latent factors (refer to Table 22), this also indicates 
discriminant validity. Moreover, since cross loadings are not represented by the 
measurement model and the model demonstrates good fit with the data, this provides 
additional evidence the latent factors are adequately differentiated (Hair et al., 2010).  
 
Table 22. Assessment of Discriminant Validity 
Comparison of Average Variance Extracted with Shared Variance 
Latent Factors 1 2 3 4 5 6 7 8 9 
1. Goal Desirability  .841 
        
2. Intention .163 .906 
       
3. Behavioural Competition .032 .183 .585 
      
4. Subjective Norms .116 .143 .042 .741 
     
5. Attitude .056 .078 .030 .257 .724 
    
6. Perceived Behavioural Control .048 .029 .003 .230 .147 .671 
   
7. Behavioural Desire .178 .483 .166 .263 .193 .110 .886 
  
8. Positive Anticipated Emotions .081 .048 .006 .194 .168 .159 .152 .838 
 
9. Negative Anticipated Emotions .005 .004 .007 .000 .000 .012 .004 .058 .708 
Note. The values on the shaded diagonal are the average variance extracted. The values of the squared construct 
correlations are presented in the lower triangle of the matrix.  
 
Since all of the constructs were measured at the same time using the same method, 
common methods variance (CMV) may bias estimates of the relationships between 
latent factors (Podsakoff, MacKenzie, & Podsakoff, 2012). Harman’s (1976) one 
factor test was used to check for evidence of CMV. All of the variables were entered 
into an unrotated principal components factor analysis. The first (largest) factor did 
not account for the majority of variance (33.5%).This suggests that common method 
variance is not of great concern and is unlikely to have confounded the results.  
 
Full Structural Model 
The ML Bootstrap procedure, based on 1000 bootstrap samples and a 95% bias-
corrected confidence interval, was performed on the structural model so the 
mediation hypothesis of the MGB could be tested as per the recommendation of 
Shrout and Bolger (2002). While the χ2 is still significant [χ2 (704, n = 431) = 
1337.522, Bollen-Stine p < .05], the model fit indices indicate the model fits the data 
closely [χ2/df = 1.900; CFI = .964; TLI = .960; RMSEA = .046; and SRMR = .0395]. 
In particular, the RMSEA is < .07 (Hair et al., 2010) and the 90% confidence 
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intervals range between 0 and .08, indicating acceptable fit (Wang & Wang, 2010). 
This is important given stimulation studies show RMSEA performs better than other 
fit indices (e.g., Browne & Cudeck, 1993) and is among the least affected by sample 
size (Marsh, Balla, & Hau, 1996). Overall, the revised MGB accounts for 
approximately 50% (R2 = .497) of the variance in Behavioural Desire and 56% (R2 = 
.562) of the variance in Intention (refer to Figure 8) in comparison to the MGB, 
which only explains approximately 34% (R2 = .344) of the variance in Behavioural 
Desire and 53% (R2 = .526) of the variance in Intention.  
 
Figure 8. Revised Model of Goal-Directed Behaviour 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Note. PAE = Positive Anticipated Emotions; NAE = Negative Anticipated Emotions; PBC = Perceived 
Behavioural Control; Competition = Behavioural Competition; Goal Desire = Goal Desirability. 
** p < .01, two-tailed. * p < .05, two-tailed. Dashed arrow indicates non-significant relationship. 
The structural model is depicted here without (1) the observed variables and (2) covariances between exogenous 
variables for visual clarity.  
 
The results provide support for the majority of the hypotheses of the study (refer to 
Table 24). The hypothesis that Behavioural Desire mediates the effects of predictor 
variables on intention to use m-wellbeing services (H1) is partially supported. The 
estimates of the direct and indirect effects shown in Table 23 indicate that 
Behavioural Desire only partially mediates the effects of Goal Desire and 
n.s. 
n.s. 
n.s. 
n.s. 
n.s. 
n.s. 
n.s. 
.146** 
.126* 
.320** 
.216** 
.233** 
.617** 
.135** 
.167** 
PAE 
NAE 
Attitude 
Subjective Norms 
PBC 
Goal Desire 
Competition 
Behavioural 
Desire Intention 
R2
 R1
 
R2=.497 
R2=.562 
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Behavioural Competition on consumers’ intention to use m-wellbeing services. That 
is, Goal Desire and Behavioural Competition exhibit both a significant indirect (Goal 
Desire: ß = .133, p = .002, BC 95% CI [.075, .203]; Behavioural Competition: ß = 
.197, p = .001, BC 95% CI [.143, .269]) and direct effect (Goal Desire: ß = .135, p = 
.002, BC 95% CI [.045, .216]; Behavioural Competition: ß =.167, p = .002; BC 95% 
CI [.505, .719] ) on Intention. This signifies that Behavioural Desire only partially 
accounts for the relationship between these two predictors and Intention 
(Schumacker & Lomax, 2004). On the other hand, PAE, Attitude and Subjective 
Norms exhibit only a significant indirect effect on Intention (PAE: ß = .077, p = 
.018, BC 95% CI [.013, .148]; Attitude: ß = .090, p = .002, BC 95% CI [.024, .166]; 
Subjective Norms: ß =.144, p = .002, BC 95% CI [.065, .225]). This signifies that 
Behavioural Desire fully accounts for the relationship between these predictors and 
Intention (Schumacker & Lomax, 2004). Overall, therefore, Behavioural Desire only 
partially mediates the effects of predictor variables on intention to use m-wellbeing 
services.  
 
Table 23. Direct and Indirect Effects on Intention within the Revised Model of Goal-
Directed Behaviour  
 Direct Effect Indirect Effect 
Predictor Standardised 
Regression 
Weights 
SE 
 
Bias-
Corrected 
95% CI 
Standardised 
Regression 
Weights 
SE Bias-
Corrected 
95% CI 
Attitude -.036 .045 [-.117, .055], 
p = .475 
.090** .036 [.024, .166], p 
= .002 
NAE .012 .039 [-.064, .088], 
p = .777 
-.010 .026 [-.062, .040], 
p = .613 
PAE -.070 .045 [-.159, .017], 
p = .105 
.077* .035 [.013, .148], p 
= .018 
Behavioural 
Competition 
.167** .051 [.072, .271], p 
= .002 
.197** .032 [.143, .269], p 
= .001 
Subjective 
Norms 
.057 .049 [-.041, .154], 
p = .235 
.144** .039 [.065, .225], p 
= .002 
Goal Desire .135** .044 [.045, .216], p 
= .002 
.133** .031 [.075, .203], p 
= .002 
PBC -.066 .053 [-.174, .034], 
p = .187 
.028 .041 [-.055, .113], 
p = .443 
Behavioural 
Desire 
.617** .054 [.505, .719], p 
= .002 
-  - 
Note. NAE = Negative Anticipated Emotions; PAE = Positive Anticipated Emotions; PBC = Perceived 
Behavioural Control; Goal Desire = Goal Desirability; SE = standard error; CI = confidence interval. 
** p < .01, two-tailed. * p < .05, two-tailed. 
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Behavioural Desire has a significant effect on intention to use m-wellbeing services 
(ß = .617, p = .002, BC 95% CI [.505, .719]), supporting H2. The hypotheses related 
to PAE (H3), Attitude (H5), Subjective Norms (H6), Goal Desire (H8) and 
Behavioural Competition (H9) were supported (refer to Table 24). These predictors 
have a significant, positive effect on Behavioural Desire at the p < .05 (two-tailed) 
level. Behavioural Competition (γ = .320, p < .05) is the strongest predictor of 
Behavioural Desire, whilst PAE (γ = .126, p < .05) is the weakest. The hypotheses 
related to NAE (H4) and PBC (H7) were not supported (refer to Table 24). Neither 
NAE nor PBC exhibited a significant relationship with Behavioural Desire at the p < 
.05 (two-tailed) level.  
 
Table 24. Summary of the Hypothesis Testing Results  
Hypothesis Standardised 
Regression 
Weight 
SE Bias-
Corrected 
95% CI 
Result 
H1: Behavioural desire mediates the 
effect of reasons to act on intention to use 
m-wellbeing services.  
See Table 22 - - Partially 
Supported 
H2: Behavioural desire positively 
influences intention to use m-wellbeing 
services.  
.617** 
 
.054 [.505, .719], p 
= .002 
Supported 
H3: Attitude positively influences the 
desire to use m-wellbeing services.  
.146** 
 
.055 [.038, .257], p 
= .003 
Supported 
H4: Subjective norm positively 
influences the desire to use m-wellbeing 
services.  
.233** 
 
.064 [.096, .353], p 
= .002 
Supported 
H5: Perceived behavioural control 
positively influences the desire to use m-
wellbeing services.  
.045 
 
.066 [-.087, .180], 
p = .455 
Unsupported 
H6: Positive anticipated emotions 
positively influence the desire to use m-
wellbeing services.  
.126* 
 
.055 [.019, .229], p 
= .023 
Supported 
H7: Negative anticipated emotions 
positively influence the desire to use m-
wellbeing services.  
-.016 
 
.041 [-.096, .066], 
p = .613 
Unsupported 
H8: Goal desirability positively 
influences the desire to use m-wellbeing 
services.  
.216** 
 
.045 [.126, .308], p 
= .002 
Supported 
H9: The anticipated effectiveness of m-
wellbeing services relative to behavioural 
competitors positively influences the 
desire to use an m-wellbeing service. 
.320** 
 
.043 [.241, .414], p 
= .002 
Supported 
Note. SE = standard error; CI = confidence interval. 
** p < .01, two-tailed. * p < .05, two-tailed. 
 
Post hoc analysis was performed to further investigate the results for H4 and H7. It 
was found that NAE does not correlate significantly with either Behavioural Desire 
(r = .064, p = .187) or Intention (r = .063, p = .189), indicating these factors are not 
associated at the p < .05 (two-tailed) level (refer to Appendix 7). On the other hand, 
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PBC does correlate significantly with both Behavioural Desire (r = .332, p < .01) and 
Intention (r = .171, p < .01). Consequently, a hierarchical linear regression analysis 
was performed so that each factor could be added separately into the analysis (refer 
to Appendix 10). It demonstrated that the β of PBC decreased with each added 
predictor, until it became non-significant (β = .053, p < .05) when Subjective Norms 
was entered into the analysis. This suggests PBC shares a substantial amount of 
variance with the other predictors, particularly Subjective Norms, and thus, does not 
make a significant unique contribution to explaining Behavioural Desire when the 
overlapping effects of the other predictors are statistically controlled (Pallant, 2007). 
This is supported by the relatively high percentage of shared variance between PBC 
and the other predictors (refer to Table 25).  
 
Table 25. Percentage of Shared Variance  
 
Goal Desire Subjective Norm Attitude PAE NAE 
Pearson correlation (r) .220*** .480*** .384*** .399*** -.110*** 
r2 .048 0.230 .147 .159 .012 
Percentage of Variance Shared 4.84% 23.04% 14.75% 15.92% 1.21% 
Note. PAE = Positive Anticipated Emotions; NAE: Negative Anticipated Emotions.  
*** p < .001, two-tailed. 
 
Model Comparison 
In order to assess whether the hypothesised model (including Goal Desire and 
Behavioural Competition) fits the data significantly better than the more 
parsimonious MGB, the likelihood ratio (LR) or chi-square difference test was 
employed. The LR test is appropriate since the MGB is nested within the 
hypothesised model, that is, the MGB can be obtained by imposing a set of 
constraints on the parameters of the hypothesised model (Kline, 2011; Schumacker 
& Lomax, 2010). The LR test showed that the hypothesised model [χ2 (704, n = 431) 
= 1337.522, p < .05] fits the data better than the MGB [χ2 (708, n = 431) = 1453.677, 
p < .05] as evidenced by the significant chi-square difference between the models 
(refer to Table 25). The hypothesised model, which freely estimates the direct and 
indirect effects of both Behavioural Competition and Goal Desire on Intention, fits 
the data significantly better than the MGB, where those path estimates were 
constrained to zero. Further, Table 26 shows that the hypothesised model which 
freely estimates the direct and indirect effect of Behavioural Competition on 
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Intention fits the data significantly better than the nested model where those path 
estimates were constrained to zero. The same result was obtained for Goal Desire.  
 
Table 26. Results of the Likelihood Ratio Tests 
Model  χ2 df χ2diff Δ df 
1 Hypothesised (Full) Model 1337.522 704 
  
2 Nested Model (direct and indirect effects of Behavioural 
Competition constrained to zero) 1405.486 706   
 Difference between Model 1 and Model 2 
  
67.964*** 2 
3 Nested Model (direct and indirect effects of Goal Desire 
constrained to zero) 1376.009 706   
 Difference between Model 1 and Model 3 
  
38.487*** 2 
4  Nested MGB (direct and indirect effects of Goal Desire and 
Behavioural Competition constrained to zero) 1453.677 708   
 Difference between Model 1 and Model 4 
  
116.155*** 4 
Note. *** p < .001, two-tailed. 
 
Moreover, a hierarchical linear regression analysis was used to assess Behavioural 
Competition and Goal Desire’s capacity to explain Behavioural Desire and Intention 
after controlling for the effects of the other MGB predictors. This was done on the 
basis of O’Keefe (2002) and Ajzen (1991) argument that only predictors which 
provide a significant additional contribution to the prediction of intention, after 
controlling for the other predictors, should be added to established attitudinal models. 
The results showed Competition and Goal Desire significantly increase the variance 
explained in both Behavioural Desire and Intention (refer to Appendices 11-14). 
Goal Desire increases the variance explained in Behavioural Desire by 5.2% (𝛥R2 = 
.052, F (1, 431) = 35.819, p = .000) and Intention by 1.6% (𝛥R2 =.016, F (1, 431) = 
13.945, p = .000). Behavioural Competition increases the variance explained in 
Behavioural Desire by 8.9% (𝛥R2 =.089, F (1, 431) = 64.940, p = .000) and Intention 
by 2.2% (𝛥R2 =.022, F (1, 431) = 18.993, p = .000).  
 
Together, these analyses provide evidence for the significant contribution made by 
Behavioural Competition and Goal Desire, while statistically controlling for the other 
MGB factors, to explaining consumers’ acceptance of m-wellbeing services. It 
should also be noted that Behavioural Competition exhibits the largest total effect on 
Intention (β = .364, p < .05), followed by Goal Desire (β = .269, p < .05), compared 
to any other predictors included in the hypothesised model (refer to Appendix 15).  
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5.5 Discussion 
 
Importantly, the results demonstrate that accounting for the effect of behavioural 
competition makes a substantial contribution to explaining consumers’ acceptance of 
m-wellbeing services. Namely, Behavioural Competition exhibited the largest total 
effect on the intention to use m-wellbeing services. Moreover, Behavioural 
Competition significantly increased the variance explained in both Behavioural 
Desire and Intention when the effects of the other predictors were controlled. This 
supports that the anticipated effectiveness of m-wellbeing services, relative to 
behavioural competition, with respect to maintaining or improving mental wellbeing 
positively and significantly influences individuals’ intention to use the technology-
based service product, as suggested by Study One (refer to Chapter 4).  
The research findings also provide support for the structural relationships in the 
MGB within the context of consumer acceptance of technology-based service 
products. The ability of the MGB to adequately explain behaviour within this context 
is consistent with previous research in other contexts and across different behaviours, 
including participation in virtual communities, the performance of ecological 
behaviours, software learning, weight control, studying and information search 
behaviours (Bagozzi & Dholakia, 2002; Carrus et al., 2008; Leone et al., 2004; 
Perugini & Conner, 2000; Taylor et al., 2005; Taylor, 2007).  
 
Nevertheless, the results diverge from those predicted by the MGB in three respects. 
First, although the MGB contends that behavioural desire mediates the effect of 
“reasons for acting” on intention, the results of this study showed goal desirability 
and behavioural competition directly influence the intention to use m-wellbeing 
services as well. However, Leone et al. (2004) acknowledge desire may not always 
mediate all the effects of the predictors on intention and that it is likely the structural 
characteristics of the MGB will vary across behaviours. 
 
Second, the results showed NAE does not significantly impact, whilst PAE only 
weakly influenced, Behavioural Desire. This result contradicts the MGB, although 
the literature only provides mixed empirical support for these determinants. For 
example, some studies show that only positive (e.g., Bagozzi & Dholakia, 2002; 
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Perugini & Bagozzi, 2001, Study One) or negative anticipated emotions (Perugini & 
Bagozzi, 2001, Study Two) influence desire. Study One provides some insight into 
this result. It suggests respondents have difficulty envisioning goal achievement or 
failure in the mental health context where personal goals are relatively abstract. This 
then attenuates the effects of positive and negative anticipated emotions, which are 
constructed on the basis of envisioned goal attainment or failure, on behavioural 
desire. Study One also suggests negative anticipated emotions in particular do not 
influence consumers’ acceptance of m-wellbeing services given the relatively low 
risk nature of the behaviour. That is, it suggests the anonymity and lower monetary 
costs associated with m-wellbeing services, relative to face-to-face mental health 
services, attenuates the negative consequences associated with goal failure, such as 
public embarrassment and monetary loss, and this negates the impact of negative 
anticipated emotions on acceptance of the service. 
 
Third, the results showed PBC does not significantly impact Behavioural Desire. 
Ajzen (1991) argues the influence of perceived behavioural control on behaviour will 
vary across domains, with perceived behavioural control becoming increasingly 
important as volitional control over the behaviour declines. The non-significant 
relationship between PBC and Behavioural Desire therefore suggests consumers’ 
consider using an m-wellbeing service completely under their volitional control (see 
Ajzen, 1991). This result supports Study One’s finding that respondents’ expected 
greater control over help-seeking from m-wellbeing services, owing to the lower 
anticipated monetary and time costs of these services, compared to face-to-face 
mental health services. However, Study One also highlighted the influence of self-
efficacy on the acceptance of m-wellbeing services in line with the notion that both 
self-efficacy and controllability are components of perceived behavioural control 
(Hagger & Chatzisarantis, 2005; Taylor & Todd, 1995). Since the conceptualisation 
of PBC in the MGB is more similar to controllability (Ajzen, 2002), this suggests 
future research should investigate the effects of controllability and self-efficacy 
separately. This is position is supported by research demonstrating self-efficacy’s 
superior ability to explain behavioural intentions (Trafimow, Sheeran, Conner, & 
Finlay, 2002), particularly those toward health behaviours (Rodgers, Conner, & 
Murray, 2008).  
 
 137 
 
5.6 Implications 
 
Theoretical Implications 
This study extends current attitudinal research in two important ways. First, it 
validates the MGB within a new behavioural domain and provides empirical support 
for its ability to explain consumers’ acceptance of a technology-based service 
product. Second, it supports the inclusion of goal desirability in the MGB as 
proposed by the EMGB (Perugini & Conner, 2000). Moreover, this study provides 
initial evidence for broadening the MGB to include a previously unrecognised 
predictor, behavioural competition. Behavioural competition is conceptualised in this 
study, in line with Goal Systems Theory (Kruglanski et al., 2002), as the anticipated 
effectiveness of a target behaviour, as a means to achieving a specified personal goal, 
relative to competing behaviours instrumental to the same goal. In this study, the 
anticipated effectiveness of m-wellbeing services relative to interpersonal methods of 
help-seeking strongly and positively influenced the behavioural desire and intention 
to use m-wellbeing services, and produced a significant improvement in their 
prediction.  
 
In addition to this study’s contribution to attitudinal theory, it contributes to an 
improved conceptual and empirical understanding of competition in social 
marketing. It demonstrates empirically the effect of behavioural competition on 
individuals’ intention to adopt a behaviour that is individually and socially 
beneficial. Although social marketing recognises behavioural competition as an 
important factor impacting on the performance of target behaviours (Andreasen, 
2002), the conceptualisation of behavioural competition is limited to that which 
occurs between behaviours conducive to competing goals (e.g., Andreasen, 2003; 
Hastings, 2003). For example, the behavioural competition between drinking 
moderately (associated with maintaining wellbeing) and binge drinking (associated 
with social belonging or social standing). This study suggests that competition also 
arises between alternatives that achieve the same goal, such as using an m-wellbeing 
service or seeing a psychologist as means of maintaining or improving wellbeing. 
This suggests an extension of the conceptualisation of behavioural competition in 
social marketing may be beneficial.  
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Practical Implications 
This research suggests that social marketers should recognise and attenuate 
competition arising from behaviours that are conducive to the same personal goal as 
their target behaviour. Specifically, they should demonstrate the relative 
effectiveness of their target behaviour, compared to competing behaviours, in 
securing achievement of the relevant personal goal. In the context of this research, 
for example, demonstrating the effectiveness of m-wellbeing services, relative to 
their interpersonal counterparts, is argued to be paramount to encouraging acceptance 
of this technology-based service product.  
 
Further, the research indicates that goal desirability is the second strongest influence 
on consumers’ intention to use m-wellbeing services. This suggests social marketers 
should emphasize the desirability of the goal to which their target behaviour is 
instrumental, not only the desirability of the target behaviour itself. In the context of 
the research, for example, this would mean stressing the benefits of mental 
wellbeing, not just promoting m-wellbeing services as a means to achieve mental 
wellbeing. Last, the study highlights the impact of people important to the individual 
on his/her intention to use m-wellbeing services. This suggests gaining social 
acceptance of behaviour remains important, even when the behaviour is performed 
privately. In the context of this research, this indicates further emphasis would be 
placed on normalising help-seeking, particularly from self-help programs, to 
encourage the acceptance of m-wellbeing services.  
 
5.7 Limitations and Conclusion 
 
This research identifies key determinants of the consumer acceptance of a 
technology-based service product instrumental to achieving a societal goal, 
specifically, mental health services delivered via mobile phone. However, there are 
limitations of the study that must be acknowledged. First, although this study’s 
sample appears to approximate national representativeness, the generalisability of the 
findings is limited since a non-probability sampling technique was employed. A 
potential bias towards respondents confident in using technology may also have been 
introduced by the data collection method selected: web-based surveys. However, this 
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is uncertain since research shows mail and web surveys produce equivalent results 
(Boyer et al., 2002; Deutskens et al., 2006).  
 
With respect to the validity of this study’s findings, given monetary compensation is 
used as an incentive for consumer panel members, sample composition bias could 
have affected the results as these respondents may differ from the population (Jones 
& Lang, 1980). The validity of the findings may also have been impacted by the fact 
that long-term panel participants respond differently to surveys and survey questions 
than first time participants (Fricker, 2008). Future research should therefore employ 
probability sampling to further validate the findings of this study.  
 
This study also focuses on a single type of technology-based service product (i.e., m-
wellbeing services) and a single behavioural response only (i.e., intention to use), 
affecting its generalisability to other contexts. O’Keefe (2002) argues additional 
predictors, such as behavioural competition, should demonstrate utility in predicting 
behavioural intentions across a wide range of behavioural domains. Further research 
across many technology-based service products and varied behaviours is therefore 
needed to generalise the findings of this study.  
 
Nevertheless, despite these limitations, the results indicate the superior predictive 
validity of the revised MGB model proposed by this study. The revised MGB 
explains significantly more variance in consumers’ acceptance of m-wellbeing 
services than the MGB. Consequently, although the model presented by this study is 
less parsimonious, it may be better suited to explaining complex goal-directed 
behaviour, such as when there are multiple behavioural alternatives instrumental to 
achieving the same goal, than the MGB. 
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Appendix 3. Summary of Survey Items 
Construct Adapted from: Item Code 
Intention  Perugini & Bagozzi 
(2001);  
Pergugini & 
Conner (2000) 
Within the next four weeks, I will definitely try to use an m-wellbeing service Intention1_4 
Within the next four weeks, I absolutely intend to use an m-wellbeing service  Intention2_4 
Within the next four weeks, I will certainly make an effort to use an m-wellbeing service Intention3_4 
Within the next four weeks, I am planning to use an m-wellbeing service  Intention4_4 
Behavioural 
Desire 
Perugini & Conner 
(2001) 
I desire to use an m-wellbeing service BehaveDesire1_3 
Using an m-wellbeing service is something that I want to do BehaveDesire2_3 
I strongly desire to use an m-wellbeing service BehaveDesire3_3 
Comparative 
Advantage 
Hammond et al. 
(2004); Lam (2006) 
In my opinion, an m-wellbeing service would be more effective at managing and/or improving mental wellbeing than:  
(1) Seeing a psychologist or other mental health professional DirectComp1_6 
(2) Doing it on your own without help of any kind DirectComp2_6* 
(3) Reading a self-help book DirectComp3_6* 
(4) Going to see your general practitioner (GP) DirectComp4_6 
(5) Talking with friends, family and important other DirectComp5_6 
(6) An online mental health service available on computer DirectComp6_6* 
Goal Desire Perugini & Conner 
(2001) 
I desire to manage and/or improve my mental wellbeing GoalDesire1_3 
Managing and/or improving my mental wellbeing is something I want to do GoalDesire2_3 
I have a very strong desire to manage and/or improve my mental wellbeing GoalDesire3_3 
Subjective 
Norm 
Perugini & Conner 
(2000); Perugini & 
Conner (2000) 
People who are important to me would want me to use an m-wellbeing service if I needed to manage and/or improve my 
mental wellbeing  
SubjectNorm1_4 
People who are important to me would approve of me using an m-wellbeing service if I wanted to manage and/or 
improve my mental wellbeing  
SubjectNorm2_4 
People who are important to me would support me using an m-wellbeing service to manage and/or improve my mental 
wellbeing 
SubjectNorm3_4 
People who are important to me would encourage me to use an m-wellbeing service if I wanted to manage and/or 
improve my mental wellbeing 
SubjectNorm4_4* 
Perceived 
Behavioural 
Control 
Perugini & Bagozzi 
(2001) 
For me to start using an m-wellbeing service to manage and/or improve my mental wellbeing is: (1) Difficult ||| (7) Easy PBControl1_3 
If I wanted to, it would be easy for me to start using an m-wellbeing service to manage and/or improve my mental 
wellbeing: (1) Not true at all ||| (7) Exactly true 
PBControl2_3 
How much control do you feel you have over starting to use an m-wellbeing service? (1) No control ||| (7) Full control PBControl3_3 
Note. * indicates item was removed. 
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Appendix 3. Summary of Survey Items Continued... 
Note. * indicates item was removed. 
Construct Adapted from: Item Code 
Attitude Perugini & Bagozzi 
(2001) 
I think that using an m-wellbeing service would be:  
(1) Useless ||| (7) Useful Attitude1_10* 
(1) Ineffective ||| (7) Effective Attitude2_10 
(1) Foolish ||| (7) Wise Attitude3_10 
(1) Unpleasant ||| (7) Pleasant Attitude4_10 
(1) Boring ||| (7) Interesting Attitude5_10 
(1) Unenjoyable ||| (7) Enjoyable Attitude6_10* 
(1) Punishing ||| (7) Rewarding Attitude7_10 
(1) Disadvantageous ||| (7) Advantageous Attitude8_10 
(1) Stupid ||| (7) Smart Attitude9_10 
(1) Unattractive ||| (7) Attractive Attitude10_10 
Negative 
Anticipated 
Emotions 
Perugini & Bagozzi 
(2001) 
If I used an m-wellbeing service and did not succeed in managing and/or improving my mental wellbeing within 6-8 
weeks, I would feel: 
 
(1) Angry NAEmotions1_9 
(2) Frustrated NAEmotions2_9* 
(3) Ashamed NAEmotions3_9 
(4) Sad NAEmotions4_9* 
(5) Disappointed NAEmotions5_9* 
(6) Worried NAEmotions6_9 
(7) Guilty NAEmotions7_9 
(8) Uncomfortable NAEmotions8_9 
(9) Fearful NAEmotions9_9 
Positive 
Anticipated 
Emotions 
Perugini & Bagozzi 
(2001) 
If I used an m-wellbeing service and succeeded in managing and/or improving my mental wellbeing within 6-8 weeks, I 
would feel: 
 
(1) Excited PAEmotions1_8 
(2) Happy PAEmotions2_8* 
(3) Satisfied PAEmotions3_8 
(4) Proud PAEmotions4_8 
(5) Self-assured PAEmotions5_8 
(6) Empowered PAEmotions6_8 
(7) Delighted PAEmotions7_8 
(8) Glad PAEmotions8_8 
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Appendix 4. Web Survey Introduction 
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Appendix 4. Web Survey Introduction Continued... 
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Appendix 4. Web Survey Introduction Continued... 
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Appendix 5. Assessment of Univariate and Multivariate Normality 
Factor Variable Skewness C.R. Kurtosis C.R. 
Attitude Attitude1_10 -0.655 -5.555 0.154 0.651 
 Attitude2_10 -0.434 -3.682 -0.076 -0.321 
 Attitude3_10 -0.396 -3.353 0.022 0.095 
 Attitude4_10 -0.460 -3.900 0.067 0.285 
 Attitude5_10 -0.362 -3.064 -0.421 -1.784 
 Attitude6_10 -0.225 -1.908 -0.125 -0.53 
 Attitude7_10 -0.621 -5.266 0.474 2.011 
 Attitude8_10 -0.752 -6.370 0.468 1.985 
 Attitude9_10 -0.721 -6.108 0.277 1.175 
 Attitude10_10 -0.286 -2.428 0.423 1.795 
Behavioural Desire BehaveDesire1_3 -0.051 -0.433 -0.733 -3.107 
BehaveDesire2_3 -0.091 -0.773 -0.754 -3.195 
 BehaveDesire3_3 0.126 1.068 -0.681 -2.887 
Behavioural 
Competition 
DirectComp1_6 0.427 3.622 -0.628 -2.659 
DirectComp2_6 -0.767 -6.499 -0.226 -0.959 
 DirectComp3_6 -0.548 -4.649 0.262 1.110 
 DirectComp4_6 0.152 1.287 -0.727 -3.080 
 DirectComp5_6 0.081 0.686 -0.752 -3.185 
 DirectComp6_6 -0.259 -2.195 0.287 1.216 
Goal Desire GoalDesire1_3 -0.900 -7.630 0.597 2.532 
 GoalDesire2_3 -0.947 -8.030 0.593 2.512 
 GoalDesire3_3 -0.694 -5.882 -0.083 -0.350 
Intention Intention1_4 -0.046 -0.393 -0.979 -4.148 
 Intention2_4 0.106 0.902 -0.946 -4.009 
 Intention3_4 -0.004 -0.033 -1.078 -4.567 
 Intention4_4 0.092 0.782 -1.002 -4.247 
Negative Anticipated 
Emotions 
NAEmotions1_9 0.070 0.597 -0.887 -3.758 
NAEmotions2_9 -0.399 -3.383 -0.794 -3.367 
NAEmotions3_9 0.442 3.746 -0.825 -3.495 
 NAEmotions4_9 -0.030 -0.253 -1.005 -4.261 
 NAEmotions5_9 -0.396 -3.353 -0.839 -3.555 
 NAEmotions6_9 0.123 1.043 -0.968 -4.102 
 NAEmotions7_9 0.470 3.985 -0.762 -3.230 
 NAEmotions8_9 0.280 2.370 -0.949 -4.022 
 NAEmotions9_9 0.474 4.018 -0.730 -3.093 
Positive Anticipated 
Emotions 
PAEmotions1_8 -0.580 -4.912 -0.119 -0.506 
PAEmotions2_8 -0.884 -7.496 0.317 1.344 
PAEmotions3_8 -0.901 -7.635 0.286 1.213 
 PAEmotions4_8 -0.577 -4.888 -0.236 -0.999 
 PAEmotions5_8 -0.707 -5.989 0.142 0.600 
 PAEmotions6_8 -0.639 -5.415 -0.198 -0.837 
 PAEmotions7_8 -0.607 -5.142 -0.033 -0.138 
 PAEmotions8_8 -0.797 -6.754 0.234 0.990 
Perceived 
Behavioural Control 
PBControl1_3 -0.275 -2.330 -0.469 -1.989 
PBControl2_3 -0.479 -4.061 -0.313 -1.327 
 PBControl3_3 -0.699 -5.928 -0.002 -0.01 
Subjective Norm SubjectNorm1_4 -0.330 -2.800 -0.357 -1.511 
 SubjectNorm2_4 -0.591 -5.005 0.279 1.181 
 SubjectNorm3_4 -0.542 -4.595 0.128 0.544 
 SubjectNorm4_4 -0.362 -3.067 -0.053 -0.224 
 Multivariate  
  
492.578 70.906 
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Appendix 6. Test of Multicollinearity of Composite Factors 
Composite Factor Tolerance VIF 
Behavioural Desire .546 1.832 
Goal Desire .791 1.264 
Behavioural Competition .815 1.227 
Subjective Norm .553 1.808 
Attitude .659 1.517 
Perceived Behavioural Control .677 1.476 
Positive Anticipated Emotions .639 1.566 
Negative Anticipated Emotions .885 1.130 
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Appendix 7. Bivariate Correlations between Composite Factors 
 Pearson Correlations Composite Factor 1 2 3 4 5 6 7 8 9 
1. Goal Desire 1         2. Intention .404*** 1        3. Behavioural Competition .179*** .428*** 1       4. Subjective Norm .341*** .378*** .206*** 1      5. Attitude .236*** .280*** .174*** .507*** 1     6. PBC .220*** .171*** .055 .480*** .384*** 1    7. Behavioural Desire .422*** .695*** .407*** .513*** .439*** .332*** 1   8. PAE .285*** .219*** .078 .440*** .410*** .399*** .390*** 1  9. NAE .071 .064 .084 .018 .027 -.110* .063 .240*** 1 
Note. *** p < .001, two-tailed. * p < .05, two-tailed.
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Appendix 8. Standardised Factor Loadings for the Final Measurement Model 
Note. CI = confidence interval; LL = lower limit; UL = upper limit; SE = standard error. 
** p < .01, two-tailed. * p < .05, two-tailed. 
  
       Bias-Corrected 95% CI 
Factor Variable 
Standardised 
Λ SE LL UL p 
Attitude Attitude2_10 .820** .022 .769 .861 .006 
 Attitude3_10 .841** .025 .781 .88 .006 
 Attitude4_10 .850** .018 .812 .884 .004 
 Attitude5_10 .836** .019 .795 .866 .006 
 Attitude7_10 .871** .017 .833 .902 .006 
 Attitude8_10 .887** .015 .852 .914 .006 
 Attitude9_10 .891** .016 .849 .916 .009 
 Attitude10_10 .805** .026 .748 .85 .005 
Behavioural Desire BehaveDesire1_3 .945** .011 .919 .965 .007 
 BehaveDesire2_3 .946** .012 .917 .966 .008 
 BehaveDesire3_3 .933** .011 .91 .951 .006 
Behavioural Competition DirectComp1_6 .767** .031 .698 .825 .007 
 DirectComp4_6 .812** .035 .736 .878 .005 
 DirectComp5_6 .713** .04 .63 .788 .005 
Goal Desire GoalDesire1_3 .897** .017 .856 .926 .007 
 GoalDesire2_3 .954** .015 .916 .976 .006 
 GoalDesire3_3 .899** .015 .869 .926 .005 
Intention Intention1_4 .939** .009 .92 .954 .004 
 Intention2_4 .966** .006 .953 .975 .007 
 Intention3_4 .965** .007 .95 .977 .004 
 Intention4 _4 .938** .01 .915 .955 .004 
Negative Anticipated 
Emotions 
NAEmotions1_9 .712** .032 .643 .77 .005 
NAEmotions3_9 .805** .029 .737 .86 .006 
 NAEmotions6_9 .895** .013 .864 .917 .007 
 NAEmotions7_9 .853** .021 .805 .892 .007 
 NAEmotions8_9 .889** .023 .837 .927 .007 
 NAEmotions9_9 .881** .017 .843 .91 .005 
Positive Anticipated 
Emotions 
PAEmotions1_8 .907** .011 .883 .927 .005 
PAEmotions3_8 .923** .011 .899 .941 .006 
 PAEmotions4_8 .914** .011 .89 .935 .005 
 PAEmotions5_8 .931** .011 .909 .95 .004 
 PAEmotions6_8 .910** .013 .881 .935 .007 
 PAEmotions7_8 .910** .015 .877 .933 .005 
 PAEmotions8_8 .913** .014 .879 .936 .008 
Perceived Behavioural 
Control 
PBControl1_3 .801** .027 .738 .849 .004 
PBControl2_3 .903** .022 .858 .941 .005 
 PBControl3_3 .745* .041 .636 .811 .01 
Subjective Norm SubjectNorm2_4 .782** .027 .725 .832 .006 
 SubjectNorm3_4 .924* .016 .884 .949 .012 
 SubjectNorm4_4 .871** .022 .823 .911 .005 
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Appendix 9. Squared Multiple Correlations for the Final Measurement Model  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
  
Factor Variable R2 
Intention Intention1_4 .882 
Intention2_4 .934 
Intention3_4 .932 
Intention4_4 .879 
Behavioural Desire BehaveDesire1_3 .894 
BehaveDesire2_3 .895 
BehaveDesire3_3 .870 
Goal Desire GoalDesire1_3 .805 
GoalDesire2_3 .911 
GoalDesire3_3 .808 
Behavioural Competition DirectComp1_6 .589 
DirectComp4_6 .659 
DirectComp5_6 .509 
Subjective Norm SubjectNorm4_4 .759 
SubjectNorm2_4 .611 
SubjectNorm3_4 .854 
Attitude Attitude10_10 .647 
Attitude9_10 .793 
Attitude8_10 .787 
Attitude7_10 .759 
Attitude5_10 .699 
Attitude2_10 .673 
Attitude3_10 .708 
Attitude4_10 .722 
Negative Anticipated 
Emotions 
NAEmotions9_9 .776 
NAEmotions8_9 .790 
NAEmotions7_9 .728 
NAEmotions6_9 .801 
NAEmotions1_9 .507 
NAEmotions3_9 .649 
Positive Anticipated 
Emotions 
PAEmotions8_8 .833 
PAEmotions7_8 .827 
PAEmotions6_8 .828 
PAEmotions5_8 .867 
PAEmotions4_8 .836 
PAEmotions1_8 .822 
PAEmotions3_8 .851 
Perceived Behavioural 
Control  
PBControl1_3 .642 
PBControl2_3 .816 
PBControl3_3 .554 
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Appendix 10. Post-Hoc Analysis: Hierarchical Linear Regression Analysis 
    Unstandardised 
Coefficients 
Standardised 
Coefficients 
t p ΔR2 B SE β 
Step 1 .110***           
PBC   .383 .053 .332*** 7.285 .000 
Step 2 .152***           
PBC   .358 .048 .310*** 7.456 .000 
Behavioural Competition   .458 .049 .390*** 9.377 .000 
Step 3 .088***           
PBC   .283 .046 .245*** 6.126 .000 
Behavioural Competition   .398 .047 .339*** 8.535 .000 
Goal Desire   .361 .048 .308*** 7.585 .000 
Step 4 .056***           
PBC   .178 .047 .154*** 3.764 .000 
Behavioural Competition   .358 .045 .304*** 7.934 .000 
Goal Desire   .319 .046 .272*** 6.93 .000 
Attitude   .330 .052 .263*** 6.339 .000 
Step 5 .019***           
PBC   .129 .048 .112** 2.684 .008 
Behavioural Competition   .360 .044 .307*** 8.117 .000 
Goal Desire   .287 .046 .245*** 6.238 .000 
Attitude   .274 .053 .218*** 5.139 .000 
PAE   .182 .048 .162*** 3.792 .000 
Step 6 .029***           
PBC 
 
.061 .049 .053 1.234 .218 
Behavioural Competition   .334 .044 .284*** 7.64 .000 
Goal Desire   .248 .046 .212*** 5.433 .000 
Attitude   .195 .055 .155*** 3.558 .000 
PAE   .14 .048 .125** 2.944 .003 
Subjective Norm   .286 .060 .224*** 4.759 .000 
Step 7 0.000           
PBC   .058 .050 .050 1.159 .247 
Behavioural Competition   .334 .044 .285*** 7.626 .000 
Goal Desire   .248 .046 .212*** 5.431 .000 
Attitude   .194 .055 .155*** 3.547 .000 
PAE   .144 .050 .128** 2.879 .004 
Subjective Norm   .285 .060 .223*** 4.745 .000 
NAE   -.009 .039 -.009 -0.237 .813 
Total Adj. R² .445***      
Note. SE = standard error. 
*** p < .001, two-tailed. ** p < .01, two-tailed 
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Appendix 11. The Effect of Behavioural Competition on Intention and 
Behavioural Desire: Controlling for the Effects of the Model of Goal-Directed 
Behaviour Predictors 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Note. NAE = Negative Anticipated Emotions; PAE = Positive Anticipated Emotions; PBC = Perceived 
Behavioural Control. 
*** p < .001, two-tailed. ** p < .01, two-tailed. 
  
Predictors 
Intention Behavioural Desire 
β β 
Regression 1   
Step 1    
NAE .026  
Subjective Norm .089  
PBC -.067  
Attitude -.023  
PAE -.065  
Behavioural Desire .705***  
Adj. R² .486***  
   
Step 2    
Behavioural Competition .164***  
R² Ch. .022***   
Regression 2   
Step 1 – Covariates   
NAE  .023 
Subjective Norm  .329*** 
PBC  .044 
Attitude  .196*** 
PAE  .142** 
Adj. R²  .319*** 
   
Step 2 – Main Effects   
Behavioural Competition  .308*** 
R² Ch.  .089 *** 
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Appendix 12. The Effect of Goal Desire on Intention and Behavioural Desire: 
Controlling for the Effects of the Model of Goal-Directed Behaviour Predictors 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Note. NAE = Negative Anticipated Emotions; PAE = Positive Anticipated Emotions; PBC = Perceived 
Behavioural Control. 
*** p < .001, two-tailed. ** p < .01, two-tailed. 
  
Predictors 
Intention Behavioural Desire 
β β 
Regression 1   
Step 1    
NAE .026  
Subjective Norm .089  
PBC -.067  
Attitude -.023  
PAE -.065  
Behavioural Desire .705***  
Adj. R² .486***  
   
Step 2    
Goal Desire .143  
R² Ch. .016***   
Regression 2   
Step 1 – Covariates   
NAE  .023 
Subjective Norm  .329*** 
PBC  .044 
Attitude  .196*** 
PAE  .142** 
Adj. R²  .319*** 
   
Step 2 – Main Effects   
Goal Desire  .247*** 
R² Ch.  .052*** 
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Appendix 13. The Effect of Behavioural Competition on Intention and 
Behavioural Desire: Controlling for the Effects of the Model of Goal-Directed 
Behaviour Predictors and Goal Desire 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Note. NAE = Negative Anticipated Emotions; PAE = Positive Anticipated Emotions; PBC = Perceived 
Behavioural Control. 
*** p < .001, two-tailed. ** p < .01, two-tailed. * p < .05, two-tailed. 
  
Predictors 
Intention Behavioural Desire 
β β 
Regression 1   
Step 1    
NAE .022  
Subjective Norm .070  
PBC -.071  
Attitude -.021  
PAE -.079  
Goal Desire .143***  
Behavioural Desire .660***  
Adj. R² .501***  
   
Step 2    
Behavioural Competition .161***  
R² Ch. .021***   
Regression 2   
Step 1 – Covariates   
NAE  .014 
Subjective Norm  .270*** 
PBC  .035 
Attitude  .186*** 
PAE  .108* 
Goal Desire  .247*** 
Adj. R²  .370*** 
   
Step 2 – Main Effects   
Behavioural Competition  .285*** 
R² Ch.  .075*** 
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Appendix 14. The Effect of Goal on Intention and Behavioural Desire: 
Controlling for the Effects of the Model of Goal-Directed Behaviour Predictors 
and Behavioural Competition 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Note. NAE = Negative Anticipated Emotions; PAE = Positive Anticipated Emotions; PBC = Perceived 
Behavioural Control. 
*** p < .001, two-tailed. ** p < .01, two-tailed. 
 
Predictors 
Intention Behavioural Desire 
β β 
Regression 1   
Step 1    
NAE .014  
Subjective Norm .081  
PBC -.056  
Attitude -.029  
PAE -.046  
Behavioural Competition .164***  
Behavioural Desire .635***  
Adj. R² .507***  
   
Step 2    
Goal Desire .140***  
R² Ch. .016***   
Regression 2   
Step 1 – Covariates   
NAE  -.003 
Subjective Norm  .270*** 
PBC  .060 
Attitude  .161*** 
PAE  .159** 
Behavioural Competition  .308*** 
Adj. R²  .408*** 
   
Step 2 – Main Effects   
Goal Desire  .212*** 
R² Ch.  .038*** 
.
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Appendix 15. Direct, Indirect and Total Effects of the Revised Model of Goal-Directed Behaviour Predictors on Intention 
 Direct Effect Indirect Effect Total Effect 
Predictor Standardised 
Regression 
Weights 
SE 
 
Bias-
Corrected 
95% CI 
Standardised 
Regression 
Weights 
SE Bias-
Corrected 
95% CI 
Standardised 
Regression 
Weights 
SE Bias-
Corrected 
95% CI 
Attitude -.036 .045 [-.117, .055], 
p = .475 
.090** .036 [.024, .166], p 
= .002 
.054 .056 [-.060, .163], p 
= .342 
NAE .012 .039 [-.064, .088], 
p = .777 
-.010 .026 [-.062, .040], 
p = .613 
-.002 .045 [-.094, .084], p 
= .964 
PAE -.070 .045 [-.159, .017], 
p = .105 
.077* .035 [.013, .148], p 
= .018 
.008 .056 [-.099, .118], p 
= .898 
Behavioural 
Competition 
.167** .051 [.072, .271], p 
= .002 
.197** .032 [.143, .269], p 
= .001 
.364 .050 [.269, .473], p 
= .001 
Subjective 
Norm 
.057 .049 [-.041, .154], 
p = .235 
.144** .039 [.065, .225], p 
= .002 
.201 .062 [.088, .325], p 
= .002 
Goal Desire .135** .044 [.045, .216], p 
= .002 
.133** .031 [.075, .203], p 
= .002 
.269 .045 [.173, .349], p 
= .003 
PBC -.066 .053 [-.174, .034], 
p = .187 
.028 .041 [-.055, .113], 
p = .443 
-.038 .058 [-.160, .067], p 
= .502 
Behavioural 
Desire 
.617** .054 [.505, .719], p 
= .002 
-  - 617 .054 [.505, .719], p 
= .002 
Note. NAE = Negative Anticipated Emotions; PAE = Positive Anticipated Emotions; PBC = Perceived Behavioural Control; SE = standard error; CI = confidence interval.  
** p < .01, two-tailed. * p < .05, two-tailed 
. 
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Chapter 6: A Study of the Sustained Use of an M-Wellbeing 
Service 
 
The last chapter presented the results of Study Two, which aimed to test a model of 
consumer acceptance of m-wellbeing services developed on the basis of Study One. 
This chapter presents the results of Study Three, which aimed to develop an in-depth 
understanding of consumers’ sustained use of an m-wellbeing service. Again, these 
results are presented in journal article format. Consequently, this chapter presents an 
introduction to Study Three in Section 6.1, followed by a brief literature review 
justifying the study in Section 6.2. Subsequently, it outlines the methods employed 
by the study in Section 6.3. Last, the chapter provides the results of Study Three in 
Section 6.4, as well as the implications (Section 6.5) and limitations (Section 6.6) 
specific to those results. 
 
6.1 Introduction 
 
The mobile phone is an always-on, two-way distribution channel that provides 
ubiquitous access to services (Lefebvre, 2009). Recently, mobile phones have been 
appropriated to deliver services instrumental to achieving societal, as opposed to 
commercial, goals. In particular, health-related services delivered via mobile phones, 
termed “mHealth” services, have demonstrated capacity to support initial and 
sustained healthy behaviour (Whittaker, 2012). Recent examples include services for 
smoking cessation (e.g., Abroms et al., 2012) and monitoring and managing mental 
illness (e.g., Harrison et al., 2011). Systematic reviews of mHealth services such as 
these reveal clinical improvements in the majority of studies (Fjeldsoe et al., 2009; 
Krishna et al., 2009). 
 
However, less is known about the determinants of consumers’ adherence to, or 
sustained use of, these technology-based service products (Christensen, Griffiths, & 
Farrer, 2009), particularly in mental health where research in this area is in its 
infancy (Harrison et al., 2011). Further, extant research is largely atheoretical, 
resulting in repeated calls for a theory-based approach to understanding adherence 
(e.g., Christensen et al., 2009; Orleans, 2000). These gaps are mirrored in the social 
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marketing literature, where a “starting change bias” has resulted in limited focus on 
the determinants of the maintenance of behaviours instrumental to societal goals 
(Andreasen, 2003, p. 300). In particular, determinants of sustained healthy behaviour 
remain relatively unexamined in the social marketing literature (Logie-Maclver et al., 
2012), an important shortcoming since it is generally more difficult to perform 
behaviours that must be repeated than one-time behaviours (Evans, 2006; McKenzie-
Mohr, 2000). 
 
To address these gaps, this study examines the determinants of service recipients’ 
sustained use of a mental health service delivered via mobile phone, termed “m-
wellbeing service” in this study, designed to improve mild-to-moderate stress, 
anxiety or depression. This is an important context since non-adherence to mental 
health treatment is common, with roughly one-third of service recipients prematurely 
discontinuing technology-based treatment services (Melville, Casey, & Kavanagh, 
2010), lessening their positive effect (Donkin et al., 2011). In particular, this study 
qualitatively evaluates the potential of the Model of Goal-Directed Behaviour 
(MGB) (Perugini & Bagozzi, 2001) as a theoretical framework for explaining this 
behaviour. It also explores broadening and/or deepening the MGB in this context on 
the basis of Taylor’s (2007) call for caution in generalising attitudinal models across 
settings. 
 
This study will contribute to health literature by building upon existing knowledge of 
the determinants of adherence to increasingly complex mHealth services, particularly 
in the emerging area of m-wellbeing services for improved mental health. 
Specifically, this study will employ a theoretical approach to understanding 
adherence as called for by the literature (e.g., Christensen et al., 2009; Orleans, 
2000). Further, it will contribute more broadly to understanding of the determinants 
of maintaining behaviour instrumental to a societal goal, an under-researched area 
within social marketing (Andreasen, 2003). It will also provide initial, qualitative 
evidence of the MGB’s usefulness in adherence and service continuance research and 
explore the possibility of extending the model in this context. Last, this research will 
provide social marketing and health professionals with insight into factors likely to 
influence service recipients’ sustained use of mobile services designed to improve 
mental health. 
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In the following section, a review of current literature pertinent to the study is 
provided. Next, the methodology of the research is presented. Last, the paper ends 
with a discussion of the results and their theoretical and managerial implications. 
 
6.2 Literature Review 
 
Determinants of Adherence to mHealth Services for Improved Mental Health 
Harrison et al. (2011) reported technical difficulties and lack of motivation inhibited 
service recipients’ adherence to an m-wellbeing service under trial. Notwithstanding 
this exception, however, the determinants of sustained use of mental health services 
delivered via mobile phone remain relatively unexamined. Similarly, limited research 
specifically investigates predictors of adherence to mental health services delivered 
via the internet and extant research tends to focus on predisposing factors (e.g., 
demographic factors), enabling factors (e.g., health insurance, income and 
accessibility of service providers) and need-based factors (e.g., perceived or 
evaluated) (see Christensen et al., 2009). A notable exception is the study by Kelders, 
Kok, Ossebaard, and Van Gemert-Pijnen (2012), which demonstrates increased 
interaction with a counsellor, more frequent intended usage, more frequent updates 
and more extensive employment of dialogue support significantly predicted better 
adherence. 
 
This review supports the argument that extant literature is largely atheoretical 
(Christensen et al., 2009) and generally focuses on determinants that are “simple and 
easily measurable” (Hatchett et al., 2002, p. 157), leading to a call for theory-led 
research (Christensen et al., 2009) into determinants of adherence that extend 
“beyond measured clinical symptoms” (Olfsen et al., 2009, p. 905). This seems to fit 
within the broader call for evidence-based, rather than evidence-inspired, health 
interventions (refer to Michie & Abraham, 2004). Both the Theory of Reasoned 
Action (TRA) (Fishbein & Ajzen, 1975) and the Theory of Planned Behaviour (TPB) 
(Azjen, 1991) have been suggested as theoretical models for this purpose (see 
Brawley & Culos-Reed, 2000). However, these models fail to recognise that complex 
behaviours, such as using an m-wellbeing service, are generally means to achieving 
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goals and further neglect to recognise the impact of emotion and habitual processes 
on behaviour (Perugini & Bagozzi, 2001).  
 
Determinants of Service Continuance in Commercial Mobile Services 
A review of the services literature reveals relatively limited research examining the 
determinants of consumers’ sustained use of mobile services (exceptions Cyr, Head, 
& Ivanov, 2006; Lin & Wang, 2006; Philstrom & Bush, 2008). Furthermore, extant 
research within the more general domain of technology-based self-services (TBSS) 
typically relies on the Technology Acceptance Model (TAM) (Davis et al., 1989), 
which proposes service recipients’ continuance intentions are determined by their 
beliefs regarding the usefulness and ease of use of the TBSS (e.g., Bhattacherjee, 
2001; Lee, 2010; Liao et al., 2007). However, whilst parsimony has been one of the 
TAM’s strengths, it is also its major weakness, limiting the model’s usefulness for 
examining complex services (Venkatesh & Davis, 2000) such as m-wellbeing 
services. Further, as a derivative of the TRA, the TAM possesses the same 
deficiencies discussed in the previous section. 
 
Conceptual Framework  
In light of this review, this study employs the MGB to investigate the determinants of 
service recipients’ sustained use of an m-wellbeing service. The MGB (refer to 
Figure 9) incorporates desire, goal-anticipated emotions and past behaviour with the 
traditional constructs of the TPB, including attitude, subjective norms and perceived 
behavioural control. Desire captures the reservoir of motivational impetus derived 
from appraisals of the behaviour (i.e., attitude, subjective norms and perceived 
behavioural control) and the goal (i.e., anticipated negative and positive emotions), 
and leads to the intention to perform the behaviour. Positive and negative anticipated 
emotions stem from imagined goal attainment and failure respectively, whist 
frequency and recency of past performance of the behaviour represent the influence 
of habitual processes. These constructs denote motivational, emotional and habitual 
influences on behaviour not considered by the TRA, TAM or TPB (Bagozzi, 2007; 
Leone et al., 2004). Consequently, this paper argues examining the MGB’s capacity 
to explain the determinants of service recipients’ sustained use of an m-wellbeing 
service is a theoretically sound approach that addresses the call for consideration of 
“factors beyond measured clinical symptoms” (Olfsen et al., 2009, p. 905).  
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Figure 9. Model of Goal-Directed Behaviour (Perugini & Bagozzi, 2001) 
 
 
 
 
 
 
 
 
 
 
 
6.3 Method 
 
Depth Interviews 
Data collected from semi-structured depth interviews was used to explore the 
capacity of the MGB to explain adherence to, or sustained use of, an m-wellbeing 
service. The interviews ranged from 20 to 60 minutes, averaging 25 minutes. All of 
the interviews were audio recorded and respondents received a $30 gift voucher for 
participation. Phone interviews were selected in preference to face-to-face interviews 
given (1) the sensitive nature of the research context, since respondents perceive 
telephone interviews to be more conducive to maintaining anonymity (Greenfield, 
Midanik, & Rogers, 2000), and (2) the geographical dispersion of respondents, which 
is overcome by this method (Shuy, 2002).  
 
Development of Interview Protocol  
Given the sensitive context of the research and the potential of discomfort for the 
respondents, the wording of the first question took on increased importance 
(Whiting, 2008). The first question of the interview guide was non-threatening and 
broad in accordance with the recommendation of DiCicco-Bloom and Crabtree 
(2006): “What does your mobile phone mean to you?” Three questions explored the 
determinants of service continuance: (1) “What do you think or feel about using the 
[m-wellbeing] service to manage your wellbeing instead of going to see a health 
professional face-to-face?” (2) “What factors motivated you to continue using the 
Attitude toward 
behaviour X 
Positive 
anticipated 
emotions 
Negative 
anticipated 
emotions  
Subjective norms 
regarding 
behaviour X 
Desire to perform 
behaviour X 
Perceived 
behavioural 
control 
Intention to 
perform behaviour 
X 
Behaviour X 
Frequency of past 
performance of 
behaviour X 
Recency of past 
performance of 
behaviour X 
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service?” and (3) “What factors discouraged you from continuing to use the 
service?” Additional fixed questions were based on Perugini and Bagozzi’s (2001) 
operationalisation of the MGB (refer to Appendix 16). Prompts to aid respondent 
understanding of the questions were developed prior to the interview in accordance 
with the recommendation of Whiting (2008), as phrasing needed to be carefully 
considered so as to not lead respondents or cause unnecessary discomfort. Additional 
probing questions were used to facilitate further exploration of issues brought up by 
the respondent as is characteristic of semi-structured interviews (Cachia & Millward, 
2011). The interview guide was piloted with three respondents. In response to 
feedback, the introduction was shortened and some of the prompting questions 
rephrased.  
 
Sample Description 
Data was collected from young adults (18-25 years old) who had participated in a six 
to eight week national clinical trial of an m-wellbeing service aimed at improving 
mild-to-moderate stress, anxiety or depression. This age group was targeted since 
mental illness is a leading cause of morbidity among young adults, who are also 
more likely to discontinue treatment than any other age group (Patel et al., 2007; 
Wang, 2007). The m-wellbeing service comprised a mood monitoring component, 
for the purpose of reflection and the identification of triggers to negative mood 
states, and access to online self-help cognitive behavioural therapy modules as well 
as a personal diary. The m-wellbeing service was delivered via mobile internet and 
not through a mobile phone application. 
 
Participants in the trial were recruited from a mental health clinic in Australia and its 
website, through national advertisements and from an Australian university through 
student flyers. The respondents of this study gave consent to be contacted for future 
research as part of the trial. Respondents were contacted first by email (refer to 
Appendix 17) and then by phone (refer to Appendix 18) four weeks after completion 
of the trial so as to minimise interference with clinical results. Theoretical saturation 
occurred at 20 interviews. The final sample comprised four male and 16 female 
respondents experiencing self-reported mild to moderate stress, anxiety or 
depression, all aged between 18-25 years old and residing in Australia. The bias 
towards female respondents is consistent with research showing that young men are 
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the least likely group to use professional mental health services (Rickwood et al., 
2007). To maintain respondent anonymity, no other demographic information was 
collected in accordance with the ethical clearance conditions for this study. Eleven 
respondents in the sample sustained use of the service for the recommended six to 
eight weeks and nine respondents discontinued the service prematurely. This is 
consistent with the dropout range from two to 83%, with an average of 31%, across 
19 studies of internet-based treatment services for psychological disorders (Melville 
et al., 2010), which are similar to the m-wellbeing service examined in this study in 
that they involved minimal therapist contact.  
 
Analytical Procedure 
In preparation for data analysis, the interview recordings were professionally 
transcribed and then checked against the original audio recording for accuracy. 
Thematic analysis was performed on the data employing a hybrid approach, 
combining inductive and deductive thematic analysis (see Fereday & Muir-
Cochrane, 2006). This incorporated both data-driven inductive coding, to identify 
additional determinants of consumer acceptance, and a deductive a priori template of 
codes approach, with codes derived from the MGB constructs. The data was coded 
manually by the researcher in QSR NVivo 9, a qualitative data management tool. 
Storing the inductive and deductive codes and themes/categories developed by the 
researcher (refer to Appendix 19) in NVivo was important to allow for easy retrieval 
of coded text. 
 
The thematic analysis was conducted generally in accordance with the phases of 
thematic analysis outlined by Braun and Clarke (2006). To identify themes relevant 
to explaining young adults’ sustained use of the m-wellbeing service, open and in 
vivo coding of the data formed the basis of first cycle coding. This was followed by 
pattern coding to collate or group codes on the basis of similarity and/or 
correspondence (Braun & Clarke, 2006; Saldana, 2009). To confirm the MGB 
constructs, provisional coding was first undertaken based on a priori codes 
developed from the MGB. This type of coding is appropriate for qualitative studies 
that build on previous research (Miles & Huberman, 1994). Second, open and axial 
coding was employed to illuminate the dimensions of a priori codes, specifically 
with relation to their conditions and causes. Magnitude coding was used to indicate 
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weight, intensity or importance of responses and matrix coding queries were used to 
investigate variability within the codes and categories. 
 
Thematic analysis was used to provide a rich description of the data set (although 
focussed on themes derived from the MGB), rather than a detailed account of one 
particular aspect (e.g., a latent theme). Consequently, theme prevalence was 
determined based on the number of different respondents who articulated responses 
consistent with the identified theme, which is acceptable according to Braun and 
Clarke (2006). However, Braun and Clarke (2006) also note that the “keyness” of a 
theme is not necessarily dependent on quantifiable measures, but rather on whether it 
captures something important in relation to the overall research question. This is also 
reflected in the analysis and findings section.  
 
The analysis was conducted by a single researcher. Consequently, inter-rater 
reliability checks were not employed, as is characteristic in thematic analytic 
research (Marks & Yardley, 2004). However, a “reality check” was implemented to 
minimise bias. To initially validate findings, as per the suggestion of Saldana (2009), 
the interviewer/coder checked their interpretation of the responses with the 
participants themselves at the end of the interview.  
 
6.4 Findings and Discussion 
 
Goals and Anticipated Emotions 
The analysis of the data suggests that the sustained use of the m-wellbeing service is 
goal-directed. Many respondents (14) desired to improve their mental wellbeing, an 
abstract end-state goal, by continuing to use the service. For example, one respondent 
stated: “I guess it’s just to see out the program and maybe a long term benefit from 
it” (M, 4)2. Seven respondents indicated their desire to complete the six to eight 
week trial of the service, a functional concrete goal, drove their service continuance. 
For example, one respondent contended that one reason she continued using the m-
wellbeing service was: “That it was seven weeks long, like that it was sort of not too 
long to keep doing it and then it wasn’t too short either” (F, 1). This suggests 
                                                 
2 Coded as: (Male/Female, Respondent Number) 
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multiple goals of varying degrees of abstraction drive this behaviour, which is 
consistent with Bagozzi and Dabholkar’s (1994) findings in the context of another 
long-term behaviour (i.e., recycling). Similar to Bagozzi and Dabholkar’s (1994) 
study, future research could identify, and examine the relationships between, the 
salient goals driving adherence to improve understanding of how these goals impact 
service recipients’ sustained use of the service. In contrast, only one respondent, who 
discontinued using the service prematurely, stated he possessed no expectations of 
the service or no goal in using the service.  
 
“I was motivated to stay in the program because I would actually like to 
manage my mental health a little better. I think for a lot of years I continued 
taking antidepressants, but never really did much other than that to try to 
improve my state of mind. So I thought this may be a way for me to get a better 
sense of how I’m coping with things and maybe be able to recognise some of 
the patterns in my life at times when I was feeling less good than others, and 
then use that recognition to try and deal with some of the things that I go 
through” (F, 2, Goal-directed).  
 
“I didn’t really have any expectations of it, just didn’t. I didn’t expect to get anything 
out of it and I didn’t” (M, 3, Not goal-directed).  
 
Seven respondents indicated that positive anticipated emotions encouraged them to 
continue using the m-wellbeing service. Envisioning the empowerment, self-
satisfaction and/or achievement that would stem from successfully completing the 
treatment appeared to enhance these respondents’ desire to continue using the 
service. Only one respondent reported that anticipating a sense of failure from not 
completing the trial motivated her to continue using the m-wellbeing service so as to 
avoid this negative emotion. These findings provide some support for the effect of 
positive and negative anticipated emotions on respondents’ service continuance.  
 
“And the fact that you could feel that you were helping yourself and you could 
acknowledge that there was stuff that you needed to do to move forward” (F, 
10).  
 
“Because I found it really interesting and helpful, and because it was so easy 
to use and there was that sense of achievement and self-satisfaction when you 
sort of get to the end of doing it all” (F, 9).  
 
“I would’ve not prioritised it and I would’ve become, not negative towards it 
but, like a sense of already failed at it and I’m just not going to continue it” (F, 
16).  
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Subjective Norms  
The majority (14) of respondents reported family, friends and important others did 
not influence their sustained use of the m-wellbeing service (refer to Table 26). This 
finding is inconsistent with the MGB, which specifies that subjective norms 
influence behavioural intentions (Perugini & Bagozzi, 2001), as well as research 
showing subjective norms influence consumers’ continued use of TBSSs specifically 
(e.g., Chen et al., 2009; Hsu et al., 2006; Liao et al., 2007). Most of these 
respondents consumed the service privately and thus did not provide those in close 
social proximity with an opportunity to influence their behaviour. This may have 
been the result of the social stigma associated with mental illness and mental health 
services (Corrigan & Shapiro, 2010). That is, respondents may have been afraid to 
share their service use with family, friends and/or colleagues with the view that they 
might respond negatively. Of those respondents who did report experiencing social 
influence, none felt pressured to discontinue the service and only a few described 
being encouraged by others to continue the service.  
 
Table 27. Synopsis of the Subjective Norms Thematic Category 
Impact Sources Illustrative Quotes 
High 1 “I told a couple of friends I was doing it and they thought it was 
really a good idea, you know, just something else to try...Yeah, 
when you have your friends approval it’s like, ‘Oh yeah, I’m 
doing the right thing. It’s a good idea to do it’” (F, 5).  
 
Moderate 5 “Um, not really. The only person I told about it was my boyfriend 
and he doesn’t particularly pressure me one way or the other so... 
I mean I guess if there’d been more encouragement to do it, I 
probably would’ve done it a little more, but I don’t think it’s that 
much of a factor” (F, 18).  
 
“No, my partner knew about it and he thought it was a good 
thing... [But]I don’t think it would’ve mattered if he didn’t 
support me in it. I probably would’ve done it around him and told 
him to shut up, you know what I mean” (F, 14).  
 
Low 14 “No, I didn’t really tell anyone at all apart from the doctor. I 
didn’t really tell anyone that I was doing it. I kind of, I felt it was 
good I could do it in the privacy of my, you know, myself. Just 
because it’s personal and I wanted to kind of see if I could 
develop within myself, on my own, before having to get too many 
other people involved. I didn’t want to make a big deal out of it” 
(F, 10) 
Note. Impact = impact of subjective norms on sustained use of an m-wellbeing service; 
Sources = number of different respondents identified in the category. 
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Some respondents suggested that although they valued the ability to produce and 
consume the m-wellbeing service anonymously, this may have inhibited their service 
continuance. This supports research in the context of internet-based mental health 
services, where a lack of face-to-face contact is cited as a reason for service 
discontinuance (Lange et al., 2003). The majority of respondents postulated that 
additional social interaction, in the form of social support and/or obligation, would 
have encouraged their continuation of the m-wellbeing service.  
 
Social support from service personnel. Twelve respondents proposed social 
support would have been beneficial at the times when they had lost momentum or 
stopped using the service for a few days to remind them of the benefits of the 
program, to help prioritise the service, to add a “personal touch” to the service 
experience (F, 6) and to make them feel important, like they are more than “just a 
number” (F, 7). This is consistent with previous research showing the psychological 
benefits of social support to service recipients in personal services, including 
assistance with goal achievement, improved self-esteem and a sense of belonging 
(e.g., Adelman & Ahuvia, 1995). 
 
“I’m not sure about in those times because, in those times, I don’t feel like 
doing anything at all. Maybe, something where if you haven’t logged in for a 
few days, an encouragement could be sent or like a motivational message or 
something like that to keep up the program” (F, 20).  
 
“Someone that is noticing, not that you’re like slacking off, but you haven’t 
really... you’ve just got other stuff going on and just to remind you. You know, 
you may be busy and you may be finding it hard to prioritise time for it... It 
would be good just reminding them that there are all these things that they can 
still learn” (F, 16).  
 
The majority of these respondents indicated that support from service personnel, 
health professionals in particular, would have increased their desire to continue using 
the m-wellbeing service. This finding is consistent with research showing increased 
social support from health professionals results in improved adherence to web-based 
mental health services (Christensen, Griffiths, Korten, Brittliffe, & Groves, 2004; 
Hilvert-Bruce, Rossouw, Wong, Sunderland, & Andrews, 2012; Kelders et al., 
2012). It also supports previous services research showing service recipients who 
receive social support from service employees are more loyal to the service 
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(Rosenbaum, 2006, 2009) and that affective commitment to a service provider, 
derived from “perceptions of support”, reduces service recipients’ attrition intentions 
(Bansal, Irving, & Taylor, 2004, p. 238; Evanschitzky, Gopalkrishnan, Plassmann, 
Niessing, & Meffert, 2006; Fullerton, 2005).  
 
“I do think that was something missing from the program. I just thought then it 
might be, well, it depends on the individual, but I thought maybe something 
that could be incorporated into the program... like a health professional of 
some sort emailing the participants on a weekly or fortnightly basis” (F, 6).  
 
Respondents also considered other service recipients a potential source of social 
support. Respondents felt interacting with other service recipients would provide 
additional motivation to continue using the m-wellbeing service. This perspective is 
substantiated by previous services research showing service recipients can obtain 
social support from other customers, and that this provides a sense of group cohesion 
and enhanced well-being resulting in loyalty, participation and cooperation 
(Rosenbaum, 2008; Rosenbaum & Massiah, 2007). This finding suggests that not 
only does offline social support from other service recipients increase adherence to 
medication-based treatment (Magura, Laudet, Mahmood, Rosenblum, & Knight, 
2002), but technologically-mediated social support may encourage adherence to CBT 
treatment delivered through m-wellbeing services.  
 
“I guess just to connect with other people who are also using the program and 
kind of share ideas and things like that... just input from other people 
encouraging you to keep at it and especially if they’re also in the program” (F, 
19).  
 
Overall, this research supports previous findings regarding the instrumentality of 
social support to service recipients’ service engagement and continuance. It also 
provides further evidence of the importance of weak-tie, third-party support, as 
opposed to social support from “strong ties” such as family and friends, in 
facilitating continued low-risk, anonymous service consumption (see Adelman & 
Ahuvia, 1995). However, in contrast to the focus of previous conceptualisations of 
the mechanism of action of social support on interpersonal verbal and nonverbal 
communication (e.g., Adelman & Ahuvia, 1995; Magura et al., 2002; Rosenbaum, 
2009), respondents in this study suggest technologically mediated communication, 
such as emails, instant messaging, forums or text messages, could be used to provide 
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social support. Respondents in this study further suggest that technology-mediated 
social support may be as effective as interpersonal social support in encouraging 
service continuance, although future research is needed to test this proposition.  
 
“You would get frequent email reminders with surveys reminding you you were 
in week six and I really liked that progress, like, just to know how far through 
you are. And it kind of felt like you were supported by the researchers that 
were behind it. You didn’t just sign up and you’re another number. I did feel 
like I was part of something, I did feel supported in that way when I would get 
the reminders. I guess that was a little bit of motivation to continue with it as 
well” (F, 7). 
 
“Maybe getting emails just like if I hadn’t been on the program for a while, 
then maybe getting a reminder email to say ‘We haven’t seen you for a while, 
why don’t you log on and do some modules (laughs)’... I think it would work a 
bit better, because it’s a bit more engaging I guess. It would make people feel 
that someone is actually noticing that I’m not putting much time into this... I 
mean some people are probably more self-motivated than others, but I think a 
lot of people kind of also depend on other people’s encouragement and 
expectations” (F, 19).  
 
“I kind of felt like during the program, we didn’t really get any updates or 
emails on how things were going... I guess maybe if that was another part of 
the program, some form of online contact between the user and the provider...” 
(F, 13).  
 
Social obligation toward service personnel. Six respondents felt no “real 
obligation or commitment to continue or finish” (M, 4) the m-wellbeing service. 
These respondents suggested that contact with service personnel would have 
increased their desire to continue using the m-wellbeing service owing to a sense of 
social obligation. Respondents reported that feeling accountable to a third party (e.g., 
health professional) would have increased their commitment to service continuance. 
Research shows that in addition to affective commitment, discussed previously in 
relation to social support, normative commitment also decreases service recipients’ 
attrition intentions (Bansal et al., 2004) and promotes coproduction and participation 
in service provision (Gruen, Summers, & Acito, 2000). Normative commitment is 
the psychological force which binds a service recipient to a service provider through 
perceived obligation and stems from internalised norms of behaviour (Bansal et al., 
2004), such as finishing what you have started or attending scheduled appointments. 
Consequently, this research provides preliminary qualitative evidence for the 
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potential importance of normative commitment in encouraging the continued use of 
m-wellbeing services. 
 
“[Privacy] I guess it’s both a benefit and a drawback. I guess it’s a benefit in 
terms that you don’t have to sort of reveal it to everyone, but it’s a drawback in 
the sense that there was no pressure to continue it, I don’t think. If other people 
had known that I was doing a program or was attending a face-to-face 
meeting, then there would be more of that pressure to continue it (M, 4)”.  
 
“I guess maybe if there were like, someone on the other end, if you know what I 
mean. If there was actually, I don’t know, a psychologist or even like the study 
co-ordinator that you could connect with...’cause then it seems like more of a 
commitment” (F, 8).  
 
“I guess you feel that, not pressure, but you feel that expectancy from a health 
professional. Thinking, well, okay you have made this appointment, so you are 
expected to attend that appointment as opposed to just having that expectancy 
of yourself. So I guess there is that social pressure as well from the health 
professional... as opposed to no social pressure from when you are just doing it 
off your own back (F, 7).  
 
Perceived Behavioural Control 
Overall, this study provides qualitative support for the positive influence of 
perceived behavioural control on service continuance intentions as delineated by the 
MGB (Perugini & Bagozzi, 2001). That is, it appears respondents with high levels of 
maintenance self-efficacy and supportive facilitating conditions continued using the 
m-wellbeing service for the period prescribed, although this should be confirmed 
with further quantitative research. The following sections examine respondents’ self-
efficacy in relation to continuing to use an m-wellbeing service, as well as the 
facilitating conditions or situational factors that influenced respondents’ behavioural 
control perceptions. This is in line with the perspective that perceived behavioural 
control encompasses both self -efficacy and perceived controllability (Hagger & 
Chatzisarantis, 2005; Taylor & Todd, 1995).  
 
Maintenance self-efficacy. The majority of respondents (13) recalled possessing a 
high level of maintenance self-efficacy at the time they signed up for the service 
(refer to Table 27). That is, they reported feeling confident in their ability to continue 
using the m-wellbeing service over time, including their capacity to develop routines 
and cope with barriers (Luszczynska & Schwarzer, 2003). This finding provides 
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some qualitative confirmation of the importance of maintenance self-efficacy in 
determining the adoption of an m-wellbeing service as proposed by Study One (refer 
to Chapter 4). However, most respondents (15) reported their maintenance self-
efficacy changed as a result of their experience with the m-wellbeing service. This is 
consistent with research showing service recipients’ perceived behavioural control 
changes over time owing to confirmation or disconfirmation of their expectations as 
a result of using the service (Hsu et al., 2006). 
 
Table 28. Comparison of Respondents’ Maintenance Self-Efficacy Pre and Post 
Experience 
  Self-Efficacy  
Respondent Change 
Pre-
Experience 
Post-
Experience Duration 
1 Change High High Completed 
2 Change High Medium Completed 
3 Varied Low Low Not Completed 
4 No Change High High Completed 
5 NA High NA Not Completed 
6 Change High NA Not Completed 
7 Change High Low Not Completed 
8 Change High Medium Completed 
9 Change High High Completed 
10 Change Low High Completed 
11 Change High High Completed 
12 Change High Medium Completed 
13 Change High Low Not Completed 
14 Change Low High Not Completed 
15 Change High NA Not Completed 
16 Change High Medium Not Completed 
17 Change Medium High Completed 
18 Varied Low Low Not Completed 
19 NA NA NA Completed 
20 Change Low High Completed 
Note. Change = whether or not respondents reported a change in self-efficacy; Duration = 
whether or not respondents completed the six to eight week trial of the m-wellbeing service. 
 
The respondents whose maintenance self-efficacy decreased over time offered 
several reasons for this occurrence. First, they experienced competition for their 
attention, time and other resources, in the form of busyness and other priority 
activities. Second, these respondents reported reduced benefit from the service, either 
as a function of their increased familiarity with the service or as their mental 
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wellbeing improved. On the other hand, respondents whose maintenance self-
efficacy increased over time primarily reported reasons stemming from the ease of 
use of the service, together with its usefulness.  
 
“When I was sort of going through it and there wasn’t that continual reward 
from being in there, I just kind of lost touch with it. And these things don’t, you 
know, stress, concentration and things like that, they don’t change at a click of 
your fingers, I know that, but I felt ‘cause there wasn’t that continual sort of 
reward being in there - I kind of lost confidence along the way” (F, 7, 
Experienced reduced maintenance self-efficacy).  
 
“Yes it did [confidence levels changed]. I just didn’t have time for it anymore” 
(F, 13, Experienced reduced maintenance self-efficacy).  
 
“Yeah, so at first I wasn’t as confident, but I found the program to be easier 
than I thought it would be” (F, 20, Experienced improved maintenance self-
efficacy).  
 
“Well, to be honest, whenever I start new things like the gym or anything, I’m 
always like, ‘Yeah, I’m going to do it’, and then usually don’t end up getting 
through it. But I knew once I got a few weeks into it that I would definitely keep 
sticking to it... I think it was the modules. I just found the modules so helpful 
and so relevant to my life and the way I am” (F, 10, Experienced improved 
maintenance self-efficacy).  
 
The analysis of the data also suggests a connection between service recipients’ post-
experience maintenance self-efficacy and their service continuance (refer to Table 
27), although this should be confirmed by quantitative research. All respondents who 
reported low maintenance self-efficacy after co-producing the service prematurely 
discontinued service use. On the other hand, the majority of respondents who 
reported moderate to high maintenance self-efficacy successfully completed the 
service program. The only exceptions, Respondent 14 and Respondent 16, 
discontinued service use owing to environmental factors. This finding is consistent 
with extant research demonstrating the positive impact of perceived behavioural 
control on service continuance (Hsu et al., 2006; Liao et al., 2007) and maintenance 
self-efficacy on continuing to perform health behaviours (e.g., Luszczynska & 
Schwarzer, 2003; Scholtz et al., 2005; Sniehotta et al., 2005).  
 
Facilitating conditions. The majority of respondents (11) reported spending a 
moderate amount of time co-producing the service. From Table 28, it seems most 
respondents who sustained service use reported expending a moderate to high level 
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of time and effort on using the service, whereas most respondents who did not 
sustain service use reported low to moderate time and effort expenditure. One reason 
for this may be that positive service outcomes are dependent upon regular service 
use, particularly the mood monitoring component (Harrison et al., 2011). This is 
highlighted by one respondent who discontinued using the service: “It was only what 
I put into it and when I did it less regularly, it seemed less useful. I just sort of lost 
motivation that way” (F, 18). Another respondent reports that spending a significant 
amount of time using the service helped her maximise service benefits and sustain 
service use: “But I think me using it from the beginning, as much as I could, kept me 
at it... you learn most from them when they’re done in like consecutive days” (F, 16).  
 
Table 29. Time/Effort Expenditure and Service Continuance 
 Respondents 
Reported Time/Effort 
Expenditure Continued Discontinued 
High  2 1 
Moderate  7 4 
Low  2 4 
 
Interestingly, respondents were evenly divided between those who believed spending 
more time and effort on the m-wellbeing service would be conducive to service 
continuance and those who did not (refer to Table 29). Consistent with previous 
comments, those respondents who believed spending more time on the service would 
be instrumental to service continuance based this belief on the principle that they 
would receive greater benefit from the service. In contrast, respondents who thought 
that spending more time on the service would be detrimental to service continuance 
based this on the rising opportunity cost of the service, the fact that it would be 
taking time away from more desirable activities. This is consistent with previous 
research in internet-based mental health services which reports time constraints as a 
reason for service discontinuance (Warmerdam et al., 2008). One respondent, for 
example, states:  
 
“If it hadn’t taken half an hour to complete, then I probably wouldn’t have 
done it every day, because I can’t spare that much time at work. If I was doing 
it at home, quite frankly, there are other things I’d like to spend half an hour 
on” (F, 9).  
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Table 30. Synopsis of the Time/Effort Expenditure Thematic Category  
Impact Sources Illustrative Quotes 
Positive 8 “Definitely, if I’d used it in less time, I wouldn’t have sort of gotten 
the benefits, so I probably wouldn’t have continued” (F, 1).  
 
“I think if I was more engaged and spent a lot of time and energy 
on it - I think I would have been more motivated to do it. It’s kind of 
like when you, you know, lose weight and once you lose a little bit 
of weight, you are more motivated to lose a little bit more and then 
a little bit more” (F, 7).  
 
Positive 
and 
Negative 
2 “Well I guess in terms of spending more time on it, it may be more 
difficult to maintain that sort of time commitment to it. But if you 
are spending more time on it and you’re actually seeing the benefit 
from it, then maybe that might make it a bit easier to continue with 
it” (M, 4).  
 
Negative 8 “Cause I think at the beginning I was pretty keen about it and 
trying to do a lot and then after that it just got a bit too much to 
keep putting in that amount of time every week” (F, 8).  
 
“I think it’s time intensive, sometimes, like if I’m using it for half an 
hour at a time, I know that doesn’t sound particularly time 
intensive, but in my evenings I have other things I’d rather be 
doing... that could discourage people” (F, 12).  
Note. Impact = impact of time/effort expenditure on sustained use of an m-wellbeing service; 
Sources = number of different respondents identified in the category. 
 
Attitude towards using the M-Wellbeing Service  
Overall, there is some evidence to suggest that respondents’ attitude toward the m-
wellbeing service influenced their service continuance. This is consistent with 
previous research which shows the more positive consumers’ attitude toward the 
TBSS, the greater their intention to continue using the TBSS (Hsu et al., 2006; Lee, 
2010). Two prominent factors appear to have influenced respondents’ attitude, or 
evaluation of the favourability or unfavourability, of the m-wellbeing service: 
perceived usefulness and perceived ease of use.  
 
Perceived usefulness of the m-wellbeing service. The responses of 16 service 
recipients suggest the degree to which they considered the service useful influenced 
their overall evaluation of the service, as well as their service continuance. Table 30 
suggests respondents who continued to use the service found it moderately to highly 
useful, in contrast to those respondents who did not continue to use the service. 
Again, although this finding should be confirmed by further quantitative research, it 
supports studies which show perceived usefulness, or the extent to which the 
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consumer perceives benefits associated with using the TBSS, has a positive impact 
on service continuance intentions (e.g., Bhattacherjee, 2001; Cyr et al., 2006; Hu et 
al., 2008; Kang et al., 2010; Lin et al., 2011). It is also consistent with research in the 
context of internet-based mental health services, which reports that perceived lack of 
treatment effectiveness inhibits sustained use of these services (Klein, Richards, & 
Austin, 2006). 
 
Table 31. Perceived Usefulness of the Service and Service Continuance 
 Respondents 
Reported Perceived 
Usefulness Continued Discontinued 
High  6 2 
Moderate  4 0 
Low  1 3 
 
Overall, eight respondents found the m-wellbeing service highly useful and four 
respondents found the service moderately or minimally useful (refer to Table 31). 
From the data, it appears the extent to which the m-wellbeing service delivered 
positive mental health outcomes for service recipients largely determined its 
perceived usefulness. This is consistent with the extended Technology Acceptance 
Model (TAM2) which shows that result demonstrability, the extent to which benefits 
to the consumer are apparent and can be attributed to the technology, influences the 
perceived usefulness of the technology (Venkatesh & Davis, 2000). This is clearly 
emphasised by one respondent: “Perhaps results, just adopting some of the 
techniques and some of the things included in the modules, made me recognise that 
this was a worthwhile program and then helped me go back to it” (F, 12).  
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Table 32. Synopsis of the Perceived Usefulness Thematic Category  
Degree Sources Illustrative Quotes 
High 8 “It really gave me hope that I could work on these things. ‘Cause 
I’ve been to a counsellor before and it really helped talking through 
things, but these are every day subtle emotions and feelings and in 
the business of the day, you just push them aside and you just carry 
on... But this sort of program that goes through... all the different 
things that you can do to work on different things... It gave me so 
much hope that I could work on those problems and really come to 
see them diminished. And that really—that was one of those reasons 
why I always thought this is benefiting me and I want to finish this” 
(F, 16).  
 
Low 4 “To be honest nothing much really motivated me to do it because it 
asked the same sort of questions every day. I’d never, during that 
time at least, I never sort of felt that it was helping me. So like 
nothing was really motivating me to do it, which is why I didn’t stick 
it out” (M, 3).  
Note. Degree = degree to which respondents’ perceived the m-wellbeing service as useful; 
Sources = number of different respondents identified in the category. 
 
Perceived ease of use/access of the m-wellbeing service. Fourteen respondents 
commented that the ease of using the service supported their continuance of the m-
wellbeing service (refer to Table 32). This is consistent with research showing 
perceived ease of use supports service continuance in TBSSs (e.g., Chen et al., 2009; 
Lee, 2010; Liao et al., 2007) and in mobile services specifically (e.g., Cyr et al., 
2006). Half the respondents (10) found using the service relatively effortless in that 
its technological interface was user-friendly, with intuitive navigation and simple 
design, not “overly filled with graphics and bright, bold colours” (F, 9). However, 
respondents also highlighted that co-producing the service through the technological 
interface was unproblematic, influencing their evaluation of the ease of use of the 
service. One respondent highlights:  
 
“It was very user-friendly. Like, when I had to do the instructions and 
whatever, they were very clear. I wasn’t sort of confused at any point about 
what I should do next” (M, 3).  
 
In contrast, three respondents commented on elements of the m-wellbeing service 
which were not easy to use, particularly the extra effort required to log-in every time 
they wanted to co-produce the service. Another factor which decreased the ease of 
use of the m-wellbeing service was the small screen size of mobile phones, a 
common issue affecting mobile services (e.g., Bertele, Rangone, & Renga, 2002). 
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Although seemingly minor detractions from the service, the ease of use of the service 
is important to reducing the effort required on the part of the service recipient to co-
produce the service, and these inconveniences made it more difficult to continue 
using the service. As one respondent highlights:  
 
“I guess it’s something quite small, like in terms of how easy it is to log in, but 
even just small things like that just make it more convenient and would just 
make it easier to actually continue it” (M, 4).  
  
Table 33. Synopsis of the Perceived Ease of Use Thematic Category  
Degree Sources Example 
High 10 “I think it did really encourage me to stay on it, just because it was 
so easy” (F, 19).  
 
“It was just really simple and it didn’t take much understanding to 
figure out what the different tabs did and what not, so it was good... 
because I found it really interesting and helpful and because it was 
so easy to use” (F, 9).  
 
Medium 1 “Um, I don’t think there was anything I would’ve changed. I think 
it’s pretty user-friendly and as I said before, easily accessible, so I 
don’t think I would’ve changed anything” (F, 6).  
 
Low 3 “I found it a bit difficult to use through the phone just in terms of, 
like you had to log in and stuff, and it was a little bit more 
annoying to do it on the phone I thought” (M, 4) 
 
“Um, I think it’s useful, but I think one thing that might be a 
limitation is the type of mobile phone you are using and how good 
your internet connection is, and the interface and how easy that is 
to use. So I’m using a Nokia Smartphone and I’ve found sometimes 
the screen was just a bit small. I don’t know, maybe the interface 
could be improved” (F, 8).  
Note. Degree = degree to which respondents’ perceived the m-wellbeing service as easy to 
use; Sources = number of different respondents identified in the category. 
 
The ease of accessing the service was also emphasised by respondents. None of the 
respondents found the m-wellbeing service difficult to access through their mobile 
phone. Sixteen respondents reported this ease of access positively influenced their 
service continuance, whilst only one respondent reported that the ease of accessing 
the service negatively influenced her service continuance (refer to Table 33). The 
ubiquitous and flexible accessibility of the m-wellbeing service allowed service 
recipients to co-produce the service when it suited them, in line with their lifestyle 
and other commitments. This improved the convenience of the service, especially 
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relative to face-to-face mental health services, reducing the amount of effort required 
to co-produce the service and supporting service continuance. This is consistent with 
the proposition that information accessibility is a valuable characteristic of mobile 
channels (Balasubramanian et al., 2002; Nysveen et al., 2005a). The negative 
influence of the accessibility seems to stem from the fact the flexible nature of 
accessing the service requires significant self-discipline since there are no structured 
appointments.  
 
Table 34. Synopsis of the Perceived Ease of Access Thematic Category  
Impact Sources Illustrative Quotes 
Positive 16 “Obviously having it on the mobile phone makes it very easy to do. 
Certainly there is not the hurdle of having to go to a computer, log 
in and be chained to your desk.... I mean if it wasn’t for it being 
available on the mobile, I don’t even think I would’ve done it for as 
long as I did” (M, 3).  
 
“If it wasn’t online and if I didn’t have the reminders, then I can’t 
see myself having gone through it. I mean, if there was one more 
thing that I had to write in my diary, then I’d definitely, definitely 
wouldn’t do it. It was so easy to just click the boxes and save it. If 
it had of been in any other format I wouldn’t have done it” (F, 9).  
 
Positive 
and 
Negative 
3 “It’s good that it’s always convenient. Like, at two in the 
morning... if you’re feeling low, you don’t have to pick up a phone, 
you can just go online and have a look through the modules and 
different parts of the site” (F, 8).  
 
Negative 1 “At the start I thought this is so fantastic ‘cause it just fits in with 
people’s busy lifestyles and everyone can do it at their own time, 
and they can do it when they get home from work in the comfort of 
their own home... But I think for me that really lost my motivation 
and maybe that’s something I need to work on myself, but I felt like 
because it required a lot more self-discipline and me to motivate 
myself to complete it” (F, 7).  
Note. Impact = impact of ease of access on sustained use of an m-wellbeing service; Sources 
= number of different respondents identified in the category. 
 
Frequency of Past Behaviour 
Approximately half the respondents reported using the m-wellbeing service 
frequently, ranging from every day to twice-a-week, so that it became integrated into 
their daily/weekly routine. The remaining respondents reported low frequency and 
sporadic use of the m-wellbeing service. Twelve respondents considered forming a 
habit of using the m-wellbeing service important for service continuance (refer to 
Table 34). This is consistent with the MGB, which specifies frequency of past 
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behaviour reflects habit strength and impacts positively on the performance of 
behaviour (Perugini & Bagozzi, 2001). One respondent suggested this is because, as 
part of a routine, it is easier to set aside and prioritise time to engage with the service 
since it’s automatic: “You just get into routines and you just do it regardless 
sometimes of what else you’re doing. It’s just what you do- it’s part of your daily 
flow” (F, 9). This supports the position that habits are useful because they do not 
require conscious planning and effort (Aarts & Dijksterhuis, 2000). Another 
respondent suggested routine helps to keep the service top-of-mind: “It probably kept 
me going on the program so that I didn’t forget about it” (F, 1). In contrast, four 
respondents did not consider integrating the m-wellbeing service into their routine 
instrumental to their continuation of the service. Most of these respondents did not 
believe they needed to use the service frequently, only in times of need.  
 
Table 35. Synopsis of the Past Behaviour Thematic Category 
Impact Sources Illustrative Quotes 
High 12 “It helped me to feel like I wanted to do it more because it just 
became so much a part of the routine, and when it finished, I felt 
a little bit lost. I didn’t know what to do with my extra five 
minutes at work (laughing)” (F, 9).  
 
“I guess when I’m coming home from work if I’m early or before 
I go to work if I’m on a late, I always make sure that I check my 
uni emails and do a bit of study. So I made sure that I slotted it 
into one of those timeframes: ‘After work, I’m going to come 
home and do some study and do 20 minutes on [m-wellbeing 
service] and cook tea’. And just kind of made it an everyday thing 
so it wasn’t such a task to get on and have a look” (F, 10).  
 
Moderate 2 “I suppose for me, because life is so busy and my memory forgets 
a lot of the small things, those SMS’s reminded me that it was 
something I wanted to continue doing... I don’t think it really 
affected my use of the program, I used it for what I wanted to use 
it for at the time” (M, 2). 
 
Low 4 “Not really, it was just kind of sporadic. It wasn’t regular and it 
wasn’t premeditated... There was a bit of a risk that I’d just 
forget to continue using it, because of my sporadic use, but I just 
liked what was involved in the program so I just kept going back 
to it when I had some time” (F, 12). 
Note. Impact = impact of frequency of past behaviour on sustained use of an m-wellbeing 
service; Sources = number of different respondents identified in the category. 
 
Frequency of past behaviour, or the extent to which using the m-wellbeing service 
became habit or routine, appears to be associated with service continuance. That is, 
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Table 35 suggests the majority of respondents who completed the service 
requirements had also integrated using the m-wellbeing service into their routine, 
whereas the majority of respondents who prematurely discontinued using the service 
had not. Although further research should confirm this finding, it is consistent with 
the MGB (Perugini & Bagozzi, 2001), which shows that high frequency of past 
behaviour directly increases consumers’ performance of the behaviour in contexts 
such as studying (Perugini & Bagozzi, 2001) and maintaining and reducing blood 
pressure (Taylor et al., 2005). 
 
Table 36. Frequency of Service Use and Service Continuance 
 Respondents 
Frequency of Service 
Use Continued Discontinued 
High 7 2 
Low  3 7 
 
Most (16) respondents reported the reminder messages sent as part of the m-
wellbeing service encouraged service continuance. The data suggest this may have 
been because they assisted in establishing a routine of service use. These reminder 
messages ensured that the m-wellbeing service remained top-of-mind and provided a 
prompt to engage with the service at pre-selected times. Consequently, they provided 
a more formalised structure for using the m-wellbeing service. One respondent, for 
example, stated: “I got the reminder text messages to fill out the tracking, so that 
helped make the routine because I’d just respond to getting those - otherwise I’d 
probably wouldn’t have remembered” (M, 2). This finding supports studies of web-
based CBT services reporting that reminders significantly improved service 
continuance (Clarke et al., 2005; Hilvert-Bruce et al., 2012). 
 
Self-Motivation  
Analysis of the data suggest maintaining motivation was a significant challenge for 
respondents, consistent with Harrison et al.’s (2011) findings, with eight respondents 
reporting low motivation to continue using the m-wellbeing service (refer to Table 
36). One respondent highlights: “So there wasn’t anything that I sort of went, ‘This 
is making me not want to complete it’, but I just felt like my motivation just wasn’t 
stimulated” (F, 7). Even service recipients who sustained service use struggled to 
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remain motivated. Respondents offered several reasons for this related to the limited 
availability of extrinsic motivation. Without direct involvement with health 
professionals, respondents experienced limited encouragement from others in the 
service setting and found it difficult to evaluate and recognise positive service 
outcomes, reducing their motivation to continue using the service.  
 
Table 37. Synopsis of the Self-Motivation Thematic Category 
Degree Source Illustrative Quotes 
High 5 “I think I was fairly motivated to finish it so, I don’t know whether 
that was because I felt particularly motivated about this or whether I 
have a motivated personality” (F, 9). 
 
“When I want to do something, I’ll do it. If I don’t want to do it, I 
won’t. Um, the motivation is just being there... I wanted to stay on 
there” (F, 14). 
 
Low 8 “It was difficult to stay motivated to stay in it... But with the [m-
wellbeing service], you’re not getting any outside feedback—you are 
left to assess your own sort of progress. When it’s sort of left to you, 
maybe you’re not sure if it is helping you or not. So if you are not sure 
if it is helping you or not, then you lose a bit of motivation to actually 
continue it and you lose a bit of interest in it” (M, 4).  
 
“But I think for me, I really lost my motivation. I guess, maybe that’s 
something I need to work on myself, but I felt like because it required 
a lot more self-discipline and it required me to motivate myself to 
complete it...[rather than] If it was like a meeting you had with a 
health professional, you know that’s scheduled in at that time” (F, 7).  
Note. Degree = degree of respondents’ self-reported motivation to sustain use of the m-
wellbeing service; Sources = number of different respondents identified in the category. 
 
From the data, those respondents who reported maintaining their motivation to 
continue using the m-wellbeing service seemed less focused on external sources of 
motivation. Whereas extrinsic motivation is based on the achievement of specific 
goals or rewards, intrinsic motivation refers to the pleasure of doing an activity (e.g., 
Venkatesh, 2000). These respondents appeared more intrinsically or self-motivated, 
focusing on the enjoyment and sense of accomplishment they derived from using the 
service. As summarised by one respondent: “I knew it was there to help me, so it was 
that internal motivation. There was no one pushing it on me, it was just there for me 
to do and each day I looked forward to it” (F, 16). This suggests that consumers with 
greater ability to direct their attention and energy towards service continuance 
without significant external motivation may be more likely to sustain use of m-
 182 
 
wellbeing services over time. Given the exploratory nature of this research, however, 
future research should validate this finding.  
 
Behavioural Competition  
Fifteen respondents reported that other activities, related to interests and priorities 
which conflicted with their desire to improve their wellbeing, competed with the m-
wellbeing service for their attention, time, effort and other resources. This is 
consistent with social marketing’s position that competition exists for consumers’ 
attention and acceptance of social marketing offerings, and that the adoption (and 
maintenance) of desired behaviour is dependent on addressing and overcoming this 
competition (Peattie & Peattie, 2003). Respondents actively evaluated using the m-
wellbeing service against the activities they would have to forfeit in order to devote 
time and effort to using the service. Depending on their goal priorities, this meant 
that activities such as studying and relaxing took precedence over using the m-
wellbeing service. This seems to correspond with Goal Systems Theory (see 
Kruglanski et al., 2002), which proposes that goal systems consist of networks where 
goals are connected to their corresponding means of attainment, as well as other 
goals, and that inhibitory (or competing) associations exist between parallel means 
and goals.  
 
 “Um, I’d go on about once a week and then try to find time where I didn’t 
have to do anything else, like I didn’t have any other work or any other things 
pressing on my mind...” (F, 5).  
 
“I think as the weeks progressed I kind of got a bit busier with uni and stuff, 
and didn’t use it as much... Yeah, I guess it became a bit less because I felt that 
I should be using my time for other things” (F, 8).  
 
“I guess it’s not a high priority because I think my health isn’t that high on my 
priority list compared to like, - ‘cause I go to university, that, work and 
everything else. My personal problems aren’t highly prioritised, which I guess 
is reflected in not using the [m-wellbeing service] as much as I should have” 
(F, 6).  
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Goal Desirability 
Twelve respondents, half of whom discontinued using the m-wellbeing service, 
indicated the extent to which they desired improved mental health influenced their 
continuation of the service. Consistent with this finding, Perugini and Conner (2000) 
show that goal desirability influences consumers’ performance of goal-directed 
behaviour. Respondents considered their desire to improve their mental wellbeing a 
direct function of their perceived need to improve their wellbeing as indicated by 
their mood state. That is, these respondents suggested that as their mood state 
improved, and thus their perceived need and desire to improve their mental wellbeing 
declined, this negatively impacted on their continuation of the service. This is 
consistent with research showing perception of need is a robust predictor of mental 
health service continuance (e.g., Elhai, Voorhees, Ford, Min, & Frueh, 2009; 
Mojtabai et al., 2011).  
 
“I didn’t really think about it, it was only when I was stressed that I thought of 
ways of kind of distracting myself or calming down a bit, so I thought of [the 
m-wellbeing service]” (F, 15).  
 
“The main reason I didn’t continue was because it wasn’t helping me, because 
I didn’t need it. I don’t think it’s fair to say that’s reflecting on the program 
itself. I didn’t have that need, which is why it didn’t do anything for me. It’s not 
saying anything against the actual program” (M, 3).  
 
“Like if I had felt that I was struggling more, then I probably would have used 
it more often” (F, 8). 
 
6.5 Implications 
 
Theoretical Implications 
This research represents a first step toward addressing the call in health literature for 
theory-led approaches to understanding adherence to technology-based mental health 
services (e.g., Christensen et al., 2009; Orleans, 2000) and the call in social 
marketing literature for research examining the drivers of the maintenance of 
behaviour instrumental to societal goals (Andreasen, 2003, 2004). Although further 
quantitative research is required to validate this study’s exploratory findings, it 
provides initial support for the MGB as a valid theoretical foundation for explaining 
consumers’ sustained use of mHealth services for mental health. As proposed by the 
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MGB, the findings highlight the influence of service recipients’ attitude toward and 
perceived behavioural control over using the m-wellbeing service, as well as goal-
anticipated emotions and past behaviour, on their sustained use of the service. 
Interestingly, however, whilst the majority of respondents reported the support of 
friends and family was not a key influence on their service continuance, they 
emphasised the importance of interactions with health professionals.  
 
This study also builds upon existing knowledge of the determinants of adherence to, 
or continuance of, increasingly complex technology-based self-services. For 
instance, although lack of motivation has been previously identified as a reason for 
non-adherence to an m-wellbeing service (Harrison et al., 2011), this research further 
suggests that consumers who are intrinsically motivated, with greater ability to direct 
their attention and energy towards continuing to use the service without significant 
external motivation, may be inherently more likely to continue using m-wellbeing 
services over time. Further, although intrinsic motivation has been investigated in the 
context of consumers’ trial of self-services (i.e., Meuter et al., 2005; Nysveen et al., 
2005b), this research suggests that it is also drives consumers’ service continuance. 
This previously unreported finding may warrant further investigation. 
 
Further, whilst previous research (e.g., Meuter et al., 2000) finds users of self-service 
technology are motivated to reduce interaction with service personnel, this research 
suggests interpersonal interaction is important within the context of m-wellbeing 
services. It provides qualitative evidence of the influence of affective commitment to 
service personnel on service continuance. Respondents reported that receiving social 
support from the service provider would increase their commitment to continue using 
the service. This finding is consistent with research showing social support results in 
improved adherence in web-based interventions (Christensen et al., 2004; Hilvert-
Bruce et al., 2012) and with research on affective commitment in services (e.g., 
Rosenbaum, 2006, 2009). However, in contrast to previous conceptualisations of 
social support, which focus on interpersonal verbal and nonverbal communication 
(e.g., Adelman & Ahuvia, 1995), this research suggests technologically mediated 
communication, such as emails, instant messaging, forums or text messages, could be 
used to provide social support.  
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The findings also suggest that a sense of obligation to service personnel could 
encourage the sustained use of an m-wellbeing service. Normative commitment 
remains a largely unstudied construct in a services context and only a few papers 
have specifically examined the effects of this psychological force (exceptions Bansal 
et al., 2004; Fullerton, 2011; Gruen et al., 2000). Further, the impact of normative 
commitment has not yet been examined in the mHealth literature. Future research 
should quantitatively confirm the effects of normative (and affective) commitment 
on service continuance in the context of m-wellbeing services and other mobile 
services that require sustained use over time.  
 
Last, this study builds on understanding of goal-directed behaviour. It further 
explores the interplay between goals and their means by providing empirical support 
for the existence of an inhibitory link, or competition, between alternatives that are 
instrumental to divergent goals, as proposed by Goal Systems Theory (Kruglanski et 
al., 2002). Respondents reported actively evaluating the m-wellbeing service against 
the activities (conducive to alternative goals) that they would have to forfeit in order 
to devote time and effort to the service. Depending on their goal priorities, this meant 
that activities such as studying and relaxing took precedence over using the m-
wellbeing service. Consequently, it may be useful to examine the relative importance 
of personal goals and its impact on consumers’ choice of instrumental behaviours in 
future research.  
 
Practical Implications  
The research demonstrates the potential importance of affective and normative 
commitment to the service provider in encouraging sustained use of m-wellbeing 
services and suggests that technologically mediated communication can effectively 
facilitate this commitment. This suggests that service providers should actively 
communicate with service recipients via email and other electronic means to provide 
social support and create a sense of social obligation to continue using the service. 
Furthermore, this research highlights the importance of routine for service 
continuance, which requires high frequency of use, as opposed to discrete, sporadic 
use, of the service. The majority of respondents who completed the service 
requirements had integrated using the m-wellbeing service into their routine. This 
indicates that service providers should actively encourage service recipients to 
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incorporate service use into their daily routine to encourage adherence to mHealth 
services. Last, service recipients reported that the perceived ease of use and 
usefulness of the service influenced their attitude toward and continuance of the m-
wellbeing service. Consequently, service providers should ensure that co-production 
of the service is free of effort. It is also important to incorporate service features 
designed to demonstrate progression towards goal achievement to assist service 
recipients in recognising the benefits of the service.  
 
6.6 Limitations and Conclusion 
 
This study provides a qualitative exploration of the determinants of service 
recipients’ sustained use of an emerging mobile service aimed at achieving a social 
goal. Namely, it demonstrates the MGB’s capacity to explain service recipients’ 
sustained use of a mHealth service directed at improved mental health. However, 
future research is needed to investigate the generalisability of the exploratory 
findings presented in this paper, within mental health and across other health 
domains. This is important since the interviews were conducted between four and 
five weeks after respondents had completed or dropped out of the trial of the m-
wellbeing service. Recall bias may therefore have influenced the results as 
respondents’ memories become less detailed, less vivid and more distant over time 
(Elmir, Schmied, Jackson, & Wilkes, 2011). However, the extent of the impact of 
this bias on the research is unclear since Piolino et al. (2006) argue that individuals 
are able to recall memories relevant to their personal lives despite time period. This 
study also exhibits a significant skew towards female relative to male respondents, 
although this is characteristic of the current usage pattern of mental health services 
(Rickwood et al., 2007). Nevertheless, this study represents a step toward improved 
theoretical understanding of the determinants of adherence to mHealth services, 
which have the potential to deliver health benefit cost effectively and undeterred by 
geographical boundaries, and provides insights useful for directing future research in 
both the health and social marketing fields.  
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Appendix 16. Interview Questions for Study Three 
MGB 
Constructs 
MGB Conceptualisation and 
Measures  
Interview Questions 
Past 
Behaviour 
When a behaviour is well-
practised in a constant 
environment, frequency of past 
behaviour reflects habit strength 
and has therefore a direct effect 
on future behaviour (Perugini & 
Bagozzi, 2001).  
 
Measured by: ‘How often did you 
do [] during the past year in order 
to []’. 
How often did you use the [m-
wellbeing service] on average?  
(Pb) To what extent did it become 
routine for you? 
(Pb) How did or didn’t this affect 
whether you continued with the 
program? 
 
Subjective 
Norm (SN) 
SN “is based on the person’s 
perception of whether important 
reference groups support or reject 
the behaviour” (Ajzen, 1991, p. 
183).  
 
Measured by: ‘List the three most 
important persons for you and 
indicate how much each of them 
would approve or disapprove of 
you doing [] in order to achieve 
[]’ 
Did you feel any pressure or 
persuasion from your friends, 
family, or others to continue or 
discontinue the program?  
(Pb) To what extent do you think 
this affected, or did not affect, 
whether you continued with the 
program? 
 
Perceived 
Behavioural 
Control 
(PBC) 
PBC refers to “peoples’ 
perception of the ease or difficulty 
of performing the behaviour of 
interest” (Ajzen, 1991, p. 183).  
 
Measured by: ‘How much control 
do you have over [] in order to 
achieve []’. 
‘For me to [] in order to achieve [] 
is difficult to easy (on 11 point 
scale)’.  
‘If I wanted to, it would be easy to 
difficult (on 11 point scale) for me 
to do [] in order to achieve []’. 
How confident did you feel at the 
start of the program that you could 
complete the full six-eight weeks? 
(Pb) To what extent do you think 
this affected, or did not affect, 
whether you continued with the 
program? 
(Pb) To what extent did your 
confidence levels change or not 
change as you moved forward 
through the program?  
(Pb) To what extent do you think 
this affected, or did not affect, 
whether you continued with the 
program? 
 
How much time and effort did you 
put into using the [m-wellbeing 
service]?  
(Pb) To what extent do you think 
this affected, or did not affect, 
whether you continued with the 
program? 
(Pt) On a scale of 1 to 10: 1 being 
very little effort, 10 being a lot of 
effort? 
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Appendix 16. Interview Questions for Study Three Continued... 
MGB 
Constructs 
MGB Conceptualisation and 
Measures  
Interview Questions 
Anticipated 
Emotions 
Positive emotional responses formed 
when individuals prefactually 
consider goal achievement (Perugini 
and Bagozzi, 2001).  
 
Measured by: ‘If I succeed to 
achieve my goal of [], I would feel 
[excited, delighted, happy, glad, 
satisfied, proud, self assured]’.  
 
Negative emotional responses 
formed when individuals 
prefactually consider goal failure 
(Perugini and Bagozzi, 2001).  
 
Measured by: ‘If I do not succeed to 
achieve my goal of [], I would feel 
[angry, frustrated, guilty, ashamed, 
sad, disappointed, depressed, 
worried, uncomfortable, and 
fearful]’.  
Did you have a particular goal in 
mind when you were using the 
service?  
 
To what extent to you think 
thinking about achieving or failing 
to achieve this goal affected, or did 
not affect, whether you continued 
with the program? 
(Pt) Can you tell me about why you 
think so?  
 
 
Attitude  Attitude is a disposition like 
tendency to respond to or evaluate a 
behaviour favourably or 
unfavourably (Perugini and 
Bagozzi, 2001).  
 
Measured by: ‘I think that to keep to 
a diet in order to lose weight [stay at 
the same weight] during the next 
four weeks is [useful-useless; 
effective-ineffective; advantageous-
disadvantageous; stupid-intelligent; 
punishing-rewarding; foolish-wise; 
unpleasant-pleasant; joyless-joyful; 
boring-exciting; unattractive-
attractive; enjoyable- not enjoyable].  
What do you think and/or feel 
about using these services 
[technologically delivered health 
services] to manage your wellbeing 
in general? 
(Pb) Now that you have completed 
the [m-wellbeing service], what do 
you think and/or feel about using a 
mobile phone program to manage 
your mental wellbeing specifically? 
 
Intention  Behavioural intentions “capture the 
motivational factors that influence a 
behaviour; they are indicators of 
how hard people are willing to try, 
of how much effort they are 
planning to exert, in order to 
perform the behaviour” (Ajzen, 
1991, p. 181).  
 
Measured by: ‘I am planning to [] in 
order to achieve []’ (7 point scale 
from very likely to very unlikely).  
Would you use the program, or a 
program like it, again in the future? 
(Pb) Why is that? 
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Appendix 17. Emails to Participants  
Title: Receive a $30 voucher for taking part in a phone interview 
 
Dear Mr/Ms______________ 
 
 You are currently taking part in the [m-wellbeing service], a research study with the 
[research institute] and [university], and as part of the research, you agreed to provide 
feedback on the program. 
 
We are inviting people to take part in a 30 – 45 minute phone interview in return for a $30 
voucher. The purpose of the interview is to hear about your views and experiences with the 
[m-wellbeing service]. In particular, we are interested in what encouraged you to stay in the 
[m-wellbeing service] for the full seven weeks.  
 
The phone call should take about 30 minutes (we can call you at a time that suits you) and 
we are offering you a $30 Coles and Myer Group voucher (participating stores include 
Coles, Myer, Officeworks, K-Mart, Target, Liquorland) to compensate you for your time.  
 
One of our researchers, Lisa Wessels, will be calling you in a few days to give you more 
information and to answer any of your questions. Lisa’s contact details are: 
lisa.wessels@qut.edu.au or (07) 3138 4400. 
 
Whether you take part in the interview is completely voluntary. You can decline to 
participate without comment or penalty. If you are not interested in being interviewed, 
please reply ‘STOP’ to this email address. 
 
Your opinions about the [m-wellbeing service] are valuable to us. We therefore hope you’ll 
take part in the interview with Lisa Wessels.  
 
Kind regards, 
[Director] 
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Appendix 17. Emails to Participants Continued... 
Title: Receive a $30 voucher for taking part in a phone interview 
 
Dear Mr/Ms______________ 
 
You are currently taking part in the [m-wellbeing service], a research study with the 
[research institute] and [university], and as part of the research, you agreed to provide 
feedback on the program. 
 
We are inviting people to take part in a 30 minute phone interview in return for a $30 
voucher. We are interested in your views and experiences with the [m-wellbeing service]. In 
particular, we’d like to hear about what discouraged you to stay in the [m-wellbeing service] 
for the full seven weeks.  
 
The phone call should take about 30 minutes (we can call you at a time that suits you) and 
we are offering you a $30 Coles and Myer Group voucher (participating stores include 
Coles, Myer, Officeworks, K-Mart, Target, Liquorland) to compensate you for your time.  
 
One of our researchers, Lisa Wessels, will be calling you in a few days to give you more 
information and to answer any of your questions. Lisa’s contact details are: 
lisa.wessels@qut.edu.au or (07) 3138 4400. 
 
Whether you take part in the interview is completely voluntary. You can decline to 
participate without comment or penalty. If you are not interested in being interviewed, 
please reply ‘STOP’ to this email address. 
 
Your opinions about the [m-wellbeing service] are valuable to us. We therefore hope you’ll 
take part in the interview with Lisa Wessels.  
 
Kind regards, 
[Director] 
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Appendix 18. Follow-up Phone Call Script 
Good afternoon, this is Lisa Wessels speaking. I am a researcher working with the [research 
institute]. Do you have a minute to talk? 
[Wait for confirmation from potential participant]* 
[If no, reply: That’s okay, is there any other time that you would be available] 
 
You may have received an email a few days ago about some additional research that we are 
doing with people who took part in the [m-wellbeing service]? 
[Wait for confirmation from potential participant]* 
[If no, reply: That’s okay, I can tell you about it now] 
 
We are looking for people to take part in a follow up phone interview about their views and 
experiences with the [m-wellbeing service]. The phone call should take about 30 minutes, at 
a time that suits you, and we are offering you a $30 Coles and Myer Group voucher to thank 
you for your time. Whether you take part is completely up to you and you can decline 
without comment or penalty. Would you would be interested in taking part in this research?  
[Upon verbal consent to participate or to receiving further communication about study, 
continue with script]* 
 
That’s great – thank you. I will send you some sample interview questions – just so that you 
have a clear idea of the type of questions that will be discussed. Would you prefer I email or 
mail that to you?  
[Obtain email or postal address] 
 
So, when would be some times that would suit you to schedule the phone call? It would be 
helpful if you were somewhere with good reception at this time. 
[Schedule interview] 
 
Okay, so once we have completed the interview, I will get/use your mail address to send you 
your $30 Coles and Myer Group voucher. Do you have any questions? Thank you so much 
for agreeing to take part in this research and I will be in contact with you soon.  
 
* If verbal consent is not obtained, thank the potential participant for their time and end the 
conversation. 
** If scheduled more than 5 days in advance. 
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Social Influence 
Subjective Norms 
Social Obligation 
Social Support 
Appendix 19. NVivo Codebook Excerpt: Tree Node Structure for Social 
Influence 
 
 
 
 
 
 
 
 
  
Theme/Code/Node Description Example Excerpts  
Social Influence Relates to the influence (explicit 
and implicit) of key reference 
groups (family, friends and 
important others), health 
professionals and other third 
parties on service recipients’ 
sustained use of the m-wellbeing 
service.  
“Nobody really ever commented 
on it either way” (F, 2). 
 
“No one knew except my mum - I 
think she asked me a couple of 
times how I was going with it - 
but there was no social pressure 
there at all” (F, 7).  
Social Obligation Relates to the affect of social 
influence, in the form of a sense 
of obligation, on service 
recipients' continued use of m-
wellbeing services. 
“So I guess there is no real 
obligation or commitment to 
continue or finish it… you are on 
your own and you don’t really 
have a responsibility to anyone 
else to continue it” (M, 4). 
Social Support Relates to the affect of social 
influence, in the form of social 
encouragement or support, on 
service recipients' continued use 
of m-wellbeing services. 
“Maybe someone on the other 
line, rather than just a computer 
questionnaire. Maybe like 
someone actually reading your 
responses and offering their help 
or just talking to you about it… 
that would definitely have 
encouraged me” (F, 13).  
Subjective Norms Relates to the whether key 
reference groups 
(friends/family/colleagues) 
approved of service recipients’ 
continued use of the m-wellbeing 
service. Inclusive of the influence 
of subjective norms on service 
continuance.  
“I didn’t really tell that many 
people. I told a couple of friends 
I was doing it and they thought it 
was really a good idea, you 
know, just something else to try” 
(F, 5).  
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Chapter 7: Discussion and Conclusion 
 
Whilst the previous three chapters (Chapter 4, Chapter 5 and Chapter 6) present the 
findings of each of the three studies comprising the research program, this chapter 
outlines how these studies jointly address the research questions of this thesis. It also 
presents the theoretical and practical implications of this research as a whole, as well 
as the limitations of the overall research design, as opposed to the implications and 
limitations of each study specifically. To begin, Section 7.1 provides a brief, 
abridged summary of the research purpose, questions and design. Following this, a 
discussion of the results that address the two sub-research questions across the three 
studies is provided in Section 7.2 and Section 7.3. Next, Section 7.4 presents a 
summary of the results that jointly address the overall research question of this 
thesis. Subsequently, the theoretical and practical implications of the research are 
outlined in Section 7.5 and Section 7.6, followed by the research limitations in 
Section 7.7. Last, directions for future research are delineated in Section 7.8.  
 
7.1 Revisiting the Research Purpose and Design 
 
This research aimed to improve understanding of the determinants of consumers’ use 
of technology-based service products from a social marketing perspective, diverging 
from the literature’s focus on purely behavioural products such as smoking cessation 
(e.g., McCausland et al., 2009) and responsible drinking (e.g., Deshpande & Rundle-
Thiele, 2011; Fry, 2010). In particular, it investigated the determinants of consumers’ 
initial and sustained use of mHealth services given their instrumentality to improved 
individual and societal welfare. Since current research investigating the determinants 
of consumers’ behavioural responses toward technology-based service products, such 
as TBSSs and m-services, rely on attitudinal theories which do not account for the 
impact of personal goals, emotions or habit on the performance of behaviour 
(Bagozzi, 2007; Perugini & Bagozzi, 2001), this led to the development of the 
overall research question (ORQ):  
 
What are the key determinants of consumers’ initial and sustained use of 
technology-based service products instrumental to achieving societal goals? 
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The MGB was proposed as the conceptual foundation for addressing this research 
question as it overcomes the aforementioned shortcomings of attitudinal theories. 
The MGB specifies that desire transforms attitudes, anticipated emotions, subjective 
norms and perceived behavioural control into the intention to perform a target 
behaviour and that this intention, together with the recency and frequency of past 
performance of the behaviour, leads to actual performance of the target behaviour 
(Perugini & Bagozzi, 2001). However, a critical evaluation of the MGB revealed 
opportunity to further deepen and broaden the model within this behavioural domain. 
This formed the basis of the first sub-question:  
 
RQ1: To what extent does the Model of Goal-Directed Behaviour explain 
consumers’ use of technology-based service products? 
 
The literature review revealed that the MGB does not account for the impact of 
behavioural alternatives, or behavioural competition, on the performance of 
behaviour. This suggests that the MGB may not adequately explain behaviour in 
domains where consumers possess freedom of choice between behavioural 
alternatives, such as between using technology-based service products or their 
interpersonal service counterparts (Meuter et al., 2003). This shortcoming also 
conflicts with social marketing’s emphasis on identifying and addressing behavioural 
competition (see Johnson et al., 2009; McDermott et al., 2005), although only limited 
empirical investigation of the effect of behavioural competition at the individual 
level has been undertaken in the field. Consequently, the following sub-question was 
also developed:  
 
RQ2: How does competition influence consumers’ use of technology-based 
service products? 
 
To address these questions, the research examined the determinants of young adults’ 
intention to use and sustained use of self-help mental health services delivered via 
mobile phone (m-wellbeing service), a technology-based service product 
instrumental to improved mental health. This was accomplished via a three-study, 
mixed-method approach. Study One developed an in-depth understanding of the 
determinants of young adults’ acceptance of m-wellbeing services by qualitatively 
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assessing the MGB’s capacity to explain this behaviour and by exploring whether, 
and how, behavioural competition added to explanation of this behavioural response. 
Following this, Study Two integrated the insights gained from Study One into the 
MGB to propose a revised MGB, which was then quantitatively tested. Last, in 
contrast to the focus of the previous two studies on acceptance, Study Three 
developed an in-depth understanding of young adults’ sustained use of an m-
wellbeing service, also by qualitatively evaluating the MGB’s ability to explain this 
behaviour against the perspective of the target audience and by exploring whether, 
and how, behavioural competition added to explanation of this behaviour. The 
following sections delineate how the findings of these three studies addressed the 
research questions of this thesis.  
 
7.2 Addressing Research Question 1  
 
To what extent does the Model of Goal-Directed Behaviour explain consumers’ 
use of technology-based service products? 
 
Study One and Study Three both provide qualitative support for the proposition that 
consumers’ use of technology-based service products is goal-directed, as suggested 
by Bagozzi (2007). The two qualitative studies showed most young adults possessed 
personal goals (e.g., improving quality of life) which drove them to accept and 
sustain use of m-wellbeing services which are, as previously mentioned, technology-
based service products instrumental to improved mental health. This is consistent 
with the notion that most purposive behaviours, including those related to coping 
with stress (Taylor et al., 2005), are functional to personal goal achievement 
(Richetin et al., 2011).  
 
Moreover, the three studies provide some support for the MGB’s capacity to explain 
consumers’ initial and sustained use of technology-based service products, consistent 
with the model’s demonstrated ability to explain other goal-directed behaviours such 
as software learning, studying and exercise (Leone et al., 2004; Perugini & Conner, 
2000). However, the results revealed three components of the MGB that may require 
attention in future studies examining consumers’ use of technology-based service 
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products: emotions, perceived behavioural control and subjective norms. These 
components either (1) do not explain consumer behaviour well within this context or 
(2) are the basis of conflicting results across the three studies. A discussion of these 
components of the MGB is therefore presented in the following sections. 
 
7.2.1 Negative and positive anticipated emotions  
 
The results of the three studies together suggest negative and positive anticipated 
emotions may not strongly contribute to explaining the use of technology-based 
service products driven by abstract, rather than concrete, personal goals. First, the 
findings of Study One indicated anticipated emotions do not substantially contribute 
to young adults’ acceptance of m-wellbeing services. This result was quantitatively 
confirmed by Study Two, which demonstrated that negative anticipated emotions do 
not significantly influence, whilst positive anticipated emotions only exhibit a weak 
positive influence on, young adults’ intention to use m-wellbeing services. The 
qualitative findings of Study Three further indicated that anticipated emotions are not 
key determinants of young adults’ sustained use of m-wellbeing services. As 
previously mentioned in Chapter 4, these results may be linked to respondents’ 
abstract personal goals with respect to using m-wellbeing services (e.g., enhancing 
quality of life and becoming a better person). This is because anticipated emotions 
are formed on the basis of envisaged goal achievement or failure, and higher goal 
abstraction makes it difficult to envisage instances constituting goal achievement or 
failure (Emmons, 1992).  
 
More broadly, these results suggest anticipated emotions may not be highly useful 
for explanatory purposes within domains where target behaviours are instrumental to 
more abstract personal goals, such as improved wellbeing or self-expression. That is, 
it is proposed that high goal abstraction makes it difficult for individuals to anticipate 
how they would feel in the event of goal achievement or goal failure on the basis that 
it is more difficult to anticipate circumstances that would constitute goal achievement 
or goal failure. Accordingly, it may be useful for future research to directly compare 
the MGB’s capacity to explain behaviours instrumental to concrete (e.g., weight loss 
per week) versus abstract (e.g., self expression) personal goals, as this research 
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suggests the MGB may possess greater capacity to explain behaviours instrumental 
to concrete rather than abstract personal goals. 
 
7.2.2 Perceived behavioural control  
 
The results of the studies suggest perceived behavioural control, as currently 
operationalised in the MGB, may not strongly contribute to explaining consumers’ 
use of technology-based service products. Study Two demonstrated that perceived 
behavioural control does not significantly influence young adults’ intention to use m-
wellbeing services. This indicates, as previously mentioned in Chapter 5, young 
adults consider using m-wellbeing services completely under their volitional control 
(see Ajzen, 1991) owing to the availability of resources that support the behaviour 
(Taylor & Todd, 1995). For instance, 99% of young adults in Australia own a mobile 
phone, 74% of which own smartphones with internet capability (ACMA, 2011b). 
Moreover, Study One found young adults’ perceived greater control over using m-
wellbeing services, compared to face-to-face services, owing to their low anticipated 
monetary and time costs. This suggests perceived behavioural control will not 
strongly contribute to explaining consumers’ use of technology-based service 
products since increasing facilitating conditions, such as continued growth in the 
diffusion of technological devices, is creating an environment where consumers’ 
possess high volitional control over using these services (see Ajzen, 1991).  
 
In contrast, the results of both Study One and Study Three suggest that self-efficacy 
may contribute to explaining consumers’ use of technology-based service products. 
Whilst the MGB’s conceptualisation of perceived behavioural control focuses on 
perceived controllability (Azjen, 2002), which is “one’s perception that one can 
control the performance of a given behaviour” (Rodgers et al., 2008, p. 608), self-
efficacy is widely considered another component of perceived behavioural control 
(e.g., Ajzen, 2002; Rodgers et al., 2008; Trafimow et al. 2002). This finding is 
consistent with research showing that the self-efficacy component of perceived 
behavioural control is a better predictor of behaviour than the perceived 
controllability component (Rodgers et al., 2008; Trafimow et al., 2002). Study One 
and Study Three also deepen understanding of the two types of self-efficacy that may 
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influence consumers’ use of technology-based service products, particularly those 
developed from professional services.  
 
First, the results of Study One indicated task self-efficacy, encompassing both 
technology self-efficacy and co-production self-efficacy, facilitates young adults’ 
acceptance of m-wellbeing services. Previously, the literature has focussed on 
consumers’ confidence in their ability to use a self-service technology (i.e., 
technology self-efficacy), rather than their confidence in their ability to co-produce 
the service (i.e., co-production self-efficacy) (e.g., Dabholkar & Bagozzi, 2002; 
Meuter et al., 2005). It is proposed that with the transition of professional services, 
such as health services, to technological platforms, consumers’ confidence in their 
ability to adequately perform their role as co-producer of the service without 
assistance from service personnel may become increasingly important, especially 
relative to traditional technology-based service products that do not require 
specialised knowledge and skills to co-produce (e.g., mobile payments) (Forbes, 
2008). Future research may therefore find it useful to further investigate these two 
types of task self-efficacy, particularly in relation to their relative positive effect on 
consumers’ use of newly emerging technology-based service products with credence 
qualities.  
 
Second, the findings of both Study One and Study Three indicated that maintenance 
self-efficacy positively influences young adults’ initial and sustained use of m-
wellbeing services. Maintenance self-efficacy, individuals’ assessment of their 
ability to maintain a newly adopted behaviour (Luszczynska & Schwarzer, 2003), 
has not been previously examined by research investigating consumers’ sustained 
use of technology-based service products. Again, this may be attributable to the only 
recent transition of professional services, which require relatively long contact time 
compared to other service types (Silvestro et al., 1992), to technological platforms. 
More broadly, maintenance self-efficacy has also received limited attention in the 
social marketing literature, which typically focuses on the effect of task self-efficacy 
on the performance of target behaviours (e.g., Manyiwa & Brennan, 2012; Parkinson 
et al., 2011). Future research may therefore also find it useful to further investigate 
the positive effect of maintenance self-efficacy on consumers’ use of newly 
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emerging technology-based service products, particularly those instrumental to 
achieving societal goals.  
 
7.2.3 Subjective norms 
 
There were conflicting findings across the three studies in relation to subjective 
norms’ contribution to explaining consumers’ use of technology-based service 
products. Whilst the qualitative studies, Study One and Study Three, indicated 
subjective norms is not a key determinant of young adults’ use of m-wellbeing 
services, since these services can be used privately and anonymously, this was not 
supported by the quantitative findings of Study Two. Study Two demonstrated 
favourable subjective norms positively influences young adults’ acceptance of m-
wellbeing services. This result may be attributable to a couple of factors. First, 
research shows individuals can fail to detect the effect of implicit social influence on 
their behavioural responses (e.g., Vorauer & Miller, 1997). It is possible that the 
young adults interviewed in Study One and Study Three failed to recognise the 
impact of subjective norms on their behavioural intentions. Second, this result could 
also have been influenced by social desirability bias. Young adults in Study One and 
Study Three may have been reluctant to admit their susceptibility to influence by 
others. This is consistent with research showing there is a higher probability of social 
desirability bias in depth interviews compared to self-administered surveys (e.g., 
Kaplan et al., 2001).  
 
Interestingly, the results of Study Three suggest support from, and obligation toward, 
service personnel facilitates sustained use of technology-based service products, 
particularly those developed from professional services. That is, Study Three 
provided qualitative evidence for the importance of technologically-mediated support 
from service personnel on young adults’ sustained use of an m-wellbeing service. 
Although the positive effect of social support from service personnel on sustained 
use of interpersonal services has been previously noted (Rosenbaum, 2006, 2009), 
this finding is unexpected in relation to technology-based service products since it is 
generally thought consumers use these services in order to avoid interaction with 
service personnel (e.g., Meuter et al., 2000). This result may be attributable to the 
fact that professional services, such as health services, are traditionally highly 
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relational (Johnson & Zinkman, 1991). Study Three also provided qualitative 
evidence for the importance of a sense of social obligation towards service personnel 
for young adults’ sustained use of an m-wellbeing service. The effect of social 
obligation towards service personnel on sustained use of services has remained 
largely unexplored, even in the services literature. It may therefore be useful to 
further investigate these findings, particularly as more professional services 
transition to technological platforms.  
 
In conclusion, the results of the three studies suggest that whilst the MGB is useful in 
this context, there exists scope for improving the model’s capacity to explain 
consumers’ behavioural responses toward technology-based service products, 
particularly m-wellbeing services. This is highlighted by fact that Study Two showed 
that the MGB only explains approximately 21% of young adults’ desire, and 50% of 
their intention, to use m-wellbeing services. To this end, the results of this thesis 
suggest that subjective norms, anticipated emotions and perceived behavioural 
control in particular require further research attention given the aforementioned 
inconsistencies in results and the limited explanatory capacity of these elements of 
the MGB.  
 
7.3 Addressing Research Question 2 
 
How does competition influence consumers’ use of technology-based service 
products? 
 
The findings of Study One and Study Three suggest that behavioural competition, 
stemming from behavioural alternatives conducive to the same and different personal 
goals, inhibits the initial and sustained use of technology-based service products. 
Namely, Study One showed behavioural alternatives to using m-wellbeing services, 
also conducive to improved mental health (e.g., help-seeking from face-to-face 
mental health services), inhibited acceptance of m-wellbeing services. Furthermore, 
Study Three showed that behavioural alternatives to using an m-wellbeing service, 
linked to more desirable goals than improved mental health from the point-of-view 
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of the target audience (e.g., studying), inhibited sustained use of the m-wellbeing 
service.  
 
These results support Goal Systems Theory (Kruglanski et al., 2002), which proposes 
that goal systems consist of networks where goals are associated with their 
corresponding means of attainment, which can be behaviours, as well as to 
alternative goals (refer to Figure 10). The theory specifies inhibitory links (i.e., 
competition) connect parallel goals and their means of attainment. It proposes, for 
example, an inhibitory association between behavioural means conducive to the same 
goal, as well as an inhibitory association between behavioural means conducive to 
different goals. The theory contends these inhibitory associations exist since 
individuals’ resources are finite, necessitating the prioritisation of the goals and 
behaviours to which they are allocated. That is, allocating resources such as time and 
energy to actioning one behavioural means of achieving a goal reduces the resources 
available for actioning other behavioural means, creating an inhibitory association 
between these parallel means to achieving the same goal. In the same way, allocating 
resources to attaining one goal may pull resources away from another, creating an 
inhibitory association between these parallel goals.  
 
Figure 10 illustrates how Goal Systems Theory supports the findings of Study One 
and Study Three. Goal Systems Theory proposes Behaviour 1A (e.g., using m-
wellbeing services) and Behaviour 2A (e.g., using face-to-face mental health 
services) inhibit one another’s performance as alternatives to achieving Goal A (e.g., 
improved mental health). Then again, it proposes an inhibitory association between 
Behaviour 1A (e.g., using m-wellbeing services) and Behaviour 1B (e.g., studying) 
as alternatives to achieving Goal A (e.g., improved mental health) and Goal B (e.g., 
improved career prospects) respectively, which are also connected by an inhibitory 
link.  
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Figure 10. Adaption of Goal Systems Theory (Kruglanski et al., 2002) 
 
 
 
 
 
 
 
 
Note. Horizontal arrows indicate an inhibitory association; Vertical arrows indicate a facilitatory association. 
 
Study One and Study Three also provide empirical evidence for the way in which 
these inhibitory associations, or competition, function at the individual level to 
influence consumers’ use of technology-based service products. The results of Study 
One indicated that the anticipated effectiveness of m-wellbeing services, relative to 
competing behaviours also functional to improved mental health (e.g., using a face-
to-face mental health service or talking with friends), positively influenced young 
adults’ acceptance of m-wellbeing services. This finding was quantitatively 
confirmed by Study Two. Consequently, this suggests that the anticipated 
effectiveness of technology-based services, relative to competing alternatives 
conducive to the same goal, positively influences consumers’ initial adoption of 
these services.  
 
Moreover, the results of Study Three indicated that behaviours (e.g., studying) linked 
to more desirable or higher priority goals (e.g., improved career prospects) than 
improved mental health inhibited sustained use of an m-wellbeing service. This is 
consistent with the proposition that inhibitory associations exist between parallel 
goals (Kruglanski et al., 2002) and that individuals must prioritise the many goals 
they wish to pursue (Richetin et al., 2011). Although this finding should be 
confirmed with quantitative research, it suggests that the desirability of the goals to 
which technology-based service products are functional, relative to other activated 
goals within individuals’ goal networks, influences sustained use of these services.  
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More broadly, the aforementioned findings from Study One and Study Two imply 
that behavioural competition, stemming from behavioural alternatives conducive to 
the same goal as the target behaviour, inhibits performance of the target behaviour to 
the extent that individuals anticipate the behavioural alternatives to be more effective 
in securing goal attainment than the target behaviour. Moreover, the findings of 
Study Three imply that behavioural competition, stemming from behavioural 
alternatives conducive to different goals to the target behaviour, inhibits performance 
of the target behaviour to the extent that individuals consider the behavioural 
alternatives’ referent goals to be more desirable than the referent goal of the target 
behaviour. Consequently, together these results indicate an extension of the current 
conceptualisation of behavioural competition in social marketing is warranted.  
 
As previously highlighted in Chapter 2, competition in social marketing is typically 
recognised as either inertial competition or purposeful competition (Andreasen, 
2004; Hastings, 2003). Inertial competition captures consumers’ tendency to 
maintain existing behaviours and purposeful competition is derived from 
organisations that encourage behaviours that conflict with the behaviour targeted by 
social marketing (e.g., MacDonald’s inhibits healthy eating) (Andreasen, 2004; 
Hastings, 2003). Based on the results of this research, it is proposed that behavioural 
competition in social marketing comprises inertial competition and both indirect 
behavioural competition, where behavioural alternatives to the target behaviour are 
instrumental to conflicting goals, and direct behavioural competition, where 
behavioural alternatives to the target behaviour are instrumental to the same goal.  
 
This conceptualisation of behavioural competition is distinguished from previous 
conceptualisations in the social marketing literature in a number of important ways. 
First, it acknowledges the existence of direct behavioural competition, which is 
neglected by the notion of purposeful competition since it only focuses on the 
competition arising between behaviours functional to conflicting goals (e.g., 
MacDonald’s versus healthy eating). Second, it broadens the notion of purposeful 
competition by including all behavioural alternatives to the target behaviour that are 
instrumental to conflicting goals, not only those behaviours which are purposefully 
promoted by organisations. This is important as the research results suggest both may 
be key determinants of consumers’ performance of social marketing behaviours. 
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Third, the conceptualisation presented by this thesis is derived empirically from the 
point-of-view of individuals within a target audience. In this way, it is consistent 
with social marketing’s individual level approach to understanding and influencing 
behaviour (Collins et al., 2010; Lefebvre, 2011) and also with its consumer 
orientation (Andreasen, 2002; Lefebvre, 2011; Stead et al., 2007). 
 
7.4 Addressing the Overall Research Question: A Summary  
 
What are the key determinants of consumers’ initial and sustained use of 
technology-based service products instrumental to achieving societal goals? 
 
To address the overall research question, the following section is divided into two 
sub-sections. The first sub-section (Section 7.4.1) outlines the research findings 
regarding the key determinants of consumers’ acceptance of technology-based 
service products instrumental to achieving societal goals. Following this, the second 
sub-section (Section 7.4.2) presents the research findings regarding the key 
determinants of consumers’ sustained use of technology-based service products 
instrumental to achieving societal goals.  
 
7.4.1 Summary of findings in relation to the determinants of consumers’ initial 
use of technology-based service products 
 
Consistent with attitudinal theories such as the MGB, Study One suggests a 
favourable attitude towards using technology-based service products positively 
influences consumers’ intention to use these service products instrumental to 
achieving societal goals. The findings of Study One indicated young adults’ attitude 
toward using m-wellbeing services, a type of technology-based service product 
functional to improved mental health, positively impacted their acceptance of these 
services. Study One also identified three key determinants of attitude towards using 
this technology-based service product.  
 
First, Study One indicated that need for interaction with service personnel negatively 
affected attitude towards using m-wellbeing services, consistent with previous 
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research on consumers’ acceptance of technology-based service products (e.g., 
Berger, 2009; Dabholkar & Bagozzi, 2002). It also indicated that life compatibility, 
the extent to which m-wellbeing services are perceived to be compatible with daily 
activities, positively influenced attitude towards using m-wellbeing services, in line 
with previous research (e.g., Chung & Kwon, 2009; Schierz et al., 2010). Last, Study 
One highlighted the positive influence of the desire for control on attitude towards 
using m-wellbeing services. This finding suggests consumers with a greater need for 
control will inherently possess a more positive attitude towards using technology-
based service products, although this finding should be confirmed by future research.  
 
Furthermore, Study One suggests, in line with the specifications of the MGB, that 
consumers’ perceived behavioural control, specifically self-efficacy, as well as 
positive and negative anticipated emotions to some extent, may positively influence 
consumers’ intention to use technology-based service products. In contrast with the 
specifications of the MGB, however, Study One does not provide support for the 
effect of subjective norms on consumers’ intention to use technology-based service 
products, on the basis that these services are typically accessed privately and 
anonymously, as discussed in detail in Section 7.2.3.  
 
The findings of Study One also suggest two additional factors may be important in 
determining consumers’ intention to use technology-based service products: goal 
desirability and direct behavioural competition. The findings suggest goal 
desirability, the extent to which consumers value the personal goal to which the 
technology-based service product is instrumental, and direct behavioural 
competition, arising from alternatives that achieve the same personal goal as the 
technology-based service product, may influence the acceptance of technology-based 
service products. Study One showed the extent to which young adults’ desired to 
improve their mental health, and the extent to which they considered m-wellbeing 
services instrumental to achieving this goal relative to alternatives, influenced their 
acceptance of the m-wellbeing service. Whilst goal desirability has been previously 
identified as an important determinant of goal-directed behaviour (Perugini & 
Conner, 2000), direct behavioural competition has not as discussed in detail in 
Section 7.3.  
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Study Two generally validated the findings of Study One, although the determinants 
of attitude were not examined. Notably, the findings of Study Two support 
incorporating goal desirability and direct behavioural competition into the MGB to 
explain consumers’ adoption of technology-based service products. Study Two 
demonstrated that these determinants, relative to the other predictors in the model, 
explain the most variance in consumers’ desire and intention to use m-wellbeing 
services. However, in contrast to the findings of Study One, Study Two showed that 
subjective norms does significantly influence the acceptance of m-wellbeing services 
as discussed in detail in Section 7.2.3. This suggests that subjective norms may 
influence consumers’ intention to use technology-based service products.  
 
Consequently, these findings highlight the value of the mixed-method approach 
employed by the research to gain a more complete understanding of the research 
questions (Bryman, 2008). That is, whilst Study Two quantitatively confirms the 
importance of the additional determinants of consumers’ adoption of a technology-
based service product identified by the Study One, it also highlights potential bias in 
the qualitative findings of Study One with regards to subjective norms. This clearly 
shows how employing a mixed methodology can provide information from one 
approach that was not identified in another and ensure that potential biases are not 
replicated (Axinn & Pearce, 2006).  
 
7.4.2 Summary of findings in relation to consumers’ sustained use of 
technology-based service products 
 
Consistent with attitudinal theories such as the MGB, Study Three suggests a 
favourable attitude towards continuing to use technology-based service products may 
positively influence consumers’ sustained use of these service products functional to 
societal goals. The findings of Study Three indicated young adults’ attitude toward 
continuing to use an m-wellbeing service, a type of technology-based service product 
functional to improved mental health, positively impacted their sustained use of the 
service. Study Three also identified two key determinants of attitude toward 
continuing to use this technology-based service product, namely, perceived 
usefulness and perceived ease of use. These determinants of consumers’ attitude are 
well established in the literature examining the adoption and sustained use of 
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technology-based service products (e.g., Chen et al., 2009; Lee, 2010; Liao et al., 
2007). 
 
Furthermore, Study Three suggests, in line with the specifications of the MGB, that 
consumers’ perceived behavioural control, past behaviour (or habit), and positive and 
negative emotions to some extent, may positively influence their sustained use of 
technology-based service products. In contrast, similar to Study One, Study Three 
does not provide support for the effect of subjective norms, representing the extent to 
which important reference groups support the behaviour, on consumers’ sustained 
use of technology-based service products as discussed in detail in Section 7.2.3. 
However, Study Three revealed consumers anticipated that social support from, and 
social obligation toward, health professionals or other service personnel would be 
conducive to their service continuance as discussed in Section 7.2.3.  
 
The findings of Study Three, similar to Study One, indicate that goal desirability may 
influence consumers’ sustained use of technology-based service products, consistent 
with the EMGB (Perugini & Conner, 2000). Moreover, Study Three suggests 
consumers’ self-motivation, the extent to which consumers are intrinsically 
motivated to use the technology-based service product, and indirect behavioural 
competition, arising from alternatives that achieve more desirable goals than the 
technology-based service product (refer to Section 7.3), may influence sustained use 
of these service products instrumental to achieving societal goals. However, given 
these determinants have not previously been investigated in the context of 
consumers’ sustained use of technology-based service products, it is important to 
confirm these findings quantitatively.  
 
7.5 Implications for Theory 
 
The previous section addresses the research questions posed by this thesis. This 
section presents the contributions made to attitudinal theory, as well as social 
marketing and commercial marketing literature, as a consequence of addressing the 
research questions. First, the contribution of this research to extending attitudinal 
theory is presented in Section 7.5.1. Next, its contributions to social marketing 
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literature are outlined in Section 7.5.2, followed by its more general contributions to 
commercial marketing literature in Section 7.5.3.  
 
7.5.1 Contributions to attitudinal theory 
 
This research empirically extends the explanatory scope of the MGB to include 
behavioural responses toward technology-based service products such as m-
wellbeing services. Namely, it demonstrates the MGB’s capacity to explain 
consumers’ intention to use and sustained use of m-wellbeing services across three 
studies. Nevertheless, it also highlights scope for improving the model’s explanatory 
power within this behavioural domain. Study Two, for instance, showed perceived 
behavioural control and negative anticipated emotions do not significantly contribute 
to explaining consumers’ intention to use m-wellbeing services. This substantiates 
the call for caution in applying attitudinal theories across different behaviours (see 
Taylor, 2007) and provides further evidence that the MGB possesses different 
structural characteristics across behavioural domains (Leone et al., 2004). The 
research suggests the MGB’s performance could be improved by incorporating self-
efficacy, as opposed to perceived behavioural control, into the model when 
examining consumers’ behavioural responses toward complex technology-based 
service products. The research also suggests further examination of the usefulness of 
anticipated emotions is necessary when examining consumers’ behavioural responses 
toward technology-based service products functional to achieving abstract personal 
goals such as improved mental wellbeing.  
 
More broadly, this research provides additional insight into how goal-level and 
behavioural-level processes interact in order to bring about the performance of 
behaviour as called for in the literature (see Abraham & Sheeran, 2003; Taylor, 
2007). Specifically, the research suggests that when goals are abstract, rather than 
concrete, positive and negative anticipated emotions may have less capacity to 
explain behaviour. The research also reveals how behavioural competition, which 
can comprise behavioural alternatives instrumental to the same and different personal 
goals, operates on a behavioural and goal level to influence individuals’ performance 
of behaviour. Although it is acknowledged that further research is necessary to 
confirm both these propositions.  
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Last, the research provides initial support for the proposition that attitudinal theories, 
the MGB in particular, are notably limited by their exclusion of the effect of 
behavioural competition on the performance of behaviour. Study Two, for instance, 
demonstrated that the effect of direct behavioural competition on the performance of 
target behaviour was the strongest in the revised MGB model developed and tested 
by this study. Consequently, this thesis provides empirical support for pursuing 
further understanding of the effects of behavioural alternatives on the performance of 
target behaviour and incorporating this understanding into attitudinal models, 
including the MGB. 
 
7.5.2 Contributions to social marketing literature 
 
This thesis extends current research in the area of social marketing products. In 
particular, it builds on understanding of the determinants of consumers’ initial and 
sustained use of social marketing products that are not purely behavioural. This is an 
under-researched area in the literature, which typically focuses on purely behavioural 
products such as low-risk drinking (e.g., Thompson et al., 2013), smoking cessation 
(e.g., Manyiwa & Brennan, 2012), speeding (e.g., Martin et al., 2013) and 
breastfeeding (e.g., Parkinson et al., 2011). In particular, this research investigated 
the determinants of consumers’ use of a technology-based service product 
instrumental to improved mental health.  
 
This thesis also lends some empirical support to the argument for broadening social 
marketing’s theoretical scope beyond that of commercial marketing theories (see 
Lefebvre, 2011; Peattie & Peattie, 2003, 2012). Subsequent to appraising the 
dominant attitudinal theories underpinning commercial marketing’s investigation of 
technology-based service products, in accordance with the call for more critical 
evaluation of commercial marketing theories prior to their adaption or adoption to 
social marketing (Peattie & Peattie, 2012), the research employed an alternative 
model, the MGB. It subsequently provided support, across three studies, for the 
MGB’s ability to explain consumers’ initial and sustained use of a technology-based 
service product instrumental to improved mental health.  
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Moreover, this research extends the largely conceptual understanding of competition 
in social marketing. First, it provided an account of how competition operates at an 
individual level to influence consumers’ performance of target behaviours, 
specifically, the initial and sustained use of a technology-based service product 
instrumental to improved mental health. Second, it presented an extension of the 
current conceptualisation of competition in social marketing that is supported 
empirically across the three studies of this research and is also consistent with Goal 
Systems Theory (Kruglanski et al., 2002). Namely, it is proposed that behavioural 
competition in social marketing comprises inertial and both direct (instrumental to 
achieving the same goal) and indirect (instrumental to achieving a competing goal) 
behavioural competition.  
 
Further, this research represents an initial step towards addressing the bias in social 
marketing literature toward examining consumers’ adoption, rather than also 
addressing maintenance, of target behaviours (Andreasen, 2003, 2004). Specifically, 
Study Three presented qualitative support for the MGB’s capacity to explain 
sustained use of a technology-based service product instrumental to improved mental 
health, whilst also highlighting the importance of self-motivation, indirect 
behavioural competition and goal desirability. Consequently, the research also 
addresses the call for a theoretical approach to understanding service recipients’ 
adherence to mental health services delivered via technology (e.g., Christensen et al., 
2009; Orleans, 2000). 
 
Last, this research provides preliminary evidence that compartmentalisation of the 
adoption and maintenance of target behaviours may be limited as an approach to 
social marketing research and practice. It demonstrated that in the case of target 
behaviour that needs to be maintained over time for benefit to accrue to the 
individual, accounting for the effect of consumers’ confidence in their ability to 
continue performing the behaviour may improve explanation of the initial adoption 
and maintenance of said behaviour. This is important since, as previously 
highlighted, many target behaviours in social marketing need to be enacted over a 
long period of time for benefit to accrue to the individual (Bloom & Novelli, 1981; 
Hastings, 2007).  
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7.5.3 Contributions to commercial marketing literature 
 
Although this thesis has focussed on a type of technology-based service product 
intended to achieve a societal goal, m-wellbeing services in particular, some of its 
implications extend to research investigating technology-based service products 
functional to commercial goals. Foremost, it provides empirical support for the 
MGB’s capacity to explain consumers’ behavioural responses toward TBSSs. The 
research also develops understanding of the effect of behavioural competition on an 
individual level within this context. It therefore contributes to TBSS research within 
commercial marketing literature by providing empirical support for an alternative 
theoretical approach to that which dominates research in the field, namely the TAM, 
as called for by Williams et al. (2009). 
 
 The research also has consequences for commercial marketing research focussing on 
emerging TBSS options for professional services. For instance, it demonstrates that 
distinguishing between two types of consumer task self-efficacy, technology self-
efficacy and co-production self-efficacy, may be useful when examining the 
determinants of consumers’ use of TBSS options for professional services possessing 
credence qualities (e.g., online law services). It further provides qualitative support 
for the importance of accounting for the impact of maintenance self-efficacy on 
consumers’ behavioural responses toward TBSSs for professional services, as these 
services typically require sustained use over time (e.g., online educational services) 
(Silvestro et al., 1992).  
 
Together, this suggests social marketing research can provide theoretical insights 
relevant for commercial marketing. Notably, it represents a reversal of the traditional 
directionality of the relationship between these two fields of inquiry, where social 
marketing has historically relied upon the adaption and adoption of commercial 
marketing principles, theories and frameworks (see Andreasen, 2003). This lends 
further support to broadening social marketing’s theoretical scope beyond that of 
commercial marketing theories (see Lefebvre, 2011; Peattie & Peattie, 2003, 2012) 
given the benefit to both fields of inquiry. 
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7.6 Implications for Practice 
 
Alongside the aforementioned theoretical implications, the research presented by this 
thesis has a range of practical implications. First, the foremost implications for the 
broad practice of social marketing are presented. Following this, the implications to 
social marketing and health practice, specifically in the area of mHealth services for 
improved mental health, are outlined. In this way, this section complements and 
extends the previous chapters (Chapter 4, Chapter 5 and Chapter 6) which have 
outlined the practical contributions of each of the three studies individually.  
 
7.6.1 Broad implications for social marketing programs  
 
This research investigated behavioural competition from a consumer perspective and 
proposed a framework which social marketers could use to identify and understand 
competitive forces likely to impact on target behaviours instrumental to achieving 
societal goals. That is, this research offers an empirically derived framework for 
competitive analysis at an individual level within social marketing. This is important 
since recognising and understanding the behavioural competition opposing 
consumers’ performance of social marketing behaviours is fundamental to the social 
marketing planning process and to ensuring the success of social marketing programs 
(Noble & Basil, 2012).  
 
This thesis also provides social marketers with insight into key determinants of 
consumers’ behavioural responses toward technology-based service products 
instrumental to achieving societal goals. This insight may be useful in promoting 
these services. This is important given the substantial investment required to develop 
these services and the fact that their success is largely dependent upon their 
widespread appropriation by at-risk target audiences (Lefebvre, 2011). The recent 
proliferation of this type of service product, particularly mHealth services 
(Whittaker, 2012), further adds to the value of this insight.  
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7.6.2 Specific implications for practitioners within mental health  
 
More specific to the research context, Study One and Study Three indicate that m-
wellbeing services address some barriers to help-seeking from professional mental 
health services for young adults. This is important since young adults are the age 
group with the highest prevalence of mental illness, lowest level of help-seeking 
(Cunningham et al., 2007; Patel et al, 2007) and highest level of premature 
termination of help-seeking from professional mental health services (Edlund et al., 
2002; Wang, 2007). Whilst previous research has proposed that m-wellbeing services 
can reduce barriers to initial and sustained help-seeking from professional mental 
health services for young adults, including monetary cost and access to therapists 
(Booth et al., 2004), inconvenience (Matthews et al., 2008) and discomfort with 
traditional therapy procedures (Booth et al., 2004), there has been limited empirical 
support for this proposition until now. Consequently, this research adds to the 
empirical backing for the development of m-wellbeing services as a means to address 
these barriers to help-seeking for young adults.  
 
Furthermore, this research provides social marketing and other professionals working 
in mental health with insight into key determinants of young adults’ intention to use, 
and sustained use of, m-wellbeing services. This may be useful for developing m-
wellbeing services designed to support young adults’ use of these services. For 
instance, the findings of Study Three suggest m-wellbeing services should illustrate 
to service recipients their progress towards personal goals in order to positively 
influence their sustained use of the service. The insights provided by this research 
may also be useful for encouraging young adults’ adoption and sustained use of 
newly emerging m-wellbeing services. For instance, Study One suggests that it is 
important to promote young adults’ co-production self-efficacy, their confidence in 
their ability to produce the service and receive its benefits without direct involvement 
from health professionals, to facilitate acceptance of m-wellbeing services.  
 
Consequently, this research has the potential to provide social marketing and other 
professionals with a basis to start addressing the substantial societal problem posed 
by mental illness, particularly in the young adult age group. This is because, as 
previously mentioned, adoption and sustained use of professional mental health 
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services is critical to addressing mental illness (Phillipson et al., 2009). In this way, 
this research may assist in ensuring limited health resources are not wasted on the 
development of m-wellbeing services that are not adopted and used by those in need.  
 
7.7 Limitations  
 
As recognising the contributions of the research to theory and practice is important, 
so is acknowledging the shortcomings of the research which limit these 
contributions. This section therefore outlines the key limitations of the overall 
research design. This complements the detailed delineation of the limitations of each 
of the three studies that comprise the research design provided in the previous 
chapters (Chapter 4, Chapter 5 and Chapter 6). This enables the research findings and 
implications to be interpreted within the boundaries of the limitations of this 
research.  
 
First, this research is limited in that it only examined one type of technology-based 
service product instrumental to achieving a societal goal, namely, m-wellbeing 
services. Future research is therefore necessary to validate the findings of this 
research across other technology-based service products within health (e.g., online 
diabetes management services) and other social marketing domains as they emerge. 
For example, “green” technology-based service products such as Avego, a ride-
sharing mobile application that allows consumers to offer, and take, vacant seats in a 
car pool in real-time to reduce traffic for environmental sustainability. Studies which 
assess whether there are differences between the determinants of consumers’ use of 
different types of technology-based service products in social marketing may also be 
useful.  
 
Second, the research design would have been enhanced by undertaking a 
confirmatory quantitative study to verify the findings of Study Three. As highlighted 
by the minor discrepancies between the findings of Study One and Study Two, it is 
necessary to quantitatively confirm the findings of qualitative studies through more 
objective research procedures and larger sample sizes (Hesse-Biber, 2010). However, 
given the scope of this thesis and the limited population size currently available, as 
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professionally developed m-wellbeing services are not yet publically available in 
Australia, this was prohibited. Future research should address this shortcoming.  
 
Third, the research is limited by its cross-sectional design, whereby data was 
collected discretely from different respondents for each study at a single point in 
time. It would have been advantageous to employ a longitudinal design by collecting 
data from the same respondents’ over time, starting with an examination of the 
determinants of their initial consideration and acceptance of an m-wellbeing service, 
followed by their adoption of the m-wellbeing service and finally their sustained use 
of the m-wellbeing service. This would have allowed comparison of how, and if, 
determinants of consumers’ behavioural responses toward technology-based service 
products change through this progression. However, the initial sample size that 
would have been required to ensure sufficient respondents at each stage of data 
collection was prohibitive of this design in this thesis.  
 
Last, the post-positivist paradigm underpinning this research design may have 
resulted in some determinants of consumers’ initial and sustained use of m-wellbeing 
services being missed. In line with the post-positivist paradigm, the research 
focussed primarily on the tenability of the MGB, and the role of behavioural 
competition, within this behavioural domain. This may have resulted in some 
additional determinants of consumers’ use of m-wellbeing services being missed. 
This is supported by Study Two, which demonstrates that the revised MGB, 
constructed based on the findings of Study One, only explains approximately 50% of 
consumers’ desire and 56% of consumers’ intention to use m-wellbeing services. 
Further research could therefore explore whether there are additional drivers of 
consumers’ initial and sustained use of technology-based service products 
instrumental to societal goals.  
 
7.8 Directions for Future Research  
 
Although avenues for future research have been highlighted throughout this thesis, 
some key directions for forthcoming studies are presented in this section. First, much 
additional research is required to generalise and validate the findings of this thesis 
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given the limitations outlined previously. The research findings need to be validated 
across behavioural domains, cultural contexts and target populations. Second, there is 
an opportunity for future research employing a longitudinal research design to 
compare the determinants of the adoption and maintenance of behaviour, as this was 
not addressed by this research and is an under researched avenue within the literature 
(exceptions Hsu et al., 2006; Karahanna et al., 1999). Pursuing this research direction 
should therefore provide improved understanding of these two types of consumer 
behaviours, particularly in terms of their similarities and differences.  
 
Future research should directly compare the capacity of the MGB, relative to the 
traditional attitudinal models, to explain consumers’ use of technology-based service 
products. Although beyond the scope of the research, this would provide insight into 
the MGB’s relative capacity to explain consumers’ use of technology-based service 
products. It may also be advantageous to investigate incorporating the influence of 
descriptive norms into the MGB, which currently only accounts for injunctive norms, 
to improve the model’s capacity to explain consumers’ use of technology-based 
service products. This is the case because it is possible that both types of norms are 
acting simultaneously to influence this behaviour (refer to Cialdini et al., 1990).  
 
Additional research is needed to further explicate the extent to which the MGB is 
able to explain behaviours instrumental to abstract, versus concrete, goals. Further 
investigation of the influence of behavioural competition on goal-directed behaviours 
is also required. For instance, the extent to which direct behavioural competition 
(comprising alternatives instrumental to the same goals as the target behaviour) and 
indirect competition (comprising alternatives instrumental to competing goals to that 
of the target behaviour) influence different types of behaviour (e.g., adoption, 
cessation, modification and maintenance behaviour) across different behavioural 
domains (e.g., other social marketing or purchasing behaviours) is not clear.  
 
More generally from a social marketing perspective, another important avenue for 
future research is to determine the service delivery form, or combination, of 
professional mental health services that would be the most effective, efficient and 
acceptable to young adults with mental health problems. Whilst this research 
investigates the determinants of young adults’ use of m-wellbeing services, a social 
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marketing approach recognises that there is a range of possible intervention options 
that could be employed individually or together to achieve any social goal (French, 
2012). Consequently, a comparison study would contribute significantly to social 
marketing literature in the mental health domain. It would also be beneficial to 
examine the effect of using a combination of professional mental health services on 
the service continuance of each of those professional mental health services. This 
would provide additional insight into the effectiveness of a mixed service approach 
for encouraging help-seeking behaviour. 
 
Last, in terms of social marketing research in general, further research investigating 
the determinants of the maintenance, together with the adoption, of target behaviour 
is required given many social marketing behaviours need to be sustained over time 
for individual and societal benefit (Bloom & Novelli, 1981; Hastings, 2007). Further 
research examining social marketing products that are not purely behavioural would 
also be beneficial, particularly in social marketing’s primary domain of public health 
where the adoption of preventative and curative health services can constitute the 
behaviour instrumental to achieving a societal goal. This research only represents an 
initial step towards addressing these important gaps in extant literature.  
 
7.9 Conclusion 
 
This thesis employed the MGB, which addresses the limitations of traditional 
attitudinal theories such as the TRA and TPB, to investigate the determinants of 
consumers’ initial and sustained use of m-wellbeing services, a technology-based 
service product instrumental to improved mental health. It also explored the manner 
in which behavioural competition influenced these two behaviours. The results of the 
studies comprising this research showed support for the MGB’s capacity to explain 
consumers’ behavioural responses toward technology-based service products, m-
wellbeing services in particular. The findings also revealed the types of behavioural 
competition, and how they operate, that influence consumers’ use of m-wellbeing 
services. Thus, this research presents an important first step toward understanding 
consumers’ behavioural responses toward social marketing products which are not 
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purely behavioural and highlights several avenues for future research to secure 
improved understanding within this domain. 
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